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Exploring the Moderators of the Relationship between Nonprofit Sector Size and Its 

Societal Impact: A Meta-Analysis 

 

Abstract 

Assessing the impact of the nonprofit sector on society has been one of the most fundamental yet 

challenging questions in public and nonprofit management scholarship. Built on a recent 

systematic literature review published in VOLUNTAS (Cheng & Choi, 2022), our meta-analysis 

synthesizes the existing literature from multiple disciplines and fills this critical knowledge gap. 

Using 357 effects from 29 studies, our moderation analysis shows that a larger nonprofit sector 

has a more positive impact on society especially when the impact is political and measured at the 

city/county level. Studies that used fixed effects models and quasi-experimental designs also 

found a more positive societal impact of the nonprofit sector. However, the choice of sector size 

measure, the selection of impact measure, the use of lagged explanatory variables, publication 

bias, and publication time seem not to matter.   
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Introduction 

As Salamon et al. (2000) argued in their provocative essay – The Nonprofit Sector: For What 

and For Whom, “few questions about the nonprofit sector are more fundamental, but also more 

difficult to answer than the question of the impact this set of organizations has” (p.1). DiMaggio 

(2022) treated measuring the societal impact of the nonprofit sector as a task that is extremely 

important but probably impossible because of its substantive significance and multiple 

methodological challenges including comparing sector performance across policy fields and 

aggregating data at the appropriate level of analysis. Due to various high-profile nonprofit 

scandals in recent years (Chapman et al., 2022), the nonprofit sector worldwide is experiencing 

stronger scrutiny from the government and the public regarding its effectiveness and impact 

(Benjamin, Ebrahim, & Gugerty, 2023). It is, therefore, imperative, to better assess the societal 

impact of the nonprofit sector. By societal impact, we mean the social, economic, environmental, 

and political impacts the nonprofit sector has on a locality. By the nonprofit sector, we follow 

Salamon and Anheier (1992) to refer to those organizations that are private, formal, self-

governing, voluntary, and non-profit-distributing.  

 

In the last two decades, extensive progress has been made in assessing the societal impact of the 

nonprofit sector in major social science disciplines and applied fields such as sociology, political 

science, criminal justice, urban affairs, and environmental studies. For example, Sharkey et al. 

(2017) used longitudinal data to examine the causal effect of local nonprofits on reducing a 
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community’s violent crime rate. Berrone et al. (2016) built a seven-year panel dataset to assess 

how the changing number of nonprofits in 245 U.S. cities influenced income inequality in these 

communities. However, these efforts mainly depend on the main interest of the corresponding 

disciplines, and the field is rather fragmented based on disciplinary boundaries regarding 

whether and under what conditions the nonprofit sector creates one type of societal impact 

(Cheng & Choi, 2022; Ebrahim & Rangan, 2014; Flynn & Hodgkinson, 2001). There is little 

research consistently comparing the societal impact of the nonprofit sector across different policy 

domains, making it difficult to generalize policy domain-specific knowledge and reconcile 

competing theoretical arguments.    

 

Taking advantage of the extensive progress made in various disciplines regarding different types 

of societal impacts of the nonprofit sector, our meta-analysis aims at filling in these critical gaps 

of knowledge by synthesizing the existing literature to assess whether a larger nonprofit sector 

has a positive or negative impact on society. Moreover, as the nonprofit sector is very diverse 

and the empirical strategies in studying its societal impact vary, our key goal is to explore how 

the relationship between nonprofit sector size and its societal impact is moderated by important 

theory-driven and methodology-driven factors, such as the type of societal impacts based on 

policy domains, the geographical levels of analysis, regression model selection, and other 

research design factors. By focusing on these moderating conditions, our study helps build 

middle-range theories in public and nonprofit administration and find common threads that can 
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explain empirical observations from diverse fields of studies (Emerson, 2022; Isett & Sowa, 

2022).  

 

As moderating conditions are our focus, we begin with a discussion of potential moderators that 

may affect the societal impact of the nonprofit sector. Next, we introduce the data and 

methodology to answer these research questions. Finally, we present and discuss the results of 

our meta-analysis, followed by a conclusion and suggestions for future research.  

 

Potential Factors that Moderate the Nonprofit Sector Size – Societal Impact Relationship 

Ringquist (2013) and Card (2015) provide guidance on the selection of moderators for meta-

analysis. They suggest that such moderators could be a series of theory, study, or model 

characteristics that may systematically predict variation in effect sizes within and across studies. 

Of the moderators included in this meta-analysis, Types of Societal Impact is a theory 

characteristic moderator whereas Geographical Level of Analysis, Regression Model Selection, 

Lagged vs. Non-Lagged Explanatory Variables, The Number of Nonprofits vs. Nonprofit Density, 

and Subjective vs. Objective Measures of Societal Impact are study or model characteristics 

moderators. Moreover, Publication Bias has been commonly used by meta-analysts to test 

whether effect sizes in published studies are different from those in unpublished ones, and 

Publication Time has been widely used to examine whether the effect size of interest changes 

over time. Among the eight moderators mentioned above,  we treat The Number of Nonprofits vs. 
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Nonprofit Density, Publication Bias, and Publication Time as control variables in our meta-

regression models, justifying the inclusion of the key moderators as follows. 

Types of Societal Impact  

When discussing the major challenges in measuring the societal impact of the nonprofit sector, 

DiMaggio (2002) listed the industrial variation in different niches as a key barrier in measuring 

sector-level impact. Those different functions and roles played by the nonprofit sector based on 

the policy domains they operate in may be particularly important as we assess the societal impact 

of the nonprofit sector. Different disciplinary and theoretical perspectives also offer divergent 

views regarding whether the nonprofit sector makes a positive or negative impact on society. For 

example, while the economic theories of the nonprofit sector emphasize its service provision role 

in a mixed economy (Steinberg, 2006), the political theories of the nonprofit sector focus on its 

role in building social capital, promoting civic engagement, and cultivating self-governance 

(Clemens, 2006). Recently, there has also been more critical scholarship examining the dark side 

of the nonprofit sector, especially its role in promoting polarization (Ben-Ner, 2022), causing 

increasing economic and social inequities (Reich, 2020), and forging segregation and exclusion 

(Danley & Blessett, 2022). While we expect the societal impact of the nonprofit sector to vary 

based on the different roles nonprofit organizations play in these domains, we lack a coherent 

theoretical understanding of how such impacts may differ because of the fragmented nature of 

inquiry in various disciplines and policy domains.    
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Geographical Level of Analysis 

The location and geographical distribution of nonprofit organizations have been a critical area of 

inquiry in nonprofit and voluntary sector studies as it directly ties to who benefit from the 

services provided by nonprofits and what type of community conditions drive nonprofit growth 

(Marchesini da Costa, 2016; Peck, 2008). One of the key methodological choices in these studies 

is which geographical level of analysis to focus on. Results also seem to vary when different 

geographical levels of analysis are chosen in these studies. For example, in the field of parks and 

recreation services, Cheng (2019) found that park-supporting nonprofit spending crowds out 

local government spending at the city level. However, when assessing public capital funding 

allocation inside New York City’s park system, Cheng & Li (2022) found the opposite pattern – 

park units supported by park-supporting nonprofits received more government capital funding. 

When assessing the societal impact of the nonprofit sector, similar challenges arise as it is 

challenging to match the scale of the nonprofit sector with the geographical scope of the societal 

impacts. This methodological choice of the geographical level of analysis is, therefore, likely to 

matter for the direction and scale of the societal impact the nonprofit sector generates.   

 

Regression Model Selection 

Early quantitative scholarship on the influence of the nonprofit sector tended to use basic 

regression models such as ordinary least squares (OLS) for the estimation. For example, in their 

study of crime, Smith et al. (1997) used OLS to examine the relationship between the number of 
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community-based organizations and the number of total crimes within the community. One main 

problem with using OLS is its failure to address the issue of endogeneity. Cheng & Choi (2022) 

held that studies on the impact of the nonprofit sector on society “may suffer from the 

endogeneity problem, either through the self-selection of the creation of third sector 

organizations or some omitted variables that may drive both the creation of third sector 

organizations and community conditions.” (p. 3). According to them, a better way for studies to 

address the endogeneity problem is to use more advanced modeling approaches such as fixed 

effects or instrumental variables combined with fixed effects. These two modeling approaches 

can account for time-invariant unobservable variables to reduce the omitted variables bias. 

Primary studies included in this meta-analysis specify various models to predict the influence of 

the nonprofit sector. Following Cheng and Choi (2022), we grouped the models into three 

categories: basic regression models (e.g., OLS, Poisson, or logistic), fixed-effects, and quasi-

experimental designs (e.g., instrumental variable or propensity score matching).  

 

Lagged vs. Non-Lagged Explanatory Variables  

A second research design moderator investigates the potential value of lagged explanatory 

variables in detecting the influence of the nonprofit sector on society. Lagged explanatory 

variables are commonly used in nonprofit research in response to endogeneity concerns in 

observational data. However, there are concerns about whether the use of lagged explanatory 

variables in regression models can fundamentally surmount endogeneity issues. Bellemare, 
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Masaki, and Pepinsky (2017) argue that including lagged values of independent variables on the 

right-hand side of a regression model is less of concern when “there are clear theoretical reasons 

to expect that the effect of an explanatory variable only operates with a one-period lag” and 

“lagged independent variables serve a statistical function” (p. 950). However, the concerns of the 

inclusion mostly center around the practice of lagging explanatory variables for identification 

purposes.  The practice is common in social sciences. They found that “lag identification not 

only fails to avoid the identification problem without adding new assumptions but will also lead 

to misleading inferences under the null hypothesis significance testing paradigm” (p. 959). The 

findings prompted our interest in exploring whether the influence of the nonprofit sector varies 

according to the dichotomy of lagged and non-lagged explanatory variables.  

 

Subjective vs. Objective Measures of Societal Impact 

Another potential influential source of variation across studies concerns subjective versus 

objective impact measures. Some primary studies included in this meta-analysis used subjective 

impact measures (e.g., Forbis, 2013; Ressler et al., 2021) while others used objective ones 

(Cheng et al., 2021; Crubaugh, 2018). One major concern of using subjective measures is that 

individuals tend to overestimate the positive impact made by their organizations (Meier & 

O’Toole, 2012; Meier et al., 2015). This phenomenon is referred to as positive illusions by 

Taylor (1989). In their study of the Texas Assessment of Knowledge and Skills as well as for 

college-bound performance, Meier & O’Toole (2013) found subjective and objective measures 
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not closely related. They concluded that it “raises serious questions about the use of managers’ 

subjective assessments in public organizational settings with less clearly established performance 

criteria and less well-developed data systems than can be found here” (p. 17). They also 

concluded that “the use of the subjective measures from managers can produce misleading 

research results for the key practical question of what drives performance” (p. 17).  

 

Meta-Analysis: Data and Methods 

To answer the research questions of (1) whether a larger nonprofit sector has a positive or 

negative impact on society and (2) how the relationship between nonprofit sector size and it 

societal impact is moderated by theory-driven and methodology-driven factors, this study used 

meta-analysis. A meta-analysis is an analysis of analyses. Glass (1976) defines meta-analysis as 

a “statistical analysis of a large collection of analysis results from individual studies for the 

purpose of integrating the findings” (p.3). Individual studies in a meta-analysis need to be 

quantitative research and report statistical relationships that researchers are interested in. A meta-

analysis is valuable and useful when many individual studies dealing with a certain topic have 

reported inconsistent results. 

 

Sample Selection 

As a meta-analysis is an analysis of primary (individual) analyses, the first step in conducting a 

meta-analysis is to select relevant quantitative primary analyses. We used 31 articles collected 
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from a recent systematic literature review of the quantitative studies on the third sector’s impact 

conducted by Cheng and Choi (2022) as the starting point to search for relevant studies. We 

reviewed the empirical details of each article and decided which candidate studies to include 

based on the following criteria.  

 

First, we included studies that examined various types of impacts the nonprofit sector has in a 

given community. These impacts can be social, economic, environmental, and political. We 

define impact broadly in this study to refer to any intended and unintended consequences of the 

nonprofit sector in various policy domains. The societal impact of the nonprofit sector can be 

intentional when they are aligned with the mission of the sector. For example, the intended 

impact of the environmental nonprofit sector is to improve the environment and reduce pollution. 

However, the impact of the nonprofit sector can also be unintentional. For example, in Ben-Ner 

(2022)’s thesis about the dark side of the nonprofit sector or Salamon (1987)’s conceptualization 

of the voluntary failure theory, nonprofits may not be intentionally doing harm but some inherent 

structural limitations in their organization may cause harm or increase polarization in the 

community. We do not include studies that examine nonprofit performance or effectiveness at 

the organizational level (e.g., Coupet & Schehl, 2022) because of our focus on sector-level 

impact. For organizational-level studies, it is difficult to establish a direct link between 

individual organizations and societal impact at the community level (Ebrahim & Rangan, 2014).  
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Our second criterion considers the measure of the size of the nonprofit sector. As different 

disciplines and field studies may not always use the nonprofit sector to describe their target 

organizations, we broadly include studies that examine the societal impacts of community-based 

organizations, nonprofit organizations, non-governmental organizations, and congregations. 

These organizations are typically characterized as part of the nonprofit sector based on Salamon 

& Anheier (1992)’s classic definition. We included articles that measure the nonprofit sector 

using either the number of nonprofits or the density of nonprofits in a community. While the 

former produces an absolute number, the latter provides a ratio of nonprofit organizations per 

1,000, 10,000, or 100,000 people. These two indicators have been widely used by previous 

studies to measure the size of the nonprofit sector. For instance, Grønbjerg & Paarlberg (2001) 

used the number of IRS-registered nonprofits per 10,000 residents to measure the overall 

prevalence of nonprofits in their study of community variations in the size and scope of the 

nonprofit sector. Grant and Langpap (2019) used the total number of active nonprofit watershed 

groups to examine whether their increased presence of watershed groups improves water quality.  

 

Our final criterion is sufficient quantitative analysis information presented in the article. There 

were candidate articles that provide very little information about inferential statistics such as 

parameter estimates, significance level, t-statistics, or z-statistics for us to estimate or calculate 

effect sizes. We excluded them in our meta-analysis. Following these criteria, the search yielded 

13 eligible primary studies. 
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We then conducted backward and forward searches on the eligible studies to identify studies that 

were not collected by Cheng and Choi (2022). We identified six primary studies from backward 

searches and one from forward searches. Moreover, as Cheng and Choi’s (2022) list did not 

include any unpublished articles, we used ProQuest and scanned archives of working papers 

(e.g., SSRN) to search for relevant studies. Keywords combined with the Boolean operators 

“AND” or “OR” for ProQuest searching were as follows: (nonprofit OR not-for-profit OR non-

profit OR charitable organization OR voluntary organization) AND (impact OR result OR 

change OR output OR outcome OR performance OR effectiveness). We found two primary 

studies through these searches. We also contacted the authors of the initial 31 articles for 

unpublished articles. Three responded to our request and shared additional studies with us, 

yielding four more primary studies. Finally, we searched articles via Google Scholar as a reality 

check and found three more primary studies. After the searches and reality check, we included in 

the meta-analysis 29 studies that reported a statistical relationship between the size of the 

nonprofit sector and nonprofit impact.1 The last search date was December 13, 2021. Figure 1 

summarizes the sample selection process. 

 

< Figure 1 about here > 
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Measure Specification 

Following Card (2015), Hung and Lu (2022), and Ringquist (2013), we coded the selected 

primary studies for effect size calculations and moderation analyses. When conducting a meta-

analysis in the field of public management and policy, an effect refers to the magnitude and 

direction of the correlation coefficient that documents the relationship between two variables 

under study (Ringquist, 2013). In the case of this study, it is the relationship between the size of 

the nonprofit sector and its societal impact. However, different primary studies report the 

statistical relationship in different ways. For those primary studies that reported t-statistics (e.g., 

Shandra, Shandra, & London, 2010), we used t-statistics to estimate the effect sizes. We 

calculated t statistics for estimating the effect sizes when primary studies reported parameter 

estimates and standard errors but do not provide the statistics (e.g., Cheng, Yang, & Deng, 2022; 

Sharkey, Torrats-Espinosa, & Takyar, 2017). We used corresponding t-statistics to estimate the 

effect sizes when primary studies (e.g., Berrone, Gelabert, Massa-Saluzzo, & Rousseau, 2016; 

Smith, Novak, & Hurley, 1997) only reported a level of statistical significance, but not standard 

errors. For those primary studies that reported parameter estimates that were not statistically 

significant (e.g., Peck, 2008), we recorded the effect sizes as zero. We regarded standardized 

regression coefficient estimates as the effect sizes if only standardized β is reported in a primary 

study (e.g., Lee & Ousey, 2005; Ressler et al., 2021).  
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This process yielded 357 effects reported in the 29 studies (see Appendix 1). Of the 357 effects, 

269 indicated a positive association between the size of the nonprofit sector and nonprofit 

impact, 3 had no association, and 85 had a negative association. 

 

< Appendix 1 about here > 

 

We estimated an average effect size across studies by combining the 357 effects. The summary 

effect size was .04 (z = 13.24, p < .001), with a 95% confidence interval of [.03, .04]. That is, 

when all available primary studies are considered together, the overall pattern indicates a positive 

and statistically significant association between the size of the nonprofit sector and the sector’s 

impact on society. On the whole, the nonprofit sector makes a positive impact on society based 

on the results of this meta-analysis.  

 

Analysis of Moderators 

We then tested how the positive impact differs across studies by conducting a moderation 

analysis. We used random-effects meta-regression models to explore the variation in effect sizes, 

due primarily to high heterogeneity in effects among the primary studies and their reported 

effects, I2 = 96.90%. Although we observed high heterogeneity in effects, effect sizes in the 

primary studies are not independent. In fact, they are clustered within the primary studies. This 
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posts at least two challenges for meta-analysis. First, effect sizes are likely to be in clusters, thus 

violating the independence of observation assumption that underlies regression analysis. Second, 

effect sizes coded from each primary study are likely to create study-level heteroskedasticity in 

the meta-regression error term. A remedy to these two challenges is to use clustered robust 

estimation in meta-regression (Ringquist, 2013). We thus used random-effects cluster robust 

variance estimator (CRVE) meta-regression models in this study. In the CRVE models, the 

dependent variable is effect size and the independent variables are moderators selected to explain 

the variation in effect sizes. 

 

Moderators used in meta-analysis to explain the variation in effect sizes could include theoretical 

argument, variable measurement, sample structure, research design, model specification, study 

quality, etc (Card, 2015). To test the sources of the variation, we considered eight moderators in 

this meta-analysis. Six of them were discussed in the section of Potential Factors that Moderate 

the Nonprofit Sector Size – Societal Impact Relationship, and the other two (publication bias and 

publication time) are standard moderators included in a meta-analysis. We described in detail 

how we coded the moderators for meta-regression analysis in Table 1.  

 

< Table 1 about here > 
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Results 

Before conducting meta-regression models, we performed correlation analysis to investigate the 

potential of collinearity among the moderators. We found that effects generated from lagged 

explanatory variables and those effects drawn from publication year are correlated at .61. Also, 

effects generated from model specification and those effects drawn from lagged explanatory 

variables are correlated at .71. We then evaluate variance inflation factors (VIFs), and the results 

show that the mean VIF is 2.14, which suggests that there is no multicollinearity issue in our 

regression models. No other moderator intercorrelations approached .60 (Appendix 2). The 

results from the moderator analyses are presented below (Table 1). We conclude the findings in 

the following sections using the results from Model 4 in Table 2 where all moderators are 

accounted for the variation in effect sizes. 

 

<Appendix 2 about Here> 

<Table 2 about Here> 

 

Types of Societal Impact. This moderator examines whether the effects in models that focus on 

social and economic impact differ from the models that focus on political and environmental 

impact. The results from the meta-regression models show that the effect size, on average, is 

more positive for political impact, when compared to social and economic impact. A significant 

difference appears across the four models. Moreover, although the effect size, on average, is 



18 
 
 

 

 

more positive for environmental impact when compared to social and economic impact, the 

difference is not statistically significant.  

 

Geographical Level of Analysis. The level of analysis moderator examines whether the effects in 

models that focus on the neighborhood level differ from the models that focus on the city/county 

and state/national levels. The results from the meta-regression models show that the effect size 

derived from the city/county level is significantly larger than the neighborhood level while the 

difference between neighborhood and state/national level is not significant.  

 

Regression Model Selection. The model selection moderator examines whether the effects 

derived from basic regression models differ from the effects produced by fixed-effects or quasi-

experimental design models. The results from the meta-regression models show that the effect 

sizes produced by fixed-effects or quasi-experimental design models, on average, are more 

positive than the effects derived from basic regression models.   

 

Lagged vs. Non-Lagged Explanatory Variables. This moderator tests whether the influence of 

the nonprofit sector varies according to the dichotomy of lagged and non-lagged explanatory 

variables used in regression models by the primary studies. The results from the meta-regression 

model show that the effect size produced by models is not influenced by whether the models use 

lagged explanatory variables.  
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Subjective vs. Objective Measures of Societal Impact. As described above, we test whether the 

influence of the nonprofit sector varies according to subjective versus objective impact measures. 

Our moderator analysis indicates that effects calculated from studies that used subjective impact 

measures are not statistically different from those that used objective impact measures. In other 

words, a positive bias in self-assessments does not exist in the nonprofit impact scholarship. 

 

Analysis and Discussion 

Patrice Flynn and Virginia Hodgkinson, in their edited volume - Measuring the Impact of the 

Nonprofit Sector (2001), wrote: “To date, the nonprofit sector has relied on anecdotal evidence 

and general goodwill to argue for its many successes and tax-exempt status. There is no body of 

scholarly literature assessing the roles, functions, and contributions of the nonprofit sector …” 

(p. 3- 4). Our meta-analysis synthesizes the existing literature on quantitatively assessing the 

societal impact of the nonprofit sector and contributes to this critical gap of knowledge in two 

related ways: first, whether a larger nonprofit sector generates a more positive impact on society; 

second and most importantly, whether the types of societal impact, geographical levels of 

analysis, regression model selection, and various research design factors moderate this impact. 

We find that the nonprofit sector, in general, has a small (i.e., the summary effect size was .04) 

but positive average impact on society across multiple policy domains. Our moderation analysis 

suggests that the nonprofit sector has a more positive impact on society when the impact is 
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political and measured at the city/county level. Studies that used fixed effects models and quasi-

experimental designs also found a more positive societal impact of the nonprofit sector. 

However, the choice of sector size measure, the selection of impact measure, the use of lagged 

explanatory variables, publication bias, and publication time seem not to matter.  Here below we 

discuss our main contributions to theory and practice.  

 

First, our findings suggest that compared to social and economic impact, a larger nonprofit sector 

size tends to generate a more positive impact on society when the impact is political. This 

finding speaks to the indispensable roles of the nonprofit sector in fostering citizenship, 

promoting political participation, holding the government accountable, and serving as an 

independent voice that advocates for changes in the public and private sectors. Using Young 

(2000)’s classic three modes of government-nonprofit relations, service provision roles mainly 

belong to the supplementary and complementary modes of government-nonprofit relations while 

the advocacy roles belong to the adversarial mode -nonprofits play important roles in advocacy 

and member organizing to make changes in public policy. Our meta-analysis results suggest that 

the nonprofit sector is likely to make a more positive impact when the nonprofit sector is 

engaged in an adversarial relationship with the government. As many countries learn from the 

U.S. experience in terms of contracting out and using nonprofits for service provision, our 

findings suggest that the most critical role of the nonprofit sector seems to be on promoting 

citizen participation and keeping the government accountable to its citizens. It is essential to 

keep the independence and political advocacy roles of the sector. This has important implications 
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regarding what types of functions of the nonprofit sector we should cultivate and promote more 

in our society. 

 

Second, our findings of the more positive impact of employing a stronger research design 

suggest the importance of dealing with endogeneity and other confounding factors when 

assessing the impact of the nonprofit sector (Cheng & Choi, 2022; De Wit & Bekkers, 2017; 

DiMaggio, 2001). When using a fixed effects model to control for unobserved heterogeneity and 

quasi-experimental methods to address endogeneity, studies are more likely to find a more 

positive impact of the nonprofit sector. There are multiple reasons why such moderating effects 

exist. For example, the more positive impact may be because nonprofits are likely to serve 

communities with more need in the first place, thus biasing towards a more negative association 

if such endogeneity is not addressed in the research design. While our study does not allow us to 

tell the exact theoretical mechanisms behind these moderation findings, it does indicate that 

research design and model specification matter as we assess the impact of the nonprofit sector. 

Scholars need to be transparent about where biases or endogeneity may arise and use rigorous 

research design to deal with it (Cheng & Choi, 2022).  

 

Finally, our findings suggest that carefully choosing the appropriate geographical level of 

analysis also matters. In particular, scholars are more likely to find a more positive societal 

impact of the nonprofit sector  at the city/county level as compared to the neighborhood level 
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like census tracts and larger geographical units like states and nations. As the two tiers of local 

governments with administrative authorities, it may be easier for the nonprofit sector to 

coordinate their activities with these governments when they operate at the city or county level, 

as compared to census tracts or block groups which are statistical subdivisions with no 

corresponding administrative authorities. Because of the widespread collaboration between 

nonprofits and local governments to support social innovation (Lenz & Shier, 2021), it may also 

be easier to mobilize more resources and provide better services if the size of the nonprofit sector 

is measured at the city or county level. For larger jurisdictions like states and nations, because of 

various collective action dilemmas, governmental actions are often preferred over nonprofit 

activities (Bushouse & Never, 2016). These factors may jointly contribute to our finding of a 

more positive impact of the nonprofit sector when the geographical units of analysis are cities or 

counties. Future studies need to fully disentangle the specific mechanisms of why the impact of 

the nonprofit sector differs based on the geographical level of analysis.  

 

Limitations and Future Research 

Our study suffers from a few limitations. First, our selection of moderators is limited to the types 

of articles we gather from the literature search process. In other words, we are not able to 

develop the full array of moderators that have theoretical and have substantive significance. For 

example, a cross-country analysis would be ideal as we understand how different political 

systems or national culture shape the impact of the nonprofit sector in countries. However, 
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studies included our meta-analysis predominantly focus on the nonprofit sector in the United 

States. We thus advocate more studies on the societal impact of the nonprofit sector beyond the 

U.S. context. As the field continues to develop and more scholars across the globe recognize the 

important roles of the nonprofit sector, a more complete cross-country analysis may be possible.  

 

Second, we might underestimate some effect sizes. We estimated the effect sizes when primary 

studies only reported a level of statistical significance, but not standard errors. Also, we recorded 

the effect sizes as zero when primary studies only reported parameter estimates that were not 

statistically significant. However, these effect sizes are low-bound estimates, which suggests that 

the actual effect sizes could be larger. Because of this, we suggest that future primary research on 

this scholarship reports findings as detailed as possible for future meta-analysis to estimate the 

effect sizes more accurately. 

 

Finally, while our use of random-effects CRVE meta-regression models may mitigate the 

concerns of non-independence of effect sizes and study-level heteroskedasticity, the models may 

still not be able to produce unbiased estimates of the effect of societal impact of the nonprofit 

sector. Future studies could use more robust models to replicate our results. 
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Conclusion 

In conclusion, this meta-analysis allows us to break the silos of different disciplines and 

synthesize the existing literature on quantitatively assessing the impact of the nonprofit sector on 

society in multiple fields of study. As the nonprofit sector around the world suffers from more 

extensive public scrutiny and government control, our findings demonstrate the overall positive 

impact the nonprofit sector has on society across many policy domains. Our moderation analysis 

results further suggest the importance of embracing the political role of the nonprofit sector and 

taking research design seriously. Instead of talking past each other, there are huge opportunities 

in fostering cross-pollination between nonprofit studies and major social science disciplines to 

advance the research agenda of quantitatively assessing the societal impact of the nonprofit 

sector.  
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Table 1: Moderators and Measurement 

Moderators Measurement 

Types of Societal Impact  There are seven nonprofit policy domains covered in our literature 

search: corruption, citizen participation, environment, health care, 

public safety, economic development, and social welfare. We 

grouped the health care, public safety, economic development, and 

social welfare policy domains into the social and economic impact, 

and coded it as 0. We decided to use the term “social and 

economic impact” because these two types of impacts are hard to 

differentiate in empirical studies (e.g., poverty alleviation can be 

both a social and economic impact). We then grouped the 

corruption and citizen participation policy domains in the political 

impact category and coded it as 1. We finally treated the 

environmental policy domain as the environmental impact 

category and coded it as 2. These three categories represent social 

and economic, political, and environmental impact respectively. 

 

Geographical Level of 

Analysis 

 

We grouped primary studies into three categories. Primary studies 

that used block, tract, or neighborhood as their unit of analysis are 

grouped into the neighborhood category; primary studies that used 

city, county, or metropolitan statistical area as their unit of analysis 

are grouped into the city/county category; and primary studies that 

used state, or country as their unit of analysis are grouped into the 

state/national category. We coded the neighborhood level as the 

reference group (0), with coefficients for the other two types of 

regions interpreted in relation to the reference group. 
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Regression Model 

Selection 

We coded basic regression models as 0 (the reference group), 

fixed-effects models as 1, and quasi-experimental models as 2, and 

tested whether this categorization represents a statistically 

significant difference. 

 

Lagged vs. Non-Lagged 

Explanatory Variables  

We coded a moderator as 1 for models that used lagged 

explanatory variables and 0 for those that used non-lagged ones.  

 

  

Subjective vs. Objective 

Measures of Societal 

Impact  

To test if the positive bias in self-assessments exists in the 

nonprofit impact scholarship, we created a moderator. This 

moderator is coded 1 for studies that use subjective measures and 0 

for studies that use objective measures. 

 

The Number of 

Nonprofits vs. Nonprofit 

Density  

We created a moderator to test whether the influence of the 

nonprofit sector varies according to how analysts measure 

nonprofit sector size. This moderator is coded 1 for models that 

use nonprofit density and 0 for models that use the number of 

nonprofits to measure nonprofit sector size. 

 

Publication Bias  We coded the moderator as 1 for published studies and 0 for 

unpublished ones. 

 

Publication Time 

 

We coded publication time as the year an article was published. 
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Table 2: Random-effects Cluster Robust Variance Estimator (CRVE) Model Results (n= 29 

studies, 357 effects)  

 

Moderator 

 

Model 1  

 

Model 2  

 

Model 3  

 

Model 4  

Types of Societal Impact 

    (Reference: Social and Economic 

Impact) 

 

 

 

 

 

 

 

 

       Political Impact .20** 

(.03) 

.23** 

(.04) 

.27** 

(.10) 

.26** 

(.08) 

       Environmental Impact .16 

(.12) 

.21 

(.15) 

.19 

(.12) 

.18 

(.11) 

Geographical Level of Analysis 

     (Reference: Block, Tract, or 

Neighborhood) 

 

   

       City, County, or Metropolitan 

Area  
 .10** 

(.03) 

.12** 

(.04) 

       State or Country 
 

 -.01 

(.16) 

.03 

(.15) 

Regression Model Selection 

     (Reference: Basic Models) 
 

   

       Fixed-Effects 
 

 .18* 

(.08) 

.14* 

(.06) 

       Quasi-Experimental Designs 
 

 .16* 

(.08) 

.12* 

(.05) 

Lagged vs. Non-Lagged Explanatory 

Variables 

      (Reference: Non-Lagged) 

 

 -.13 

(.08) 

-.14 

(.08) 
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Subjective vs. Objective Measures of 

Societal Impact 

     (Reference: Objective Measures) 

 

  .08 

(.04) 

The Number of Nonprofits vs. 

Nonprofit Density 

     (Reference: The Number of 

Nonprofits) 

 

  -.06 

(.04) 

Publication Bias 
 

.10 

(.09) 

.07 

(.07) 

.06 

(.07) 

Publication Time 
 

.01 

(.01) 

-.01 

(.01) 

-.01 

(.01) 

Constant .01 

(.02) 

-1.93 

(6.72) 

10.30 

(11.49) 

9.88 

(11.76) 

F 19.45** 16.02** 17.33** 25.51** 

R-squared .17 .18 .29 .31 

Note: N = 357 observations; Robust standard errors in parentheses; * p ≤ .05, ** p ≤ .01 
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Figure 1. Primary Study Collection and Selection Process  

 

 

 

 

 

 



Appendix 1: Selected Studies, Effects, and Moderator Characteristics (n = 29 Studies, 357 Effects) 

Study Number of 
Effects 

Average 
Effect 
Size 

Weight 
(%)  

Type of 
Societal 
Impact 

Geographical 
Level of 
Analysis 

Regression 
Model 

Selection 

Lagged 
Variables 

Sector Size 
Measures 

Impact 
Measures 

Publication 
Bias 

Bernauer, T., Böhmelt, 
T., & Koubi, V. 
(2013).  

4 0.60 0.34 Environment State/National Fixed-Effects No Number of 
NPOs 

Objective Published 

Berrone, P., Gelabert, 
L., Massa-Saluzzo, F., 
& Rousseau, H. E. 
(2016).  

1 0.04 0.31 Social City/County Quasi-
Experiments 

Yes NPO 
Density 

Objective Published 

Beyerlein, K., & Hipp, 
J. R. (2005).  

18 0.08 6.38 Social City/County Basic Models No NPO 
Density 

Objective Published 

Boulding, C. E. 
(2010).  

6 0.20 0.85 Political City/County Basic Models Yes Number of 
NPOs 

Objective 
 

Published 

Brandtner, C. (2021).  13 0.05 5.39 Environment City/County Various Yes Number of 
NPOs 

Objective Unpublished 

Brandtner, C., & 
Laryea, K. (2021).   

9 0.17 3.19  
Political 

 
City/County 

 
Basic Models 

 
Yes and 

No 

 
NPO 

Density 

 
Objective 

 
Unpublished 

Brandtner, C., & 
Suárez, D. (2021).  

2 0.08 0.63 Environment City/County Basic Models Yes Number of 
NPOs 

Objective Published 

Cheng, Y., Yang, L., 
& Deng, S. (2022).  

10 0.05 3.37 Social City/County Basic Models No NPO 
Density 

Objective Published 

Clay, L. A. (2014).  2 0.03 0.36 Social Neighborhood Basic Models No Number of 
NPOs 

Subjective Unpublished 

Crubaugh, B. (2018).  6 0.02 2.31 Social Neighborhood 
and 

City/County 

Fixed-Effects No Number of 
NPOs 

Objective Published 

Crubaugh, B. (2021).  2 -0.02 0.65  
Social 

 
Neighborhood 

 
Fixed-Effects 

 
No 

 
Number of 

NPOs 

 
Objective 

 
Published 



Derose, K. P. (2003). 3 0.05 0.74 Social City/County Basic Models No NPO 
Density 

Objective Unpublished 

Desmond, S. A., 
Kikuchi, G., & 
Morgan, K. H. (2010).  

48 -0.03 8.25 Social Neighborhood Basic Models No NPO 
Density 

Objective Published 

Forbis, J. S. (2013). 11 .26 1.35 Political State/National Various Yes and 
No 

Number of 
NPOs and 

NPO 
Density 

Subjective Published 

Gleeson, S. (2009).  1 0.20 0.14 Political State/National Basic Models No NPO 
Density 

Objective Published 

Grant, L., & Langpap, 
C. (2019).  

3 0.00 1.17 Environment City/County Fixed-Effects Yes Number of 
NPOs 

Objective Published 

Haslam, A., Nesbit, 
R., & Christensen, R. 
K. (2019).  

4 0.02 1.63 Social City/County Fixed-Effects Yes NPO 
Density 

Objective Published 

Jacoby, A. (2018).  3 -0.68 0.90 Social Neighborhood Basic Models No NPO 
Density 

Objective Published 

Lee, M. R., & Ousey, 
G. C. (2005).  

6 0.18 0.86 Social City/County Basic Models No NPO 
Density 

Objective Published 

Morenoff, J. D., 
Sampson, R. J., & 
Raudenbush, S. W. 
(2001).  

14 -0.01 1.90 Social Neighborhood Basic Models No Number of 
NPOs 

Objective Published 

Peck, L. R. (2008).  3 0.00 0.66 Social Neighborhood Basic Models Yes and 
No 

Number of 
NPOs 

Objective Published 

Ressler, R. W. (2020).  2 0.01 0.82 Political Neighborhood Basic Models Yes NPO 
Density 

Subjective Published 

Ressler, R. W., 
Paxton, P., Velasco, 
K., Pivnick, L., Weiss, 
I., & Eichstaedt, J. C. 
(2021). 

40 0.08 11.63  
Social 

 
City/County 

 
Fixed-Effects 

 
Yes 

 
NPO 

Density 

 
Subjective 

 
Published 



Rousseau, H. E., 
Berrone, P., & 
Gelabert, L. (2019).  

4 0.11 1.09 Environment City/County Various Yes NPO 
Density 

Objective Published 

Shandra, J. M., 
Shandra, C. L., & 
London, B. (2010).  

8 -0.21 0.35 Social State/National Fixed-Effects Yes NPO 
Density 

Objective Published 

Sharkey, P., Torrats-
Espinosa, G., & 
Takyar, D. (2017).  

54 0.06 18.76 Social City/County Various Yes Number of 
NPOs 

Objective Published 

Slocum, L. A., 
Rengifo, A. F., Choi, 
T., & Herrmann, C. R. 
(2013).  

17 -0.01 0.76 Social Neighborhood Basic Models No Number of 
NPOs 

Objective Published 

Smith, B. W., Novak, 
K. J., & Hurley, D. C. 
(1997).  

3 -0.23 0.10 Social Neighborhood Basic Models No Number of 
NPOs 

Objective Published 

Wo, J. C., Hipp, J. R., 
& Boessen, A. (2016).  

60 0.01 25.11 Social Neighborhood Fixed-Effects Yes and 
No 

Number of 
NPOs 

Objective Published 

Total (Overall) 357 .04 100        
  

 

 

 

 

 

 

 



Appendix 2: Correlations among the Moderators 

 Moderators 1 2 3 4 5 6 7 8 

1 Types of Societal 
Impact 

-        

2 Geographical Level of 
Analysis 

-.39 -       

3 Regression Model 
Selection 

-.01 -.34 -      

4 Lagged vs. Non-
Lagged Explanatory 
Variables 

.20 -.34 .71 -     

5 The Number of 
Nonprofits vs. 
Nonprofit Density 

-.08 -.26 -.35 -.26 -    

6 Subjective vs. 
Objective Measures of 
Societal Impact 

.01 -.35 .18 .29 .40 -   

7 Publication Bias -.54 .14 .16 -.07 .01 .06 -  

8 Publication Time .22 -.23 .53 .61 -.06 .36 -.18 - 

Note. N = 357 observations. 
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