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Introduction 

Poor households lack access to traditional financial services in many developing 

countries, even though they demand and could efficiently utilize such services.  Without access 

to services such as credit or savings, poor households may not be able to take advantage of 

business opportunities or deal with large expenses (Littlefield and Rosenberg, 2004).  

Microcredit has received attention for being an innovative and effective development tool that 

may be able to solve this problem, compensating for low-income households’ lack of access to 

traditional financial services.   

Observers theorize that traditional financial institutions fail to serve low-income 

households more often than they fail to serve higher-income households because of poor 

households’ lack of collateral, country interest rate limits, and transaction costs facing banks 

associated with lending to low-income households (Armendariz and Morduch, 2007).  While 

microcredit programs can do little to change institutional factors such as interest rate limits, they 

can affect a household’s access to collateral and the transaction costs associated with lending 

money.  The main way in which they do this is through group-based lending.  In group lending, 

collateral is gathered on a group basis, and groups are formed among individuals who know each 

other, lowering the transaction costs associated with gathering information about potential 

borrowers (Armendariz and Morduch, 2007: 89).   

Given microcredit’s aim to compensate for poor households’ lack of access to credit, 

what types of households utilize microcredit services in relation to others in their community?   

Are these the households that are likely to be failed by the traditional system?  Scholars in the 

field have pondered these questions.  As Khandker (1998: 7) writes, an important issue for 

research is “determining which poor and small borrowers actually participate in these programs.” 
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While microcredit1 programs have a variety of objectives, in general they aim to enhance 

individual and household human development factors.  Two key aspects of this are social capital 

and socioeconomic status.  Social capital and socioeconomic status are highly related to each 

other and changes in both are potentially direct outcomes of household participation in 

microfinance programs.  Additionally, together they encompass a more comprehensive idea of 

poverty reduction that focuses on a range of human development factors. 

This paper will not measure the impact of microfinance programs but rather the baseline 

qualities of those households that participate in microfinance programs, and compare those to the 

qualities of the stated target group of programs based on the theoretical underpinnings of 

microfinance.  Using the India Human Development Survey of 2005, I will examine those 

aspects of households close to the time when they begin to participate in microcredit.  In order to 

provide an approximation of the characteristics of households around the time they enter the 

programs, I examine current and former microcredit program participants who have been 

involved in the programs for two years or less.  Obviously many changes could occur within a 

household in two years, so this measure is not an exact measure of characteristics at the time that 

a household begins a program.  Due to this constraint, I chose socioeconomic and social capital 

factors that I assume would take longer than two years to change, so that theoretically no 

outcomes of the microfinance programs will be captured.  In addition, the paper will attempt to 

examine the purpose of the borrowed funds, so as to determine whether or not the loans are being 

used for “survivalist” purposes, which is one of the general goals of microfinance.  A 

“survivalist” loan is one that typically exists within the home and does not employ non-family 

                                                           
1 The term “microcredit” will be used throughout the paper to designate participating in a NGO or credit group-
sponsored loan program.  “Microfinance” is a closely-related term, but encompasses a wider range of financial 
activities. 
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workers, because it represents entrepreneurial activity that would not be possible in the labor 

market. 

The goal of a descriptive analysis such as this is to provide microfinance program 

managers and sponsors with an idea of who, on average, is entering their programs compared to 

non-participants.  Based on how the results compare to stated goals of microfinance programs, 

this information could either provide an explanation of why programs may be successful, or 

highlight populations that are not being included in programming.   

Typical microfinance programs are based on the model of the Grameen Bank in 

Bangladesh, which utilizes “solidarity groups” for its members, through which credit is granted 

to a group versus to an individual (Rankin, 2002: 2).  As mentioned, the goal of this 

organizational structure is to mitigate poor households’ lack of access to collateral and the risks 

associated with lending to poor households.  Microfinance institutions (MFIs), the institutions 

that run microcredit programs, take several organizational forms in practice.  MFIs have 

historically been nongovernmental, nonprofit organizations, although recently there has been 

more integration between these nonprofit organizations and private commercial banks (Littlefield 

and Rosenberg, 2004).  MFIs usually follow one of three models for managing borrowers: 

solidarity groups, cooperative groups, and individual borrowing (Hulme and Mosley, 1996: 167).  

The first two models will be discussed in more detail below, but both involve group-based 

lending of some sort.   

In India, there has long been involvement in the rural banking sector on the part of the 

state and nongovernmental organizations (NGOs).  State-supported rural banking began with the 

Reserve Bank of India (RBI) in 1948.  The Government of India continues to use the RBI to 

extend credit to low-income and rural communities (Mosley, 1996: 246-7).  More recent 
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developments in finance for poor Indian households include self-help groups and credit 

cooperatives that are supported by both NGOs, such as the Self-Employed Women’s Association 

(SEWA), and the state (Morduch and Rutherford, 2003: 3).         

As I show, households that participate in microcredit in India are not always worse off 

than Indian households that do not participate.  This is seen both in terms of social capital and 

socioeconomic status.  These findings raise questions about how well the programs in question 

have targeted services, but also about the credit situation of middle- and high-income households 

in India that choose to utilize microcredit services. 

 

Key Indicators of Well-Being: Socioeconomic Status and Social Capital 

 Socioeconomic status and social capital are both key aspects of a multidimensional view 

of economic well-being.  Enhancing them both is also a key objective of many microfinance 

programs. 

 Socioeconomic status is typically seen as a measure of a household’s relative economic 

and social ranking.  It can include factors such as parents’ education or occupation and family 

income (National Center for Education Statistics, 2009).  In developing countries, outcomes such 

as consumption, nutrition, employment, net worth, contraceptive use, fertility, and children’s 

schooling are also associated with socioeconomic status (Khandker, 1998: 37).   

Enhancement of socioeconomic status is a desired outcome of many microcredit 

schemes, and there are activities that programs use to reach this goal.  Socioeconomic status can 

be increased  through higher household income due to new entrepreneurial activities, or 

increased education of household members relative to before participation.  It is important to 

examine a multi-dimensional picture of the financial aspects of microfinance since important 
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outcomes may be missed if only net changes in income are examined.  There may be instances 

where a higher household income actually suggests a worsening of other development indicators 

usually associated with an elevation in socioeconomic status.  For instance, given the time 

required to run a household business, it is possible that, after acquiring a microloan, parents will 

require children to stay at home to help with the business and decrease time in school 

(Armendariz and Morduch, 2007: 202).  Obviously, this shift could only be attributed to 

participation in microfinance if children went to school more relative to prior to participation. 

An individual’s level of social capital is another important input for economic 

development.  It is important because it reflects trust between individuals who are entering into 

financial contracts or economic activities, and increased trust may support more economic 

activity.  The relationship between social capital and development is complicated, because it is 

important to have a certain level of it to engage in economic activities, but it may also be created 

or enhanced through certain group arrangements in order to increase economic development.  

According to the World Bank (2009), social capital refers to: 

…the norms and networks that enable collective action. It encompasses institutions, 
relationships, and customs that shape the quality and quantity of a society's social 
interactions. Increasing evidence shows that social capital is critical for societies to 
prosper economically and for development to be sustainable. 
 

Trust between parties is particularly important in finance, since financial transactions always 

involve risk, and risk can be offset by confidence (Von Pischke, 1991: 42).  Further, it may work 

to alleviate part of the market failure that creates the need for intervention in financial markets in 

the first place.  Market failure may arise because individuals do not trust each other enough to 

enter into contracts.   

Scholars highlight the importance of social pressure when targeting loan repayment in 

developing countries.  In microcredit programs, social capital is especially important because of 
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the use of group-lending contracts.  According to a study by the World Bank of over 1,000 MFIs 

throughout the world, more than 60 percent used group-lending contracts, an approach designed 

by the Grameen Bank (Khandker, 1998: 4).  The structure of the group-lending contract creates a 

powerful incentive for repayment because it creates “social collateral” (Khandker, 1998: 6) in 

addition to making use of existing social capital in the community. 

Microfinance programs attempt to increase participants’ level of social capital by 

engaging them in group borrowing initiatives.  Programs aim to decrease isolation— mainly of 

women— through the village meetings necessary to conduct financial activities under most 

programs (Hulme and Mosley, 1996: 125).  As Rankin (2002: 2-3) comments, “Mere 

participation in the group borrowing process is often considered a proxy for empowerment, and 

assumed to generate ample quantities of social capital….”   

In theory, microfinance programs do not just encourage the development of social capital, 

but also draw on and enhance existing sources.  Rankin (2002: 16) explains how, within 

microfinance programs, the “solidarity” groups are expected to mobilize their existing networks 

and utilize the trust they have in their fellow group members.  If programs target those that have 

a moderate level of social capital already, they may not really be targeting the most excluded 

individuals in a community.  

 

Background on Microfinance  

The Need for Microfinance 

In many developing countries, traditional financial institutions have failed to provide 

access to financial services to the poor (Khandker, 1998: 1-2).  A lack of savings or capital can 
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hinder a poor person’s ability to become self-employed or undertake other employment-

generating activities.  Observers contend that this occurs for several reasons.   

First, traditional banks rely on collateral to insure themselves against the potential loss of 

the funds they lend.  If a borrower defaults on the loan, the bank will have the collateral to at 

least partially recoup their loss.  If clients have access to collateral, banks are able to lend to them 

with less risk associated with the loan (Armendariz and Morduch, 2007: 8).  The poor, however, 

often lack access to physical collateral, which presents a barrier to their use of institutional 

credit.  Credit is often available to these households through informal money lenders, but the 

interest rates charged are frequently cripplingly or prohibitively high (Khandker, 1998: 2).   

 Secondly, banks face higher transaction costs when lending to low-income households 

relative to higher-income households.  This may explain why capital does not flow towards low-

income households.  This occurs despite the basic economics of the situation, which suggest that 

funding should automatically be directed towards lower-capital entrepreneurs.  According to the 

principle of diminishing marginal returns to capital, enterprises with a low amount of capital 

relative to others have a higher marginal return on their investments as compared to 

entrepreneurs with a large amount of capital (Armendariz and Morduch, 2007: 5).  Assuming 

that low capital is correlated with low income, one may wonder why low-income households fail 

to gain access to credit.     

The lack of information on the part of lending institutions about the risk associated with 

borrowers and the high cost that is associated with gathering this information may prevent capital 

flowing towards poor borrowers (Armendariz and Morduch, 2007: 7).   In all lending situations, 

bankers would like to determine which customers are likely to more risky than others and charge 

riskier customers higher interest rates (Armendariz and Morduch, 2007: 7).  Banks face 
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relatively high transactions costs to gathering and evaluating information about potential clients 

when working with poor communities, because they must process many small transactions, as 

opposed to evaluating one higher-income potential client (Armendariz and Morduch, 2007: 8).  

Since lending to lower-income households often means making more and smaller loans, 

transaction costs are increased for banks.   

Other factors may affect poor households’ ability to obtain capital.  Some suggest that the 

risk associated with investment in some countries where low-income entrepreneurs live is too 

high for international banks (Armendariz and Morduch, 2007: 7).  This could occur if a country 

was experiencing political turmoil or if its rule of law was in question.  Others argue that 

government-imposed interest rate caps in many countries are too low to draw investments to 

low-income entrepreneurs, because riskier investments require higher interest rates (Armendariz 

and Morduch, 2007: 7).   

 

History 

Financial services for poor households, especially those in rural areas, have long been a 

development concern.  After World War II, many low-income countries were in the process of 

attempting to develop their agricultural sectors.  Many established banks were given subsidies to 

provide credits to rural populations, and governments often capped interest rates to keep rates 

low for poor borrowers.  The programs were considered a failure, though: only wealthier 

households received loans, because the capped interest rates could not compensate lenders for 

the cost of lending to the poorer households (Armendariz and Morduch, 2007: 9). 

Throughout the 1970s, subsidized state banks remained ineffective at alleviating the 

credit constraints experienced by poor households in low-income countries.  At this time, 
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Muhammad Yunus, an economist teaching in Bangladesh, began a series of experiments lending 

money to poor households in a nearby village.  Yunus found that the households that borrowed 

money profited from the small loans and repaid the loans reliably.  In 1976, he established the 

Grameen Bank based on the success of these experiments.  A key aspect of the Grameen Bank’s 

practices was that it utilized a group lending contract, whereby a group of borrowers acted as 

guarantor for each other through being liable for loans as a group.  By 1991 the Grameen Bank 

had over one million members in Bangladesh, and by 2007 it had programs in over 30 countries 

(Armendariz and Morduch, 2007: 11-12). 

Microcredit is now undertaken by a range of organizations.  In 1999, it already served 8 

to 10 million households throughout the world (Morduch, 1999: 1569).  Studies suggest that 

informal money lenders still play a large role in household finance even with these 

advancements, suggesting unmet need from the formal sector (Morduch and Rutherford, 2003: 

3). 

 

Goals 

 The main goal of microcredit is to help the poor become self-employed or more 

productively self-employed and consequently escape poverty (Khandker, 1998: 1).  A secondary 

goal is that activities supported by loans will generate enough income that individuals are able to 

support themselves and their dependents as well as pay off the loan, making the MFI sustainable 

(Khandker, 1998: 7). 

An additional goal of many microcredit programs is empowerment of women, which has 

led to a history of focusing on lending to women.  At the end of 2002, 95 percent of the Grameen 

Bank’s clients were women.  This focus came about largely because women seemed to repay 
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loans at higher rates (Armendariz and Morduch, 2007: 138-9).  Advocates of microfinance 

programs argue that gender issues should  be one of the main goals beyond the desirability of 

female clients; they argue that microfinance can increase women’s bargaining power within the 

household because of their increased control over household resources (Armendariz and 

Morduch, 2007, 191).   

Adding to the challenges of defining who should receive services is the challenge of 

defining poverty in the first place.  As Matin and Hulme (2003: 648) discuss, in the past 20 years 

conceptions of poverty have grown more sophisticated and complex, and many go beyond a 

materialist conception of poverty to one based on human capital and human development 

indicators.  Sen (1999: 3) suggests that: 

Development can be seen…as a process of expanding the real freedoms that people 
enjoy….Growth of GNP or of individual incomes can, of course, be very important as 
means to expanding freedoms enjoyed by the members of society.  But freedoms depend 
also on other determinants, such as social and economic arrangements…as well as 
political and civil rights….   

 
These definitions illustrate the complexity in establishing which households, or even who in a 

household, is most in need of poverty alleviation. 

 

Critiques 

 Critics of microfinance and microcredit programs argue that the programs use up what 

resources are available for economic development projects without significantly affecting the 

long-term outcomes of participants, because the small businesses that participants set up have 

limited growth potential (Khandker, 1998: 2).  As Khandker (1998: 2) reports, “even if 

microcredit programs are able to reach the poor, they may not be cost-effective and hence worth 

supporting as a resource transfer mechanism.”  Critics also allege that the businesses started by 
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borrowers are not large enough to provide growth potential, so borrowers become dependent on 

the program itself (Khandker, 1998: 2).   

 Critics further point to the goals of specific microfinance institutions, suggesting that they 

are not prioritizing helping clients in poverty.  Balancing financial sustainability and reaching the 

poorest of the poor is a difficult task for many MFIs, since targeting the poorest of the poor could 

cause the institution more financial risk (CGAP, 1996: 1). 

 

In Practice 

 The tool of microfinance introduced several institutional innovations that differed from 

those of traditional banks and that allowed lending money to poor households to be more 

sustainable and profitable.  In an MFI, contracts are based on the group lending concept, which 

lowers risk for the MFI because borrowers are incentivized to monitor each other’s behavior 

(Morduch ,1998).  Group lending refers to “arrangements by individuals without collateral who 

get together and form groups with the aim of obtaining loans from a lender. The special feature is 

that the loans are made individually to group members, but all in the group face consequences if 

any member runs into serious repayment difficulties” (Armendariz and Morduch, 2007: 85-6). 

 Several assumptions underpin the idea that the practice of utilizing the group lending 

structure will lead to desired outcomes.  It is assumed that group lending mitigates the adverse 

selection problem on the part of the banker because individuals utilize their knowledge about 

each other to select other non-risky individuals to join their borrowing group (Armendariz and 

Morduch, 2007: 88-89).  Secondly, it is assumed that group lending lessens the problem of moral 

hazard because group members monitor each others’ projects and block risky projects others 

propose (Armendariz and Morduch, 2007: 96). 
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 MFIs typically maintain eligibility requirements for a household to participate.  For 

instance, the Grameen Bank in Bangladesh has a half-acre limit on the amount of land a 

household may own (Morduch, 1998: 6).  The goal of limiting the amount of land a household 

owns is to measure its socioeconomic status in some way.  Land ownership of some amount was 

shown to be prevalent among the majority of participants in Grameen Bank Programs in 

Bangladesh (Morduch, 1998: 15), suggesting that households had some resources at their 

disposal upon entering the program. 

MFIs rely heavily on subsidies from governments and donors.  If they were to charge 

interest rates high enough to become fully financially self-sustainable, borrowers would not be 

able to repay loans (Khandker, 1998: 8).  Yet this fact ties into the goals of microcredit because it 

ensures that those of lower incomes can participate.  It is possible that the benefits to subsidizing 

microcredit programs outweigh the costs to doing so:  

Microcredit programs could benefit society overall by overcoming the liquidity, 
consumption smoothing, and unemployment problems associated with highly imperfect 
credit markets.  The impacts could be so large that the social benefits exceed the social 
cost of program placement, even for microcredit programs that are not viable without 
sustained support from government and donors (Khandker, 1998: 10). 
 

Whether or not MFIs should be subsidized brings up the question of which borrowers should 

receive loans, as not all have the ability to repay loans.  

 

Debate: Lend to Whom? 

 From its inception, microfinance has attempted to reach the very poor (Dunford, 2000, 7), 

or the “frontier of poor borrowers” (Hulme and Mosley, 1996: 23).  Yet due to its structure, 

microcredit can mostly benefit the portion of the poor that is able to productively utilize a loan in 

terms of running a small business or farm (Khandker, 1998: 11).  As mentioned above, risk 
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increases when lending to lower-income borrowers.  This situation creates competing interests 

for MFIs.  While it is known that microfinance practitioners face a tradeoff between the depth of 

the outreach to the extremely poor that they are able to perform and the financial stability of the 

programs, the exact nature of the problem is not well understood (Sharma et al, 2000: 1).  Hulme 

and Mosley find that there is not a clear relationship between financial sustainability and 

outreach to the poorest of the poor in their study of 13 MFIs in seven countries.   Whom to lend 

to thus becomes a very complicated question. 

A core issue in the discussion is the definition of poverty, including sub-groups within 

the poor.  There is agreement among many scholars that income is an incomplete measure of 

poverty, as instances of deprivation have been recorded that are not captured by income-based 

poverty measures (Hulme and Mosley, 1996: 105).  These instances include sudden changes in 

consumption levels, health problems, social inferiority, and powerlessness (Hulme and Mosley, 

1996:  105-6).  Within the poor, Hulme and Mosley (1996: 132) define two main groups:  

…the core poor who have not crossed a ‘minimum economic threshold’ and 
whose needs are essentially for financial services that are protectional, and those 
above this threshold who may have a demand for promotional credit.  This 
minimum economic threshold is defined by characteristics such as the existence 
of a reliable income, freedom from pressing debt, sufficient health to avoid 
incapacitating illness, freedom from imminent contingencies and sufficient 
resources (such as savings, non-essential convertible assets and social 
entitlements) to cope with problems when they arise.   
 

As this definition shows, there is quite a difference between the core poor and the non-core poor 

in terms of household characteristics.  The minimum economic threshold described here may 

actually suggest middle-income households. 

These broader measures imply a definition of poverty that includes various aspects of 

well-being and human needs.  The definition used also affects how programs are designed to 

alleviate poverty.  For instance, a conception of poverty based on the fluctuation of incomes may 
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attempt to lessen the dips in income, versus attempting to permanently raise incomes above a 

poverty line.  Household income may not actually ever rise above the pre-intervention level, yet 

households may experience less deprivation resulting from extreme income fluxuations (Hulme 

and Mosley, 1996: 107). 

 Scholars have noted that microfinance has not reached the poorest of the poor, but also 

debated whether or not this is an appropriate goal for the field.  They question whether or not the 

poorest strata of a community can benefit from microfinance programs (Morduch and Haley, 

2002: 1).  For instance, many of those who are the poorest in their community may be unable to 

participate in entrepreneurship, and therefore microcredit programs, due to illness or other 

factors that are causing their poverty but limit their ability to participate (Morduch and Haley, 

2002:  2).  Individuals who are suffering from chronic food insecurity or without an asset base 

may not be well served by microfinance (Matin and Hulme, 2003: 653), likely because they are 

unable to participate in entrepreneurship or agricultural production.  It is likely that some 

proportion of the population will always need social protection and be unable to participate in 

microfinance-type programs (Matin and Hulme, 2003: 662).  Some studies have shown, though, 

that programs that target the poorest clients can have results similar to those that work with less 

poor clients (Khandker, 1998).    

Further complicating the issue, higher household income upon entering a microcredit 

program may actually lead to greater increases in income.  Hulme and Mosley (1996: 180) show 

that the size of income increases was directly correlated with the original income of the 

participating household across 13 MFI cases, including several programs in India and other 

South East Asian countries.  A possible explanation for this is that the very poor are more 



 
 

15 

susceptible to shocks, such as a family member becoming ill, which then render them unable to 

pay off their loans (Hulme and Mosley, 1996: 115). 

This is not to suggest that those who are among the poorest of the poor cannot be served 

by microcredit.  While those who have major barriers to running a business or farm correlated 

with their poverty, such as a disability, may still face limitations to participation, many 

practitioners feel that many within the core poor could utilize microcredit.  The Consultative 

Group to Assist the Poor (CGAP) proposes that microfinance can be effective for the bottom half 

of those living below a country’s poverty line, calling this category the “poorest” (Morduch, 

2002:  2).  This income group usually experiences extreme poverty, often characterized by 

landlessness, limited access to social services, and average per capita income of less than one 

dollar a day (Morduch, 2002: 2).  It is likely, however, that institutional or governmental changes 

would have to occur among MFIs and country governments in order for this to be possible.   

These considerations have resulted in a variety of outcomes in practice.  For instance, the 

Thana Resource Development and Employment Programme (TRDEP) in Bangladesh has 79 

percent of its borrowers in the “poor” category, but avoids the very poor, focusing its attention 

around the poverty line of ownership of 50 decimals of land.  Therefore, it systematically avoids 

working with day labourers, the landless, or widows who are heads of households.  Some MFIs 

do lend to the very poor, though, including the Bangladesh Rural Advancement Committee 

(BRAC), the Grameen Bank, and Mozambique Microfinance Facility (MMF) (Hulme and 

Mosley, 1996: 118). 
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Description of Data 

This paper utilizes the India Human Development Survey (IHDS), which is a nationally-

representative survey of 41,554 households in India.  The survey was conducted through two 

one-hour interviews in households distributed among 1,503 villages and 971 urban 

neighborhoods.  Children between the ages of eight and 11 completed exams so that researchers 

could evaluate their knowledge level in several subjects.  Fieldwork for the survey began in 

November 2004, and was mostly completed by October 2005.   

The survey was carried out jointly by researchers from the University of Maryland and 

the National Council of Applied Economic Research in New Delhi.  Funding was provided by 

the National Institutes of Health (IHDS Website).  Typically organizations such as these contract 

with a local survey research organization to do the interviews. 

The IHDS measures total household income by combining questions related to 26 

measures of income.  Sources included wage and salary income, agricultural wages, nonfarm 

business income, remittances, property income, pensions, and public benefits.  IHDS is one of 

the first developing country surveys to collect detailed income data (IHDS, 2009). 

 

Methods 

Several issues prevented this study from tracking outcome effects.  First, there is a 

selection problem in comparing outcomes between participating and non-participating 

households since participation in microfinance programs is not randomized.  Rather, individuals 

independently decide whether or not to participate, and certain household characteristics may be 

correlated with the decision to participate.  For example, those with a higher level of education 

may be more likely to decide to participate, so comparing the level of education between 
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program participants and non-participants may actually measure inputs to program activities 

rather than outcomes resulting from participation.  Second, since data in the IHDS is limited to 

one year, changes cannot be tracked across time.  Given these limitations, it is not possible to 

determine whether or not observed differences in effect of participation were due to qualities the 

individuals already held.   

Therefore, in this paper, impact of microfinance programs will not be measured.  Instead, 

this paper will determine the baseline qualities of those households that participate in 

microfinance programs, and compare those to the qualities of the stated target group of programs 

based on the theoretical backings of microfinance.  In particular, the paper will focus on 

socioeconomic and social capital characteristics of participating households. 

“Client” households will refer to those households that have borrowed money from a 

credit group or NGO, conditional on their largest loan having been borrowed in the last two 

years.  The two-year time period was chosen in order to maintain appropriate sample size and 

stay as close as possible to a short time period.  Again, this is a baseline indicator, so that the 

characteristics of households as they are in the early stages of program participation can be 

tracked. 

In order to compare client households to other types of Indian households, I divide the 

sample into three types of households: client households, households that report borrowing 

money from a non-microcredit source, and households that do not report any household 

borrowing in the past five years.  I attempt to compare these three groups through the use of 

several IHDS variables.  I do not include client households that have been participating in 

microcredit for more than three years in any of the three groups because they do not fit well into 
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any particular group, and the goal is to get the best contrast between client households and the 

other two groups.    

I first separate borrowing households from non-borrowing households using the 

following question in the IHDS survey: “Did you borrow or take any financial loan in the last 

five years?  If yes, how many loans have you taken in the past five years?”  Any household that 

reports one or more loans is considered either a client household or other borrowing household.  

Second, I use the questions, “What is the largest loan you have ever taken?  How many years ago 

did you obtain the loan?”; and “From where did you obtain the loan?”, in order to determine the 

source of the household’s largest loan and how many years ago it was obtained.  Households 

choose between the following sources when reporting loan source: employer, money lender, 

friend, relative, bank, NGO, credit group, government program, and other (IHDS, 2009).  

Households that report loan source as employer, money lender, friend, relative, bank, 

government program, or other are categorized as “other borrowing households.”  All households 

that report the source of their loan as an NGO or credit group, and that report taking out this loan 

in the past two years or less, are categorized as client households.      

I run three logit regression models in order to predict household participation in 

microcredit.  The dependent variable is a dummy variable where one represents status as a client 

household.  A client household is one that borrowed money in the last five years, and whose 

largest loan is from an NGO or Credit Group in the last two years.  Again, only households that 

took out a loan from one of these two sources in the last two years are examined.  Because status 

as a rural or urban household may be highly related to a household’s odds of participating in 

microcredit, but is not necessarily a socioeconomic or social capital indicator, I run each of the 

three models separately on urban and rural households.   
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Limitations 

 One of the major limitations of the data source is that it is not known how long 

households have been participating in microcredit.  Because the survey does not ask about all the 

loans a household has, or how long a household has had a microcredit loan, it is possible that a 

household could not report a microcredit loan because it is not their biggest loan of the last five 

years.  This is a particularly important issue when tracking microcredit participation because 

microcredit loans are often given out in progressively larger amounts.  Although I attempt to 

estimate the characteristics of households close to the time that they enter a microcredit program, 

it is likely that some households had small microcredit loans at some point in the past, but these 

loans are not reported.  One of the limitations of this approach, then, is that is likely that in some 

households, some effects of participating in microcredit are being incorrectly assigned to 

baseline qualities of the household, since I cannot determine exactly how long households have 

been participating in microcredit programs.  This is likely to result in a underestimation of the 

level of poverty of incoming program participants.      

 A second limitation of the data is that the gender of the person taking out the microloan is 

unknown.  In some cases, women who live in middle-income homes may still be credit 

constrained in spite of their household income; they may not have access to traditional financial 

services in their community.  Therefore, a limitation of this paper is that the household income 

may not accurately measure a person’s level of access to credit, so it cannot necessarily be 

assumed that a program that lends to some middle-income households has failed to target its 

programming effectively. 

 



 
 

20 

Measuring Socioeconomic Status 

Socioeconomic status involves, among other elements, income, caste, land ownership, 

parents’ education, and occupation.  Using the IHDS, socioeconomic status will be tracked using 

the following indicators: highest level of education among adults in household; monthly per 

capita consumption; acres of land owned; land ownership; widow-headed household; and being 

below or above the poverty line.  Education of adults is a key variable of analysis in terms of 

socioeconomic status because it is slow to change over time, and is assumed to be positively 

associated with socioeconomic status.  Low relative consumption, being below the poverty line, 

and having a widow-headed household are assumed to be negatively related to socioeconomic 

status.  Landlessness can be a poverty indicator in developing countries, yet land ownership may 

be informally required for  to households to participate in microcredit because it allows 

households to bear the risk of self-employment (Khandker, 1998: 11).   

Various measures of poverty exist.  According to the Indian government, the poverty line 

in 2004-2005 was Rs. 356 per month per person in rural areas, and Rs. 539 per month per person 

in urban areas.  This equates to Rs. 4,272 and Rs. 6,468 per year in rural and urban areas, 

respectively, or about 98.55 and 149.20 USD per person per year in 2005 conversion rates.  

Mosley uses a per-family poverty line of $39/family/month or Rs. 14,440/family/year in 1993 in 

a study on India (Mosley, 1996: 259).  Based on USDA ERS (2008) consumer price indexes (Rs. 

100 in 2005=Rs. 47.05 in 1993), this translates to Rs. 30,605.74 per household per year in 2005.  

Two different poverty line indicators were created using these guidelines (see Table A1 in the 

appendix for details).  IHDS also has its own poverty line, which is based on quantities of certain 

items consumed by the household in a month. 
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Negative incomes were coded as missing based on a recommendation from IHDS survey 

designers.  According to IHDS managers, these are primarily farm households who have lost 

money during the year due to failed crops and are not similar to other very poor households.   

 

Measuring Social Capital 

 Social capital is a less objective entity, and therefore more difficult to measure.  Using 

the IHDS, social capital will be measured using the following indicators: acquaintances in the 

medical, school, and government field, and membership in: a Mahila mandal (women’s group), 

youth/sports/reading group, union or business group, self-help group, credit/savings group, 

religious/social group, caste association, development group/NGO, or agricultural/milk 

cooperative.  All of these indicators are assumed to proxy for a household’s level of association 

with others in the community, and others’ knowledge of the households qualities. 

 

Results 

Descriptive Results 

 Table 1 shows descriptive statistics related to both socioeconomic status and social 

capital of three types of households: client households, other borrowing households, and non-

borrowing households.  The goal of this comparison is to show possible differences between 

client households and households that borrow money from a different type of lender, as well as 

how characteristics of those two groups compare to those households that have not taken out a 

loan in the last five years.  Again, client characteristics are considered to be baseline since 

participants have been participating in microcredit for two years or less. 



 
 

22 

As Table 1  shows, the weighted mean annual household income of client households is 

45,493 rupees (approximately 1,049 USD), while the mean annual household incomes of  other 

borrowing households and non-borrowing households are 42,241 and 52,369 rupees, respectively 

(approximately 974 and 1208 USD).  It appears that non-borrowing households have the highest 

mean annual household income of the three groups, but only the difference between client 

households and non-borrowing household incomes is significant, at the 0.5 percent level.   

 Table 1 also shows that client households have several significant differences between 

other borrowing and non-borrowing households.  Using t-tests of the differences between the 

percentages for the client group and the other two groups, I show that client households are more 

likely to have acquaintances in the medical field versus non-borrowing households, which is 

significant at the 5 percent level, more likely to have acquaintances in the education field, which 

is significant at the 0.5 percent level versus other borrowing and five percent level versus non-

borrowing households, more likely to be members of youth, sports, or reading groups versus 

both other groups, which is significant at the 0.5 percent level in  both cases, and more likely to 

belong to religious or social groups versus other borrowing households, which is significant at 

the 0.5 percent level.  Client households are also more likely to be poor compared to both groups 

on some measures used to measure poverty: they are more likely to be poor based on the Mosley 

definition versus other borrowing households, which is significant at the 0.5 percent level, and 

more likely to be poor versus non-borrowing households based on the Indian government 

definition, which is significant at the Indian government definition.  Lastly, client households are 

less likely to live in urban areas versus non-borrowing households, which is significant at the 

five percent level.
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Table 1.  Descriptive Statistics of Client, Other Borrowing, and Non-Borrowing Households (weighted) 

    

t-test of differences: 
Client Hshlds - Other 

Borrowing Hshlds 

t-test of differences: 
Client Hshlds - Non-
Borrowing Hshlds 

 
% of Client 
Households 

% of Other 
Borrowing 
Households 

% of Non-
Borrowing 
Households Significance  P Significance  P 

Acquaintances or relatives in medical field 41.13 33.39 29.28 -- 0.14 ** 0.03 

Acquaintances or relatives in education field 47.44 40.46 36.46 *** 0.07 ** 0.01 

Acquaintances or relatives in government service 33.45 32.49 32.23 -- 0.84 -- 0.79 

Urban dweller 22.94 21.81 32.77 -- 0.77 ** 0.01 

Below Poverty Line- IHDS Consumption Def 22.99 20.19 21.61 -- 0.34 -- 0.67 

Widow-Headed Household 2.53 3.16 3.52 -- 0.58 -- 0.43 

Below Poverty Line- Mosley Def 51.45 43.05 50.72 *  0.07 -- 0.88 

Below Poverty Line- Indian Gov Def 46.57 42.82 33.70 -- 0.34 *** 0.00 

Household owns or cultivates agricultural land 59.68 51.98 38.71 -- 0.21 *** 0.00 

Member of Union or Business Group 6.10 4.91 4.41 -- 0.43 -- 0.25 

Member of Youth/Sports/Reading Group 8.84 4.25 4.40 *** 0.00   0.00 

Member Relig/Social Group 23.10 13.10 14.88 * 0.08 -- 0.16 

Member Caste Assoc 14.34 16.89 12.48 -- 0.41 -- 0.53 

 
Client 

Households 

Other 
Borrowing 
Households 

Non-
Borrowing 
Households      

Mean largest loan (Rupees) 33,857.14 36,787.10 0.00 -- 0.59 *** 0.00 
Mean Highest Level of Educ Among Adults (21+) in 
House (Years) 7.44 6.63 7.48 *** 0.00 -- 0.88 
Mean Monthly Per Capita Consumption 889.71 860.42 877.40 -- 0.68 -- 0.87 

Mean amount of land owned if household owns land 
(1/100 acres) 15.32 21.22 26.39 -- 0.22 *** 0.00 

Mean total household annual income (Rupees) 45,952.92 42,240.92 52,368.82 -- 0.22 ** 0.05 
        

N= 314 16,491 24,645     

-- Not statistically significant         

*  Significant at the 10% level        

** Significant at the 5% level        

*** Significant at the 0.5% level        

Source: IHDS 2005; Authors' calculations 
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Some variables of interest are considered endogenous to a household’s odds of 

participating in microcredit.  Specifically, the variables Member of Self-Help Group, Member of 

a Credit/Savings Group, Member of  Mahila Mandal, Member of a Development Org/NGO, and 

Member of a Agricultural Cooperative are all measures of social capital that are considered 

endogenous to participating in microcredit.  This is because several of them are required for or 

are first steps in participating.  Therefore, a household that participates in one of these groups 

may just represent that a household is participating in microcredit.  Table 2 shows descriptive 

statistics of these potentially endogenous variables. 
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Table 2.  Descriptive Statistics for Potentially Endogenous Variables (weighted)   

    

t-test of differences: 
Client Hshlds - Other 

Borrowing Hshlds 

t-test of differences: 
Client Hshlds - Non-
Borrowing Hshlds 

 

% of 
Client 
Hshlds 

% of Other 
Borrowing 
Hshlds 

% of Non-
Borrowing 
Hshlds Significance  P Significance  P 

Member Self Help Group 24.25 12.72 6.44 ** 0.01 *** 0.00 

Member Credit/Savings Group 20.63 9.70 5.25 *** 0.00 *** 0.00 

Member of Mahila mandal 17.36 9.67 4.97 *** 0.00 *** 0.00 

Member Development Group/NGO 5.24 1.44 1.63 -- 0.18 -- 0.20 

Member of Ag, Milk, or other Cooperative 15.59 5.21 2.62 -- 0.11 ** 0.05 
        

N= 314 16,491 24,645     
-- Not statistically significant        

*  Significant at the 10% level        

** Significant at the 5% level        

*** Significant at the 0.5% level        

        

Source: IHDS 2005; Authors' calculations 
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Following analysis done by Sharma et al. on MFIs in regions throughout the world, Table 

3 shows income quintiles for the entire Indian population, and then shows the percentage of 

client, other borrowing, and non-borrowing households that fall into each quintile.  The goal of 

this table is to see how each group relates to the overall Indian income distribution and therefore 

see where most of the households in each group lie in relation to other Indian households.   

Non-borrowing households’ income distribution is fairly similar to that of the Indian 

population in the lower income quintiles, although slightly less than twenty percent of non-

borrowing households have incomes in the bottom three quintiles.  Non-borrowing households’ 

incomes are more skewed toward higher incomes, with 24.1 percent of households having 

incomes in the top quintile of the Indian population.  Non-borrowing households have the most 

households in the top quintile of the Indian population of the three groups (24.1 percent versus 

17.0 percent for other borrowing and 19.9 for client households).     

Slightly more than twenty percent of other borrowing households have incomes in the 

first three income quintiles of the whole Indian population, suggesting other borrowing 

households are slightly more clustered in lower income ranges that the Indian population.  Only 

16.9 percent of other borrowing households have incomes in the top income quintile of the 

Indian population.   

Over a quarter of client households have incomes in the third income quintile of the 

Indian population’s income distribution, but less than a quarter of client households fall in the 

two lowest and highest income quintiles of the Indian population.  There is a fairly dramatic dip 

in the percentage of client households with incomes falling in the second quintile; only 14.9 

percent of households have incomes in this range.  This is the lowest percentage in this quintile 

between all three groups.   
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Table 3.  Percentage of Client, Other Borrowing, and Non-Borrowing Households in Each 

Quintile of the Indian Population Household Income Distribution (weighted) 

 

Quintile 

Annual Household 
Income Range 

(Rupees) % of Group 

  

Indian 
Population 

Client 
Households 

Other Borrowing 
Households 

Non-
Borrowing 
Households 

      

1 0-13,830 20 19.72 21.57 18.34 

2 13,831-22,873 20 14.88 21.86 18.19 

3 22,874-36,000 20 25.28 20.57 19.1 

4 36,001-68,588 20 20.27 19.04 20.29 

5 68,589+ 20 19.85 16.97 24.09 

      

N=   314 16,491 24,645 

      

Source: IHDS 2005; Author’s calculations 

 

I also analyzed specific household characteristics of those client households whose 

income falls into the top quintile of the Indian income distribution, and compared the 

characteristics to those of client households whose income falls into the bottom quintile.  The 

results are presented in Table 4.  The goal of this table is to compare summary statistics of 

households in both quintiles, as well as descriptive statistics about how households use 

microcredit loans and earn money within the household.  T-tests are presented for the differences 

between mean household largest loan, mean annual household income, mean net business 

income, mean amount of land owned or cultivated by household among households that own 

land, and percentage of households that pay works in their household business. 

A key aspect of the analysis in Table 4 is businesses run by client households.  Running a 

small business is a common use for a microloan (Armendariz and Morduch, 2007: 181).  The 
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IHDS survey asks households, “Please describe the activity (industry code) of a business run by 

a member of this household,” “Please describe this activity (occupation code),” “Where does this 

work mainly take place?” and “What was the gross receipt from this business in the last 12 

months?” (IHDS, 2009).  The survey also asks households these same series of questions for 

potential additional businesses, but since very few client households had second businesses, 

results are presented only for the first business. 

  As Table 4 shows, client households in the top quintile take out larger loans (mean 

98,041 Rs) than client households in the bottom quintile (mean 16,517 Rs), which is significant 

at the 0.5 percent level in a t-test.  Client households with household businesses reported higher 

annual net incomes from their business (mean 12,449 Rs) than client households in the bottom 

quintile (mean 414 Rs), the difference between which is statistically significant at the 0.5 percent 

level.  Client households with incomes in the top quintile owned less land than client households 

in the bottom quintile, which is significant at the 10 percent level.   

The descriptive statistics in Table 4 show further differences between client households 

in the top and bottom income quintiles.  As Panel A shows, approximately 19 percent of client 

households in the bottom quintile use their microcredit loan for consumption, while only 5.2 

percent of client households in the top quintile do.  As Panel B shows, retail food business is the 

most common industry for household business in both categories, although due to many blank 

responses there are few industries reported.  Client households in the top quintile have their 

businesses at home or at another fixed location with approximately equal frequency (10.5 percent 

and 9.9 percent, respectively), while a plurality of client households in the bottom quintile with 

household businesses have their business in a moving location (6.5 percent) (shown in Panel C).  

Again, there are many non-responses for this question.  As shown in Panel D, a plurality of client 
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households in the top quintile report cultivation as their main household income source (42.1 

percent), while a plurality of client households in the bottom quintile report agricultural labor as 

their main household income source (39.1 percent); 34.1 percent of client households in the top 

quintile report salaried work as their main income source, while only 6.0 percent of client 

households in the bottom quintile do.  For all questions, I assume that the “valid blank” response 

means that no household business was reported. 
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Table 4. Comparison of Loan Use & Household Characteristics Between Client 

Households in Top and Bottom Quintile of Indian Income Distribution (weighted) 

    

t-test of Differences: 

Top Quintile - Bottom 

Quintile 

 
Top 

Quintile 

Bottom 

Quintile  Significance P 

Mean Largest Loan of Household 
(Rupees) 98,041.42 16,516.89  ** 0.01 

Mean Annual Household Income 
(Rupees) 130,217.90 9,574.69  *** 0.00 

Mean Net Business Income from 
Household Business #1* (Rupees) 12,448.99 413.71  *** 0.00 

Mean Amount of Land Owned or 
Cultivated by Household if Hshld 
Owns Land (1/100 Acre) 21.5 32.0  *  0.09 
        

Panel A        

Loan Purpose 
% of 

Households 
% of 

Households    

House 25.2 7.5    
Land 0.2 1.6    
Marriage 0.5 7.4    
Ag/Business 44.1 35.5    
Consumption 5.2 19.4    
Car/Appliance 2.2 0.0    
Medical 7.9 5.4    
Other 14.6 23.1    

Panel B        

Industry of Household Business 
#1* 

% of 
Households 

% of 
Households    

No Household Business 
Reported 76.7 91.9    

Has Household Business:        
Fishing 0.0 31.1    
Agriculture 4.2 0.0    
Livestock 6.9 0.0    
Manf Food Products 10.1 0.0    
Manf Cotton Textiles 3.0 0.0    
Manf Wood/Silk/Etc 3.3 0.0    
Manf Agents 2.5 0.0    
Manf Basic Metal 0.0 21.7    
Retail Food 35.2 47.2    
Retail Household 6.6 0.0    
Retail Nec 15.7 0.0    
Transport Nec 2.0 0.0    
Personal Services 10.5 2.9    
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Table 4 Continued. 

Panel C     

Workplace of Household Business 
#1* 

% of 
Households 

% of 
Households 

No Household Business Reported 77.7 91.9 

Has Household Business:     

Home 46.9 20.3 

Other Fixed 44.2 0.0 

Moving 8.9 79.7 

Panel D     

Main Household Income Source 
% of 

Households 
% of 

Households 

Cultivation 42.1 33.8 

Allied Agriculture 0.5 0.0 

Ag Labour 3.7 39.1 

Non-Ag Labour 0.5 13.7 

Artisan 5.2 1.8 

Petty Trade 3.1 4.0 

Business 4.0 0.6 

Salaried 34.1 6.0 

Profession 0.6 0.0 

Pension/Rent 4.6 1.0 

Others 1.7 0.0 
   

N= 79 66 
   

* Households are allowed to list multiple business; results for just the 
first business reported are shown because very few households 
reported more than one household business. 
 

*  Significant at the 10% level   

** Significant at the 5% level   

*** Significant at the 0.5% level   
   

Source: IHDS 2005; Author's Calculations  

 

  
Figure 1 examines the income distribution in another way.  It shows the whole income 

distribution of each of the three groups: client, other borrowing, and non-borrowing households, 

in a kernel density plot.  It shows the natural log of income versus the proportion of each group 

that has that income.   



 
 

32 

As the figure illustrates, overall the income distributions of the three groups are very 

similar.  The income distribution of client households is the most narrow, meaning that it has a 

higher proportion of households in one income range.  Its peak, which shows where the greatest 

proportion of its households’ incomes lies, falls at the highest income of the three groups, 

although a greater percentage of non-borrowing households have incomes in higher ranges.  The 

income distribution of other borrowing households is only slightly less narrow than that of client 

households, and its peak is at a slightly lower income.  The income distribution of non-

borrowing households is the least narrow of the three, suggesting that incomes of households in 

this group are more evenly distributed.  Its distribution also juts out more towards higher 

incomes, showing that a greater percentage of households in this group have incomes in this 

range relative to the other two groups. 
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Figure 1. Natural Log of Income Probability Density Function, IHDS 2005 (weighted) 
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Land ownership is an indicator of household socioeconomic status, and also a useful 

input when participating in microcredit.  Because it is an indicator of socioeconomic status, 

many programs limit the amount of land that a household may own in order to participate in 

microcredit, as mentioned.  Figure 2 shows the distribution of the natural log of total area of land 

owned by those households that own land.  It shows the same three groups that were shown in 

Figure 1.  The goal of this figure is to compare the distribution of land among the three groups.  

A group that had many of its households having a lot of land relative to the other groups could be 

considered to have a higher socioeconomic status.  As the figure shows, this distribution has 

more rises and falls than the income distribution for each of the three groups, and the point at 

which proportion of households owning a certain amount of land falls dramatically is similar in 

all three groups.  Client households begin to fall off at higher amounts of land than the other two 

groups, though.  The land-ownership distribution of client households is the least narrow of the 

three, and also has the lowest high point.  This suggests that land-ownership is more varied in the 

client household group.   
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Figure 2.  Natural Log of Total Area of Land Owned by 1/100 Acres Probability Density 

Function, IHDS 2005 (weighted) 

 

 

Regression Results 

 
Rural Households Only 

Tables 5, 6, and 7 show the results for the three logit regression models on rural 

households only.  Multivariate odds ratios are shown.  Clients are compared to all other Indian 

households (so no designation is made between other borrowing households and non-borrowing 

households as before).  Separate income quintiles for urban and rural households were 

calculated, and the bottom four quintiles for each were used as independent variables in the 

regressions.  The highest quintile is the reference category.     
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Table 5 shows the odds ratios for a multivariate logit regression of just socioeconomic 

status variables on the odds of being a client household.  The odds ratios show the odds of the 

client group having certain characteristics in comparison to all non-client households.  For 

instance, among rural households the odds ratio of a household that is in the middle income 

quintile is 1.49, meaning that being in this quintile in rural areas increases a household’s odds of 

being a client household by 0.49.  This particular difference in odds is significant at the ten 

percent level.  Being in the fourth highest income quintile increases a household’s odds of being 

a client household by 1.48, which is significant at the 0.5 percent level.  None of the other 

socioeconomic status variables affect a household’s odds of being a client household at a 

statistically significant level. 
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Table 5.  Model 1: Logit regression of socioeconomic status variables on odds of being a 

client household, rural households only 

 

 Odds Ratio Std. Error t P 

Annual Household Income 1.00 0.00 0.73 0.47 

Widow-Headed Household 0.69 0.43 -0.58 0.56 

Amount of land owned  by household, if 
household owns land, squared 1.00 0.00 0.63 0.53 

Amount of land owned  by household, if 
household owns land 1.00 0.00 -0.65 0.52 

Rural Quintile 1  0.84 0.40 -0.36 0.72 

Rural Quintile 2 1.57 0.88 0.80 0.43 

Rural Quintile 3 1.49* 0.36 1.66 0.10 

Rural Quintile 4 2.48*** 0.57 3.91 0.00 

Highest Level of Educ Among Adults (21+) in 
House (Years) 1.01 0.03 0.34 0.74 

Monthly Per Capita Consumption 1.00 0.00 0.81 0.42 

     

Design df = 46     

F(10, 37) = 7.86     

Prob > F = 0      

 
Client Households N=314 
All other Indian Households N=41,240 
 

*  Significant at the 10% level 

** Significant at the 5% level 

*** Significant at the 0.5% level 

 
  

Table 6 shows the odds ratios for a multivariate logit regression of only social capital 

variables on the odds of being a client household.  Among rural households, being a member of a 

youth/sports/reading group increases a household’s odds of being a client household, while 

having acquaintances in the government field decreases a household’s odds of being a client 

household.  Membership in a youth/sports/reading group increases odds by 1.26, and is 

significant at the 0.5 percent level, and having acquaintances in the government field        
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Table 6. Model 2: Logit regression of social capital status variables on odds of being a client 

household, rural households only 

 

 Odds Ratio Std. Error t P 

Member of Youth/Sports/Reading Group 2.26*** 0.47 3.95 0.00 

Member of Union or Business Group 0.68 0.32 -0.81 0.42 

Member Relig/Social Group 2.08 1.12 1.36 0.18 

Member Caste Assoc 0.59 0.26 -1.19 0.24 

Acquaintances or relatives in medical field 1.52 0.63 1.01 0.32 
Acquaintances or relatives in education 
field 1.43 0.54 0.95 0.35 
Acquaintances or relatives in government 
service 0.62* 0.17 -1.78 0.08 
 
Design df = 51.00     

F(7,45) = 6.04     

Prob > F = 0.00     

 
Client Households N=314 
All other Indian Households N=41,240 

*  Significant at the 10% level 

** Significant at the 5% level 

*** Significant at the 0.5 level 

 

 Table 7 shows the odds ratios of a multivariate logit regression of both socioeconomic 

and social capital measures on client status among rural households.  As shown in the individual 

regressions (Tables 5 and 6), being in the third and fourth quintile increases a household’s odds 

of being a client household by 49 and 157 percent, respectively, in comparison to non-client 

households (significant at the ten and 0.5 percent level, respectively).  Being a member of a 

youth/reading/sports group increases a household’s odds of being a client household by 157 

percent, which is significant at the 0.5 percent level.  Being a member of a union or business 

group decreases a household’s odds of being a client household by 84 percent, which is 

significant at the five percent level.  Being a member of a caste association also decreases a 

household’s odds of being a client household by 70 percent, which is significant at the five 
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percent level.  This may suggest that the demographic characteristics of households in different 

groups vary, as membership in some groups increases odds of participating in microfinance, and 

membership in others decreases odds.  Perhaps those households that are members of business 

groups and/or caste associations already own businesses or have access to resources to start  

businesses, and therefore do not demand microfinance services. 
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Table 7. Model 3: Logit regression of both social capital and socioeconomic status variables 

on odds of being a client household, rural households only 

 

 Odds Ratio Std. Error t P 

Annual Household Income 1.00 0.00 0.56 0.58 

Widow-Headed Household 0.74 0.46 -0.48 0.63 

Amount of land owned  by household, 
if household owns land, squared 1.00 0.00 0.54 0.59 

Amount of land owned  by household, 
if household owns land 1.00 0.00 -0.57 0.57 

Rural Quintile 1  0.87 0.45 -0.26 0.79 

Rural Quintile 2 1.57 1.05 0.68 0.50 

Rural Quintile 3 1.49* 0.32 1.89 0.07 

Rural Quintile 4 2.57*** 0.57 4.27 0.00 

Highest Level of Educ Among Adults 
(21+) in House (Years) 1.00 0.03 0.03 0.98 

Monthly Per Capita Consumption 1.00 0.00 0.83 0.41 

Member of Youth/Sports/Reading 
Group 2.57*** 0.59 4.08 0.00 

Member of Union or Business Group 0.16** 0.14 -2.15 0.04 

Member Relig/Social Group 2.52 1.59 1.46 0.15 

Member Caste Assoc 0.30** 0.17 -2.15 0.04 

Acquaintances or relatives in medical 
field 1.34 0.78 0.51 0.61 

Acquaintances or relatives in education 
field 1.23 0.59 0.43 0.67 

Acquaintances or relatives in 
government service 0.60 0.20 -1.51 0.14 

     

Design df = 46     

F(17, 30) = 35.31     

Prob > F = 0      

 
Client Households N=314 
All other Indian Households N=41,240 
 

*  Significant at the 10% level 

** Significant at the 5% level 

*** Significant at the 0.5 level 
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Urban Households Only 

 

 Tables 8, 9, and 10 show results of the same three logit models using only urban 

households.  Table 8 shows the odds ratios for a multivariate logit regression of only 

socioeconomic status variables on the odds of being a client household.  The “widow-headed 

household,” “urban quintile 2,” and “urban quintile 3” variables were not included in this 

regression.  There appears to be a cell-size issue with each of these variables, causing them to be 

unable to be run in the regression.  Therefore, the reference group of the odds ratios for the 

remaining quintiles, one and four, is a combination of quintiles two, three, and five.  Among 

urban households, household’s annual income neither increases nor decreases a household’s odds 

of being a client household, which is significant at the five percent level.  Contrary to what was 

found among rural households, being in the fourth highest quintile decreases a household’s odds 

of being a client household, by 99 percent, which is significant at the five percent level.  This 

may suggest that there is better targeting of programs in urban areas than there is in rural areas, 

assuming that households in the fourth highest quintile are outside of most microcredit 

programs’ target group.  Interestingly, being in the bottom quintile for urban households 

decreases a household’s odds of being a client household, by 85 percent, which is significant at 

the ten percent level.   
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Table 8. Model 1: Logit regression of socioeconomic status variables on odds of being a 

client household, urban households only 

 

 Odds Ratio Std. Error t P 

Annual Household Income (Rupees) 1.00** 0.00 -2.60 0.01 

Amount of land owned  by household, if 
household owns land, squared (decimals 
squared) 1.00 0.00 -0.89 0.38 

Amount of land owned  by household, if 
household owns land (decimals) 1.01 0.01 0.79 0.43 

Urban Quintile 1 0.01** 0.02 -2.40 0.02 

Urban Quintile 4 0.15* 0.16 -1.74 0.09 

Highest Level of Educ Among Adults 
(21+) in House (Years) 1.03 0.09 0.37 0.71 

Monthly Per Capita Consumption 1.00 0.00 -0.32 0.75 

     

Design df = 47     

F(7, 41) = 6.42     

Prob > F = 0     

 
Client Households N=314 
All other Indian Households N=41,240 
 

*  Significant at the 10% level 

** Significant at the 5% level 

*** Significant at the 0.5% level 

 

 
 Table 9 shows the odds ratios for a multivariate logit regression of only social capital 

variables on the odds of being a client household.  Among urban households, being a member of 

a union or business group increases a household’s odds of being a client household by 0.97, 

which is significant at the five percent level.  This is the opposite of the effect found with rural 

households, where being a member of a union or business group decreased a household’s odds of 

being a client household.  Having acquaintances in the government field increases a household’s 

odds of being a client household by 80 percet, which is significant at the ten percent level.  

Having such acquaintances was not found to be a significant predictor of being a client 
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household in rural households.  In addition, being a member of a youth/sports/reading group was 

a significant positive predictor of being a client household among rural but not urban households.  

Different memberships predict participation in microcredit in rural versus urban areas.     

  

Table 9. Model 2: Logit regression of social capital status variables on odds of being a client 

household, urban households only 

 

 Odds Ratio Std. Error t P 
Member of Youth/Sports/Reading 
Group 1.13 0.60 0.23 0.82 
Member of Union or Business 
Group 1.97** 0.62 2.15 0.04 

Member Relig/Social Group 1.41 0.45 1.07 0.29 

Member Caste Assoc 1.01 0.40 0.02 0.99 
Acquaintances or relatives in 
medical field 1.15 0.24 0.69 0.49 
Acquaintances or relatives in 
education field 0.83 0.20 -0.76 0.45 
Acquaintances or relatives in 
government service 1.80* 0.58 1.81 0.08 
 
Design df = 51.00     

F(7,45) = 2.26     

Prob > F = 0.05     

 
Client Households N=314 
All other Indian Households N=41,240 

*  Significant at the 10% level 

** Significant at the 5% level 

*** Significant at the 0.5 level 

 

 Table 10 shows the odds ratios that result from a multivariate logit regression of both 

social capital and socioeconomic status variables on the odds of being a client household among 

urban households.  As with the regression shown in Table 8, the “widow-headed household,” 

“urban quintile 2,” and “urban quintile 3” variables were not included due to cell-size issues.  In 

addition, the “member of a union or business group” variable was not included in this regression 



 
 

43 

for the same reason.  Having acquaintances in the government field increases a household’s odds 

of being a client household by 2,645 percent, which is significant at the five percent level, while 

having acquaintances in the education field decreases a household’s odds by 80 percent.  A 

household’s annual income neither increases nor decreases a household’s odds of being a client 

household, which is significant at the five percent level.  Being in the bottom quintile decreases a 

household’s odds of being a client household by 100 percent, which is significant at the five 

percent level, and being in the fourth highest quintile decreases a household’s odds by 93 

percent, which is also significant at the five percent level.  The results related to the 

socioeconomic status variables are somewhat in contrast to those for rural households.  Among 

rural households, income was not a significant predictor of being a client household, and being in 

the fourth highest income quintile increased a household’s odds of being a client household. 
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Table 10. Model 3: Logit regression of both social capital and socioeconomic status 

variables on odds of being a client household, urban households only  

 

 Odds Ratio Std. Error t P 

Annual Household Income 1.00** 0.00 -2.37 0.02 
Amount of land owned  by 
household, if household owns land, 
squared 1.00 0.00 -0.58 0.57 
Amount of land owned  by 
household, if household owns land 1.02 0.02 0.75 0.46 

Urban Quintiles 1 & 2 0.00** 0.01 -2.49 0.02 

Urban Quintiles 3 & 4 0.07** 0.07 -2.70 0.01 
Highest Level of Educ Among 
Adults (21+) in House (Years) 0.99 0.11 -0.13 0.90 

Monthly Per Capita Consumption 1.00 0.00 -1.12 0.27 
Member of Youth/Sports/Reading 
Group 6.41 8.57 1.39 0.17 

Member Relig/Social Group 0.32 0.27 -1.33 0.19 

Member Caste Assoc 2.18 2.19 0.77 0.44 
Acquaintances or relatives in 
medical field 0.62 0.31 -0.96 0.34 
Acquaintances or relatives in 
education field 0.20* 0.18 -1.80 0.08 
Acquaintances or relatives in 
government service 36.45** 49.27 2.66 0.01 
 
Design df = 47     

F(13,35) = 100.79     

Prob > F = 0     

 
Client Households N=314 
All other Indian Households N=41,240 
 

*  Significant at the 10% level 

** Significant at the 5% level 

*** Significant at the 0.5 level 

 
  

A correlation matrix for the explanatory variables of the three models was examined 

because of potential multicollinearity.  A dummy variable for ownership of any agriculture land 

was highly multicollinear with several variables, including amount of land owned if a household 

owned land.  Therefore, this variable was not included in the regressions that included 
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socioeconomic status.  The collinearity matrixes for each of the three models are shown in Table 

A2 of the appendix. 

 

Discussion of Results 

As the analysis of the income distribution of client, non-borrowing, and other borrowing 

households shows, the income distribution of client households is not dramatically different than 

that of the other two groups.  Non-borrowing households have the highest average annual 

household income and the greatest proportion of households in the top income quintile.  One 

possible explanation for this finding is that there are many households in India that have incomes 

high enough not to demand credit. 

Considering the proportion of a group that is below the poverty line focuses only on the 

lower end of the distribution.  Prior research has shown that households participating in 

microfinance programs may or may not be below the poverty line.  In some studies, most 

participants were poor.  In his study of MFIs in Bangladesh, Khandker (1998: 56) found that 

about 83 percent of in-coming participants in Grameen Bank programs were moderately poor, 

and 33 percent were extremely poor.  In contrast, in a case study of 13 MFIs in several different 

developing countries, Hulme and Mosley (1996: 110-112) find that the proportion of borrowers 

below the poverty line ranges from none to the vast majority.   

Yet although it has been documented that the “ultrapoor” usually do not participate in 

microcredit (Khandker, 1998: 11), the results of this paper suggest that participants have 

household incomes that are distributed fairly similarly to the population as a whole.  This result 

is somewhat surprising, considering the goals of microfinance.   
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Client households are more likely to be poor compared to both other borrowing  

households and non-borrowing households based on some measures, suggesting that although 

the income distributions of all three may be similar overall, there are differences between client 

households and the other two groups in terms of the number of households below the poverty 

line.  The multivariate regression models showed that the effect of a household’s place in the 

income distribution on its odds of participating in microcredit depends greatly on whether or not 

this household lives in a rural or urban area.  Surprisingly, being in the fourth highest quintile 

increases a household’s odds of participating in microcredit among rural households.  The 

direction of this effect is reversed for urban households.  This suggests that relatively wealthy 

households utilize microcredit services in rural areas, whereas in urban areas being relatively 

wealthy is a barrier to participation.  

There are reasons to expect that some middle-income households would participate in 

microfinance.  For one, there may be middle-class women who are credit-constrained due to 

cultural reasons, not income reasons.  These women are within microcredit’s target population, 

and this many explain some of the middle- and upper-income households in the client group.  

Unfortunately it is not possible to determine, with this data, the gender of the person taking out 

the loan. 

The data sheds a bit of light on what households who are in the top income quintile of the 

whole population do with microloans.  The findings suggest that the characteristics and loan 

usage of households in the top and bottom quintiles do differ significantly.  The finding that the 

proportion of client households in the bottom quintile using loans for consumption is higher than 

that for client households in the top quintile suggests that those in the bottom quintile have more 

need for microcredit to sustain basic consumption.   
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Landlessness is another measure of low socioeconomic status.  In neither rural nor urban 

areas does being a landowner does not significantly affect household participation in microcredit.  

This paper’s finding that being a land-owner increases a household’s odds of participating in 

microcredit is in line with prior findings.  In an evaluation of microcredit programs in 

Bangladesh, Khandker (1998: 43) finds that land-holding is associated with increased program 

participation among households in the target group of households with a certain number of acres 

of land or less (this is a slightly different statistic).  This finding makes sense in some ways 

because having some land may enable a household to utilize a micro-loan for a small agricultural 

project.  However, there was no significant difference between the amount of land owned 

between client and non-client households, so it is not just households with a relatively small 

amount of land who are participating.   

The level of consumption in a household and education of household heads are additional 

measures of socioeconomic status.  I would hypothesize that lower levels of education of the 

household head or lower levels of consumption would increase a household’s odds of being a 

client household, since those indicators would suggest poverty.  As the regression results show, 

though, neither the highest level of education of an adult in the household, nor the per capita 

consumption of household members significantly affects participation in microcredit.   

In one-on-one t-tests, I show that client households are significantly more likely to 

engage in some social capital-increasing activities in comparison to both other borrowers and 

non-borrowers.  It should be noted, though, that there are many instances where they are not 

more likely to participate in these activities.  If all of these activities can be thought of as 

increasing a household’s social ties and others’ trust in this household, then these indicators can 

be used as proxies for a household’s level of social capital.   
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These findings suggest that, in relation to the rest of their community, households with 

significantly different odds of being in some social-capital forming situations are participating in 

microcredit.  This result is not surprising in some ways.  Two of the most common approaches to 

MFI management are self-help groups and cooperative groups, and both allow members to self-

select other group members to some extent.  Self-help groups are typically self-selected, and 

cooperative members recruit others to join with them (Hulme and Mosley, 1996: 170).  As Table 

1 shows, less than half of client households are members of self-help groups.  While it is not 

known what type of program the households that are not members of self-help groups participate 

in, it is likely that cooperatives are used by some clients since it is one of the most common 

schemes.  One explanation for the observed difference in social capital indicators between client 

and non-client households is that those with extensive community resources are more likely to be 

invited to join a self-help group or cooperative because others in the community know them. 

An extension of this idea is that a certain level of social capital may be necessary, or at 

least advantageous, for households to participate in microcredit.  This is because participation in 

a savings group requires trust between members, which is more likely to exist between members 

of a community who are already connected to each other based on prior group memberships and 

networking opportunities.  Karlan finds that higher levels of geographic proximity and cultural 

similarity among group members predict lower loan default rates, suggesting that the threat of 

negative social effects to defaulting aids in the repayment of group loans (Armendariz and 

Morduch, 2007: 106).  Especially in the case of cooperatives, members’ ability to choose their 

co-borrowing households has led to the exclusion of poorer members (Hulme and Mosley, 1996: 

172).  If this is the case, this represents a barrier to expanding microcredit to the most excluded 

members of a community and breaking down existing social and economic hierarchies.   
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Conclusions and Recommendations 

As many have noted, “the poor” is not a homogeneous group (see Hulme and Mosley, 

1996: 132).  It is hard to define exactly what being poor means, whether it is purely an income-

based indicator, or whether it encompasses such issues as social isolation or health.  Even if 

those indicators can be agreed upon it, there will always be a poverty spectrum, and individuals 

falling at different places on that spectrum are likely to have different demographic 

characteristics and needs. 

Given that there are subgroups among the poor, microcredit should embrace the idea that 

a variety of services are likely to be demanded by the poor.  This idea has been recommended by 

others in the field (see Hulme and Mosley, 1996).  Considering the finding of this paper 

regarding social capital measures, one subgroup that should be paid attention to is the socially 

isolated.  The current structures of many MFIs make participation by the socially-excluded 

difficult, even though one of microcredit’s goals is to increase social capital among members.   

The results of this paper suggest that, even if microcredit were to well-serve the diversity 

of types of poor households in India, many client households would still be middle- and upper-

income.  One of the key findings of this paper is that microcredit programs in India do not just 

reach the less-poor, but those with middle and upper incomes relative to the national income 

distribution.   

An area for future research may be an examination of the programs that lend to such 

relatively high income households.  It would be valuable to determine whether or not these 

households are participating because they are in fact credit constrained, or because they have 

been allowed to participate due to a lack of strict or well-designed eligibility rules.  Much 

research has been done about the credit situation of low-income households, but further research 
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should be done to evaluate the credit situation of middle-income households in developing 

countries.  An additional theory is that there is a failure in targeting among MFIs, suggesting that 

studies of MFI management may be a valuable addition to the literature.   

 It would be possible to do some of this research using the next round of the IHDS if the 

survey were modified in the following ways.  For one, it would be very useful to know the 

gender of the person who takes out the loan within the household.  Secondly, it would be easier 

to examine characteristics of the businesses opened using microloans if there were a yes-or-no 

question that asked whether anyone in the household ran a business.  In this paper, business 

ownership was inferred by a response to a question about home business characteristics.  Lastly, 

it would be much easier to isolate effects of microcredit programs on household outcomes if 

there were a question that asked when the household got its first microcredit loan.  As the survey 

is now, we can only determine when the household received its largest microloan.  If these 

changes were implemented, further questions could be answered about the use of microloans in 

India. 
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APPENDIX 

 

Table A1.  Definitions of Poverty used in Paper 

 

Definition of Poverty Line Description 

IHDS Consumption Definition Quantities of certain items consumed by the 
household in a month 

Indian Government Definition Rural: Rs. 4,272 * Number of HH Members 
Urban: Rs. 6,468 * Number of HH Members 

Mosley Definition Rs. 30,605.74 per Household (based on 
$39/day per household) 
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Table A2.  Correlation Matrices for Models 1, 2, and 3 to Test for Multicollinearity  

 

Model 1, urban households only 
 Numbers refer to variables listed in column:    

 1 2 3 4 5 6 7 8 9 10 11 

1. Dependent variable: Household is a Client 
Household 1.00                     

2. Annual Household Income 0.01 1.00                   

3. Urban Quintile 1 0.00 -0.47 1.00                 

4. Urban Quintile 2 0.01 -0.14 -0.44 1.00               

5. Urban Quintile 3 -0.01 0.00 -0.35 -0.20 1.00             

6. Urban Quintile 4 0.01 0.17 -0.32 -0.18 -0.14 1.00           

7. Widow-Headed Household 0.00 -0.03 0.04 -0.01 0.00 -0.02 1.00         

8. Amount of land owned  by household, if 
household owns land, squared 0.00 0.02 -0.02 0.00 0.02 -0.01 -0.01 1.00       

9. Amount of land owned  by household, if 
household owns land 0.00 0.05 -0.04 -0.01 0.02 0.00 -0.01 0.89 1.00     

10. Highest Level of Educ Among Adults (21+) in 
House (Years) 0.01 0.34 -0.34 -0.04 0.08 0.18 -0.06 0.02 0.05 1.00   

11. Monthly Per Capita Consumption 0.00 0.33 -0.24 -0.06 0.02 0.11 0.01 0.02 0.03 0.28 1.00 

 

 

Model 1, rural households only 
 Numbers refer to variables listed in column:     

 1 2 3 4 5 6 7 8 9 10 11 

1. Dependent variable: Household is a Client 
Household 1.00                     

2. Annual Household Income 0.01 1.00                   

3. Rural Quintile 1  0.00 -0.28 1.00                 

4. Rural Quintile 2 -0.01 -0.23 -0.19 1.00               

5. Rural Quintile 3 0.00 -0.18 -0.20 -0.19 1.00             

6. Rural Quintile 4 0.01 -0.10 -0.22 -0.22 -0.22 1.00           

7. Widow-Headed Household 0.00 -0.03 0.04 0.01 0.00 -0.02 1.00         

8. Amount of land owned  by household, if household 
owns land, squared 0.00 0.02 -0.01 -0.01 -0.01 0.00 -0.01 1.00       

9. Amount of land owned  by household, if household 
owns land 0.00 0.05 -0.01 -0.02 -0.03 0.00 -0.01 0.89 1.00     

10. Highest Level of Educ Among Adults (21+) in 
House (Years) 0.01 0.34 -0.18 -0.18 -0.12 0.00 -0.06 0.02 0.05 1.00   

11. Monthly Per Capita Consumption 0.00 0.33 -0.11 -0.13 -0.10 -0.04 0.01 0.02 0.03 0.28 1.00 
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Table A2 Continued.  Correlation Matrices for Models 1, 2, and 3 to Test for Multicollinearity  

 

Model 2, same for urban and rural households 

 
Numbers refer to variables listed in 
column: 

 1 12 13 14 15 16 17 18 

1. Dependent variable: Household is a Client 
Household 1.00               

12. Member of Youth/Sports/Reading Group 0.02 1.00             

13. Member of Union or Business Group 0.01 0.24 1.00           

14. Member Relig/Social Group 0.01 0.16 0.09 1.00         

15. Member Caste Assoc 0.00 0.12 0.12 0.46 1.00       

16. Acquaintances or relatives in medical field 0.02 0.07 0.05 0.07 0.02 1.00     

17. Acquaintances or relatives in education field 0.02 0.08 0.06 0.10 0.05 0.52 1.00   

18. Acquaintances or relatives in government 
service 0.00 0.07 0.07 0.08 0.03 0.40 0.45 1.00 
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Table A2 Continued.  Correlation Matrices for Models 1, 2, and 3 to Test for Multicollinearity  

 

Model 3, urban households only 

 

Numbers refer to variables listed in column:

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18

1. Dependent variable: Household is a Client Household 1.00

2. Annual Household Income 0.01 1.00

3. Urban Quintile 1 0.00 -0.47 1.00

4. Urban Quintile 2 0.01 -0.14 -0.44 1.00

5. Urban Quintile 3 -0.01 0.00 -0.34 -0.20 1.00

6. Urban Quintile 4 0.00 0.17 -0.32 -0.18 -0.14 1.00

7. Widow-Headed Household 0.00 -0.03 0.04 -0.01 0.00 -0.02 1.00
8. Amount of land owned  by household, if household owns 

land, squared 0.00 0.02 -0.02 0.00 0.02 -0.01 -0.01 1.00
9. Amount of land owned  by household, if household owns 

land 0.00 0.04 -0.04 -0.01 0.02 0.00 -0.01 0.89 1.00

10. Highest Level of Educ Among Adults (21+) in House 

(Years) 0.01 0.34 -0.34 -0.04 0.08 0.18 -0.06 0.02 0.05 1.00

11. Monthly Per Capita Consumption 0.00 0.33 -0.24 -0.06 0.02 0.11 0.01 0.02 0.03 0.28 1.00

12. Member of Youth/Sports/Reading Group 0.03 0.11 -0.08 -0.01 0.01 0.03 0.00 0.00 0.01 0.14 0.10 1.00

13. Member of Union or Business Group -0.01 0.11 -0.09 -0.02 0.03 0.03 -0.01 0.00 0.00 0.09 0.11 0.17 1.00

14. Member Relig/Social Group 0.01 0.05 -0.03 -0.02 0.03 0.00 -0.02 -0.01 -0.01 0.08 0.04 0.18 0.10 1.00

15. Member Caste Assoc -0.01 0.01 -0.02 0.02 0.02 0.00 -0.01 -0.01 -0.01 0.00 0.02 0.14 0.13 0.46 1.00

16. Acquaintances or relatives in medical field 0.02 0.17 -0.14 -0.03 0.02 0.07 -0.02 0.01 0.02 0.22 0.18 0.09 0.05 0.08 0.04 1.00

17. Acquaintances or relatives in education field 0.01 0.16 -0.16 -0.01 0.03 0.09 -0.03 0.00 0.02 0.27 0.17 0.10 0.06 0.11 0.05 0.51 1.00

18. Acquaintances or relatives in government service 0.00 0.23 -0.23 -0.03 0.05 0.13 -0.03 0.03 0.04 0.30 0.25 0.09 0.06 0.07 0.03 0.38 0.43 1.00  
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Table A2 Continued.  Correlation Matrices for Models 1, 2, and 3 to Test for Multicollinearity  

 

Model 3, rural households only 

 
Numbers refer to variables listed in column:

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18

1. Dependent variable: Household is a Client Household 1.00

2. Annual Household Income 0.01 1.00

3. Rural Quintile 1 0.00 -0.28 1.00

4. Rural Quintile 2 -0.01 -0.23 -0.19 1.00

5. Rural Quintile 3 0.00 -0.18 -0.20 -0.19 1.00

6. Rural Quintile 4 0.01 -0.10 -0.22 -0.22 -0.22 1.00

7. Widow-Headed Household 0.00 -0.03 0.04 0.01 0.00 -0.02 1.00
8. Amount of land owned  by household, if household owns 

land, squared 0.00 0.02 -0.01 -0.01 -0.01 0.00 -0.01 1.00
9. Amount of land owned  by household, if household owns 

land 0.00 0.04 -0.01 -0.02 -0.03 0.00 -0.01 0.89 1.00

10. Highest Level of Educ Among Adults (21+) in House 

(Years) 0.01 0.34 -0.18 -0.18 -0.12 0.00 -0.06 0.02 0.05 1.00

11. Monthly Per Capita Consumption 0.00 0.33 -0.11 -0.13 -0.11 -0.04 0.01 0.02 0.03 0.28 1.00

12. Member of Youth/Sports/Reading Group 0.03 0.11 -0.04 -0.04 -0.03 -0.01 0.00 0.00 0.01 0.14 0.10 1.00

13. Member of Union or Business Group -0.01 0.11 -0.05 -0.04 -0.03 -0.01 -0.01 0.00 0.00 0.09 0.11 0.17 1.00

14. Member Relig/Social Group 0.01 0.05 -0.03 -0.01 -0.02 0.00 -0.02 -0.01 -0.01 0.08 0.04 0.18 0.10 1.00

15. Member Caste Assoc -0.01 0.01 -0.02 -0.01 0.01 0.02 -0.01 -0.01 -0.01 0.00 0.02 0.14 0.13 0.46 1.00

16. Acquaintances or relatives in medical field 0.02 0.17 -0.07 -0.08 -0.05 -0.02 -0.02 0.01 0.02 0.22 0.18 0.09 0.05 0.08 0.04 1.00

17. Acquaintances or relatives in education field 0.01 0.16 -0.09 -0.08 -0.05 0.01 -0.03 0.00 0.02 0.27 0.17 0.10 0.06 0.11 0.05 0.51 1.00

18. Acquaintances or relatives in government service 0.00 0.23 -0.12 -0.12 -0.08 -0.01 -0.03 0.03 0.04 0.30 0.25 0.09 0.06 0.07 0.03 0.38 0.43 1.00  
 

 


