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Abstract 

Both the welfare state and the criminal justice system have undergone tremendous 

changes in the past 50 years. While the “right hand” carceral state has swelled through 

increased populations and spending, the “left hand” welfare state has simultaneously 

shifted caseloads and spending toward programs that support and reward the working 

poor and away from cash programs for those in deep poverty. This dissertation examines 

the theoretical and empirical connections between the changes in these two “hands” of 

the state using the particular case of General Assistance (GA) welfare programs from 

1960 to 2010. In three sets of analysis, this study examines what factors account for 

major changes in GA policy since the late 1950s, as well as how GA welfare provision 

has affected state incarceration rates and crime rates at the state and county level over 

time and space. Results from these analyses highlight two important points: 1) the 

outlook for low-income men (and others not eligible for federal welfare programs) has 

become more dire over the last several decades as states have ended income supports for 

this population in conjunction with higher rates of incarceration; and 2) the loss of such 

income supports impacts public safety since greater provision of GA is associated with 

reductions in several types of crime. 
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CHAPTER 1: INTRODUCTION AND OVERVIEW 

The criminal justice system and the welfare state are two major social institutions 

that affect the lives of millions of U.S. citizens. Currently, there are more than 2 million 

people incarcerated in U.S. jails and prisons and nearly 4.5 million people receiving 

Temporary Assistance for Needy Families (TANF) benefits (Carson and Sabol 2012; 

Minton 2012; U.S. Department of Health and Human Services 2013). The majority of 

both populations are racial minorities (Carson and Sabol 2012; U.S. Department of 

Health and Human Services 2012). Together, these institutions make up what Bourdieu 

termed the “right hand” and “left hand” of the state (Bourdieu 1998). As the “right hand” 

of the state, the criminal justice system represents forms of social control that are 

coercive, while the “left hand” welfare state represents more beneficent social provision 

(Bourdieu 1998; Soss, Fording and Schram 2008; Wacquant 2009).  

Both the welfare state and the criminal justice system have undergone tremendous 

changes in the past 50 years. While the “right hand” carceral state has swelled through 

increased populations and spending, the “left hand” welfare state has simultaneously 

shifted caseloads and spending toward programs that support and reward the working 

poor and away from cash programs for those in deep poverty (Soss, Fording, and Schram 

2011a; Ben-Shalom, Moffitt, and Scholz 2011). This dissertation examines the theoretical 

and empirical connections between the changes in these two “hands” of the state using 

the particular case of General Assistance (GA) welfare programs from 1960 to 2010. I do 

so by estimating statistical models predicting states ending GA programs, as well as 
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models showing how GA provision affects state incarceration rates and crime at the state 

and county levels. 

The U.S. prison incarceration rate has risen dramatically, from a rate of about 100 

per 100,000 people in 1970 to more than 500 per 100,000 in 2009, then showing slight 

decline in 2010 and 2011 (Carson and Sabol 2012; Sabol, West and Cooper 2009). 

Garland (2001) argues that increased use of incarceration in the United Kingdom and the 

United States during the late 20th century was precipitated by changes in structural and 

cultural forces from the 1960s onward, including increasing crime rates, urban decay, 

changes in family structure, and declines in economic prosperity, as well as shifts in 

cultural sensibilities, such as growing pessimism and distrust of the state.  

Combined with critiques of the rehabilitative model of incarceration from 

academics, prison rights activists, and the political right, these forces helped drive various 

adaptations in the practice of punishment that include more punitive sentencing policies, 

the War on Drugs, and increased focus on containing and managing rather than 

rehabilitating criminals (Feeley and Simon 1992). Minorities are disproportionately 

represented in the prison population as compared to their proportion of the general 

population (Wheelock and Uggen 2008; Pettit and Western 2004; Western 2006). In light 

of these developments, some scholars argue that social control of low-income, minority 

populations is a driving force behind the incarceration boom (Alexander 2011). For 

example, Wacquant (2001) argues forcefully that this transformation of the “right hand” 

penal state is the most recent in a series of institutions designed to control the black 

working class, replacing slavery, Jim Crow, and the urban ghetto.   
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As the incarceration rate has ballooned, the “left hand” of the state has also been 

transformed (Pierson 1996; Hacker 2004; Vartanian, Schram, Baumohl and Soss 1999; 

Soss, Fording and Schram 2008; Schram, Soss, Fording and Houser 2009).  Since the 

1970s, decommodifying welfare programs – that is, programs that provide income 

supports outside the labor market – in the U.S. have been curtailed and reformed through 

large-scale policy changes, such as the Personal Responsibility and Work Opportunity 

Reconciliation Act (PRWORA) of 1996, but also by more “subterranean” means, such as 

failure to update benefits and services to meet contemporary needs (Hacker 2004, p. 245). 

Budget cuts and program restructuring have made welfare programs more temporary, 

minimal, and means-tested (Hacker 2004).  

In addition, the administration and financing of welfare programs has been 

systematically passed down from the federal government to the states, and even to local 

governments and private agencies (Soss et al. 2008). Policy changes in the 1990s brought 

increased behavioral expectations for benefit receipt, such as time limits and work 

requirements, creating what some have called the new paternalism (Mead 1997; 2004) 

and a form of neoliberal social control (Soss et al. 2008; Schram et al. 2009; Wacquant 

2009). Despite decreases in caseloads for means-tested income supports for the poor, 

welfare spending has gone up as expenditures have shifted toward programs supporting 

workers, such as the Earned Income Tax Credit (EITC) and groups with special needs 

such as the elderly and disabled (Ben-Shalom et al. 2011). Now, rather than providing 

relief from the pressures of the market economy, welfare programs for the poor subject 
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recipients to ever-increasing pressure to move off the rolls and into the low-wage labor 

market via a systems of sanctions and incentives (Soss et al. 2011a).  

Social scientists have taken note of these changes and theorized connections 

between them. Some argue that states are making trade-offs between more or less 

punitive policy regimes (Beckett and Western 2001; Fording 2001), while others assert 

that the carceral state has completely usurped the welfare state as a means of controlling 

racial minorities and the working class (Wacquant 2009; 2010). Still others contend that, 

with the rise of neoliberal paternalist welfare policies from the 1990s on, the lines are 

blurring between these two systems, with each borrowing tactics from the other (Soss, 

Fording and Schram 2011a; Haney 2004). These scholars argue that a real shift has taken 

place from decommodifying welfare programs to commodifying and correctional 

programs as a means of poverty governance. This research has shown that the changes in 

these two systems are driven by similar economic, racial, and political factors as a means 

of governing the poor (Soss, Fording and Schram 2011a).  

Studies examining the crossovers between these two systems have found two 

common predictors of greater incarceration and lower welfare generosity: Republican 

control of state government and larger African American population. Republican political 

control, measured either in terms of governor or control of state legislature, is associated 

with higher rates of incarceration and lower welfare spending in most cases (Beckett and 

Western 2001; Greenberg and West 2001; Fording 2001; Stucky, Heimer and Lang 

2005). Guetzkow (2006) found that states with Republican governors spend less on 

welfare than states with Democratic governors, but governors from both parties spend the 
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same on incarceration. Republican-controlled legislatures spend less on corrections than 

Democratic ones, but about the same on welfare. States with higher African American 

populations also see higher rates of incarceration and less generous welfare spending 

(Beckett and Western 2001; Greenberg and West 2001; Fording 2001; Stucky, Heimer 

and Lang 2005). Although, Fording (2001) found that during times of political 

insurgency, such as the Civil Rights movement, states with higher African American 

populations see upticks in both welfare spending and incarceration rates, suggesting that 

the state may use both as a means of quelling unrest. 

 The study of these potential links is important to the sociological understanding of 

welfare, crime, and incarceration for several reasons. First, ample theory and research 

suggest that economic deprivation is linked to higher rates of crime at the individual and 

aggregate levels (Becker 1968; McCarthy 2002; Merton 1938; Messner and Rosenfeld 

1997; Shaw and McKay 1942; Sampson, Raudenbush and Earls 1997). In addition, some 

research has shown that spending on income supports outside the labor market is 

inversely related to crime rates at multiple levels of analysis (DeFronzo 1996; DeFronzo 

1997; Hannon and DeFronzo 1998a; Hannon and DeFronzo 1998b; Sutton 2000; Messner 

and Rosenfeld 1997). Sociologists Messner and Rosenfeld (2007; 2013) suggest that 

bolstering welfare state programs that provide relief from market pressures may lower 

crime and avoid the significant financial and social costs associated with high rates of 

incarceration. 

Second, the criminal justice and social welfare systems comprise two major social 

institutions that impact the lives of society’s most vulnerable citizens – the poor and 
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racial minorities.  These institutions affect social stratification by exacerbating or 

attempting to ameliorate existing inequality and, in some cases, creating new inequalities 

(Western 2006; Wakefield and Uggen 2010). In addition to considerable financial costs 

to states (rising from $15 billion in 1982 to $48.5 billion in 2010 in real dollars), high 

rates of incarceration carry substantial social costs as well (Kyckelhahn 2012). Those 

who have been incarcerated experience reduced economic and educational attainment 

(Western 2006; Pager 2009; Stoll and Bushway 2008; Hirschfield 2008), long-term 

deficits in health (Schnittker and John 2007; Massoglia 2008), altered family structure 

(Western and Wildeman 2009; Braman 2004; Comfort 2008), and disrupted civic and 

community functioning (Petersilia 2003; Clear 2007; Manza and Uggen 2006). High rates 

of incarceration tend to be concentrated in low-income, minority neighborhoods and may 

exacerbate already high rates of crime in these areas due to a continuous cycling of 

individuals in and out of prison (Clear 2007; Travis 2005).  

Race figures prominently in both the expansion of punishment and the contraction 

of welfare.  As shown in Figure 1, African Americans are overrepresented in both the 

prison and welfare (Temporary Assistance for Needy Families) populations as compared 

to their proportion of the general U.S. population. 

[Figure 1.1 about here] 

Racial disparities in incarceration are striking, with African Americans incarcerated 

seven times as often as whites (Wheelock and Uggen 2008). African American men with 

less than a high school education are incarcerated at especially high rates (Western 2006; 
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Pettit and Western 2004). For example, a black male high school dropout born in the late 

1960s had a nearly 60% chance of spending time in prison by 1990, a rate that is five 

times higher than a similarly situated white man (Pettit and Western 2004; Western 

2006). 

Welfare scholars have likewise identified a punitive turn in welfare administration 

whereby minorities and those who are perceived as noncompliant are sanctioned at higher 

rates than whites (Schram et al. 2009).  African-Americans are more likely than whites to 

exhaust their welfare time limits, cycle back on to welfare after leaving, and receive 

fewer referrals for education and training (Schram 2005). In addition, devolving welfare 

administration to state and local jurisdictions has made it possible for local racial 

prejudices to influence welfare budgets and punitive practices such as sanctioning 

(Fording, Soss and Schram 2011; Milbourne 2010; Schram et al. 2009). Understanding 

how these systems have changed and how they intersect is critical to understanding the 

dynamics of inequality in the contemporary United States.  

Third, there are important policy implications if changes in one of these systems 

lead to changes in the other, especially in terms of public safety and spending. U.S. crime 

rates have dropped dramatically since the mid-1990s (Baumer and Wolff 2012; Zimring 

2007). Some research has found that increased incarceration has contributed anywhere 

from 10 to 30 percent of the crime decline (Levitt 2004; Western 2006; Zimring 2007). 

But in light of the high economic and social costs of incarceration, some scholars propose 

that less costly crime control methods could be employed with similar or better 

reductions in crime, such as improved policing (Durlauf and Nagin 2011) or 
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strengthening decommodifying welfare programs (Rosenfeld and Messner 2010). The 

latter alternative is most relevant to the analysis in this dissertation. For example, if 

providing modest welfare payments can offset certain types of economically-motivated 

crime, then increasing such benefits may be a more cost-effective means of reducing 

crime than incarceration. To put it bluntly, could we spend $100 a month providing a 

welfare check rather than $100 a day providing a prison cell and still reduce crime?  

Prevention of crime has long been one focus of the U.S. welfare state policies. 

President Franklin D. Roosevelt claimed that his myriad New Deal policies “struck at the 

very roots of crime” by providing work and income supports during a time of profound 

economic crisis (Johnson, Kantor, and Fishback 2007). A recent study shows that greater 

relief spending during the Great Depression did significantly lower rates of crime in U.S. 

cities (Johnson et al. 2007). Large-scale policy experiments during the Great Society era 

in the 1960s and 1970s tested whether work or income supports could reduce recidivism 

in hard-to-employ populations, including parolees. The National Supported Work 

Demonstration Project provided basic, transitional jobs to those with a history of 

incarceration in nine U.S. cities from 1975 to 1979 (Piliavin, Gartner, Thornton, and 

Matsueda 1986). Experimental evaluations of Supported Work found significant 

reductions in recidivism, especially for older participants (Dickinson 1981; Dickinson 

and Maynard 1981; Uggen 2000). The Transitional Aid Research Project (TARP) 

operated from 1976 to 1977 and randomly assigned parolees in Georgia and Texas to 

receive unemployment payments for up to six months post-release. Evaluations of TARP 

showed that the program produced modest short-term reductions in recidivism but was 
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criticized for providing a “work disincentive” as those in the treatment group took longer 

to secure jobs (Rossi, Berk, and Lenihan 1980). Further analysis shows no significant 

long-term effects of TARP payments on recidivism (Needels 1996). 

With growing support for reentry initiatives in recent decades, current policy 

efforts focus largely on programs that require or support work for parolees (Bushway and 

Apel 2012; Mead 2007; Zweig, Yahner, and Redcross 2010). One contemporary example 

is the New York Center for Employment Opportunities randomized experiment assigning 

parolees to transitional jobs, which has produced notable long-term effects on lowered 

recidivism (Zweig et al. 2010). These programs tend to exhibit the neoliberal paternalist 

policies evident in public welfare programs, with incentives and sanctions bolstering 

work requirements, including the threat of return to prison (Soss et al. 2011a). Income 

supports outside the labor market akin to those of the TARP program in the 1970s are 

largely off the table in reentry policy discussions and welfare programs that provide such 

supports for men outside the labor market have been allowed to languish amid other 

welfare policy reforms. 

In light of this important intersection between crime, punishment, and welfare 

provision, my dissertation integrates these two theoretical and empirical streams: 1) how 

changes in welfare programs and incarceration relate over time, and 2) how welfare 

programs that provide income support outside the labor market affect crime rates. I do so 

by investigating the historical changes in state GA welfare programs and how 

fluctuations in policy and provision have affected rates of crime and incarceration over 

time and space. GA programs began in the 1930s as “safety net” programs for people 
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who did not meet the criteria for federally-funded welfare programs. Responsibility for 

funding and eligibility determination for GA has always been carried by states, counties, 

or municipalities, not the Federal Government. 

Previous studies of the crossover between the welfare state and the criminal 

justice system have used data from welfare programs like Aid for Families with 

Dependent Children (AFDC, now TANF), whose clients are primarily female, while most 

prison inmates are male. My study will examine these questions using data from the only 

welfare program that is not explicitly tied to participation in the labor market – as is the 

case for Unemployment Insurance (UI), the Earned Income Tax Credit (EITC), or 

Supplemental Security Income (SSI) – and has been widely available to men. GA is a 

valuable program to study in order to understand how forms of income support outside 

the labor market affect crime and punishment. GA is also analytically useful due to its 

wide variation in availability across the 50 states and at the local level. My analyses also 

include a host important control variables for race, labor market conditions, 

demographics, and political partisanship in light of previous research.  

Using a new 50-state data set for the years 1950 to 2010, my dissertation will 

address the following three research questions:   

1) What factors have contributed to states ending GA programs between 1958 and 

2010? 

2) How has the availability of GA programs influenced incarceration rates over 

space and time?  
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3) Does greater GA coverage of the population in poverty lead to lower crime 

rates, especially at the county level? 

This dissertation proceeds as follows. Chapter 2 provides a literature review and 

framework for understanding the theoretical and empirical connections between crime, 

incarceration, and welfare programs. This chapter includes a detailed discussion of my 

research questions and hypotheses. Chapter 3 explains the data, measures, and methods 

that I use in my analysis. Chapter 4 presents results from event history and fixed effects 

models predicting the end of GA welfare programs and GA’s effects on state 

incarceration rates, respectively. Chapter 5 describes findings from fixed effects and first-

difference models predicting the effect of GA provision on crime at the state and county 

level. Finally, Chapter 6 concludes with a discussion of the findings from the analyses 

and implications for policy and future research. 
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CHAPTER 2: CONCEPTIONS OF CRIME, PUNISHMENT, AND PUBLIC 

ASSISTANCE 

In this chapter, I present a literature review and hypotheses to guide my analyses 

of how General Assistance programs, incarceration rates, and crime rates relate over time 

and space. This chapter contains three primary sections. The first section situates a 

discussion of General Assistance welfare programs within the broader trends of welfare 

state growth and decline in the United States. The second section examines theory and 

empirical studies suggesting a link between the growth of U.S. incarceration and the 

transformation of the welfare state. The final section reviews sociological theories 

connecting economic deprivation and crime and summarizes previous studies of the 

effects of decommodifying welfare programs on crime rates.  Each of these sections 

attends to the spatial variation of these phenomena at multiple scales of geographic 

analysis, including national, state, and lower levels. The chapter concludes with a 

discussion of my research questions and hypotheses as informed by prior theory and 

research. 

 

The Left Hand - Welfare Growth and Decline in the United States 

 The U.S. welfare state – what Bourdieu (1998) called the “left hand” of the state – 

has undergone significant policy change in recent decades. Research on welfare reform 

since 1996 has focused on the increased use of paternalistic behavioral expectations and 

punitive enforcement of work requirements (Mead 1997; Soss, Fording and Schram 
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2011a). Some scholars have characterized these developments as “disciplinary welfare 

reform,” situated within the broader political framework of neoliberalism that seeks to 

apply market logics to the state and mold citizens into self-governing subjects (Soss et al. 

2011a). Others point out how welfare policies are increasingly used to draw low income, 

minority populations into the criminal justice system, such as investigations of welfare 

fraud and exclusions from welfare receipt for individuals with drug convictions 

(Gustafson 2009; Thompson, Uggen and Western in progress). Studies also show striking 

racial disparities in how welfare workers enforce punitive welfare sanctions (Schram, 

Soss, Fording, and Houser 2009). Historically, welfare scholars have identified ways that 

welfare programs have been used to exercise social control along the lines of gender and 

race in the United States, especially to enforce participation in the labor force.  

 Sociologists are interested in welfare programs as they relate to several theoretical 

traditions. From a critical perspective, some have argued that welfare is used by the state 

as a tool to quell social unrest and exert social control over the working class (Piven and 

Cloward 1971; Wacquant 2009; Soss et al. 2011a). In Weberian terms, welfare also 

constitutes a major bureaucratic social institution intended to provide aid for the poor via 

rationalized rules and formal procedures (Weber 1978; Lipsky 1980). From a structural 

functionalist standpoint, welfare programs represent what Coleman (1993) called 

“purposively constructed social organization” that has replaced more traditional, family-

based modes of social control in modern society. Sociologists have long been involved in 

liberal efforts to reform welfare policy in order to alter the structural conditions of 

poverty, as well as debates about the “culture of poverty” in urban ghettos (Wilson 1987). 
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Finally, sociologists argue that welfare constitutes an important dimension of 

stratification research, given its role in attempts to ameliorate (but often reinforcing) 

inequality along gender, racial, class, and geographic lines (O’Connor 2000). 

In this section, I outline the history of welfare provision in the United States, with 

a focus on how these programs have been shaped by gender and racial politics. Following 

this overarching history, I discuss state General Assistance (GA) welfare programs for 

those who do not qualify for other welfare programs. Unlike other cash welfare 

programs, GA programs typically serve low-income, single men, who make up the 

majority of state prisoners. I provide a brief discussion of variation in poverty rates and 

welfare provision over geographic space. 

 

Welfare State Development in the United States 

 Unlike Social-Democratic welfare states in Scandinavian nations that provide 

relief from market pressures through universal benefits and services based on citizenship, 

the U.S. welfare state can be classified as a liberal regime where the labor market and 

means-tested provision dominate (Esping-Andersen 1990). From the beginning, the 

American welfare state has been primarily constructed and administered at the state and 

local level. Even after the passage of the Social Security Act in 1935, which created 

federally-mandated and funded programs such as Old Age Insurance (now Social 

Security), federal welfare policies have continued to be built around supporting and 

structuring state-level programs (Katz 1996; Soss, Fording and Schram 2011a).  This is 
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due in large part to state-level differences in labor markets, which create political 

pressure toward decentralization of poverty relief efforts (Piven and Cloward 1971). 

Combined with historical racial and gender politics, this decentralized approach to the 

welfare state has been responsive to, and reinforcing of, stratification along gender and 

racial lines.  

 The roots of this decentralized welfare system can be found in the early colonists’ 

adoption of the English system of poor relief, which emphasized the moral dimensions of 

poverty, including community membership and deservingness (Trattner 1999). Under the 

Elizabethan Poor Law of 1601, each local town or parish was responsible for its own 

poor and could therefore deny aid to those who were not members of that local 

community via “warning out” (Trattner 1999; Handler and Hasenfeld 1991). Moral 

deservingness was also used to distinguish between worthy and unworthy poor, under the 

expectation that all able-bodied people should work. Poverty was believed to be closely 

linked with criminality. In fact, aid to the chronically poor was considered a leading 

cause of crime since providing welfare discouraged work (Gustafson 2009; Handler 

1990). Those who refused to work but were physically able to do so were considered 

unworthy of public aid, while those who were elderly, infirm, or otherwise unable to 

work were deemed worthy of help (Katz 1996; Trattner 1999). Those who appeared to be 

intractable paupers, unwilling to support their families, and those with felony convictions 

were routinely excluded from receipt of aid (Quadagno 1988; Handler 1990). Such 

categories were also shaped by racial, gender, and religious differences (Gordon 2001).  
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In addition, benefits from relief programs were devised under the “principle of 

less eligibility,” also inherited from the English poor laws, which required that the 

monetary value of welfare benefits must not be greater than the lowest locally available 

wage (Handler and Hasenfeld 1991; Piven and Cloward 1971; Soss et al. 2011a). These 

fundamental standards of community membership, deservingness, and less eligibility 

shaped state and local welfare provision throughout the 18
th

 and 19
th

 centuries, and into 

the early 20
th

 century (Katz 1996; Trattner 1999). 

The U.S. welfare state has long been bifurcated by gender. Historically, two 

“channels” emerged in the U.S. welfare state, one for working men and the other for 

dependent mothers, reinforcing a gendered division of labor (Nelson 1990). Social 

insurance programs begun in the 1930s, such as social security and unemployment 

insurance, grew from earlier workmen’s compensation programs to support working, 

white men (Nelson 1990). These programs were seen as entitlements, based on 

connection to the workforce, and administered using routinized, universal criteria. 

Welfare programs for mothers, such as Aid for Dependent Children (ADC, later Aid for 

Families with Dependent Children), grew out of the tradition of the Elizabethan Poor 

Laws and carried with them moralistic, diffuse decision criteria for eligibility and 

intrusive, discretionary administration at the local level (Nelson 1990).  

These two “channels” emphasized gendered notions of men as productive, 

independent, citizen-workers, and women as idealized, virtuous mothers, whose access to 

public aid came via ties to children and dependence on breadwinning men (Mink 1990; 

1995). By this classification, GA welfare programs are an anomaly, in the sense that they 
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have traditionally been open to working age men, whether or not they are attached to the 

workforce, but have always been means-tested and meager. Based on this bifurcated 

system, welfare scholars have argued that the “left hand” of the state also operates as a 

means of social control, particularly in reinforcing and regulating gendered norms for 

work and domesticity (Abramovitz 2000; Gordon 1994; Mink 1995; Noble 1997; Piven 

and Cloward 1979). 

The 1930s brought about an unparalleled crisis in the national economy that made 

it clear that existing welfare programs were no longer adequate to respond to poverty on a 

large scale (Trattner 1999). New federally funded entitlement programs, such as Old Age 

Insurance (now Social Security) and Unemployment Insurance (UI) were created. At the 

same time, the Social Security Act of 1935 by no means altered the basic premises of 

welfare policies and programs that preceded it.  Several scholars have noted that the 

opportunity brought about by the Great Depression for more sweeping and radical 

reforms was curtailed by political maneuvering to consolidate power and maintain 

gender, class, and racial boundaries (Abramovitz 2000; Gordon 1994; Mink 1995; Noble 

1997; Piven and Cloward 1979; Quadagno 1988, 1994).  

For example, “progressive maternalists” campaigned for the creation of Aid to 

Dependent Children (ADC) so that mothers could remain at home to care for dependent 

children rather than enter the labor force (Mink 1995). As a result, ADC benefits were 

made contingent on a mother’s compliance with full-time, at-home care of children and 

supervision by outside professionals (Abramowitz 2000). As a state- rather than 

federally-run program, ADC’s benefits and eligibility were defined at the state-level, 
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where racial and gender distinctions varied in salience (Soss et al. 2011a).  Especially in 

the South, the percentage of African Americans on state ADC caseloads stayed well 

below the percentage of blacks in the population until the 1960s. 

New Deal programs also explicitly excluded African Americans from benefits, 

largely due to political compromises to appease southern politicians (Abramovitz 2000; 

Noble 1997; Quadagno 1988, 1994; Trattner 1999). The exclusion of agricultural workers 

from the benefits of old age and unemployment insurance had a particular impact on 

southern blacks employed by the sharecropping industry (Quadagno 1988). Southern 

politicians explicitly objected to including blacks as beneficiaries of these programs out 

of fear that the plantation economy of the South would collapse. In addition, New Deal 

policies establishing the right to unionize (Wagner Act of 1935) as well as those 

regulating the housing market either allowed for exclusion or expressly excluded blacks 

from eligibility (Quadagno 1988). The National Housing Act of 1934 prohibited the use 

of federal funding in areas considered too risky for economic development, meaning that 

areas dominated by black residents were redlined.  

Decades later, the 1960s and 1970s ushered in sweeping changes to welfare 

legislation in light of social upheaval and President Johnson’s War on Poverty. 

Expansions were made to existing federal social insurance programs, such as adjusting 

Social Security for inflation. Additional programs were created, such as Food Stamps in 

1964 and Medicare in 1965, which added to the total value of welfare benefits overall. 

State welfare programs were expanded as a result of federal legislation outlawing 

discriminating requirements and expanding coverage to parents of eligible children under 
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the renamed Aid to Families with Dependent Children (AFDC) program (Soss et al. 

2011a). In addition, court rulings against morals-tests, such as “man in the house” 

requirements, took away mechanisms that states could use to discriminate against 

minority women (Soss et al. 2011a). As a result of these changes, state welfare caseloads 

grew and rates of minority, especially African American, participation increased (Schram 

2002). Scholars have argued that these changes came about largely as states sought to 

quell urban and social unrest brought about by the Civil Rights Movement and riots in 

many urban centers across the United States (Piven and Cloward 1971). Activist efforts 

on the part of the National Welfare Rights Organization also contributed, especially in 

launching successful court cases to end discriminatory practices (Davis 1995).  

 Once AFDC rolls began to rise and participation among minority families grew, 

policymakers began to decry the work disincentives of welfare. As a result, welfare 

benefits were allowed to languish or even cut over the ensuing decades (Soss et al. 

2011a). Hacker (2004) refers to this process as a “subterranean” means of undermining 

welfare without large-scale policy change prior to 1996. Soss and colleagues (2011a) 

characterize this as a period of rolling back prior to the rolling out of the neoliberal 

paternalist welfare state in the 1990s. Race also began to take a more prominent place in 

the public discourse surrounding welfare (Quadagno 1994; Gilens 1999, 2003). Black 

mothers as “welfare queens” and concern over the lack of a work ethic among African 

Americans dominated in the media (Gilens 1999, 2003). Sensationalized media coverage 

of inner city crime, disorder and drug abuse also fueled policy debates about welfare 
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leading up to the 1996 reform. As Gilens (2003) notes, “the poor became black.”  From 

this perspective, welfare had become too generous and too black. 

 The Personal Responsibility and Work Reorganization Act (PRWORA) of 1996 

transformed AFDC into the Temporary Assistance for Needy Families (TANF) program, 

which includes time limits for participation and stringent work and behavioral 

requirements (Blank and Haskins 2001). Recipients can have their benefits curtailed if 

they do not comply with mandated behavioral expectations concerning work activities. In 

addition, TANF benefits can only be received for a total of 5 years throughout a person’s 

lifetime. Other stipulations include denying benefits to illegal immigrants and other 

groups. For example, the optional Gramm Amendment established a lifetime ban on 

welfare receipt for those convicted of drug felonies in those states that have adopted it 

(Thompson, Uggen and Western in progress). 

While some have heralded the success of welfare reform based on shrinking 

welfare rolls (Mead 2004), other research has uncovered detrimental effects for families 

and children (O’Connor 2000; Danziger 2010; Soss et al. 2011a). Scholars have also 

found that welfare workers are more likely to enforce TANF benefit sanctions against 

minority recipients who display other “discrediting” markers, such as having been 

previously sanctioned (Schram et al. 2009).  

With TANF, greater discretion in the administration of welfare programs has 

shifted back down to state and local levels. In their analysis of state adoption of particular 

disciplinary policies during welfare reform, Soss and colleagues (2011a) examined five 
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policy choices available to states in enacting PRWORA: lifetime limits on benefit receipt, 

family caps, full-family sanctions, work requirements, and eligibility limits. They found 

that states with higher African American percentages of their welfare caseloads were 

more likely to implement more stringent disciplinary policies. The effects were 

particularly strong for enacting rigid work requirements. 

 

General Assistance Welfare Programs 

 A preponderance of research on welfare reform has focused narrowly on 

PRWORA, while less scholarly attention has been paid to transformations in other 

programs such as General Assistance (GA), known historically in some states as General 

Relief, Home Relief, or Direct Assistance. Some scholars argue that this myopic focus 

obscures the reality of a fundamental reorientation of social welfare provision in the 

United States that has moved away from cash benefits toward tax credits (such as the 

Earned Income Tax Credit) and other indirect means (Martin 2008). GA programs are of 

particular importance to studies of crime and incarceration since they have traditionally 

served low-income, single men of working who may rely on GA due to spotty work 

histories brought on by spells in jail or prison (Kost 1997).  

GA is not the only program that serves men but it is the only program with a 

majority of clients that are male. For example, men made up only 15 percent of TANF 

cases in 2010 and 46 percent of SSI recipients in 2011 (Office of the Administration for 

Children and Families 2012; U.S. Social Security Administration 2012). National 
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demographic data on GA caseloads is not readily available, but data at the state level 

show that GA programs serve a very different low-income population than TANF. GA 

caseloads tend to be more male and middle aged. For example, in Michigan in 1991, the 

GA caseload was 59 percent male and 39 percent of enrollees were over the age of 40 

(Danziger and Kossoudji 1995). More than half of New York City GA recipients were 

male in 1995 (Ichfer 2010). In Minnesota, the current GA caseload is 64 percent male, an 

average of 43 years old, 98 percent unmarried and over half (54 percent) white 

(DeMaster 2012).Washington’s GA caseload in 2012 was 57.7 percent male (Washington 

State Department of Social and Health Services 2012). 

Unlike TANF, and its predecessor AFDC, GA welfare programs have always 

been completely funded and administered at the state or local level, and are therefore 

largely free from the direct influence of mandates at the federal level. At the same time, 

these programs are likely indirectly influenced as changes at the federal level occur, 

including devolution. Created at the same time as other New Deal welfare programs in 

the 1930s, GA programs were intended to be a last resort safety net for low income 

people who did not qualify for other programs with eligibility requirements based on 

disability or having dependent children (Uccello and Gallagher 1997; Trattner 1999). 

States and other smaller localities have always determined their own eligibility 

requirements and benefits levels for GA programs. As a result, GA programs have long 

been particularly vulnerable to fluctuations in state economic and political climates and, 

consequently, poorly funded. 



 

 23 

 It is important to note that not all states operate GA programs uniformly; rather, 

some states mandate that counties or local jurisdictions provide GA, while others leave it 

completely up to smaller localities to determine whether or not to have GA programs 

(Gallagher 1999). Some states do not have a GA program at all. As of 1997, these states 

were all in the South or had very small populations (Anderson, Halter and Gryzlak 2002). 

In cases where the state mandates GA programs, funding typically comes from both state 

and local levels, but not always. For example, California mandates that local counties 

provide for the indigent poor but leaves counties responsible for funding such programs. 

In 1998, 24 out of 35 states with GA programs had programs with statewide uniform 

eligibility requirements and benefit levels (Gallagher 1999). In most states, GA is also 

tied to eligibility for state medical assistance, either through a specific GA medical 

program, Medicaid, or other coverage for specific medical expenses (Gallagher 1999). A 

2011 update by the Center for Budget and Policy Priorities found that only 30 states have 

GA programs of some kind, with 20 that have statewide guidelines (Schott and Cho 

2011). Figure 2.1 below illustrates the presence and type of GA programs across the 

country as of January 1, 2011. 

[Figure 2.1 about here] 

The impacts of GA curtailment during the 1990s and 2000s have been debated, 

but some studies have shown detrimental results for certain groups. Contrary to the 

expectations of policymakers who argued that GA recipients were employable, many 

who were subsequently excluded from GA were not able to find work (Vartanian, 

Schram, Bumohl, and Soss1999; Halter 1996). For example, over 80 percent of former 
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GA recipients in Michigan did not work during the year following termination (Center of 

Social Policy and Law 1994). In a survey of former GA recipients in Michigan, only 38 

percent had found work within two years post-termination (Danziger and Kossoudji 

1995).  

Homelessness and hunger also increased following state reductions in GA 

programs. One study of former GA recipients in Michigan, Ohio and Illinois found that 

25 percent of those from Michigan were homeless within seven months of being dropped 

from GA (Hauser 1994). Homelessness also increased in Ohio by 17 percent after GA 

program reductions. In Philadelphia, the number of nights of shelter use increased from 

6,525 before GA cutbacks to 22,687 within two years after GA termination (Halter 1994). 

More recently, San Francisco replaced its GA program with “Care Not Cash” in 2002, 

which promised to provide homeless GA recipients with housing in place of cash 

benefits. While the homeless proportion of the GA caseload fell between 2002 and 2005, 

only 38 percent of this drop was due to placement in housing (Noy 2009). The remainder 

simply dropped off the rolls altogether.  

Similarly, shut offs for utilities and evictions nearly doubled for former GA 

recipients in Pennsylvania (Halter 1996). Health problems also emerged or intensified for 

those terminated from GA. In Michigan, about 60 percent reported at least one chronic 

health condition, including hypertension and asthma, two years after GA for employable 

adults ended (Danziger and Kossoudji 1995). At the same time, only half of these former 

GA clients were able to maintain health insurance coverage, especially those in Wayne 

County (Detroit) who were unemployed. 
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As with other welfare programs race appears to influence GA provision. Soss and 

colleagues (2011a) examined factors predicting whether states have terminated their GA 

programs by 1996 using a measure of wage levels for low-skilled workers and the 

percentage of a state’s population that is black.  They found that the probability of a state 

terminating its GA program by 1996 rose with a higher percentage of African-Americans 

in the population and decreased as wages for low-skilled workers increased. They 

conclude that GA programs are most likely to be cut in states where wages for low-

skilled workers are lowest and the state’s black population is high. These results appear 

to highlight the role of “less eligibility” in state GA programs, given that GA programs 

disappear when low-skilled wages are low.  

GA programs present an important and understudied puzzle in welfare research. 

Like TANF, GA programs have undergone significant changes in the past several 

decades, including an increase in work requirements for eligibility, cutbacks in benefit 

levels, and termination of GA programs entirely in many states. However, GA diverges 

from TANF in important respects. GA programs serve a more diverse range of low-

income recipients in terms of gender and age. In addition, GA programs are, and always 

have been, state- or local-level programs in every way; which means that the policy 

levers controlling GA eligibility and benefits are pulled at the state or local level, rather 

than nationally. Given the local nature of U.S. welfare policy, especially GA, it is 

important to understand how poverty and welfare programs are distributed 

geographically. 
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Poverty and Welfare Geography 

Rates of poverty and welfare provision are distributed unevenly over geographic 

space in the United States (Milbourne 2010). Urban centers tend to dominate the 

sociological study of poverty, particularly in the “neighborhood effects” literature but 

rural areas are also sites of higher rates of poverty. Out of the 37 million Americans 

living below the poverty line in 2007, 21 million were living in non-urban areas 

(Milbourne 2010). As Figure 2.2 shows, poverty is most dense in counties within the 

Black Belt and Mississippi Delta in the South, in Appalachia, throughout the lower Rio 

Grande Valley and on Indian reservations (Milbourne 2010; Weber, Duncan, and 

Whitener 2002).   

[Figure 2.2 about here] 

The availability as well as mode of delivery of social services and welfare also 

varies a great deal over geographic space (Pinch 1997). Social service organizations often 

operate as intermediaries between community residents and policy makers or others who 

control needed resources, such as employers (Cope 2001). Because social service 

organizations have substantial discretion to shape policy implementation on the ground, 

they are often under pressure to meet local needs, particularly in terms of the labor 

market (Cope 2001; Lipsky 1980).  Recent scholarship on welfare reform shows that 

even while lower-level discretion has increased, especially by broadening authority to 

reward or sanction recipients with regard to benefits and services (Brodkin 1997; 

Hansenfeld, Ghose, and Larson 2004), organizational forces such as routines, norms, and  
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incentives act as strong social controls over front-line use of discretion (Soss et al. 

2011b). For example, in a case study of Florida Welfare Transition workers, Soss and 

colleagues (2011b) found that higher sanction rates are not solely due to the individual 

whims and prejudices of frontline case workers but instead are structured by the intense 

performance pressures to achieve desired program results inherent in welfare reform at 

the organizational level (see also Fording, Soss and Schram 2007; Schram, Soss, Fording, 

and Houser 2009). 

Allard (2009) assessed access to social services in census tracts in three U.S. 

cities – Chicago, Los Angeles, and Washington, D.C. – and found that services are much 

more available in low poverty than in high poverty areas.  On average, high poverty 

census tracts in these cities have 30% fewer social service providers than the average 

residential census tract for each city, creating a spatial mismatch between socioeconomic 

needs and ameliorative services (Allard 2009). Fox (2010) analyzed data from 1929, prior 

to implementation of New Deal welfare programs, and found that various racial minority 

groups experienced very different welfare systems because of regional variation in 

political systems, labor market relations, and racial ideologies. Cities in the southwestern 

states with high Mexican immigrant populations and cities in the South with high black 

populations spent less on welfare programs and used private money, whereas northern 

cites with more European immigrants spent more on welfare using public money. The 

agricultural labor markets and conservative political control in the South and Southwest 

contributed to less spending and greater use of private welfare funds in those regions. 
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Northern cities, with a more industrialized labor market and more progressive politics, 

spent more public funds on welfare programs (Fox 2010). 

 

Summary of Trends in U.S. Welfare and Poverty 

This section has reviewed how social welfare programs in the United States have 

long been characterized by exclusionary policies based on race, gender and moral 

deservingness. In the past several decades, welfare programs have undergone large scale 

transformations in line with neoliberal economic and political trends that have increased 

restrictions, work requirements, and punitive repercussions for lack of compliance with 

program expectations (Soss et al. 2011a). States have systematically moved resources 

away from decommodifying programs like TANF and GA toward programs that reward 

and support those in the low-wage labor market, such as EITC and other social service 

programs. 

In addition, these programs have always been profoundly local; that is, policy 

levers that control access and benefit levels have typically been controlled at the state or 

lower levels of government. This is especially true of General Assistance programs, 

which are administered and funded completely at the state, county, or city level. The 

local nature of such programs means that they are highly subject to local prejudices and 

politics, especially when it comes to race (Schram et al. 2009). State GA programs, a 

welfare program with majority caseloads of low-income men, have been significantly 

curtailed over the past 20 years, with most states now requiring a medically certifiable 
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disability to qualify for benefits.  Social interventions, such as welfare programs, must 

contend with local complexities of deprivation, race, and differential economic and 

political arrangements.  

  

The Right Hand – Growth in U.S. Incarceration 

 Just as the “left hand” of the state has undergone tremendous changes in the past 

four decades, so has the “right hand” through increased incarceration and other forms of 

correctional control. Because of the apparent correlation of these changes, scholars have 

begun to formulate theoretical links and produce empirical evidence connecting the two 

phenomena (Wacquant 2009; Soss et al. 2011a; Beckett and Western 2001; Guetzkow 

2006; Haney 2004). In this section, I synthesize this line of inquiry, with attention to the 

proposed theoretical mechanisms linking punishment and welfare and the empirical 

evidence to date on the relationship between the two systems. 

In the previous section, I outlined how the welfare state in the United States has 

been transformed since the late 1960s. Before discussing ties with the criminal justice 

system, I review changes over the same period in U.S. incarceration. Since the early 

1970s, a large scale transformation of the rationale of punishment has taken place in the 

United States. Historically, legal and philosophical justifications for punishment have 

included retribution, incapacitation, and deterrence (Pincoffs 1966). While retribution 

focuses on matching the punishment to the crime, incapacitation and deterrence 

emphasize the prevention of crime through physical restraint or fear of punishment.  
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For most of the twentieth century, rehabilitation of individual prisoners was the 

stated goal of incarceration, implemented through indeterminate sentences, treatment and 

education programs within prisons, and state parole boards (Rothman 2002). Since the 

mid-1970s, however, changes in sentencing laws have led to the dismantling of the 

“rehabilitative ideal” and a turn toward retribution as the rationale for punishment 

through the establishment of determinate sentences and “get tough” polices such as three 

strikes laws and mandatory minimums.  

The effect of these policy changes on the incarceration rate has been profound, as 

Figure 2.3 illustrates. Apart from an uptick during the Great Depression, the incarceration 

rate between 1925 and 1972 held steady at about 100 inmates per 100,000 people. Figure 

2.3 begins at 1960 and shows this relative stability until the early 1970s. 

[Figure 2.3 about here] 

From 1973 onward the incarceration rate has climbed sharply at an average rate of 

approximately 6 percent per year. According to the Bureau of Justice Statistics, the 

number of U.S. prisoners stabilized in 2009 and showed small declines for the first time 

since the 1970s in 2010 and 2011 (Carson and Sabol 2012;West, Sabol and Greenman 

2010). Still, the United States incarcerates its citizens at a rate much higher than any 

other nation in the world, with a combined jail and prison incarceration rate of 743 per 

100,000 (Walmsley 2011). Despite the fact that prison populations are growing 

worldwide, the United States outpaces every other nation, exceeding incarceration levels 

of other democratic nations by five to seven times (Walmsley 2009). Figure 2.4 illustrates 
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this using a cartogram, a cartographic technique that distorts land area based on an 

alternative statistic, in this case incarceration rates.
1
 As a result, the United States 

balloons while many other nations shrink in size, most notably Canada and much of 

Western Europe. The next highest incarceration rates are held by Rwanda (595) And 

Russia (568) (Walmsley 2011). 

[Figure 2.4 about here] 

The increased use of prison as punishment and longer prison sentences has fueled 

the rising incarceration rate. Feeley and Simon (1992) have argued that these 

developments characterize a “new penology,” which focuses on the containment and 

management of dangerous populations rather than the reform of individuals. At the 

macro-level, scholars of punishment have sought to explain broader social trends 

influencing modern incarceration. Others have investigated how such trends are filtered 

through particular political and cultural contexts resulting in varied policies and practices 

of incarceration. Empirical studies have explained how macro trends in politics and 

culture influence penal policy using comparative studies of political traditions, legal 

structures, and cultural influences (Sutton 2000; Savelsberg 1994). To explain the growth 

of incarceration, scholars have sought to link penal practices to larger social projects of 

political and cultural identity. As Garland (1990, p. 276) notes,  

                                                 
1
 The cartogram was generated using the Gastner-Newman (2004) method in ArcGIS. Because I am using 

rates instead of populations to create the cartogram, I multiplied the rate by the area of each polygon to 

create the distorted effect. This results in visualizing each country’s area as proportional to its incarceration 

rate.  More information can be found at: http://www.worldmapper.org/mapping_rates.html. The map is 

shaded by incarceration rate. 
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In designing penal policy we are not simply deciding how to deal with a group of 

people on the margins of society – whether to deter, reform, or incapacitate them 

and if so how. Nor are we simply deploying power and economic resources for 

penological ends. We are also and at the same time defining ourselves and our 

society in ways which might be quite central to our cultural and political identity. 

 

Scholars have forwarded global explanations that include adaptations to the risks of late 

modernity, the devolution of the welfare state and the rise of “hyper-ghettos,” neo-liberal 

economics, and political strategies (Garland 2001; Wacquant 2001; Western and Beckett 

1999; Simon 2007).    

In a study comparing five Western democracies (Australia, Canada, New Zealand, 

the United Kingdom and the United States), Sutton (2000) notes that imprisonment rates 

in these countries have risen, although at a more moderate rate than in the United States 

overall. Further, these countries share similar demographic and political influences, but 

appear to have differential levels of incarceration. Sutton examined economic trends, 

social welfare spending, and political factors in these five nations and found that prison 

growth slows when legal employment opportunity expands, but increases with declines in 

welfare spending and right party rule across all nations. The effect of decreased welfare 

spending was especially strong in the United States. Sutton argues that the diffuse 

administrative structure of the United States can lead to more highly politicized, localized 

and particularistic social policies that may amplify the effects of these factors as 

compared to other Western nations. Similarly, Savelsberg (1994) compared the relative 

impact of government structures, public opinion and cultural ideologies on imprisonment 
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in Germany and the United States, finding that differences in institutional arrangements 

help account for variation in penal policy between the two nations. 

Indeed, some have highlighted particular historical and political factors that have 

contributed to higher incarceration rates in the United States. Wacquant (2001) points to 

the rise of the urban ghetto and the dismantling of the welfare state as drivers of 

incarceration rates. According to Wacquant, the extreme racial disparities in prison 

populations demonstrate that mass imprisonment is the fourth in a series of social 

institutions, starting with slavery, designed to control African Americans as a subordinate 

caste. Prior to the 1970s, policy makers attempted to ameliorate poverty and racial 

inequality through social welfare policies. Wacquant argues that neoliberal economic 

changes and the dwindling social safety net of welfare programs since that time has led to 

the “hyper-incarceration” of blacks as a means of managing and obscuring these 

disparities.  

Others have forwarded explicitly political arguments for the rise of retributive 

penal policies. Scholars have demonstrated how “moral panics” – public scares over 

particularly egregious crimes – are used by politicians to gain electoral advantage (Cohen 

1972; Beckett & Sasson 2000). Beckett (1997) argues that politicians capitalized on 

racialized political rhetoric and media attention in order to enact “tough on crime” 

policies through the 1990s, which helped shore up their own political capital. Similarly, 

Simon (2007) posits that politicians increasingly frame non-criminal policies using the 

same rhetoric of retribution. In schools and the workplace, the language of crime and 

punishment is used as a tool to interpret and address non-crime problems a practice 
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Simon calls “governing through crime.” For example, “zero tolerance” and 

“accountability” policies have proliferated in schools following the Safe Schools Act of 

1994, whereby disciplinary policies have become more punitive, including expulsion and 

other sanctions such as in-school detention. Common in these analyses is that change in 

penal policy is driven by political strategy, not by an actual increase in crime. 

Some punishment scholars question the utility of overarching theories of the 

transformation of criminal punishment and, rather, seek to understand how such political 

and cultural processes take place within specific regional and local contexts (Lynch 2010; 

Tonry 2009).  As Lynch (2010) notes, the dominant narrative of the decline of the 

rehabilitative ideal in the United States over the last three decades assumes that a 

rehabilitative orientation was widely-held and practiced in similar ways across regions 

and localities prior to its decline, which was clearly not the case in her study of Arizona. 

Similarly, Tonry (2009) argues that explanations dependent on macro-level social and 

economic trends do not hold true in all contexts, even in cases where theoretically they 

should. As a result, these authors assert that attention to regional and local variation in 

politics and culture is instrumental to understanding criminal punishment. 

At the national level, Tonry (2009) argues that a distinctly “paranoid”
2
 American 

style of politics, combined with conservative religious moralism, racial inequality, and 

outmoded constitutional arrangements facilitate the enactment of laws that appeal to 

public emotions and short-term political agendas. In their study of U.S. election cycles 

                                                 
2
 Tonry defines this paranoia as occurring where “what is deeply disapproved is seen as evil or immoral 

and few means are off limits in pursuit of its eradication” by both the Right and the Left (p. 381). 
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and imprisonment rates, Jacobs and Helms (2001) noted that incarceration increases 

during Republican presidencies. In addition, during presidential campaign cycles, 

incumbents from both political parties vie for votes by enacting more punitive policies. 

Jacobs and Helms call this a “political-imprisonment cycle” in which partisan and 

electoral factors both impact incarceration rates (p. 190).  

 Studies have also sought to explain variation among U.S. states in rates of 

incarceration, noting that differences in economics, crime rates, demographics, and 

sentencing laws can lead to diverse practices among localities (Zimring and Hawkins 

1991). The map of state prison incarceration rates in Figure 2.5 shows that individual 

states within the United States vary substantially in the use of imprisonment. For 

example, in 2010 states like Minnesota, Maine, and Massachusetts had less than .25 

percent of their adult populations incarcerated in state prisons, while Alaska and 

Louisiana had over 1 percent of adults behind bars. Incarceration in the United States is 

not merely a national-level phenomenon. Rather, factors influencing incarceration 

function at the state level in markedly different ways.  

[Figure 2.5 about here] 

Greenberg and West (2001) argue that varying religious and political cultures 

between states shape differences in penal decision-making. For example, they found that 

incarceration rates were higher in states with higher levels of violent crime suggesting 

that more punitive public sentiments in these states contribute to a rise in imprisonment 

as a response to greater violence. Barker (2006) examined case studies of three states 
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(California, New York and Washington) and found that political context affects 

incarceration rates depending on levels of citizen participation. Barker’s analysis of 

Washington State shows that, contrary to expectations, greater public participation in 

government can decrease incarceration rates.  

Gilmore’s (2007) analysis of the “prison fix” in California suggests that 

governments may turn to imprisonment as a way to address fiscal crises. In California’s 

case, the prison expansion helped alleviate unemployment and buffer the impact of the 

economic downturn in some communities. Similarly, Lynch (2010) found that cultural 

values particular to Arizona, such as distrust of government and traditional punitiveness, 

helped facilitate prison expansion as a means of promoting economic development in 

rural locales. Taken together, such studies suggest that political context shapes 

incarceration rates in ways that cannot be accounted for from a macro-level framework. 

Incarceration is an institution that is shaped by multiple social forces, including 

economics, politics, and culture that vary across national, regional and local jurisdictions. 

 

Punishment Effects 

A substantial body of research has documented the “collateral consequences” of 

incarceration for former prisoners in terms of the labor market, family, health, and 

community at both the macro and micro levels (Clear 2007; Manza and Uggen 2006; 

Massoglia and Schnittker 2009; Schnittker and John 2007; Wakefield and Uggen 2010; 

Western 2006; Western and Wildeman 2009). Most relevant to this dissertation are the 
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effects of incarceration on the economic prospects of former inmates. For example, high 

levels of incarceration artificially lower the unemployment rate by removing large 

segments of working-age men from labor force counts (Western and Beckett 1999). But 

incarceration also impedes the employment prospects of individual ex-prisoners by 

reducing wages and lifetime earnings (Pettit and Western 2004; Waldfogel 1994; 

Western 2002; Western 2006) and providing a “disqualifying credential” in the form of a 

criminal record (Pager 2003; 2009). Holzer and Stoll (2001) found that employers across 

four U.S. cities were substantially less likely to hire people with criminal backgrounds 

compared to other disadvantaged workers, including welfare recipients. Over 90 percent 

of employers said they would “definitely” or “probably” hire welfare recipients but less 

than 50 percent would hire people with criminal backgrounds.  

These effects vary significantly by race, such that African Americans suffer the 

most severe attenuations of earnings and employment as compared to whites and Latinos 

(Western 2006; Pager 2009). For example, one in six African American men without a 

high school education spent time in prison in the 1990s (Western 2006). In addition, only 

5 percent of black males with a criminal record received callbacks for jobs, as compared 

to 17 percent of similarly qualified whites in an experimental audit study (Pager 2009). 

 These effects of punishment vary greatly over geographic space. For example, an 

examination of data from four U.S. cities (Phoenix, Wichita, New York and New 

Orleans) revealed that the concentration of those admitted to prisons in some urban 

centers is so dense that some states are spending upwards of a million dollars per year to 

incarcerate residents on one city block (Kurgan et al. 2008). The success of prisoner 
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reentry is dependent upon the accessibility of social services to parolees in their 

neighborhoods. Mellow, Schlager and Caplan (2008) compared the size, demographic 

characteristics and needs of parolees in Newark, New Jersey with the availability, 

location and characteristics of health and human service agencies using GIS techniques. 

The authors assessed the spatial distribution, accessibility and overlap of social services 

and parolee residences. These services included education, employment, case 

management, and addiction treatment, all of which represent key components of re-entry 

planning for released prisoners. Overall, Mellow and colleagues found a spatial mismatch 

between areas with higher densities of parolee residences and areas with higher densities 

of social services.  

In another study of the effects of nearby social service agencies on parolee 

recidivism, Hipp, Petersilia and Turner (2010) used geocoded data of parolee addresses in 

California from 2005 to 2006. They found that a one standard deviation increase in the 

number of social service agencies within two miles of parolee residences decreased the 

likelihood of recidivism by 41%. Studies such as these illustrate an important association 

between crime and social welfare services for parolees. While higher densities of social 

services within neighborhoods where parolees live are associated with reductions in 

recidivism (Hipp et al. 2010), there may be a lack of availability of such services for 

those who need them most (Mellow et al. 2008).  

 

Does the Right Hand Know What the Left Hand is Doing? 
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 At least three parallels exist between changes in incarceration and welfare 

programs over the past several decades. First, both the penal and welfare states have been 

made more diffuse in structure, through devolution to lower levels of jurisdiction as well 

as the incorporation of private and non-profit entities as services providers (Haney 2004). 

Within the welfare arena, PRWORA shifted responsibility for TANF back to the state 

level through the use of block grants (Soss et al. 2011a). Non-governmental providers, 

both for-profit and non-profit, have also been tapped to provide day-to-day services and 

supervision for welfare recipients (Soss et al. 2011a). Privatization in the criminal justice 

system is evidenced by a rise in private prisons. In 2011, about 8 percent of all state and 

federal prison inmates in the United States were held in private facilities, as compared to 

6.3 percent in 2000 (Carson and  Sabol  2012). The number of state and federal prisoners 

housed in private facilities has grown by an average annual rate of 5 percent over the past 

decade. Private prisons may not house a significant number of prisoners at the national 

level, but this trend varies significantly by state. For example, in New Mexico, 41 percent 

of all state prisoners are kept in private facilities, as compared to 25 percent in Vermont 

and 1.7 percent in Alabama. Some states do not house any of their prisoners in private 

facilities. 

 While their structures have become more diffuse, both welfare programs and 

incarceration practices have become somewhat less fluid in terms of discretion on the 

part of practitioners (Haney 2004). Examples within the welfare state include more 

stringent work requirements and sanctioning practices dictated by welfare reform 

(Schram et al. 2009). In the penal realm, mandatory minimum sentences and sentencing 
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guidelines have decreased the discretion judges have in sentencing prisoners (Haney 

2004). 

 Second, both welfare programs and the criminal justice system increasingly use 

punitive interventions. The practice of sanctioning welfare clients through the denial of 

benefits for behavioral noncompliance has nearly doubled since 1996 (Cherlin et al. 

2000; Haney 2004). Harsh incarceration practices have also proliferated in recent 

decades, including the resurgence of chain gangs (Davis 2003), as well as the rise of 

austere “supermax” prisons designed to contain prisoners deemed the most dangerous 

(Feeley and Simon 1992). Parolees and probationers are also increasingly subject to 

intense pressure to accept any available low-wage job or face further incarceration for 

failure to secure work as part of supervision requirements (Soss et al. 2011a).  

Finally, as detailed in the preceding sections, changes in both the “right hand” and 

“left hand” of the state appear to be driven primarily by local political and racial factors. 

Republican Party dominance and greater size of the African American population are 

associated with higher state incarceration rates and more punitive welfare practices 

(Beckett and Western 2001; Greenberg and West 2001; Fording 2001; Soss et al. 2011a; 

Stucky et al 2005). 

 

 Trade-Off, Take Over, or Blurred Boundaries? 

 Social scientists have formulated several theoretical conceptions of how the 

“right” and “left” hands of the state have come to operate together in recent decades. The 
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first two can be characterized as either a “trade-off” between welfare and penal policies 

or a “take over” by the carceral state as a means of managing marginal and dangerous 

populations (Haney 2004; Beckett & Western 2001; Wacquant 2009). The third describes 

a blurring of boundaries between the two systems where both are used as tools of social 

control, alternately employing both punishment and incentives to enforce participation by 

the poor in the low wage labor market (Soss et al. 2011a). All three have roots in Piven 

and Cloward’s (1971) notion that the state uses welfare as a means of social control, 

expanding welfare benefits in times of social unrest in order to quell disorder. 

 As noted above, scholars have argued that a preoccupation with security and 

containment of risk rather than the amelioration of social problems has come to serve as 

justification for increased penal policies since the 1960s (Garland 2001; Feeley and 

Simon 1992). As part of this cultural shift, the idea that individuals, rather than social 

structure, are responsible for social ills has come to dominate penal and welfare policy. 

As a result, both the “right hand” and “left hand” of the state have become more punitive 

in enforcing behavioral compliance. Scholars who view the relationship between 

incarceration and welfare as a “trade-off” assert that penal and welfare policies have 

come to comprise one policy regime that deals with social marginality and deviant 

behavior (Beckett and Western 2001).  

Sutton (1997) argues that criminal justice and social welfare programs are both 

“sub-discourses” in a broader discourse about managing marginality. Beckett and 

Western (2001) claim that states tend to exhibit either inclusive or exclusive regimes to 

respond to social marginality. Inclusive regimes emphasize the social causes of problems 



 

 42 

such as poverty and crime and respond with more generous welfare and less punitive 

anti-crime policies. Conversely, exclusionary regimes stress individual responsibility for 

poverty and deviance and are characterized by less generous welfare programs and more 

punitive anti-crime measures. 

 In an extreme form of a “trade-off” between more or less beneficent regimes, 

Wacquant (2009) conceptualizes the relationship between the carceral and welfare states 

as a “take over,” in which punishment has become the only template for dealing with the 

poor and racial minorities. For Wacquant, this complete shift from social to penal 

treatment of marginality is part and parcel to the neoliberal turn in U.S. economics and 

politics. He argues that Piven and Cloward’s (1971) idea that the welfare state expands 

and contracts in response to social disorder is now obsolete, with the welfare state having 

been completely supplanted by the prison as “the core organ of the state” (Wacquant 

2010, p. 200). Wacquant asserts that the poor are now “doubly regulated” by “prisonfare” 

– the penal response to urban disorder, such as poverty and crime – and “workfare” – the 

new form of welfare which requires work and enforces it with punitive sanctions. 

According to Wacquant the “nanny state” has been transformed into the “daddy state” 

with the “remasculinization” of the “right hand” of the state. For Wacquant, this 

transformation is not due to the risks and anxieties of late modernity, a la Garland (2001), 

but a result of insecurity due to fragmented wage labor, hardened class divisions, and 

threats to the historical racial hierarchy brought about by neoliberalism. 

 In contrast to either a “trade off” or a “take over,” Soss and colleagues (2011a) 

articulate the links between the welfare and criminal justice systems as a functional 
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integration of the two. They argue that Wacquant (2009) goes too far in asserting that the 

logic of punishment has replaced all others and that neoliberalism has completely “rolled 

back” the activist welfare state. Rather, Soss and colleagues (2011a) assert that the 

contemporary welfare system (post-welfare reform) continues to utilize strategies for 

enforcing work that have been used since colonial times in the United States, including 

barriers to participation, low benefit levels, and stigmatization. Certainly, policing and 

other tools of the criminal justice system have been imported into welfare programs, but 

Soss and colleagues (2011a) contend that this does not represent a dismantling of the 

former welfare state. Instead, they argue, the activist state has been harnessed by 

neoliberals and redirected such that “poverty policies actively incentivize work and 

follow the poor into the workplace” (p. 10). These arguments echo a Foucaultian analysis 

of society, by which state power has become more diffuse and individuals are constantly 

under the “disciplinary gaze” of the state through a vast web of surveillance and scrutiny 

embedded in social life (Foucault 1995). 

The poor are pressured into accepting the least desirable jobs at low wages not 

only with the threat of sanctions and punishment, but also with incentives, such as offers 

of reformation and training. Haney (2004) refers to this as “control through 

contradiction,” by which clients in either system are presented simultaneously with both 

increased punitive and therapeutic interventions. According to Haney, the state has 

perhaps become a prison guard, businessman, and therapist all wrapped into one in the 

lives of the poor. For Soss and colleagues (2011a) punishment is but one, albeit a 
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prominent one, of many tools used by the state to discipline the conduct of the poor and 

ensure their participation in the low wage labor market. 

 

Studies of Welfare and Incarceration 

 Studies examining links between the welfare and penal states have largely 

focused on trade-offs in welfare spending and prison populations at the state level 

(Beckett and Western 2001; Greenberg and West 2001; Sutton 2000; Stucky, Heimer and 

Lang 2005). For the most part, these studies find consistent evidence that states with less 

generous welfare spending have higher rates of incarceration and greater spending on the 

criminal justice system.  

 Comparing rates of incarceration in five common-law democracies from 1955 to 

1985, Sutton (2000) found that as nations decrease spending on social welfare programs, 

incarceration rates increase. Sutton conceptualizes this as a trade-off between alternative 

means of regulating the life course as institutions compete for political dominance. 

Sutton’s analysis shows that prison growth spikes during economic downturns, where 

social welfare spending is curtailed, when conservative political parties are dominant and 

possibly during long-term military mobilizations.  

 Studies focused on such trade-offs in the United States include similar economic 

and political variables and find comparable results. These analyses have primarily 

examined trade-offs between welfare spending and incarceration rates (Beckett and 

Western 2001; Greenberg and West 2001; Fording 2001; Stucky et al 2005), though a 
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few have compared changes in welfare and prison populations (Fording 2001; Guetzkow 

2006), as well as welfare and penal spending directly (Guetzkow 2006; Guetzkow and 

Western 2007).  

Beckett and Western (2001) analyzed changes in state incarceration rates for all 

50 states in between 1975 and 1995. They measured welfare spending as an additive 

scale combining state AFDC, unemployment insurance, education, food stamps, SSI and 

Medicaid spending. The authors controlled for percent of the state population that is 

black or minority, crime rates for violent and property crimes, state unemployment rates, 

state poverty rates, percent of the states’ population living in urban areas, and the percent 

of state legislators who were Republican. Beckett and Western found a strong, negative 

association between their measure of state welfare spending and incarceration rates in 

1995, but not before. They interpret this finding as indicative of a “penal-welfare regime” 

that solidified during the late 1980s and early 1990s and thus did not appear in analyses 

of earlier time periods. States with larger black populations spent less on social welfare 

and had higher incarceration rates beginning in the 1980s. Beckett and Western argue that 

such trade-offs are part of a single regime to manage socially marginal populations and 

vary based on the political and racial compositions of individual states. 

 Similar to Beckett and Western, Greenberg and West (2001) examined 

longitudinal data of state imprisonment rates from 1971 to 1991, but included other state-

level variables such as religious composition and political beliefs of state residents. 

Greenberg and West (2001) argue that imprisonment and welfare spending are part of an 

inclusion-exclusion scale that indicates whether a state’s policies aim to include or 
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exclude people from the polity. Results show that the negative effect of welfare spending 

on incarceration rates emerges more strongly in 1991 as compared to earlier years, akin 

to Beckett and Western (2001). Greenberg and West note that states with larger black 

populations have higher incarceration rates over time, indicating evidence for “racial 

threat” – that blacks, and black males in particular, have become a symbol evoking fear 

of crime. The authors interpret the trade-off between welfare spending and incarceration 

rates as an indicator of state policies that reflect a philosophy of greater or lesser social 

and political inclusion of the poor.  

 Taking an explicit look at the role of politics in the relationship between 

imprisonment rates and welfare spending, Stucky and colleagues (2005) use annual state-

level data from 1978 to 1996 to study changes in prison admission rates. They use state 

prison admission rates as the dependent variable because admissions may be more 

immediately sensitive to the actions of current legislators than overall incarceration rates. 

The authors include such political indicators as a political competition index and the 

percentage of contested seats in state legislatures, along with state AFDC spending in 

their analysis. They find that as AFDC payments per capita increase, state prison 

admissions go down. Politics play a key role in prison admissions as well; when there is 

greater direct competition for legislative control, Republican control increases prison 

admissions. Republican legislative strength grew substantially over the 1980s and has a 

more pronounced impact in the 1990s. 

 The studies above have examined changes in carceral populations via 

incarceration rates, as a function of economic, demographic, and political variables, 
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including welfare spending. As Guetzkow (2006) notes, these studies tend to blur the 

distinction between state spending on welfare and penal policies and trade-offs in the 

actual number of people in correctional and welfare populations. A few studies have 

more directly examined trade-offs between welfare spending and penal spending, as well 

as between welfare populations and prison populations. Guetzkow (2006) used separate 

analyses to examine trade-offs between state prison and welfare populations, as well as 

state welfare and prison spending. He did not find a significant trade-off in the two 

populations, but did find that the more states spend on incarceration, the less they spend 

on welfare. This spending trade-off flows both ways, such that states that spend more on 

welfare spend less on incarceration. Like others, Guetzkow found that party control is a 

key determinant of state spending, but that it differs for governors and legislators. States 

with Republican governors spend less on welfare than states with Democratic governors, 

but governors from both parties spend the same on incarceration. Republican-controlled 

legislatures spend more on corrections than Democratic ones, but about the same on 

welfare.  

 In a study of the effects of black insurgency during the civil rights era, Fording 

(2001) used longitudinal data on state AFDC and prison populations from 1962 to 1980 

to test whether and how states use welfare or punishment to quell unrest (Piven and 

Cloward 1971; 1979). Results show that states where black populations were higher and 

had greater electoral power, AFDC rolls did rise during times of insurgency. 

Incarceration rates also rose in response to unrest. Fording concludes that states use both 

coercive and beneficent responses as a means of controlling threats to social order. The 
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state’s use of either form of social control appears to be conditioned on both race and 

political factors. As noted, the level of black electoral power in a state matters in terms of 

welfare provision, but state ideology and political party also have significant impacts. 

State with more liberal citizens had higher AFDC populations and lower incarceration 

rates. Democratic control of state government also significantly decreased rates of 

incarceration. 

 It is important to note that these trade-offs may not be moving the same people 

from one population to another. States are certainly shifting resources away from some 

programs and into others, but the populations served may not stay the same. It is one 

thing to note that states are spending more or less on welfare or incarceration and another 

to argue that the same people are being moved from one system to another. 

 

Summary of Welfare-Incarceration Studies 

 In this section, I have synthesized the current theory and research related to the 

growth of U.S. incarceration and how it relates to the welfare state. Extant research 

shows that both welfare and punishment policies in recent decades have become more 

punitive and states appear to be using both as means to address social marginality. The 

effects of changes in both of these social institutions are concentrated geographically and 

vary a great deal over the 50 states. These studies also suggest key variables for me to 

include in my analyses, especially race and Republican political control.  I turn next to 
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the question of whether a welfare program like General Assistance that provides income 

supports outside the labor market can reduce crime. 

 

Can Welfare Programs Reduce Crime? 

 Economic deprivation as a predictor of crime has been considered extensively in 

sociological and criminological theories. Traditionally, such theories have sought to 

explain why poverty appears to increase the risk of crime and victimization for some 

individuals and communities (Wheelock and Uggen 2008). Theoretical approaches that 

connect economic deprivation and crime include rational choice (Becker 1968; McCarthy 

2002), opportunity (Merton 1938; Cloward and Ohlin 1960; Cohen and Felson 1979; 

Cantor and Land 1985, 2001), strain (Agnew 2005; Agnew, Brezina, Wright and Cullen 

2002) anomie (Merton 1938; Messner and Rosenfeld 1997, 2007), and social 

disorganization (Shaw and McKay 1942; Sampson, Raudenbush and Earls 1997; 

Sampson and Raudenbush 1999; Sampson, Morenoff and Earls 1999; Morenoff, 

Sampson and Raudenbush 2001; Sampson and Morenoff 2004).  

Associations between poverty, its correlates, and high rates of crime have been 

repeatedly confirmed in empirical research (Sampson, Morenoff, and Gannon-Rowley 

2002).  However, as incarceration rates have grown in recent decades, scholars have 

begun to look not only at the associations between poverty and crime, but how criminal 

justice sanctions contribute to higher crime rates in poor communities (Clear 2007; Clear 
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and Rose 1998; Rose and Clear 1998).  This section explores these economic theories of 

crime, as well as recent research on the spatial dynamics of crime at the local level. 

 

Theoretical Perspectives on Poverty and Crime 

Sociological and criminological explanations posit several mechanisms by which 

crime and economic deprivation can be linked at varying levels of analysis. Theories that 

most directly connect crime and economic deprivation at the individual level include 

rational choice theory (Becker 1968; McCarthy 2002), strain (Agnew 2005), and 

opportunity theories (Cloward and Ohlin 1960). At the macro level, theories have 

developed out of Merton’s (1938) anomie theory (Messner and Rosenfeld 1997, 2007), 

and the social disorganization tradition (Shaw and McKay 1942).  

 

Choice, Strain, and Opportunity 

 Rational choice theories of crime are founded on the assumption that individuals 

act as if they have weighed the costs and benefits of alternative choices (Cornish and 

Clarke 1986; McCarthy 2002). Such theories stem from classical theories of human 

behavior in which people seek to maximize pleasure and minimize pain (Beccaria 1983). 

From this perspective, people engage in criminal behavior when it benefits them the most 

and refrain from it when it incurs too high a cost. Becker’s (1968) neo-classical approach 

posits that individuals act in economic self-interest and will commit crime as often as it 
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maximizes their returns. Becker argues that individuals weigh potential costs of crime 

incurred by arrest, conviction, and punishment, including the loss of income that might 

result, against the monetary benefits of offending (McCarthy 2002). In Becker’s 

formulation, the pecuniary returns or costs associated with crime are central to the 

decision to commit crime. From this standpoint, reducing the monetary benefits of crime 

and increasing the likelihood and severity of state sanctions as the primary costs of crime 

should deter criminal behavior (Schmidt & Witte 1984).  

 Subsequent scholars have developed broader notions of rational choice that allow 

for non-monetary costs and benefits to influence the choice to engage in criminal 

behavior (McCarthy 2002). Such non-economic factors include cultural and ethical 

preferences, along with the psychic rewards or costs brought on by criminal activity 

(Block and Heineke 1975; Clarke and Cornish 1985).  Tolerance of or aversion to risk 

also influence decisions to engage in crime (McCarthy 2002). Social costs, such as shame 

and stigma, have been shown to be more important in many cases for deterring crime 

than the economic costs of imprisonment or loss of income (Nagin 1998).  

Some have argued that crime does not pay enough to warrant engaging in it 

(Gottfredson and Hirschi 1990; Katz 1988). Nevertheless, the potential economic returns 

of illegal activity can be substantial and some crimes pay more than others (Wilson and 

Abrahamse 1992). For example, drug dealing can have high economic returns, especially 

for those who are higher up in the hierarchy of drug selling gangs (Levitt and Venkatesh 

2000; Levitt and Dubner 2005; Venkatesh 2008). For some, the economic gains from 

crime may far outpace financial rewards of legal employment (McCarthy 2002; Fagan 
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and Freeman 1999; McCarthy and Hagan 2001). In this sense, those with limited access 

to legitimate means for obtaining income might be expected to choose income-generating 

crime based on anticipated financial returns 

Strain theory, first elaborated by Merton (1938), posits that those with lower 

income experience greater pressure to engage in crime due to blocked access to 

legitimate channels to economic gain, such as employment (Agnew et al. 2002). Merton 

referred to such individuals as “innovators,” who aspire to the culture’s defined goals of 

success, but engage in illegitimate means to achieve them. Agnew (2005) has expanded 

Merton’s strain theory to include economic as well as other stressors that generate 

negative emotions, which in turn lead to crime as one means of coping. Economic 

deprivation is one such stressor that could lead to crime as a way of relieving the negative 

emotions brought about by the pressure of blocked opportunities to achieve success. 

Also building from Merton’s strain theory, Cloward and Ohlin (1960) argued that 

young men living in low-income urban neighborhoods are exposed to greater illegitimate 

means of achieving success. Opportunities to engage in economically profitable crime 

may also depend on the availability of crime targets and the presence of guardians, 

particularly for crimes such as robbery and burglary (Cohen and Felson 1979). 

Opportunity to obtain legal and illegal income may depend on local labor market 

conditions, such as the unemployment rate. A higher unemployment rate is associated 

with fewer legal opportunities for financial gain and might be expected to lead to higher 

rates of crime (Cantor and Land 1985, 2001). Individuals in societies or communities 

with higher rates of unemployment may experience greater blocked opportunities to 
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obtain income legally and may be more inclined to engage in income generating crime. 

Conversely, in light of routine activity theory, higher unemployment rates may decrease 

the attractiveness of targets and increase the presence of guardians with more individuals 

out of work (Cantor and Land 1985, 2001). This might particularly affect rates of crime 

such as burglary and robbery that are dependent upon the presence of target suitability 

and absence of capable guardianship (Cohen and Felson 1979).   

 Taken together, theories of rational choice, strain, and opportunity suggest 

mechanisms by which people with lower economic means might engage in crime. From a 

rational choice perspective, those with lower means might view the pecuniary benefits of 

crime as favorable compared to the potential costs (Becker 1968; McCarthy 2002). 

Opportunity and strain theories suggest that blocked access to legitimate means of 

economic success may drive some to engage in crime (Merton 1938; Agnew 2005).  Such 

opportunities may be more or less available depending on ecological context (Cloward 

and Ohlin 1960; Cantor and Land 1985, 2001; Cohen and Felson 1979). 

 

 Anomie 

Moving to the macro level, Merton (1938) attempted to explain why some 

societies have higher crime rates than others in his theory of anomie. According to 

Merton, societies have culturally defined success goals and norms for how these goals are 

to be achieved. In societies like the United States, where success goals are primarily 

monetary but norms for achieving these goals are less rigid, those with restricted access 
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to legitimate means to achieve economic success will be more likely to engage in crime 

in order to do so. This leads to an anomic society, where the emphasis on the goals 

eclipses the emphasis of the legitimate means to achieve them (Merton 1938). In U.S. 

society, crime rates are high because people seek to achieve monetary success “by any 

means necessary,” including non-legitimate channels.  

Expanding on Merton, Messner and Rosenfeld (1997, 2007) have developed a 

theory of institutional anomie by which nations will have higher crime rates when other 

social institutions – such as the polity, family, and education – are subordinate to the 

market economy. They hypothesize that nations with policies intended to offset the 

“vicissitudes of the market” by offering more generous social welfare provisions will 

have lower homicide rates (Messner and Rosenfeld 1997, p. 1394). To test this 

hypothesis, they construct a decommodification index to measure the availability and 

levels of expenditures for social entitlement programs in 45 nations, as a proxy of overall 

welfare state generosity. Results show that nations that score higher on the 

decommodification index have lower homicide rates. Messner and Rosenfeld (1997) 

argue that this supports Institutional Anomie theory, given that efforts to lessen 

dependence on the market for achieving material well-being appear to lower rates of 

homicide at the national level.  

 

Social Disorganization and Collective Efficacy 
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 The fact that rates of crime tend to vary over geographic space, especially in 

urban areas, has been fodder for a large body of theoretical and empirical work in 

sociology and criminology over the past century. Stemming from seminal studies by 

Shaw and McKay (1942), a substantial literature describes and attempts to explicate 

associations between high crime rates and poor neighborhoods. Influenced by Chicago 

School theories of urban ecological development (Park 1936, 1967; Burgess 1967), Shaw 

and McKay (1942) created maps of juvenile delinquency rates, which depicted 

decreasing rates of crime by juveniles as neighborhoods move successively further away 

from the inner city. In addition, residential areas within these neighborhoods showed 

lower levels of delinquency than neighborhoods adjacent to industrial areas. Delinquency 

rates in these same areas also correlated with other social problems, such as school 

truancy, young adult crime, infant mortality, tuberculosis, and mental illness. 

Socioeconomic conditions such as population decline, ethnic heterogeneity, the number 

of families on government relief, and residential instability showed high correlations with 

delinquency rates.  

From this evidence, Shaw and McKay (1942) developed a theory by which an 

underlying social condition, social disorganization, leads to higher rates of delinquency in 

some neighborhoods. According to this theory, a breakdown in social institutions and 

controls occurs in neighborhoods where low economic status, ethnic heterogeneity and 

residential instability prevail (Sampson and Groves 1989). Shaw and McKay 

hypothesized that social disorganization produces cultural traditions and values that 
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accommodate criminal behavior to develop and subsequently passed down generationally 

even as different immigrant groups move through neighborhoods over time. 

 Following Shaw and McKay (1942), numerous studies have largely confirmed the 

associations between neighborhood crime rates and economic, ethnic, and residential 

factors (Kornhauser 1978; Bursik 1984; Byrne and Sampson 1986), although recent 

research points to a more complicated relationship between immigrant population 

concentration and crime than Shaw and McKay’s conception of ethnic heterogeneity 

assumes (Sampson 2008; Graif and Sampson 2009; Wadsworth 2010). Other scholars 

extend social disorganization theory by including racial segregation as a distinct 

contributory factor in rates of crime (Krivo and Peterson 1996; McNulty 2001; Peterson 

and Krivo 2010). For example, Peterson and Krivo (2010) examined data from 87 cities 

across the U.S. and found that even after controlling for neighborhood and city level 

social disorganization variables, neighborhoods with high African American populations 

had higher rates of violent crime. Still, overall socioeconomic disadvantage accounted for 

the lion’s share of variation in levels of both violent and property crime (Peterson and 

Krivo 2010). 

Scholars have also begun to test the hypothesized mechanisms through which 

such neighborhood conditions influence crime using the idea of “collective efficacy,” 

defined as the combination of social cohesion between neighbors and their willingness to 

engage in informal social control to achieve community goals, such as safety and order 

(Sampson and Groves 1989; Sampson, Raudenbush and Earls 1997; Sampson and 

Raudenbush 1999; Sampson, Morenoff and Earls 1999; Morenoff, Sampson and 
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Raudenbush 2001; Sampson and Morenoff 2004). They then test collective efficacy as a 

mediator between such factors as concentrated poverty, physical disorder, and rates of 

crime in Chicago neighborhoods and find that collective efficacy mediates the effects of 

neighborhood conditions on crime. While neighborhood variables such as concentrated 

disadvantage, immigration concentration, and residential stability explained 70% of 

neighborhood variation in collective efficacy, collective efficacy itself explained a 

significant part of the association between these same neighborhood variables and crime 

(Sampson et al. 1997).   

With the steep rise in incarceration rates over the past several decades, scholars in 

the social disorganization tradition have also begun to recognize that rates of criminal 

punishment may have additional deleterious effects on community crime rates. Coercive 

mobility, also known as the Rose-Clear hypothesis, extends social disorganization theory 

to include neighborhood rates of incarceration as a variable that influences rates of crime 

(Clear 2007). According to Clear’s model, neighborhoods with high rates of incarceration 

experience significant reductions in human and social capital due to the removal of many 

young residents to prison. This depletion disrupts social control processes, such as 

collective efficacy, and destabilizes social networks, which in turn lead to higher rates of 

crime (Clear 2007). Returning formerly incarcerated young people to their communities 

in the reentry process further destabilizes neighborhoods by inundating them with higher 

need residents who lack access to employment, housing, and other social supports. After 

a certain “tipping point,” increased incarceration will cause neighborhood crime rates to 

increase rather than decrease (Rose and Clear 1998). 
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 Empirical support for coercive mobility has been mixed (Clear 2007; Clear, Rose, 

Waring and Scully 2003; Waring, Scully and Clear 2005; Renauer, Cunningham, 

Feyerherm, O’Connor and Bellatty 2006). While some evidence has suggested that there 

is a tipping point at which higher rates of incarceration increase neighborhood crime 

rates, studies testing the theory have found inconsistent support for its claims, largely due 

to methodological challenges such as simultaneity and endogeneity (Clear 2007). At the 

same time, studies demonstrating the effects of incarceration on individuals and families 

suggest that the geographic concentration of incarceration should have negative effects 

on community functioning.  A recent study using instrumental variable techniques by 

DeFina and Hannon (2010) found that adult incarceration in North Carolina counties 

from 1995-2007 significantly increased child poverty rates, especially in counties with 

more racial minority residents. 

 

Summary of Theories Connecting Economic Deprivation and Crime 

 Taken together, these theories suggest diverse mechanisms by which economic 

deprivation and crime may be linked at both micro and macro levels of analysis. These 

are relevant to my study of whether decommodifying welfare programs can decrease 

crime in several ways. From a choice perspective, receiving welfare benefits may 

decrease financial need and, as a result, decrease the appeal of crime as an alternative for 

obtaining economic resources. According to an opportunity perspective, welfare benefits 

may help offset the burden of unemployment and the lack of legitimate opportunities for 



 

 59 

economic gain. Welfare benefits may also decrease the strain associated with economic 

deprivation and lower the likelihood that individuals will turn to crime in order to cope. 

At the macro level, anomie theory would suggest that bolstering the welfare state is one 

way to counteract the imbalance between the goals of success and the legitimate means to 

achieve those goals. From an institutional anomie perspective, welfare provision would 

also help counteract crime by promoting values of mutual obligation and support 

(Messner and Rosenfeld 1997, 2007). The social disorganization tradition highlights the 

importance of taking local context into account when assessing links between deprivation 

and crime. 

 These theories also suggest key variables to include in my analyses. Chief among 

them are unemployment as a measure of labor market conditions, race, incarceration 

rates, age (especially young men), and urbanicity. In Chapter 3, I detail the variables I 

include in my models in light of these theories and prior studies. 

 

Sociospatial Studies of Crime  

 As the social disorganization tradition reviewed above demonstrates, sociologists 

have long recognized the importance of geography in explaining crime. Traditionally, 

sociological studies of crime and place have focused on cities and neighborhoods, 

broadly defined (Shaw and McKay 1942; Sampson, Raudenbush and Earls 1997).  

Researchers as well as local police departments have begun to utilize GIS software to 

map incidents of crime in order to locate and analyze small, local areas with greater 
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numbers of crimes reported, commonly referred to as “hot spots.” Some studies have 

found that 50 percent of all crimes in urban areas are committed in just a few “micro 

units” comprised of individual street addresses or street segments (Weisburd, Bruinsma 

and Bernasco 2009). Several experiments have been conducted in U.S. cities in order to 

test whether increased intervention in targeted hot spots of crime leads to decreased 

crime. A meta-analysis of these studies found that focusing police intervention on hot 

spots can prevent crime and disorder (Braga 2005). 

 Sociologists and criminologists have capitalized on spatial analyses to study how 

the diffusion of crime and violence varies at the neighborhood and regional levels 

(Messner and Anselin 2004; Baller, Messner, Anselin and Deane 2002; Baller, Anselin, 

Messner, Deane and Hawkins 2001; Anselin, Cohen, Cook, Gorr and Tita 2000) as well 

as to test collective efficacy and social disorganization theories (Morenoff, Sampson and 

Raudenbush 2001; Peterson and Krivo 2010). These studies of crime at the very local 

level reinforce the importance of studying the effects of welfare on crime at multiple 

levels of geography. Because crime rates vary so significantly and can be clustered in 

smaller areal units, detecting the effects of welfare on crime may be most critical at the 

local, rather than state-level. In this dissertation, I examine the effects of GA on rates of 

crime at both the state and county level. Data for GA is not available at a level lower than 

the county, which limits my ability to examine these relationships at the more fine-

grained, local level. But examining these questions at the county-level is also 

advantageous for several reasons. First, while policy decisions related to crime and 

welfare are made at the state level, actual decisions about implementation take place 
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more frequently at the county-level. Second, counties can encompass more than one 

social landscape, from rural to urban, an important factor given that poverty and welfare 

are not just urban problems as noted previously. Third, there is precedent for studying the 

relationship between welfare and crime at the county level, allowing me to compare my 

results with those of prior research more readily.  

 

Studies of Crime and Welfare 

Prior state-level and even cross-national studies have demonstrated negative 

relationships between higher welfare provision and crime. Savage, Bennett and Danner 

(2008) examined social welfare spending in 25 nations over 13 years and found that rates of 

theft and homicide were lower in countries with higher welfare spending. In an early 

correlational analysis of General Assistance spending and Uniform Crime Report Index 

crimes, Ellis (1987) reported significantly lower crime rates in states with higher GA 

benefits once models controlled for urbanization. Other research, detailed below, 

demonstrates that welfare payments are linked to lower rates of crime in cities and counties.  

At the aggregate level, studies have shown that welfare payments lower rates of 

violent and property crime in cities and counties that offer more generous benefit levels 

(DeFronzo 1996; DeFronzo 1997; Hannon and DeFronzo 1998a; Hannon and DeFronzo 

1998b; Johnson, Kantor, and Fishback 2007). In an analysis of welfare spending in 81 cities 

during the Great Depression era, Johnson and colleagues (2007) found significant decreases 

in property crime where relief spending was higher, especially for work relief programs. 
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Each 10 percent increase in per capita relief spending was associated with a 1.5 percent 

reduction in property crime rates (Johnson et al. 2007). 

 In a series of cross-sectional studies examining violent and property crimes in large 

metropolitan areas, DeFronzo and colleagues have consistently identified negative 

associations between AFDC welfare payments and rates of crime. Using cost-of-living 

adjusted levels of AFDC spending, and controlling for city population size, percent of 

female-headed households, unemployment rates, percent of city population that are black 

and Hispanic, DeFronzo (1996) found that higher AFDC payments are associated with 

lower burglary rates. Hannon and DeFronzo (1998a) likewise found both welfare payments 

and welfare participation to be negatively associated with rates of burglary, larceny, and 

auto theft. Using a similar analysis, DeFronzo (1997) also found that higher AFDC 

payments lowered homicide rates both directly and indirectly through the percentage of 

female-headed households. Other studies have shown that higher welfare payments are also 

associated with lower homicide rates (Messner and Rosenfeld 1997), particularly for 

African Americans (Sampson 1987). 

Hannon and DeFronzo (1998b) examined welfare provision as a moderating factor 

between resource deprivation and crime.  Using a sample of 406 large metropolitan counties 

in 1990 and broadening their welfare measure to include General Assistance in addition to 

AFDC payments, the authors found that higher levels of welfare assistance lowers the 

strength of the positive association between resource deprivation and overall crime rates. In 

a study of General Relief spending in California counties from 1990 to 1998, Worrall (2009) 

found that homicide rates were lower in counties with more generous General Relief 
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programs. The timing of welfare disbursement also affects crime rates in cities (Foley 2008). 

In cities where welfare payments are made at the beginning of the month, economic crime 

rates (larceny theft, robbery, motor vehicle theft) are lower early in the month but peak in 

the middle and end of the month, presumably once public assistance checks have been 

spent.  

Other studies suggest mixed or positive relationships between welfare and crime. 

Burek (2005) examines property crime rates in Kentucky counties from 1980 to 1990 and 

finds that greater welfare spending increases part two property crime rates. Part two crimes 

are less serious, and include offenses such as shoplifting, vandalism, and drug crimes.  Edin 

and colleagues (1993; 1997a; 1997b) also suggest that, due to insufficient welfare benefit 

levels, low income women often engage in “survival strategies,” including selling sex, 

drugs, and stolen goods as a way to make ends meet. Messner and Sampson (1991) report 

mixed findings, such that public assistance to African American families is negatively 

associated with homicide, but positively associated with robbery in 153 U.S. cities.  

These aggregate-level studies suffer from several drawbacks in data and methods. 

Many use a cross-sectional research design that is unable to account for changes in either 

welfare spending or crime over time (DeFronzo 1996; DeFronzo 1997; Hannon and 

DeFronzo 1998a; Hannon and DeFronzo 1998b). Others, such as Worrall’s (2009) study of 

General Relief in California counties, are limited by data from only one state. On the whole, 

these studies also use data that are older or that come from welfare programs like AFDC that 

are aimed at women and children, rather than men who make up over 90 percent of the U.S. 

correctional population. 
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At the individual level, the TARP experiment of the 1970s provides the clearest 

example of a significant effort to provide parolees with income support in the immediate 

period after release in the hopes of reducing recidivism (Rossi et al. 1980). The purpose of 

TARP was to provide modest financial aid to ease the transition out of prison and reduce 

property crime as parolees looked for work (Rossi et al. 1980). Initial analyses of the 

experimental data were disappointing – TARP payments did not lower property-related, or 

any other type, of crime. In addition, those in the treatment group spent more time 

unemployed than did the control group, indicating a “work disincentive” of receiving TARP 

payments. The evaluators noted, however, that receiving TARP payments did not increase 

these crimes, either, and at the end of the one-year follow-up period, members of the 

treatment group had earned as much income on average as the control group. 

One interpretation of these results is that TARP participants were able to take more 

time to find higher quality employment due to the cushion allowed by the income supports 

TARP provided (Rossi et al. 1980). Indeed, the modest payments provided by TARP were 

not much less than the wages available in the low-wage labor market in Georgia and Texas 

at the time, which may have made passing on unpleasant, menial jobs and living on TARP 

payments more appealing. TARP evaluators constructed a set of simultaneous equations and 

found that net of its effect on lowering employment, the TARP program payments actually 

did reduce property-related crime. But these effects were counterbalanced by the fact that 

TARP payments lowered employment, which had a very strong effect on lowering crime 

(Rossi, et al. 1980). A subsequent long-term follow-up analysis of the Georgia sample 
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showed no long-term effects of TARP payments on reducing crime 17 years after release 

(Needels 1996). 

In addition to examining how welfare benefits impact crime, studies also show that 

changes in welfare policy can have unintended effects on both juvenile and adult crime. 

Gurley-Calvez and Widick (2008) studied how work requirements for youth instituted by 

PRWORA impacted crime in five Appalachian states from 1990 to 2006. Results show that 

increased work requirements are associated with higher rates of juvenile violent crime 

between two to four years after they were put in place. A study of state implementation of 

the Gramm Amendment’s lifetime ban on TANF benefits for people convicted of drug 

crimes likewise shows spikes in female arrest rates in the years following implementation 

(Thompson, Uggen and Western in progress). States were allowed to opt out or modify the 

ban. States that did not institute the lifetime ban exhibit lower rates of female arrest for both 

violent and property crimes than those who implemented either modified or full bans. 

Despite the foregoing evidence that welfare programs providing income support 

outside the labor market are associated with lower rates of crime, current policy efforts to 

reduce crime focus on work programs and work requirements to successfully complete 

criminal justice sanctions (Soss et al. 2011a).  My dissertation engages the question of 

whether providing GA welfare can decrease crime in an effort to test whether such income 

supports might present a viable policy alternative in light of rising costs of incarceration and 

other punitive crime control policies. 
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Summary 

 This section demonstrates that there is ample theory and some evidence to support 

a connection between economic deprivation and crime at both the individual and 

aggregate level. It is clear that crime rates are highly concentrated geographically, 

especially in neighborhoods that are low income and high minority. The availability and 

accessibility of social services, including welfare, are important factors in preventing 

crime and fostering successful re-entry of former prisoners to their communities. These 

studies indicate that taking geographic scale of analysis into account is important. For my 

purposes, the effects of General Assistance on crime may be more relevant and more 

detectable at the county level rather than at the state level. 

 Most previous studies cited above have relied on cross sectional design and older 

data from programs prior to welfare reform on AFDC welfare programs that aimed 

primarily at women and children. With few exceptions, these studies have not focused on 

income supports available to low-income men who make up the vast majority of the 

criminal justice system population. My dissertation improves on these shortcomings by 

using data on General Assistance from all 50 states between 1960 and 2010 for state-level 

analyses and from over 1,000 counties in 10 states in 1980 and 2010 for county-level 

analyses.  

 

Conclusion and Research Questions 
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 Throughout this chapter, I have reviewed several interrelated themes: 1) the 

primary systems for addressing crime and poverty – the criminal justice and welfare 

systems – are becoming increasingly intertwined over time; 2) economic deprivation 

increases crime at individual and aggregate levels; and 3) welfare programs are inversely 

related to incarceration at the state level and to crime, at least at the aggregate level
3
. The 

policy levers that influence the criminal justice and welfare systems are pulled primarily 

at lower levels of government, and are therefore subject to local racial biases and political 

pressures. 

As noted in Chapter 1, the relationships between welfare, punishment, and crime 

are important for several reasons. First, the criminal justice and social welfare systems 

are two major social institutions that impact the lives and communities of society’s most 

vulnerable citizens – the poor and racial minorities.  Understanding how these systems 

have changed and how they intersect is critical to extending theoretical understanding of 

the dynamics of inequality in the contemporary United States.  Second, substantial theory 

and research suggest that economic deprivation is linked to higher rates of crime at the 

individual and aggregate levels. Some studies have also shown that welfare spending is 

inversely related to crime rates at multiple levels of analysis. Third, there are important 

policy implications if changes in one of these systems impact the other, such as the 

potential in reduce crime while also spending less on expensive and invasive criminal 

justice interventions like incarceration. 

                                                 
3
 The mixed-results of the TARP experiment are cautionary here but are also individual-level results while 

most other studies of the crime-welfare nexus are at the aggregate level. 
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 In light of these considerations, the next step is to test these ideas about the 

connections between criminal justice and welfare in a systematic way that is sensitive to 

race, gender, politics, and economic conditions across diverse geographic locations. My 

dissertation contributes to this effort in several ways: 1) an event history analysis of the 

factors contributing to policy changes in state GA programs over space and time; 2) an 

examination of how GA provision affects incarceration rates using fixed effects models; 

and 3) a study of the effects of GA provision on rates of crime at the state and county 

level utilizing fixed effects regression and first-differences techniques. 

 Before moving to a discussion of data and methods in Chapter 3, I next present 

each of my research questions and provide related hypotheses in light of the review 

provided in this chapter. 

1) What factors have contributed to states ending GA programs between 1958 

and 2010? 

 The loss of GA programs in many states has made welfare assistance all the more 

scarce for single men of working age, a demographic especially susceptible to criminal 

involvement, making a systematic study of the decline of income supports for this group 

directly relevant to questions about the relationship between welfare, incarceration, and 

crime. Based on the above theory and previous research, I propose the following 

hypotheses with regard to this research question: 

a. States that end their GA welfare programs will have higher rates of 

incarceration. If there is a trade-off going on between welfare and 
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incarceration, as purported in the studies I have reviewed here (Beckett 

and Western 2001; Guetzkow and Western 2007; Sutton 2000), I 

expect to find that a state’s elimination of GA is associated with 

increased state prison populations. 

Given previous research on welfare reform, I would also expect to find that politics and 

race play a significant role in GA policy changes. For example, previous research has 

found that Republican Party rule and a larger African American population contribute to 

more punitive state welfare practices (Soss et al. 2011a; Fording 2001). I therefore expect 

to find the following: 

b.  Republican control of state government will make ending GA 

programs more likely. 

c. States with larger African American populations will be more likely to   

eliminate GA welfare programs. 

 

2) How has the availability of GA programs influenced incarceration rates over 

space and time?  

Prior studies have found welfare spending to be inversely related to incarceration 

rates, especially in more recent decades (Beckett and Western 2001; Guetzkow and 

Western 2007; Sutton 2000). As noted in the previous question, race and conservative 

political party dominance are associated with more punitive punishment policies and less 

generous welfare spending. I would therefore expect the following: 
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a. Greater GA provision will be associated with lower state incarceration 

rates. 

b. Republican control of state government will be associated with higher 

incarceration rates. 

c. States with larger African American populations will have higher 

incarceration rates. 

 

3) Does GA lower crime rates, especially at the county level? 

 Previous research has considered the link between welfare spending and crime 

and generally found support for the claim that more generous welfare spending reduces 

crime at the aggregate level (DeFronzo 1996; DeFronzo  1997; Hannon and DeFronzo 

1998a; Hannon and DeFronzo 1998b), but other studies have found mixed results (Burek 

2005; Messner and Sampson 1991). These studies, however, have by and large used data 

that is old, insensitive to the gendered nature of crime, and have not considered the 

potential role of incarceration as a covariate.  

Based on prior research and theory, the findings of my study could demonstrate one 

of several outcomes: 

a. The relationship between GA welfare provision and crime may be negative. 

My study could reveal that providing even menial welfare benefits, such as 

GA, leads to decreases in crime across space and time. This may be 
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particularly true for economically motivated crimes, such as robbery or 

burglary. 

b. There may be no significant relationship between GA welfare provision and 

crime. GA benefits may be too meager to make any kind of meaningful 

impact on rates of crime at the aggregate level, either positive or negative. 

As Edin and others (1993; 1997a; 1997b) have suggested, benefits levels 

may be so low that people must engage in “survival strategies” to get by, 

such that welfare has no effect. 

c. Less likely, but still a logical possibility, the relationship between GA 

welfare provision and crime may be positive. Some argue that more 

generous welfare benefits contribute toward family breakdown or 

joblessness, which in turn increases crime rates (Murray 1984). 

In the next chapter, I provide detailed information on the data and measures I use to 

address these research questions, as well as a discussion of the statistical methods I employ 

to test these hypotheses. 
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CHAPTER 3: DATA & METHODS 

 In three sets of analysis, my dissertation examines what factors account for major 

changes in GA policy since the late 1950s, as well as how GA welfare provision has 

affected state incarceration rates and crime rates at the state and county level over time 

and space. First, I provide an event history analysis of factors leading states to end their 

GA programs from 1958 to 2010. Second, I use state-level fixed effects models to predict 

how changes in GA provision have impacted state incarceration from 1960 to 2010. 

Finally, I utilize fixed effects and first-difference models to evaluate the effect of GA 

coverage on changes in crime rates, with a special focus on county-level between 1980 

and 2010. I perform all of these analyses using data sets I constructed using data from 

multiple government sources. 

 In this chapter, I provide detailed descriptions of the variables I use in each of 

these analyses, along with explanations of the three types of models I employ. The first 

section lays out the variables and analytic strategy for the Cox models I use in the event 

history analysis of factors contributing to the end of state GA programs. The second 

section describes the state-level fixed effects models and the variables used in my state-

level analyses of GA’s effect on incarceration rates and crime rates. The final section 

details my county-level crime analysis using first-difference models and data from 

counties in 10 states.  

 

Event History Analysis Predicting States Ending GA Programs  



 

 73 

 To build a data set suitable for event history analysis (EHA), I drew data from 

several sources, including historical publications on the characteristics of state GA 

programs, the Bureau of Justice Statistics, the U.S. Census Bureau, and the Bureau of 

Economic Analysis. Data on the presence or absence of GA programs is available from 

historical reports at seven time points (1958, 1969, 1977, 1992, 1996, 1998, and 2010). 

The variables in my EHA models include a dichotomous measure of whether or not a 

state has ended its GA program as the dependent variable, state incarceration rates as the 

focal independent variable, and controls for state demographic characteristics, political 

partisanship, fiscal capacity, and region (South).  Descriptive statistics for these variables 

are shown in Table 3.1. I next provide descriptions for each variable included in the EHA 

models. 

[Table 3.1 about here] 

Dependent Variables 

General Assistance. Whether or not a state ends its GA program in a period is indicated 

by a dichotomous variable (1=ended GA, 0=retains GA). I constructed this variable using 

a series of reports that surveyed states on the presence and characteristics of GA 

programs in 1958, 1969, 1977, 1992, 1996, 1998 and 2010. The report for 1958 was 

prepared for the U.S. Senate’s Special Committee on Unemployment Problems by the 

then Bureau of Public Assistance within the Social Security Administration. Two similar 

reports were conducted in 1969 and 1977 by the U.S. Department of Health, Education 

and Welfare following the same method as the 1958 report.  In 1992, the Center for 

Budget and Policy Priorities and the National Conference of State Legislatures conducted 
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a survey of states using the same methods as employed by the U.S. Department of Health, 

Education, and Welfare reports (Nichols, Dunlap, and Barkan 1992). In 1996 and 1998, 

researchers at the Urban Institute again surveyed states using the same instrument as the 

1992 Center for Budget and Policy Priorities report (Gallagher, Uccello, Pierce and Reidy 

1999; Uccello, McCallum, and Gallagher 1996). Finally, the Center for Budget and 

Policy Priorities once again collected information on GA from states using online 

research as well as direct contact with agencies within states for information in 2011 

(Schott and Cho 2011). Because the information collected in this final report was valid as 

of January 1, 2011, I consider this report an indicator for GA in 2010. While the authors 

and agencies responsible for these reports have changed over time, the method of data 

collection has remained relatively stable
4
, making them a reliable source of consistent 

information on the presence of GA in each state over time. 

 

Independent Variables 

Incarceration. Incarceration rates represent the key independent variable of interest in 

this analysis in light of theory and research on apparent state policy trade-offs between 

welfare programs and incarceration. Because of this prior research and theory, I expect to 

find that higher state incarceration rates increase the hazard of states ending GA 

programs. This variable is measured as a rate of persons incarcerated in state prisons per 

100,000 people in a given state. I obtained these data from the Bureau of Justice Statistics 

                                                 
4
 The exception is the most recent report by the Center for Budget and Policy Priorities that does not 

perform a systematic survey of states as previous reports did, but rather relies on information available 

online and contact with informants within states as needed. However, the type of information contained in 

the report is consistent with prior studies. 
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annual Prisoners series reports (BJS 1994-2010) as well as the Sourcebook of Criminal 

Justice Statistics (Department of Justice 1973-2004), and National Prisoner Statistics 

(U.S. Bureau of Prisons 1948-1971).  

 

Poverty.  To qualify for GA programs individuals’ income must fall below the poverty 

line. As a result, I would expect that as state’s poverty rates increase, demand for GA 

grows. At the same time, higher poverty populations may tax states’ ability to meet the 

demand and lead to GA cuts. This variable is a measure of the percentage of a state’s 

population that is below poverty obtained from Census Bureau sources decennially and 

interpolated for intervening years by taking the average difference between the two time 

points and adding it successively to each year in between. 

 

Retail Wages: In a logit analysis of whether states retained a GA program in 1996, Soss 

and colleagues (2011a) included a measure of low skill wage levels to test for effects of 

the low-wage labor market on GA availability. For this measure, the authors used the 

average monthly wage for retail workers in each state. They found that states were more 

likely to eliminate GA programs when low-skill wages are lower, indicating that 

policymakers viewed GA as a work disincentive when benefit amounts approached the 

same level as low skill wages. I replicate this measure using data provided by the authors 

and supplemented with data I gathered for subsequent years. The average monthly wage 

for retail workers was obtained from the U.S. Census Bureau’s County Business Patterns 

data available online. The measure is calculated by dividing the total payroll by the total 
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employees for each year and dividing that number by 12 months (or by three in earlier 

years when the data was reported by quarters). I further convert the data for all years into 

constant 2010 dollars in order to adjust for inflation. 

 

African American. Soss and colleagues (2011a) found that states with higher African 

American populations were less likely to have GA programs in 1996.  Other studies have 

also found greater size of the African American population to be associated with less 

generous welfare and more punitive incarceration policies (Beckett and Western 2001; 

Jacobs and Helms 1999, 1996; Greenberg and West 2001). I would thus expect to find 

higher African American populations associated with elimination of GA. This variable 

indicates the percentage of a state’s population that is African American as reported by 

the Census Bureau. To create annual percentages, I took the decennial Census data and 

interpolated for intervening years by taking the average difference between the two time 

points and adding it successively to each year within each decade. For the 2000 and 2010 

Census, I use data from the “Black alone or in combination” category to ensure that I 

have captured the maximum number of people reporting African American race in these 

years.
5
 

 

Urban. Because higher rates of incarceration are concentrated in urban areas (Clear 

2007), I include the percentage of a state’s population this is living in urban areas as a 

control variable. I obtained these data from Census Bureau sources decennially and 

                                                 
5
 Tests conducted prior to and after the implementation of the new race categories in the 2000 Census 

showed little impact of the measured racial composition of the population for blacks and whites 

(Hirschman, Alba, and Farley 2000; Snipp 2003). 
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interpolated for intervening years by taking the average difference between the two time 

points and adding it successively to each year in between. 

 

Republican Governor. Previous studies have found Republican control of government to 

be a significant predictor of more punitive welfare and incarceration policies, including 

higher rates of incarceration and lower welfare spending (Beckett and Western 2001; 

Fording 2001; Greenberg and West 2001). In light of these findings, I include a 

dichotomous indicator of whether a state had a Republican governor or not in each year 

as reported in the “Elections” section of the annual Statistical Abstract of the United 

States published by the U.S. Census Bureau (1=Republican governor, 0=not a Republican 

governor). I expect to find that having a Republican governor will increase a state’s 

hazard of ending GA. 

 

Gross State Product. States with greater economic resources should have more funds 

available for discretionary purposes, including the ability to devote greater resources to 

more expansive welfare and incarceration populations (Beckett and Western 2001; 

Stucky et al. 2005). I would expect states with higher GSP to be less likely to end GA 

programs. In line with previous studies, I include Gross State Product (GSP), a measure 

of a state’s economic output indicated by the sum of the value added by each industry 

within the state. I obtained GSP data for each state over the period from the Bureau of 

Economic Analysis online data download system. This variable is logged in my analyses 

due to a positively skewed distribution. 
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South. Many of the states that have ended GA programs, especially early in the time 

period, are located in the South. States in this region also have generally higher rates of 

incarceration than states in the north. I expect to find that being in the South raises the 

hazard of a state’s ending GA. As a result, I control for whether or not a state is located in 

this region. This is a binary indicator of whether or not the state is located in the South as 

defined by the Census Bureau (1=South, 0=not South). This region encompasses 16 

states: Alabama, Arkansas, Delaware, Florida, Georgia, Kentucky, Louisiana, Maryland, 

Mississippi, North Carolina, Oklahoma, South Carolina, Tennessee, Texas, Virginia, and 

West Virginia. 

 

Analytic Strategy 

 Event history models are useful for answering questions related to timing of 

events and change (Box-Steffensmeier and Jones 2004). These models exploit 

longitudinal data and address questions regarding the duration (survival) and risk for a 

given event. For example, what factors increase the risk (hazard) that GA will be 

eliminated (coded 1 for eliminated, 0 for no change)? Conversely, what factors contribute 

to the persistence (survival) of GA programs? These models explicitly incorporate time 

by analyzing whether or not an event (e.g. eliminating GA) happens within a given unit 

of time (e.g. a year). Event history models can also accommodate time-varying 

covariates. 
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 Event history analysis is generally conceptualized in terms of “states,” “risk sets,” 

and “spells.” For my analysis, the state of interest is whether or not a U.S. state has ended 

its GA program. Time is measured in periods between reports, beginning in 1958 (the 

earliest data is available) and ending in 2010. The risk set includes all 50 United States, 

with spells defined by the occurrence of GA elimination. 

 Censoring is a key issue in event history analysis, where data may be missing 

before or after a certain point in time for individual cases. This means that the onset of a 

spell may be unobserved (Box-Steffensmeier and Jones 2004). Left censoring occurs 

when data are not available before a certain point in time, such as the start of the study 

period. Right censoring happens when there is no data after a particular point in time, 

such as the end of the study. In my analysis, left censoring is not an issue since all states 

reported having a GA program in 1958. In 2010, 30 states retained some kind of GA 

program and so are right censored. Right-censoring can be problematic if censored and 

uncensored cases are treated the same, in which case parameter estimates will be 

misleading (over- or under-estimating the effects of covariates on duration time) (Box-

Steffensmeier and Jones 2004). Fortunately, by specifying when cases are right-censored 

in the analysis (e.g. specifying the failure option when using the stset command in Stata), 

right-censored cases will only contribute information on GA survival until the known 

censoring point. 

Prior to estimating bivariate and multivariate models, I use life table methods to 

plot survival curves and hazard rates. Survival rates capture the cumulative proportion of 

states that have not ended GA within each period, while hazard rates show the probability 
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that states that survived a given period without ending GA will eliminate GA in the next 

period. Several statistical tests are available to evaluate the hypothesis that survivor 

functions differ across groups, including the log-rank and Wilcoxon tests. Both of these 

tests assess the equality of survival functions by calculating the difference between 

observed and expected failures at each time point, though the Wilcoxon test gives greater 

weight to earlier failures. 

Cox models assume that covariates have a proportional and constant effect, such 

that each observation’s hazard function holds the same pattern over time (Box-

Steffensmeier & Jones 2004; Cox 1972). The proportional hazards assumption can be 

evaluated by visually inspecting stratified survival curves and using formal statistical 

tests, such as the proportional hazards test, which assesses the null hypothesis of zero 

slope using scaled Schoenfeld residuals (Grambsch and Therneau 1994).  

Unlike parametric event history models, Cox models do not specify a baseline 

hazard rate but instead infer one using the data at hand. This makes Cox models a 

versatile method to use, particularly when there is little or no theoretical reason to believe 

the duration dependency takes a particular form (Box-Steffensmeier and Jones 2004). In 

this analysis, I specify Cox regression models using the following equation: 

 

where h(t) is the hazard rate, and h0(t) is a baseline hazard function to be inferred from 

the data. 
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Fixed Effects Models of GA’s Effects on State-Level Incarceration and Crime 

Because GA programs are, and always have been, funded and administered at the 

state level or lower, I utilize a pooled, cross sectional data set covering all 50 states over 

the years 1960 to 2010. Having data that span these five decades allows me to examine 

the relationships between GA, incarceration, and crime over a long period, during which 

major changes in policies governing these institutions occurred. Policy levers for crime 

and incarceration are also pulled primarily at the state-level, providing a good match for 

disentangling causal effects between the two systems.   

To construct this data set, I drew together data from multiple government sources, 

including the Administration for Children and Families, the Bureau of Justice Statistics, 

the Bureau of Economic Analysis, the Bureau of Labor Statistics, the Census Bureau, the 

Federal Bureau of Investigation’s Uniform Crime Reports, and the Social Security 

Administration. Table 3.2 provides descriptive statistics for the variables contained in this 

data set and explained below. Several variables have already been described above as I 

also use them in my EHA analysis of GA elimination. 

[Table 3.2 about here] 

Dependent Variables 

Incarceration. As discussed on p 72, I use the same measure in these state-year fixed 

effects models, logged to correct for a right skewed distribution. 

 

Crime. Research and theory suggest that most crimes involve potential economic gain 

that could be countered by providing income supports outside the labor market, as 
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through a welfare program like GA (Becker 1968; McCarthy 2002; Merton 1938; 

Messner and Rosenfeld 1997; Shaw and McKay 1942; Sampson, Raudenbush and Earls 

1997). To test whether GA can lower crime I include crimes in my models that carry 

some measure of economic remuneration. This includes the Part I crimes of robbery, 

burglary, and larceny as defined by the Federal Bureau of Investigation’s annual Uniform 

Crime Reports (UCR). These crimes are pertinent because they can yield notable 

financial gain, but also cause serious harm to people and property.  I also include UCR 

summary rates for violent and property crime. Part I crime rates are measured as all 

offenses that come to the attention of law enforcement, whether via arrest or report, per 

100,000 people in the state. 

UCR data have been criticized by scholars for several reasons, largely related to 

underreporting of crime by individuals and agencies (Loftin and McDowall 2010). For 

example, it is well known that citizens do not report all crimes to police and reporting 

practices are not consistent across police agencies. Some agencies do not report crimes or 

report them incompletely. At the same time, the UCR data represent the only source for 

estimates of crime over a long time period for all 50 states as well as local jurisdictions 

and are widely used in studies of crime. In addition, because the fixed effects models I 

use include statistical controls for stable state differences, my estimates will not be 

affected by stable systematic biases in reporting between states (Allison 2010). 

 

Independent Variables 
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General Assistance. This is a measure of the number of GA cases per 100,000 people in 

poverty in each state for each year. I code the variable this way in order to capture the 

portion of the eligible GA population that is receiving GA benefits. In light of previous 

research and theory detailed in Chapter 2, I expect higher GA case rates to be associated 

with lower rates of incarceration and lower rates of crime. 

Data for this variable were gathered from multiple sources, including December 

caseloads from the Statistical Abstract from 1960 to 1965
6
, monthly caseload data from 

the Public Assistance Statistics
7
 series, a quarterly publication produced from 1966 to 

1989, and a data set (originally from United States Department of Health and Human 

Services) I received from the authors of a previous article on GA that covers 1990 to 

1997 (Anderson, Halter and Gryzlak 2002). For 1997 to 2010, I gathered GA data 

directly from state human services agencies, either from online program statistics 

publications or via email and phone correspondence with state human services 

employees. In general, states provided data from these years in either annual average or 

monthly form. With all of the data in hand, I calculated annual average caseloads for each 

state in each year. Some states are missing data on this variable for all or part of the time 

series. Idaho is the only state missing for all years. Information on missing GA data in 

other states is detailed in Appendix Table 3.1. Overall, most of the missing data are 

                                                 
6
 I adjusted these December caseloads to match average annual caseloads using a multiplier calculated 

using the ratio of December caseloads to average annual caseloads in the 1966 data for each state. This 

should correct for any problems with seasonality in the December data. 
7
 The title of the publication and the government agency publishing it changed slightly several times over 

the time period. Early reports were titled, Advance Release of Statistics on Public Assistance, later changed 

to Public Assistance Statistics and finally Quarterly Public Assistance. For the sake of simplicity, I refer to 

the second title since it was in use for the bulk of the time period in question. 
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concentrated in states with relatively small GA programs run at the county-level such that 

data have historically not been collected at the state level. 

Previous studies of the welfare-incarceration “trade off” have largely relied on 

welfare spending as a predictor of state incarceration rates (Beckett and Western 2001; 

Greenberg and West 2001; Stucky, Heimer, and Lang 2005). In contrast, I use GA 

population data for two reasons. First, GA spending data are not available over the full 

time period. Second, and more substantively important, other scholars have noted that 

spending data may well indicate policy-setting priorities of politicians but population data 

for both incarceration and welfare programs are more likely to reflect policy 

implementation at various levels of government (Fording 2001; Guetzkow 2006; Jacob 

and Helms 1999). As a result, I argue that using population data for both phenomena is a 

theoretically more useful measure.  

 

Unemployment. In light of social control theories that posit welfare and imprisonment as 

forms of labor market regulation (Piven and Cloward 1993; Rusch and Kircheimer 1939), 

prior studies have found unemployment to be associated with larger welfare rolls and 

higher incarceration rates (Beckett and Western 2001; Fording 2001; Greenberg and 

West 2001). I therefore include control for the percentage of the state’s population that is 

unemployed for each state and year, obtained from the Bureau of Labor Statistics. I 

expect that higher rates of unemployment will be associated with higher rates of 

incarceration, in light of social control theories noted above. Unemployment could have a 

positive relationship with crime in my models to the extent that higher unemployment 
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indicates greater financial hardship in the population. On the other hand, routine activity 

theory suggests that higher unemployment should decrease opportunities for crime given 

that more people are at home providing capable guardianship over their possessions 

(Cohen and Felson 1979). 

 

African American and Urban. As discussed on p. 74, I use the same measures in these 

state-year fixed effects models. I expect both variables to have positive associations with 

incarceration and with violent crime and robbery (Blumstein 1982, 1993; LaFree 1995). 

 

Males aged 15-24. Young males are a demographic group most prone to involvement in 

crime and therefore more at risk for incarceration (Rosenfeld and Fornango 2007; 

Worrall 2005). A greater proportion of this group in a state’s population might therefore 

be associated with higher rates of crime and imprisonment. This variable is measured as 

the percentage of a state’s population that is male and between the ages of 15 and 24, 

obtained from the Census for each decade. Like the variables for African American and 

Urban, I interpolated data for the years between decennial Census data collection points. 

 

Republican Governor and Gross State Product. As discussed on p. 74-75 above, I use the 

same measures in these state-year fixed effects models predicting the effect of GA 

provision on incarceration, not in the crime models. 
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AFCD/TANF.  GA provision may be associated with changes in other welfare programs. 

Some studies have indicated that states made changes to GA in conjunction with 

PRWORA (Ichfer 2010; Gallagher 1999). I would expect AFDC/TANF to exhibit similar 

inverse associations with incarceration and crime as noted for the GA variable above. As 

a result, I include state AFDC/TANF caseloads as a control variable. I obtained data for 

this variable online from the Administration for Children and Families from 1960 to 1979 

and from the Kentucky Center for Poverty Research’s State-Level Data of Economic, 

Political, and Transfer-Program Information for 1980 to 2010 data set available online. 

This variable is coded as the rate of AFDC/TANF cases per 100,000 in poverty and 

logged to normalize a positively skewed distribution.  

 

SSI. GA is also closely linked to providing assistance for those with temporary 

disabilities in many states (Pennucci, Nunlist and Mayfield 2009). Many states have 

enacted policy changes in recent years limiting GA eligibility to those with a disability 

while waiting to confirm eligibility for Supplemental Security Income (SSI) or in place of 

SSI for those who do not meet SSI eligibility requirements (Schott and Cho 2011). I 

therefore include as a control a measure of state SSI recipients in each year obtained from 

the Statistical Abstract of the United States from 1960 to 1999 and from the Annual 

Statistical Report on the Social Security Disability Insurance Program available online 

from the Social Security Administration for 2000 to 2010. This variable is the rate of SSI 

recipients per 100,000 people in the state and is also logged due to correct for a positively 

skewed distribution. 
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Analytic Strategy 

 The pooled, cross-sectional nature of this data set allows me to work with 

statistical models that control for unobserved, time-invariant confounders, making causal 

claims more plausible (Allison 2010; Hallaby 2004). In the absence of random 

assignment, fixed effects regression models provide one means of controlling for 

variables that have not or cannot be measured (Allison 2010; Angrist and Pischke 2009). 

These models are a significant improvement on cross-sectional models because they 

directly model the determinants of unit-level changes in variables by incorporating 

change scores in the analysis (Finkel 1995). This allows for the control of time-

invariant independent variables that are either unknown or cannot be included in the 

model. Because such unobservable factors are problematic for causal inference, fixed 

effects models offer a means of isolating causal effects by providing estimates that are 

unbiased by unobservable characteristics (Hallaby 2004). 

Essentially, fixed effects regression models use each unit (state, in my case) as its 

own control (Allison 2010). As a result, only within-unit variation is used to estimate the 

regression coefficients, while all time-invariant characteristics are controlled. This 

reduces concern that unobserved, fixed variables are biasing the results. Fixed effects 

models require that the dependent variable be measured for each individual at a minimum 

of two time points and that the independent variables of interest vary over time for a 

substantial portion of the sample (Allison 2010).  

 The basic model for fixed effects regression is as follows: 
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where μ is an intercept that may vary by time period, x is a vector of independent 

variables that may vary over time, z is a vector of time-invariant predictor variables, α is 

an error term that does not vary over time, and ε is a random error term that varies over 

time. 

Fixed effects models can be carried out over multiple time points via differencing 

or by mean deviation as follows (Allison 2010; Angrist and Pischke 2009): 

 

where each variable is expressed as a deviation from its overall, individual-specific mean. 

  

To study the effects of GA provision on state rates of incarceration and crime over 

time, I fit the following two equations: 

  

and 

  

 

where each variable is expressed as a deviation from its state-specific mean for time t, μ 

is an intercept, and ε is a random error term that may be different at each point in time. 

 

County-Level First Differences Analysis Predicting GA’s Effect on Crime 
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 Since crime rates and welfare provision vary significantly at lower levels of 

geography as reviewed in Chapter 2, I next move to modeling the effects of GA provision 

on crime at the county level. To so do, I employ first difference models predicting several 

types of economically motivated crime with GA recipients per 100,000 people in poverty 

as the key predictor variable along with controls for a host of state demographic, 

economic, political, and other welfare variables. Table 3.3 provides descriptive statistics 

for the variables described below. 

[Table 3.3 about here] 

Dependent Variables 

Crime. The data for these variables are drawn from the UCR reports Uniform Crime 

Reporting Program Data [United States]: Arrests by Age, Sex, and Race, 1980 and 

Uniform Crime Reporting Program Data: County-Level Detailed Arrest and Offense 

Data, 2010. As the titles of these publications suggest, the UCR provides arrest only data 

at the county-level. Like the state-level models detailed above, I include measures of 

UCR Part I crimes that carry the potential for economic gain, including robbery and 

burglary. I also include a summary measure of violent crime. In addition, several Part II 

(less serious) crimes are available at the county-level. The Part II crimes I include are 

fraud and stolen property, both of which are relevant because they entail economic gain. 

Fraud is also important given increases in investigations and prosecutions for welfare 

fraud in recent decades (Gustafson 2009). As a result, I might expect to find a positive 

association between more GA and fraud. These variables are coded as the rate of arrests 

per 100,000 people in each county for each year.  



 

 90 

 

Independent Variables 

General Assistance. I obtained GA county-level data from several sources. For 1980, 

these data were available in a publication produced by the Social Security 

Administration’s (SSA) Office of Research Statistics titled Public Assistance Statistics 

and Cash Payments by State and County – February 1980. For 2010, I obtained data 

directly from states, either through online program statistics publications or direct 

communication with state human services employees. Ten states were able to provide me 

with county-level recipient data for 2010, which I matched with the 1980 data available 

in the SSA publication noted above. I then calculated the rate of GA recipients per 

100,000 people in poverty in each county using that county’s total poverty population for 

each year as obtained from the Census. As with the state-level models above, I expect 

GA to be negatively associated with crime, especially those with some economic pay-off. 

 

Incarceration. Because prisons are run at the state-level, I use the state’s incarceration 

rate for each county in each year, as described on p. 72. 

 

Unemployment, African American, Urban, Males Aged 15-24. Like the state-level 

analyses described above, I use the county-level percentage of each of these variables as 

obtained from the U.S. Census Bureau. 
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SSI. As with the state-level measure described above on p. 84, I include this variable 

because many jurisdictions have trimmed their GA caseloads by moving as many 

recipients as possible to the federal SSI disability program. Data for this variable at the 

county-level were obtained online from the Social Security Administration (SSA) for 

2010 and by personal request from the SSA for 1980. This is coded as a rate of SSI 

recipients per 100,000 people in each county. 

 

Analytic Strategy 

 First difference models are comparable to fixed effects models with just two time 

points. The equations for each time point are as follows: 

 

 

where μ is an intercept that may vary by time period, x is a vector of independent 

variables that may vary over time, z is a vector of time-invariant predictor variables, α is 

an error term that does not vary over time, and ε is a random error term that varies over 

time. 

 Subtracting the first equation from the second produces the first difference 

equation: 

 

 Most important to note is the fact that time-invariant predictors z as well as the 

unchanging error term α are subtracted out, producing coefficients for x that are unbiased 

by stable county characteristics. The first difference equation can be rewritten as:  
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For the two-time period, county-level analysis, I use the following first difference 

equation: 

  

or 

 

 

Summary 

 This chapter has described the modeling strategies I use in this dissertation to 

estimate the factors contributing to GA’s decline over time as well as the impact of GA 

provision on rates of incarceration and crime at the state and county level. The goal of my 

analysis is to obtain estimates that account for time-varying predictors and are unbiased 

by time-invariant state or county characteristics. The Cox models I use are powerful tools 

for exploiting longitudinal data to estimate how time-varying predictors, such as state 

incarceration rates, affect the hazard rate of state ending GA programs. Fixed effects and 

first difference models leverage panel data to estimate the effects of time-varying 

predictors on rates of crime and incarceration at the state and county level while 

eliminating the confounding effects of time-invariant, unmeasurable state characteristics. 

In doing so, these fixed effects and first difference models allow me to draw more 

confident conclusions about the causal impact of GA programs on incarceration and 

crime. Chapter 4 presents the results of the event history analysis of states ending GA 
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programs, along with fixed effects models examining how GA caseloads affect state 

incarceration rates. Chapter 5 details results from state-level fixed effects models, 

providing context for county-level fist differences models predicting GA’s effects on 

crime and of the same.  
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CHAPTER 4: ACCOUNTING FOR CHANGES IN GENERAL ASSISTANCE 

AND INCARCERATION 

In this chapter, I provide an analysis of the relationship between General 

Assistance (GA) programs and state incarceration rates over space and time. As outlined 

in Chapter 2, I expect to find that states with higher rates of incarceration are more likely 

to end GA programs. I also expect states with Republican governors and larger African 

American populations will be at greater risk to end GA programs and have higher rates of 

incarceration. In addition, I anticipate that higher rates of GA cases per 100,000 in 

poverty will have lower incarceration rates. 

I begin by examining national and state trends in GA cases per 100,000 in poverty 

over time, including geographic analyses that reveal significant regional variation. I next 

consider the factors that have contributed to states ending GA programs completely using 

event history analysis and finish by building fixed effects models predicting state 

incarceration rates from 1960 to 2010, with GA case rates as the key independent 

variable of interest. 

 

The Growth and Decline of General Assistance, 1960-2010 

National Trends 

 Nationwide, General Assistance (GA) programs have undergone tremendous 

change over the past 50 years. As Figure 4.1 shows, total GA cases have fluctuated a 
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great deal over time. GA cases in the 1960s hovered in the 300,000 to 400,000 range, but 

began to grow throughout the 1970s. From 1981 to 1994, GA expanded above 800,000 

cases nationwide, peaking at nearly 1.1 million cases in 1991. With welfare reform and a 

wave of states ending their GA programs altogether, GA cases began a steep and steady 

decline from this peak throughout the rest of the 1990s and early 2000s, returning to 

1960s levels by 1999. GA cases have trended upwards again in the 2000s, perhaps due in 

part to the Great Recession, to nearly 600,000 cases in 2010. Because GA programs are 

state-run, these national trends are subject to substantial variation at the state-level. As 

the discussion of state trends below reveals, this trend in caseloads in recent years is 

driven by a limited number of programs that still exist, primarily in the Northeast, 

Midwest, and far West. 

[Figure 4.1 about here] 

State Trends 

 State-level GA caseloads have varied over time as well as across states. The series 

of choropleth maps in Figures 4.2A-C illustrates this geographic diversity by depicting 

GA cases per 100,000 people in poverty by state. I standardize the GA case rate by the 

population in poverty in order to illustrate the extent to which state GA programs are 

covering the population “at risk” for GA, given that GA receipt is contingent on falling 

below the poverty line. The first panel shows GA case rates in 1960 and 1970. During 

these decades, GA cases were relatively widespread over all the states, with lower rates 

of less than 1,000 per 100,000 in poverty prevalent in southern and western states, and 
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higher rates of 2,000 per 100,000 in poverty located in northern states and the Pacific 

Northwest. By 1970, several states in New England and the Midwest had GA case rates 

of more than 3,500 per 100,000 in poverty, including Connecticut, Illinois, 

Massachusetts, Michigan, New York, and Pennsylvania.  

[Figure 4.2A about here] 

 Figure 4.2B displays these rates for 1980 and 1990, revealing a growing 

concentration of higher rates of GA cases per 100,000 in poverty in some northeastern 

and Midwestern states, expanding to include Maine, Minnesota, and Ohio in addition to 

those listed above with rates above 3,500 per 100,000 in poverty. Several states in the far 

West and Northwest also have relatively high GA case rates, such as California, Oregon, 

and Washington. While every U.S. state had some kind of a GA program operating 

through the mid-1970s, over the ensuing two decades states began to discontinue or cut 

back GA significantly (Uccello, McCallum and Gallagher 1996; Anderson et al. 2002). 

Buttressing these cuts was the idea that most GA recipients were able to work and could 

be better supported through employment (Anderson et al. 2002; Vartanian, Schram, 

Baumohl and Soss 1999). The maps in Figure 4.2B illustrate this trend, with states in the 

South beginning to end their GA programs completely, and most remaining programs in 

this region staying below rates of 1,000 per 100,000 in poverty. By 1990, at least six 

southern states had ended their GA programs, including Alabama, Arkansas, Louisiana, 

Oklahoma, Tennessee, and Texas.  
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In the 1980s, other states began to restructure their GA programs by instituting 

time-limits on cash assistance for those considered “employable,” reducing benefits for 

some recipients, and creating work requirements (Anderson et al. 2002). Massachusetts 

and Pennsylvania were the first states to significantly curtail GA programs in 1975 and 

1982, respectively (Halter 1994).  

[Figure 4.2B about here] 

 Continued cutbacks in GA programs in the 1990s and 2000s, including program 

elimination as well as caseload contraction due to changes in program eligibility 

requirements, are illustrated in Figure 4.2C. For example, in 1995 and 1999, New York 

City implemented two welfare-to-work programs and required able-bodied GA recipients 

to participate (Ichfer 2010). These programs focused on providing unpaid work 

assignments in public works and developing job-related soft skills. Nearly all the states in 

the South have ended their GA programs, along with several in the West. A much smaller 

collection of states in the Northeast and Midwest retain GA case rates above 2,000 per 

100,000 in poverty, such as Minnesota, New York, New Jersey, Pennsylvania, and 

Washington. 

[Figure 4.2C about here] 

The economic downturn in the early 1990s led to broader cutbacks in GA 

nationwide. Because GA programs are funded at the state-level, they make particularly 

easy targets for state policymakers looking to pare back state budgets in tight economic 

times, even though GA constitutes only 1% or less of most state budgets (Halter 1994; 
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Center of Social Welfare Policy and Law 1992, 1994). GA caseloads dropped by 40% 

between 1989 and 1997, with four states driving the aggregate reduction rate (Anderson 

et al. 2002). Of the 366,000 cases dropped during this time period, 345,000 of them were 

in Illinois, Michigan, Ohio and Pennsylvania combined (Anderson et al. 2002). Michigan 

dropped its caseload from 120,000 cases in 1990 to 17,000 in 1992, at which point the 

state eliminated single, employable adults from eligibility (Anderson et al. 2002). 

A series of studies by Gallagher and colleagues at the Urban Institute in the late 

1990s is central to understanding these trends in GA programs nationwide during this 

period. By 1996, 42 states retained GA programs, but 30 had at least some restrictions on 

who qualified for benefits, typically based on disability or other factors diminishing 

employability (Uccello and Gallagher 1997). Of these, 19 provided assistance to children 

or families with children, including women pregnant with their first child. Only four 

states in 1996 provided GA benefits to able-bodied employable adults. As eligibility 

requirements were tightened, benefit levels also fell. Some jurisdictions lowered benefits 

levels, while others left them stagnant without increases to reflect inflation (Uccello and 

Gallagher 1997). In addition, many states turned to offering vouchers for services rather 

than cash assistance. Two years later, in 1998, Gallagher (1999) found that only 35 states 

retained GA programs. Many states had consolidated their GA programs with TANF for 

certain populations, such as pregnant women (Gallagher 1999). Eliminating immigrants 

from eligibility was also adopted by some states to align GA with TANF eligibility rules 

(Gallagher 1999).  
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As of 2011, 30 states retained a GA program (Schott and Cho 2011). The majority 

of these programs now require a medically verifiable disability in order to qualify for 

benefits. Only 12 states provide GA benefits to childless adults regardless of disability 

status. Monthly maximum benefit amounts for GA programs vary widely from state to 

state, from $95 per month in Delaware to $688 in New Hampshire. Most state maximum 

benefit amounts for GA fall below one-quarter of the poverty line, and all but one fall 

below half the poverty line (Schott and Cho 2011).  

 

Spatial Clustering of GA 

 The patterns apparent in these choropleth maps suggest that GA case rates may be 

clustered by particular states or regions, with higher rates in the Northeast and Midwest, 

and lower rates in the South.  To evaluate these patterns statistically, I apply exploratory 

spatial data analysis techniques Moran’s I and Local Indicators of Spatial Autocorrelation 

(LISA) to detect whether or not spatial autocorrelation exists for GA case rates and in 

what states or regions it is significantly clustered.  

 Moran’s I is the most commonly used statistic for detecting spatial clustering 

(Cliff and Ord 1973; Cressie 1993; Haining 1990). It is a summary, global measure of 

whether the null hypothesis of spatial randomness can be rejected. Moran’s I can be 

compared to a Pearson product-moment correlation with a feasible range of -1 to +1. Put 

simply, rather than calculating the correlation between two variables, as with the 

Pearson’s r, the Moran’s I statistic estimates the correlation between the same variable in 
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two geographic areas. Integral to this calculation is the specification of a spatial weights 

matrix in order to explicitly account for the spatial arrangement of the data. This 

determines the “neighborhood” for each observation. Weights matrices can be 

determined based on distance (e.g. from one state centroid to another) or by contiguity 

(shared borders). Contiguity matrices can be established at higher or lower orders (e.g. 

first, second, third) and vary in the neighbors included (e.g. rook, queen). For example, a 

first-order queen contiguity matrix takes into account adjacent neighbors in all directions 

at the first level out from the state in question. 

Moran’s I can be expressed as follows: 

 

where x is the value for state i and neighbor j and w denotes a spatial weights matrix, in 

this analysis determined by first-order queen contiguity. The null hypothesis is spatial 

randomness, where a significant coefficient indicates the presence of spatial dependence. 

 Results from decennial empirical Bayes adjusted
8
 Moran’s I statistics show that 

GA case rates are not randomly distributed across the 50 states. Although the magnitude 

of the Moran’s I statistic decreases over time, all decades are statistically significant at 

p<.001, except for 1990, which is significant at p<.05 (based on 999 random 

                                                 
8
 To adjust for nonstationarity in GA case rates and minimize the influence of outliers, I use the empirical 

Bayes adjustment in GeoDa when calculating both Moran’s I and LISA statistics (Anselin 2005). 
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permutations; see Appendix Figure 4.1).  These results confirm that spatial 

autocorrelation is present in the distribution of GA case rates across the United States.  

This global measure, while informative, does not reveal where “hot spots” – local 

variation in the overall spatial pattern – might be. LISA provides a way to examine such 

“hot spots” by decomposing of Moran’s I into the contribution made by each individual 

observation (Anselin 1995). In doing so, LISA statistics identify which locations 

contribute more than their expected share to Moran’s I (Anselin 1995). LISA can be 

expressed as follows: 

 

where zi and zj are deviations from the mean and j ϵ Ji.  

The empirical Bayes adjusted LISA significance maps displayed in Figure 4.3 

show that GA case rates are significantly clustered, with “hot spots” in the Northeast and 

South. These clusters develop in the early decades, with the northeast cluster appearing in 

1970, but then endure over the full time period. The South is an area of low-low 

clustering, where states with low GA case rates are neighbored by other states with low 

rates. Conversely, the Northeast is an area of high-high clustering, where states with 

higher GA case rates are adjacent to other states with high rates. 

[Figure 4.3 here] 

These spatial statistics raise the possibility that there are structural differences – in 

policy, politics, social, and cultural arrangements – that vary across space. Variables may 
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have different distributions and different effects for distinct geographic subregions. This 

is in line with previous studies on the growth and distribution of the U.S. welfare state, in 

which political, economic, and racial factors vary in their impact by region (Amenta 

1998; Fox 2010; Quadagno 1988).  I will use these findings to inform my analyses below, 

particularly when examining the impact of GA on incarceration in the South and non-

South. 

 

Why States Eliminate GA Programs 

 As Figure 4.1 illustrates above, GA cases have fluctuated substantially over time, 

with a precipitous drop beginning in the 1990s. This is due at least in part to states 

discontinuing their GA programs completely. In this section, I use event history analyses 

to uncover what makes states more likely to end GA. 

 

Non-parametric Results 

Figure 4.4 displays a non-parametric survival curve stratified by median poverty 

for states ending GA programs.  The horizontal axis represents time in years and the 

vertical axis represents the cumulative proportion of states at risk of eliminating their GA 

program that have yet to do so. Both groups – above and below median poverty - begin 

the analysis at “1” on the vertical axis, since no state had cut GA as of 1958. I assess the 

statistical significance of median poverty with simple log-rank and Wilcoxon tests for the 
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equality of the two distributions. As shown, both of these tests are statistically significant, 

indicating that states above median poverty are significantly more likely to eliminate GA 

programs than are states below median poverty. 

[Figure 4.4 about here] 

 The stratified survival curve illustrates important trends in GA program 

elimination over time. All states retained GA programs through the late 1960s, but states 

above median poverty began to drop GA in the 1970s while states below median poverty 

did not start eliminating GA programs in earnest until the 1990s. By 1992, 94 percent of 

states below median poverty survived without eliminating GA, while 78 percent of states 

above median poverty did the same. The steep decline of GA programs in the late 1990s 

is most evident in poorer states, where states with GA programs dropped from 78 percent 

in 1992 to 49 percent in 1998. By 2010, only 37 percent of states above median poverty 

maintained GA programs, while 89 percent of states below median poverty still had GA 

programs. These results suggest that states with a greater percentage of its population in 

poverty are less likely to maintain GA programs. 

 

Cox Models Predicting State Elimination of GA Programs 

 Moving from the non-parametric analysis, I estimate Cox models predicting states 

ending GA programs. As detailed in Chapter 3, Cox models are useful for identifying the 

time-varying factors that contribute to the likelihood of events or change, such as ending 

state GA programs. Cox models infer a baseline hazard rate from the data, as illustrated 
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in the equation on p. 78. Coefficients for Cox models are parameterized in terms of 

hazard rates, so a positive coefficient indicates that the independent variable in question 

increases the hazard of ending GA. For ease of interpretation, I convert the coefficients 

into hazard ratios, which can be interpreted in the same manner as odds ratios such that a 

hazard ratio above 1 indicates a positive relationship while below 1 denotes a negative 

association.   

Table 4.1 shows results of bivariate models for variables measuring state 

punitiveness, demographics, low wage labor market conditions, political partisanship, 

fiscal capacity, and region. Several predictors are significant in the bivariate. State 

incarceration rates are significant at p<.01, with each one unit increase in incarceration 

associated with a 1 percent increase in the hazard of ending GA. This effect is consistent 

with the idea that states are making policy shifts away from decommodifying welfare 

programs toward more punitive policies for managing marginal populations over time 

(Beckett and Western 2001; Wacquant 2009; Soss et al. 2011a).  

[Table 4.1 about here] 

Not surprisingly in light of the stratified non-parametric survival curve in Figure 

4.4, the percent of the state’s population that is in poverty is also highly correlated with 

cutting GA programs, where each 1 percent increase in poverty associated with a 22 

percent increase in the hazard of ending GA (p<.01). A state’s African American 

population is positively predictive, with every 1 percent increase in the state’s black 

population contributing to a 6 percent increase in the hazard of cutting GA (p<.01). This 
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is in line with previous research showing that less generous welfare programs prevail in 

states with higher black populations (Soss et al. 2011a). Urbanicity shows a negative 

association with elimination of GA programs, as every one percent increase in a state’s 

urban population leads to a 3 percent decrease in the hazard of ending GA programs 

(p<.05). One factor contributing to this may be that, as the LISA and choropleth maps 

presented earlier in this chapter show, GA programs have persisted in several states with 

large urban centers, such as California, Illinois, Maryland, Massachusetts, New Jersey, 

New York, Pennsylvania, and Washington. 

In the bivariate, low-skill wages are negatively associated with ending GA, where 

each one dollar increase in the average monthly retail wage yields a .5 percent decrease in 

the hazard of ending GA (p<.01). This is the same pattern identified by Soss and 

colleagues (2011a) in their logit analysis of states retaining GA programs by 1996. In 

states where retail wages are lower, GA benefit levels begin to approach the value of the 

lowest available wage, violating the principle of less eligibility. As a result, states where 

retail wages are higher are more likely to retain GA programs because the benefits do not 

rival low-wage work.  

Neither state political partisanship (Republican governor) nor state fiscal capacity 

(GSP) is significantly associated with ending GA in the bivariate. The hazard ratios both 

indicate a decrease in the hazard of ending GA, by 48 percent and 1 percent, respectively. 

The direction of the Republican Governor effect is contrary to expectation since prior 

research and theory would suggest less generous welfare provision associated with 

Republican control of state government (Beckett and Western 2001; Soss et al. 2011a).  
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Out of the 20 states that ended GA during the study period, only seven did so with 

Republican governors in office (Alabama, Idaho, Mississippi, Montana, South Carolina, 

Texas, and Wisconsin).  The other 13 states had Democratic governors in office at the 

time GA was eliminated. At least part of this may be due to the complicated history of 

conservative politics, particularly in the South, where the Democratic Party was the more 

conservative party during the early years of this analysis. 

A state’s being in the South is associated with a 600 percent greater hazard of 

ending GA. This is consistent with the spatial clustering analysis presented earlier in this 

chapter. According to the LISA results, the South represents a cluster where low GA 

states are surrounded by other low GA states.  In fact, of the 20 states that ended GA 

during the study period, 13 of them were in the South. 

 Building from the bivariate models, Table 4.2 displays results for multivariate 

Cox models further testing the effect of incarceration on states’ eliminating GA programs 

from 1958 to 2010. Model 1 again displays the bivariate relationship between 

incarceration and ending GA. Models 2 through 7 successively add controls for state 

demographic variables (poverty, African American, urban), state political partisanship 

(Republican governor), state fiscal capacity (GSP), retail wages, and region (South). 

Model 8 is shown for illustrative purposes to show how the incarceration effect performs 

when other powerful predictors of GA’s elimination are included in the model. Only 

predictors there were significant (p<.05) in Models 2-7 are added to Model 8. Because 

time-varying covariates introduce the problem of serial dependence among multiple 
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observations for the same state, I estimate these models using robust standard errors 

(Box-Steffensmeier & Jones 2004). 

The models in Table 4.2 reveal robust effects of incarceration on the hazard of 

states ending GA. In these models, I have lagged the incarceration rate by one year in 

order to ensure temporal order.
9
 Even as controls are added to the models, incarceration 

remains significant with the magnitude of the hazard rate unchanged at a one unit 

increase in incarceration associated with a 1 percent increase in the likelihood of 

eliminating GA, with the exception for Model 7 when South is added. This is not 

surprising given that more than half of states that ended GA during the study period are in 

the South. Because hazard ratios (like odds ratios) are multiplicative, a 10 unit increase in 

the incarceration rate would lead to a 10.5 percent increase in the hazard of ending GA 

((1.01
10

 – 1)*100% = 10.5%). The effect of incarceration remains largely stable through 

the models in this analysis, indicating a robust effect of lagged incarceration rates on 

increasing the hazard of GA elimination. 

[Table 4.2 about here] 

Other key predictors also demonstrate significant effects on states ending GA 

over the time period. In fact, many of these variables are significantly correlated with 

each other making it difficult to fully disentangle their effects. The percent of the 

population that is in poverty remains a strong predictor in Model 2 and marginally 

significant in Model 8. This finding may reflect the unfortunate reality that as a state’s 

                                                 
9
 I also ran models with two and three year lags. Results remained the same in magnitude and significance 

across all lag specifications. 
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poverty population grows its ability to keep pace with the pressing need for financial 

supports diminishes. It is also akin to Allard’s (2009) city-level finding that areas of 

higher poverty are less likely to have ameliorative social services present. 

Despite being significant in the bivariate, the percent of a state’s population that is 

African American is not a significant predictor of ending GA net of incarceration. This 

does not mean that size the African American population is not an important influence on 

GA’s demise, rather, it likely reflects how bound up it is with the growth in incarceration 

as discussed in Chapters 1 and 2. The correlation between percent African American and 

incarceration in my sample is r=.40 and is significant at (p<.05). 

The effect of low wage labor market conditions, as measured by the average 

monthly wage for retail workers (in constant 2010 dollars) is a significant predictor in 

Model 6 (p<.05) (though not in Model 8 which includes other key predictors). In general, 

higher retail wages are associated with a decrease in the hazard of states eliminating GA 

but by a relatively small magnitude.  

In their book, Soss and colleagues (2011a) report that GA programs were more 

likely to persist in states where low skill wage levels are higher and black populations are 

lower, controlling for state citizen ideology and poverty. In an appendix table available 

online, the coefficient for poverty rate is significant (p<.01) and nearly twice the 

magnitude of that for state black population. Like Soss and colleagues, I did not find 

significant interaction effects between race and wages here, nor between race and poverty 

or race and incarceration. By using event history models, my analysis represents a 
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methodological improvement in assessing the factors contributing to GA’s decline, 

allowing for the incorporation of time-varying covariates including additional 

theoretically relevant variables such as incarceration and state fiscal capacity.  As the 

models in Table 4.2 demonstrate, incarceration is an important and robust predictor of 

GA’s decline. 

One potential factor that could bias these results is the fact that I have uneven 

intervals between data points, ranging from two to 12 year spans. This interval censoring 

occurs when observation points are infrequent or irregular (Allison 2010b). I have 

attempted to address this potential threat in two ways. First, I run the same Cox models 

without data from 1996. This gives me six intervals that are more evenly spaced (instead 

of spanning two to 12 years, these points span six to 12 years). The results from these 

models are consistent with the Cox models in Table 4.2 and can be found in Appendix 

Tables 4.2 and 4.3. Second, interval censoring can also be addressed using discrete time 

event history models (Allison 2010b). This class of models explicitly models time and 

can be useful in showing how the effects of variables change over time. In light of this, I 

fit discrete time models using the same structure as the Cox models presented above and 

shown in Tables 4.3 and 4.4 below. 

[Table 4.3 about here] 

 The results from discrete time models largely mirror those in the Cox models.  In 

the bivariate models in Table 4.3 the only difference of note is a significant effect (p<.05) 

of Republican Governor on reducing the hazard of GA ending. In the multivariate 
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discrete time models shown in Table 4.4 the variables again perform similarly to those in 

the Cox models in Table 4.2. If anything, some of the effects are stronger in magnitude 

and significance but follow the same pattern as those in the Cox models. 

 An important feature of these discrete time models is their ability to explicitly 

model time trends. In Table 4.3 showing bivariate discrete time models this can be seen 

in the dummy indicators for the years 1992, 1996, 1998 and 2010 (the omitted category 

here is the pooled period of years before 1980). The lack of significance for any of these 

time dummies in Model 1 illustrates how changes in the incarceration rate accounts for 

the time trend in these data. Alternatively, the significant time dummies in Model 2 show 

that net of poverty, states are more likely to end GA in later time periods. This is also the 

case for the other bivariate predictors. In Table 4.4, the effect of incarceration on the time 

trend is also evident, as the vast majority of the time dummies in these models are non-

significant.
10

 

In summary, this event history analysis examining factors that contribute to states 

ending GA programs shows that several key predictors as well as an apparent policy 

“trade off” with incarceration are significant. As the non-parametric survival curve in 

Figure 4.4 shows, states with arguably the greatest need for programs to address poverty 

are least likely to have them, especially state-funded programs providing income supports 

for low-income men who do not qualify for federal programs. In addition, as predicted by 

social control theories and prior studies of the welfare-incarceration “trade off,” states 

                                                 
10

 I have also fit discrete time models excluding 1996 to create more even intervals. The results from these 

models are also consistent with those shown here. Results are available in Appendix Tables 4.4 and 4.5. 
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appear more likely to exchange GA programs for increased incarceration. This presents a 

relatively bleak picture for low-income men in these states, where rising incarceration is 

usurping state-level programs that provide income supports for those who don’t qualify 

for federal aid programs. Many of the factors presented here are bound up with each 

other, including race, region, poverty, and incarceration, making it difficult to fully 

disentangle the various effects. Nonetheless, these findings show that rising incarceration 

rates have contributed to the demise of GA, net of other powerful predictors. 

The findings presented here may illustrate one consequence of welfare state 

devolution, whereby responsibility for welfare programs has shifted from the federal to 

state level in recent decades as discussed in Chapter 2.  Prior studies have shown GA to 

be particularly vulnerable as state legislatures look for ways to balance state budgets 

(Halter 1994; Center of Social Welfare Policy and Law 1992). In light of the broader 

movement toward neoliberal transformation of welfare and mass incarceration at the 

federal level, the demise of state-supported GA programs in many states leaves low-

income, childless adults – especially men – who do not qualify for benefits based on 

disability (SSI) or unemployment (Unemployment Insurance) with diminished access to 

income supports outside the labor market. The remaining analyses in this dissertation 

examine the consequences of access to GA for incarceration and crime, both of which 

low-income men are particularly vulnerable. 

 

How GA Case Rates Affect State Incarceration Rates 
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 So far, my analysis has focused on how state-level factors have contributed to the 

elimination of GA welfare programs over time. I now turn from the presence of absence 

of GA programs as a policy outcome to the question of how states’ relative level of GA 

caseloads covering the population in poverty affects rates of incarceration.  

 

National Trends in the Correlation between GA and Incarceration Rates 

To begin, Figure 4.5 demonstrates how the correlation between state GA case 

rates per 100,000 in poverty and incarceration rates has changed at the national level 

from 1960 to 2010. The horizontal axis displays correlation coefficients while the vertical 

access shows time in years. I discuss these coefficients with an eye toward political 

developments at the national level, particularly as it pertains to welfare programs and 

incarceration. 

[Figure 4.5 about here] 

By and large, GA and incarceration are negatively correlated over most of the 

time period, as would be predicted by research showing a “trade-off” relationship 

between welfare and incarceration. This is a very stable empirical pattern, especially from 

1960 to 1990. The correlation coefficients are especially strong and negative in the 1960s 

and much of the 1970s, during the Great Society era and the presidencies of Kennedy, 

Johnson, and Nixon. Some of the coefficients in these two decades reach statistical 

significance at p<.05 (1960, 1962, 1964, and 1971-1973).This is also a period in which 

all states had GA programs and case rates were beginning to grow (see Figures 4.1 and 
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4.4). State incarceration rates were relatively stable during this time period, prior to 

beginning a steep ascent in the mid-1970s.  

These correlations decrease somewhat in magnitude but remain negative in the 

late-1970s and early 1980s as the incarceration boom begins in earnest and states begin to 

end GA programs (but case rates continue to grow in states where programs persist). The 

coefficients begin to increase in magnitude again over the course of the Reagan era, 

peaking at r=-.30 in 1986 (marginally significant at p<.10) before dropping during the 

first Bush presidency to r=-.10 in 1991.  

As pressure toward welfare reform increased in the mid-1990s during Clinton’s 

presidency, the correlation coefficients between GA cases per 100,000 in poverty and 

incarceration rates switch direction and become positive. This is a very conspicuous flip 

in the direction of the coefficients that directly coincides with a period of policy regime 

change. From 1994 to 1996, the correlation coefficients ranged from .24 to .34 

(marginally significant at p<.10 for r=.34 in 1994). PRWORA was passed at the federal 

level in 1996 as the culmination of welfare reform. At the same time, incarceration rates 

nationwide continued to grow at a quick pace, increasing by 60% between 1990 and 1999 

(Guerino, Harrison, and Sabol 2011), as more punitive policies, including the Violent 

Crime Control and Law Enforcement Act of 1994, were enacted and fear over peaking 

urban crime rates prevailed. Other scholars have suggested that the early 1990s was a 

period of solidifying of a unified penal-welfare regime to manage socially marginal 

populations based on evidence from panel models that the negative relationship between 



 

 114 

welfare spending and incarceration strengthened after the 1980s (Beckett and Western 

2001; Greenberg and West 2001). 

At the state level, these years mark a period during which an increasing number of 

states ended or seriously curtailed their GA programs and case rates dropped 

precipitously, as shown in Figures 4.1 and 4.4. For example, states with historically lower 

rates of incarceration and more generous GA programs, such as Illinois, Michigan, and 

Pennsylvania, enacted severe cutbacks to GA caseloads in the early 1990s while also 

ramping up incarceration. During the decade between 1990 and 2000, incarceration rates 

grew 64.6 percent in Illinois, 39.3 percent in Michigan, and 65.4 percent in Pennsylvania 

(Beck and Harrison 2001).  The switch in direction of the correlation coefficients during 

these years thus likely reflects changes in the relative position of these states in the 

relationship between welfare and incarceration policies.  

The coefficients then drop and hover between r=.01 and r=-.01 from 1997-1999. 

From 1997 on GA case rates and incarceration rates once again become negatively 

correlated and remain so during the second Bush presidency and under Obama, reaching 

a high r=-.33 in 2009 at the height of the Great Recession. This return to negative 

correlation may signal state policies stabilizing and GA caseloads increasing again as 

states respond to the economic downturns during the 2000s. 

 Given the relatively consistent, though fluctuating, negative correlation between 

GA and incarceration over the full time period, I would expect to find an inverse 

relationship in fixed-effects models from 1960 to 2010. In the analyses that follow, I 
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assess this hypothesis in models for all states and again broken out by region – South and 

not South – in light of the results of spatial autocorrelation analyses on p. 97-98. 

 

Fixed Effects Models Predicting State Incarceration Rates 

 Table 4.5 shows results of bivariate models predicting state incarceration rates 

from 1960 to 2010.  These models include controls for time using a quadratic year 

specification. These state-level results are displayed for three groups: all states, states in 

the South only, and states not in the South. Doing so reveals that predictors vary in 

important ways by region. In particular, race, political partisanship, and AFDC/TANF 

welfare case rates are significant predictors of incarceration rates in non-southern states 

but not in the South.  

The bivariate relationship between GA cases per 100,000 in poverty and 

incarceration rates is negative and significant for all states, with a 10 percent increase in a 

state’s GA case rate associated with a .6 percent reduction in the incarceration rate 

(p<.05). This association is stronger in southern states, where a 10 percent increase in GA 

is associated with a nearly 1 percent decline in incarceration (p<.01). In states that are not 

in the South, the effect is non-significant and smaller in magnitude. To ensure temporal 

order, I also estimate models lagging GA case rates by one year. In these models (see 

Appendix Table 4.1) the significance of GA in all states is reduced to non-significance, 

but remains significant at a slightly smaller magnitude in the South, with every 10 
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percent increase in GA associated with a .6 percent decline in incarceration for that 

region (p<.01). 

[Table 4.3 about here] 

 Overall, violent crime rates predict higher incarceration rates across all states in 

the bivariate. The coefficient for all states shows a positive and significant association, 

with each 10 percent increase in violent crime contributing toward a 1.5 percent increase 

in the incarceration rate (p<.01). This relationship remains positive but is non-significant 

in southern states. In non-southern states, the bivariate association between violent crime 

and incarceration turns negative and significant (p<.01) but is quite small in magnitude, 

with every 10 percent increase in violent crime leading to a .2 percent decrease in 

incarceration. 

 Among the state demographic characteristics, only unemployment and age 

emerge as significant in the bivariate models for all states and non-southern states. None 

of the bivariate state demographic factors are significant in the South. In all states and 

non-southern states, every 1 percent increase in unemployment decreases incarceration 

by 2 percent and 3 percent, respectively (p<.01). The young male population is also 

associated with reductions in state incarceration rates for all states and non-southern 

states, with every 1 percent increase leading to a 15 percent and 17 percent decrease in 

incarceration, respectively (p<.01). Race, as measured in the percent of the state 

population that is African American is not significant in the bivariate models for any 

region, although all the coefficients are positive. 
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 State political partisanship is notably significant in all three models, though only 

marginally so in the South. This is consistent with previous research finding that states 

with Republican control of government are more likely to have higher incarceration rates 

(Beckett and Western 2001; Guetzkow 2006; Greenberg and West 2001; Sutton 2000; 

Fording 2001; Stucky, Heimer and Lang 2005). In all states as well as non-southern 

states, having a Republican governor is associated with an 8 percent increase in 

incarceration (p<.01). In the South, the coefficient is smaller, at 6 percent, and marginally 

significant at p<.10. State fiscal capacity, as indicated by GSP, is positively associated 

with incarceration in all three bivariate models, but does not achieve statistical 

significance in any region. 

 Striking differences are apparent in the bivariate models for other welfare 

programs. While non-significant for all states and southern states, both AFDC/TANF and 

SSI rates are negative and highly significant in non-southern states. Here, a 10 percent 

increase in AFDC/TANF case rates is associated with a 1.7 percent decrease in state 

incarceration rates. A 10 percent increase in SSI case rates is associated with a nearly 5 

percent decrease in incarceration rates. This is particularly noteworthy since GA case 

rates per 100,000 in poverty are negative but non-significant in these same states. At least 

in the bivariate, there appears to be a significant negative relationship between welfare 

and incarceration in non-southern states, but not for GA programs in particular. 

 Moving to multivariate models, Table 4.6 displays results from full state-year 

fixed effects models for all states (Models 1-3), southern states (Models 4-6), and non-

southern states (Models 7-9), including all covariates. As in the bivariate, region-specific 
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effects are present in these multivariate models, especially in terms of welfare provision, 

race, state fiscal capacity, and state political partisanship. Models 1, 4, and 7 again 

display the bivariate coefficients for GA and incarceration for each region. Despite being 

negative and significant in the bivariate for all states and southern states, this finding does 

not hold for either set of states once other covariates are added to the models. Net of state 

and year fixed effects as well as other state demographic, political, and fiscal 

characteristics, GA is not significantly associated with incarceration rates. 

[Table 4.6 about here] 

 Violent crime, although positively related to incarceration in all models except 

Model 8 for non-southern states, is largely a non-significant predictor of state 

incarceration rates. In Model 5, violent crime is positive and significant for southern 

states, net of GA and state demographic variables. Here, a 10 percent increase in violent 

crime is associated with a nearly 3 percent increase in incarceration rates. This effect is 

no longer significant once state fiscal, political, and other welfare variables are included 

in Model 6. 

 Among the state demographic variables, the percent of a state’s population that is 

African American emerges as a key predictor of incarceration in non-southern states. 

Despite being non-significant in the bivariate model for this region in Table 4.5, once 

GA, violent crime, and other state demographics are controlled for, race is significant. As 

shown in Model 8, every 1 percent increase in the black population of a state is 

associated with a 10 percent increase in incarceration (p<.01). The strength and 
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significance of this relationship holds even once state political, fiscal, and other welfare 

variables are added in Model 9. This finding is in line with previous research showing 

that states with higher African American populations enact more punitive policies 

(Beckett and Western 2001; Guetzkow 2006; Greenberg and West 2001; Sutton 2000; 

Fording 2001; Soss et al. 2011a; Stucky, Heimer and Lang 2005). My models reveal that 

this effect of race is primarily concentrated in states outside the South, which is 

significant in light of research showing racial disparities in incarceration are higher in 

states with lower African American populations, most of which are outside the South 

(Mauer and King 2007).  

Of the other state demographic characteristics, age remains a significant, negative 

predictor in all models. Whether for all states, southern states, or non-southern states, the 

effect of young males in the population is the same: a 1 percent increase in males aged 

15-24 in the population is associated with a 13 percent reduction in incarceration (see 

Models 3, 6, and 9). Unemployment and urban population appear significant in non-

southern states in Model 8, but do not remain so in Model 9 once all covariates are 

present.  

 Turning to state fiscal and political factors, I again find significant differences by 

region. Gross State Product is positive and non-significant for all states and in the non-

southern states, but is significant in the South. In southern states, every 1 unit increase in 

GSP is associated with a 69 percent increase in the incarceration rate. As a result, 

southern states with greater fiscal capacity are more likely to incarcerate at higher rates. 

Politically, Republican governor also has region-specific effects. While non-significant in 
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the South, having a Republican governor is associated with a 7 percent increase in 

incarceration rates for all states and a 5 percent increase in non-southern states. Thus, it 

appears that the lion’s share of the effect of political partisanship on incarceration is 

focused in non-southern states. This may be due to the recent ubiquity of Republican 

governors in the South with more variation in non-southern states. 

 The effect of other welfare programs, as in the bivariate models, continues to be 

an important factor for non-southern states in the full fixed effects models. Here, 

however, only AFDC/TANF remains a significant predictor while SSI drops in 

significance and magnitude. As shown in Model 9, every 10 percent increase in 

AFDC/TANF case rates is associated with a 1.2 percent decrease in incarceration for 

non-southern states. This effect holds at the same level even when AFDC/TANF case 

rates are lagged by one year (See Appendix Table 4.1). 

 Overall, these fixed effects models predicting state incarceration rates from 1960 

to 2010 reveal some intriguing results and differences based on region. The models for 

non-southern states most closely resemble results found in other studies of the 

relationship between welfare and incarceration, in which race and Republican party 

control are associated with more punitive policies (Beckett and Western 2001; Guetzkow 

2006; Greenberg and West 2001; Sutton 2000; Fording 2001; Soss et al. 2011a;Stucky, 

Heimer and Lang 2005). Despite the clear pattern of negative correlation between GA 

and incarceration in Figure 4.5 and the negative association in the bivariate models for all 

states and the South, this does not hold once other important controls are accounted for in 

multivariate models. This may be due at least in part to the strength of the state and year 
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fixed effects to net out trends in the political processes underlying both phenomena. At 

the same time, AFDC/TANF shows a distinct, significant, negative relationship with 

incarceration in non-southern states, net of state and year fixed effects and relevant 

covariates. It may also be that GA is simply too meager a program to have an effect on 

state incarceration rates once other factors are statistically controlled. Nevertheless, 

AFDC/TANF continues to show a robust effect on lower incarceration rates in non-

southern states in line with previous research on the welfare-incarceration “trade-off.”  

 

Summary and Discussion of Results 

 This chapter has examined the relationship between GA and incarceration using 

multiple methods and has revealed several key findings. Returning to the hypotheses as 

outlined in Chapter 2, I did find that states with higher incarceration rates are at greater 

risk for ending GA programs. Contrary to expectation, however, I did not find 

Republican governor to be positively associated with GA’s demise. As noted earlier, this 

may be due in part to the complicated history of conservative politics in the South where 

most GA programs have ended during the study period. Finally, the size of state African 

American populations is significantly predictive of ending GA programs, although not 

when incarceration is included as a covariate. This is likely due to the relatively high 

correlation between these two variables and the racialized nature of mass incarceration.   

Exploratory spatial data analysis -- including choropleth maps, Morans’ I and 

LISA statistics -- revealed that GA case rates per 100,000 in poverty are geographically 
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concentrated within the United States. Morans’ I statistics for spatial autocorrelation over 

time demonstrate that GA case rates are not randomly distributed over the 50 states. 

Rather, as the LISA significance maps in Figure 4.3 show, GA is concentrated in “hot 

spots” of high and low provision. States having higher case rates are surrounded by other 

high rate states in the Northeast and states with lower case rates are neighbored by other 

states with low case rates in the South. 

 These geographic patterns informed the subsequent fixed effects models 

examining the effect of GA cases per 100,000 in poverty on incarceration by region, as 

shown in Table 4.6. While GA cases per 100,000 are only significant in the bivariate for 

all states and for the South, AFDC/TANF is significantly and negatively related to 

incarceration in non-southern states even net of state and time fixed effects and across all 

models including important covariates. My hypothesis that GA would be significantly 

associated with incarceration rates is not affirmed, but my fixed effects models predicting 

incarceration rates do show that greater AFDC/TANF welfare populations are related to 

lower rates of incarceration in states outside the South. 

Race and political factors appear to be significant predictors of higher 

incarceration rates as I hypothesized, but only in non-southern states where higher 

African American populations and Republican Party control are associated with higher 

incarceration rates. These findings are in line with previous research showing that welfare 

and incarceration rates vary by state and region due to distinct political and economic 

arrangements (Barker 2006; Fox 2010; Greenberg and West 2001; Lynch 2010). These 

results also augment previous studies of the welfare-incarceration relationship by 
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revealing region-specific effects of welfare provision on state rates of incarceration, 

suggesting that global explanations for the relationship between incarceration and 

welfare, in this case GA, may not be accurate. Rather, this relationship appears to be 

dependent on regional political and economic characteristics. 

 In all, these results provide some persuasive evidence of a punitive trade-off 

between decommodifying welfare programs and incarceration among U.S. states. 

Incarceration is a robust predictor, net of other strong predictors, of states ending GA 

programs. These results also demonstrate important geographic variation in the predictors 

of incarceration rates. While GA does not persist as a significant predictor in fixed effects 

models for incarceration rates, evidence of a welfare-incarceration trade-off in non-

southern states is evident in the significant coefficient for AFDC/TANF case rates. Race 

and political factors are most influential in non-southern states, as is the prevalence of 

welfare for mothers and children. The next chapter turns to the implications of such 

trade-offs for public safety by examining the effects of GA on rates of crime at the state 

and county level. 
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CHAPTER 5: EFFECTS OF GENERAL ASSISTANCE ON CRIME 

The previous chapter presented evidence that increases in state incarceration rates 

over time have contributed to the discontinuation of GA programs, especially states with 

a greater percentage of the population above median poverty rates. This chapter turns to 

the consequences of declining GA programs for public safety. Specifically, this chapter 

asks whether or not GA, a relatively modest welfare program available to men of 

working age, can curtail crime at the state and county level. If so, I argue that the loss of 

GA programs across the country may be detrimental to public safety and bolstering such 

income supports may decrease crime at a lower cost to the public than incarceration. 

As outlined in Chapter 2, several prominent theories of crime provide reason to 

believe that providing income supports should reduce crime at the individual and 

aggregate level (Agnew, Brezina, Wright and Cullen 2002; Becker 1968; Cloward and 

Ohlin 1960; Cohen and Felson 1979; Cantor and Land 1985, 2001; McCarthy 2002; 

Merton 1938; Messner and Rosenfeld 1997; Shaw and McKay 1942; Sampson, 

Raudenbush and Earls 1997). Previous studies provide some support for welfare 

payments as a means of reducing crime at the aggregate level (DeFronzo 1996; DeFronzo 

1997; Hannon and DeFronzo 1998a; Hannon and DeFronzo 1998b; Johnson, Kantor and 

Fishback 2007). These studies have typically been limited by cross-sectional design or 

geographic scope, and by data primarily from welfare programs with majority caseloads of 

women and children, making my analysis here a methodological improvement on this prior 

research. The Transitional Aid Research Project experiment in 1976-1977 is an important 

touchstone at the individual level. Under TARP, parolees in Georgia and Texas were 



 

 125 

randomly assigned to receive unemployment benefits for the first six months after 

release. Results yielded modest, short-term reductions in recidivism (Rossi, Berk and 

Lenihan 1980).  

Strengthening social welfare programs may also provide a means of 

accomplishing the goals of crime control policies like incarceration but at a lower cost to 

the public and without the attendant detrimental social, economic, and political 

consequences concentrated among low-income, minority communities (Messner and 

Rosenfeld 1997; Rosenfeld and Messner 2010, 2012). That is, increased access to income 

supports could reduce some types of crime, leading to less need for incarceration and a 

more effective use of public funds to prevent crime. In light of criminological theory, 

prior research, and important policy considerations for public safety and the public purse, 

the analyses in this chapter address the question of whether providing GA benefits to a 

greater proportion of the population in poverty lowers crime. 

I begin by testing the effects of GA case rates on several indicators of property 

and violent crime using state and year fixed effects models, with a focus on 

economically-motivated offenses. The purpose of this state-level analysis is to set the 

stage and contextualize a county-level analysis for 10 states, which is the primary focus 

of this chapter. Both crime and welfare provision vary greatly at lower levels of 

geography, as evidenced by studies of micro-level crime “hot spots” (Braga 

2005;Weisburd, Bruinsma and Bernasco 2009) and local-level welfare worker discretion 

(Schram, Soss, Fording, and Houser 2009; Soss, Fording, and Schram 2011a). Access to 

greater social services has been linked to lower recidivism among parolees (Hipp, 
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Petersilia, and Turner 2010) but the availability of such resources varies significantly at 

the local level (Allard 2009; Mellow et al. 2008). Based on theory and prior research, I 

would expect to find that GA has a negative effect on crime rates, especially for crimes 

with an economic benefit like burglary or robbery. I also expect to find these effects to be 

more pronounced at the county-level. 

 

State-Level Results 

Bivariate Fixed Effects Models 

Table 5.1 presents bivariate results for state-year fixed effects models predicting 

rates of burglary, larceny, robbery, violent, and property crime for all states from 1960 to 

2010. Predictors include GA cases per 100,000 in poverty, state incarceration rates, state 

demographic characteristics, and other welfare program rates. As presented in Chapter 3, 

fixed effects models provide powerful statistical tools for establishing more confident 

causal connections between independent and dependent variables of interest by netting 

out time-invariant, unmeasurable state factors. The models presented here also include 

controls for time using yearly dummies for all models except violent crime where a 

quadratic year specification yielded better model fit. Standard errors are clustered by state 

to address serial dependence. 

 As shown in Models 1, 2, and 3, coefficients for GA case rates predicting all 

property crime indicators (overall property crime rate, burglary rate, larceny rate) are 

negative in direction, but only marginally significant for burglary (p<.10) in these 



 

 127 

bivariate models. The coefficients for GA cases per 100,000 in poverty predicting violent 

crime and robbery are positive but quite small in magnitude and non-significant.  

[Table 5.1 about here] 

As a measure of state punitiveness, incarceration has limited effects in the 

bivariate, but notably reduces violent crime by nearly 1 percent for every 1 percent 

increase in incarceration (p<.05).
11

 Among state demographic characteristics, 

unemployment is only slightly significant and positive for burglary (p<.10) but non-

significant for all other crime indicators used here. Percent of a state’s population that is 

African American, however, is highly significant and negative for all three property 

crime indicators. For example, every 1 percent increase in the black population is 

associated with a decrease of 41 burglary cases per 100,000 (p<.01), net of state and time 

fixed effects. Percent of the population that is urban and percent of the state’s population 

that is male aged 15-24 are both significant and positive for violent crime.  

 Finally, other welfare programs are generally not significantly related to property 

crimes, but AFDC/TANF case rates are positively and significantly predictive of violent 

crime and robbery rates net of state and year fixed effects. Since all three variables are 

logged, the coefficients can be interpreted as elasticities, where a 10 percent increase in 

AFDC/TANF cases per 100,000 in poverty is associated with a 2.2 percent increase in 

robbery and a 4.7 percent increase in violent crime. SSI recipient rates are not 

                                                 
11

 Both incarceration and violent crime are logged, so the -.09 coefficient for violent crime can be 

interpreted as an elasticity. 
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significantly related to any of the crime indicators, but are notably negative in direction 

for all property crime measures. 

 

Full Fixed Effects Models Predicting State Crime Rates, 1960-2010 

 Table 5.2 displays results for full state-year fixed effects models predicting crime 

from 1960 to 2010, including relevant covariates.  In these models, GA is negatively 

associated with all crimes, except for robbery. With the exception of burglary, none of 

these coefficients approach statistical significance. GA is negative and marginally 

significant (p<.10) for burglary, with a 1 percent increase in GA cases per 100,000 in 

poverty associated with a .35 unit decrease in the burglary rate (-34.65/100=-.35) net of 

state and year fixed effects and all other covariates. 

[Table 5.2 about here] 

 There are relatively few statistically significant predictors among the state 

demographic variables. The notable exception is the model for violent crime, in which 

unemployment and urban population are negatively related to violent crime but males 

aged 15-24 is positively predictive of violent crime at p<.01. The alternative welfare 

measures are non-significant for property crimes including burglary and larceny, but are 

positive and significant for overall violent crime and robbery. Since these variables are all 

log-transformed, the coefficients can be straightforwardly interpreted as elasticities. So, a 

10 percent increase in a state’s AFDC/TANF cases per 100,000 in poverty is associated 

with a 4 percent increase in violent crime and a nearly 2 percent increase in robbery. SSI 
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recipients per 100,000 people is also significant for robbery, with a 10 percent increase in 

SSI associated with a nearly 2 percent increase in robbery.  

These results showing a positive effect of welfare programs on state crime rates 

are difficult to explain and contrary to what I hypothesized, but consistent with previous 

studies with similarly puzzling findings, particularly for a positive relationship between 

welfare and robbery rates (Messner and Sampson 1991). I can only offer some post-hoc 

potential explanations for why this might be the case. While some might consider the 

positive coefficients as evidence that welfare dependency increases crime through 

promoting family breakdown or joblessness (e.g. Murray 1984), other scholars argue that 

the association is due to insufficient welfare benefit levels, which increase the necessity to 

engage in crime as a “survival strategy” to make ends meet (Edin 1993; Edin and Lein 

1997a, 1997b). Foley (2008) examined data on the timing of welfare disbursement in 12 

U.S. cities and found that crime drops early in the month in localities where welfare benefits 

are issued on the first of the month but then increase as welfare benefits run out over the 

course of the month. As a result, crime rates may be sensitive to the timing and generosity of 

welfare benefits. It is also plausible that providing welfare inadvertently generates more 

targets for crimes such as robbery. While it may curtail crime for those who receive the 

benefits, it may also increase crime by putting more money in the hands of people living in 

areas of high economic deprivation, making them more attractive potential victims. 

 Thus far, these models do not support the conclusion that providing GA to a 

greater proportion of states’ poor citizens significantly reduces economically-motivated 

crime, although the direction of the relationship is negative and marginally significant for 
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burglary. One reason could be that GA is simply too meager a program to make a 

difference in reducing crime with relatively low caseloads and diminishing coverage in 

many states over the full time period. To explore this proposition, I estimated period 

models to investigate whether the impact of GA on reducing crime was greater at the 

time of its peak coverage in the 1980s and early 1990s. As Figure 4.1 shows, GA 

caseloads peaked nationwide at over 800,000 cases between 1982 and 1995. To check for 

potential period effects, I created dummy variables for three time periods (1960 to 1981, 

1982 to 1995 and 1996 to 2010) and tested them for statistical significance using 

interactions between the periods and logged GA cases per 100,000 in poverty in fixed 

effects models. Interaction terms for 1982 to 1995 and 1996 to 2010 are significant 

(p<.001), indicating potential period effects.  Appendix Table 5.1 shows the GA effect 

for each separate period. 

 Results from the period model from 1982 to 1995 show relatively few differences 

from the previous models for the full time series, with the exception of some intriguing 

results for burglary. In this “best case” period from 1982 to 1995 when GA caseloads 

were at their peak, the GA coefficients for property crime and burglary are larger than in 

other time periods. The GA coefficient for burglary reaches statistical significance during 

this period at p<.05. Here, a 1 percent increase in GA cases per 100,000 in poverty is 

associated with a .35 unit decrease in the burglary rate (-38.97/100=-.35).   

 In all, these state-level models lend little support for the hypothesis that a modest 

welfare program like GA can significantly decrease economic crimes, with the exception 

of burglary during GA’s peak period in the 1980s and early 1990s. I expect, however, to 
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find significant results at the county level.  A chief reason for this expectation is well-

established research showing that both crime rates and welfare provision vary 

substantially at the local level (Braga 2005; Schram, Soss, Fording, and Houser 2009; 

Soss, Fording, and Schram 2011a; Weisburd, Bruinsma and Bernasco 2009). The next 

section of this chapter describes results from county-level first-difference models for 

counties in 10 states between 1980 and 2010. 

 

County-Level Results 

As described in Chapter 3, available data sources provided county-level data for 

1980 and 2010 for 10 states, all of which have GA programs that are funded at the state-

level. These states are Kansas, Maryland, Michigan, Minnesota, New Jersey, New 

Mexico, New York, Ohio, Pennsylvania, and Washington. Although GA benefits and 

eligibility requirements in these 10 states are determined at the state-level, actual 

decisions about eligibility and disbursements for GA applicants generally occur through 

county-level welfare offices where there can be substantial variation in the use of local-

level welfare discretion in such decision-making (Lipsky 1980; Schram, Soss, Fording, 

and Houser 2009; Soss, Fording, and Schram 2011a).  

To illustrate this county-level variation in GA distribution, Figure 5.1 depicts GA 

recipient rates per 100,000 in poverty at the county level for four contiguous states out of 

the ten included in these analyses: New Jersey, New York, Maryland, and Pennsylvania 
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in 1980 and 2010. The map reveals substantial differences in GA recipient rates by 

county as well as discernible change over time.  

[Figure 5.1 about here] 

For example, all four states show higher concentrations around urban areas, such as New 

York City and Newark in New York and New Jersey, respectively, Pittsburgh and 

Philadelphia in Pennsylvania, and Baltimore in Maryland in 1980. Using the same scale, 

the map for 2010 shows that GA recipient rates have significantly declined in Maryland 

and Pennsylvania overall. At the same time, GA recipient rates intensified by 2010 in 

several locales in New Jersey and New York, including in the greater New York 

City/Newark area and counties surrounding Atlantic City and the Camden/greater 

Philadelphia area in the southern portion of the state. 

In addition, a substantial body of criminological research has found that crime 

rates differ significantly at the local level, even by “micro” units of blocks within cities 

(Braga 2005; Weisburd, Bruinsma and Bernasco 2009), but at the county level as well 

(Baller et al. 2001). Worrall (2009) used General Relief data from California counties 

between 1990 and 1998 to examine the effect of welfare provision on homicide, noting 

that General Relief (California’s version of GA) reflects local priorities and varies 

significantly at the county-level, making it a useful measure of welfare support. Worrall’s 

(2009) fixed effects and instrumental variable analyses show that California counties with 

greater General Relief spending had lower rates of homicide in the 1990s. For these 

reasons, I would expect to detect effects of GA provision on crime at the county-level, if 
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they in fact exist, given greater variation in both crime and GA at the county level than at 

the state level. 

For this county-level analysis I use first-difference models since I have 

observations at two time points. As noted in Chapter 3, like fixed effects models first-

difference models address the potential for time invariant, unobserved characteristics to 

bias the results (Allison 2010). By calculating difference scores, these models subtract 

out the effects of unobserved but constant characteristics of each county which in turn 

produces unbiased effects for the time varying factors in the model, as shown in the series 

of equations below: 

      (1) 

      (2) 

   (3) 

  

where z is a vector of time-invariant predictors and α is an error term that does not vary 

over time. 

I first calculate the difference scores for each variable between 1980 and 2010 and 

then perform ordinary least squares (OLS) regression on these difference scores using 

robust standard errors. 
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Bivariate First-difference Models 

 Table 5.4 presents bivariate first-difference models predicting crime rates at the 

county-level for over 1,000 counties in 10 states between 1980 and 2010. Crime rates for 

five offenses are considered: all violent crime, robbery, burglary, fraud, and stolen 

property. Data available at the local level from the Uniform Crime Reports allows me to 

add in these latter two crimes which were not readily available at the state-level. 

[Table 5.3 about here] 

 The bivariate relationships between the rate of GA recipients per 100,000 in 

poverty
12

 and these crime indicators
13

 are primarily negative and statistically significant, 

with the exception of burglary and stolen property. Unlike the findings at the state-level 

above, the bivariate coefficients for violent crime and robbery are both negative and at 

least marginally significant. All of the crime arrest rates and the GA indicator are logged 

in these models, so the coefficients can be interpreted as elasticities. A 10 percent 

increase in the logged rate of GA recipients per 100,000 in poverty is associated with a .6 

percent decrease in violent crime (p<.10) and a .8 percent decrease in robbery (p<.01). 

This is a substantial contrast to the state-level findings of primarily non-significant but 

positive relationships between GA and these crime measures. Also unlike the state-level 

models, GA is positively associated with burglary but not significantly so. The bivariate 

                                                 
12

 Note that, as explained in Chapter 3, the best indicator of GA available at the county-level was number of 

recipients, as opposed to cases at the state-level. In most states, GA cases are predominantly comprised of 

individuals, unlike AFDC/TANF which tend to be households. These two measures of GA are therefore 

very similar. 
13

 Crime data at the county level are available only as arrests, not as the broader category of “offenses 

known to law enforcement” available at the state level. 



 

 135 

coefficient for GA’s effect on fraud and stolen property are also negative in direction, but 

only significantly so for fraud. A 10 percent increase in GA recipients per 100,000 in 

poverty is associated with a 3.7 percent reduction in fraud arrests (p<.01).  

 The measure for incarceration included in these models is the state incarceration 

rate because prisons are operated at the state-level. Incarceration is positively related to 

all crime indicators except for burglary, but only significantly so for fraud (p<.01). These 

positive associations between incarceration and crime rates are in line with arguments 

that higher rates of imprisonment may be criminogenic rather than crime-reducing for 

communities (Clear 2007). 

 Among the bivariate models for county demographic predictors, there are few 

coefficients that reach statistical significance. Unemployment shows a marginally 

significant (p<.10) negative relationships with burglary in Model 3, as expected from a 

routine activity perspective (Cohen and Felson 1979). A county’s African American 

population is positively but non-significantly related to violent and robbery arrest rates, 

but negatively associated with all other arrest rates. This includes a significant negative 

effect on burglary and stolen property, where a 1 percent increase in a county’s African 

American population is associated with a 2 percent lower burglary arrest rate (p<.05) and 

a 7 percent lower stolen property arrest rate (p<.01). At the same time, a county’s urban 

population is positively and significantly related to stolen property but not any other 

crime indicators. A 1 percent increase in a county’s urban population contributes to a .5 

percent increase in the stolen property arrest rate (p<.05). 
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 The alternative welfare variable available at the county-level is the rate SSI 

recipients per 100,000 people and is only significant in negative relation to violent crime. 

It is also negatively related to robbery, but positively associated with the other three 

crime indicators. These coefficients are quite small and do not achieve statistical 

significance in the bivariate models. 

 

Full First-difference Models Predicting County-Level Crime, 1980-2010 

 Table 5.4 displays results for first-difference models for each crime outcome, 

including the bivariate models showing coefficients for GA recipients per 100,000 in 

poverty and full models with all other covariates included. 

[Table 5.4 about here] 

 Results of the full models show that GA remains a significant, negative predictor 

for all of the crime outcomes, except for burglary, even after accounting for all of the 

other independent variables. For three of the crime outcomes – violent crime, robbery, 

and stolen property – this inverse relationship increases in magnitude from the bivariate. 

Models 2, 4, 8, and 10 show that a 10 percent increase in GA recipients per 100,000 in 

poverty contributes to a .7 percent decrease in violent crime, a 1.1 percent decrease in 

robbery, and a .7 percent decrease in stolen property arrests. This latter coefficient is now 

significant in the full model (p<.05). The coefficient for GA’s effect on burglary is 

unchanged from the bivariate and remains a small positive, non-significant association 

(see Models 5 and 6).  



 

 137 

 State incarceration rates remain a significant, positive predictor of fraud arrests at 

the county-level but emerge as a significant negative predictor of robbery arrests. As 

shown in Model 4, a 10 percent increase in the state incarceration rate contributes to a 3 

percent reduction in robbery arrest rates at the county-level, net of all other covariates. 

 As in the bivariate models, the county demographic variables show very little 

effect on county arrest rates for these crimes, except for fraud and stolen property. A 

county’s African American population is negatively and significantly related to these two 

crimes. A 1 percent increase in a county’s black population is associated with a 6 percent 

decline in fraud arrests and a 7 percent reduction in stolen property arrests.  

 County SSI recipient rates are negatively related to violent crime, robbery, and 

fraud arrest rates. This relationship is only significant for violent crime, where a 1 percent 

increase in SSI recipient rates contributes to a .01 unit reduction in the violent crime rate 

(p<.01). The magnitudes of these coefficients are quite small, particularly compared to 

the effects of GA recipient rates. 

 In summary, these county-level first-difference models reveal robust effects of 

GA provision on reducing several types of crime, including violent crime and robbery 

which are of significant concern for public safety. GA also reduces the lower level crimes 

of fraud and stolen property. The findings for burglary are null at the county-level, which 

contradicts the results from the state-level fixed effects models described earlier in this 

chapter. This contrast raises the question of which models to prefer in assessing the role 

of GA in reducing crime rates.  
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To assess this question, I estimated state-level fixed effects models for the 10 

states featured in this county-level analysis. Appendix Table 5.2 displays results for 

models predicting violent crime, robbery, and burglary from 1980 to 2010 in these 10 

states. The coefficients for GA cases per 100,000 in poverty show negative but non-

significant associations between GA and these crimes at the state-level in these 10 states. 

Given such results, it appears that ecological level matters a great deal in detecting the 

effects of welfare provision on crime. This is in line with a well-established body of 

research on the importance of geographic scale in detecting “hot spots” of crime at the 

local level. Previous studies of the impact of AFDC welfare payments on violent and 

property crime have found similar negative associations at the city and county level of 

analysis (DeFronzo 1996; DeFronzo 1997; Hannon and DeFronzo 1998a; Hannon and 

DeFronzo 1998b; Worrall 2009). As a result, I argue that the county-level models are 

preferable to state-level models in capturing whether GA has any impact on crime. The 

analysis presented here thus provides reason to believe that a modest welfare program 

such as GA can reduce even serious violent crime in addition to lower-level but still 

troubling economic crimes. 

 

Summary and Discussion of Results 

 In all, these analyses provide evidence that providing GA to a greater proportion 

of a county’s poor population can reduce crime. While these findings do not translate to 
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the state-level models, prior research and theory support the idea that crime may be more 

detectable and its analysis more meaningful at lower levels of geography.  

 These findings are important because of the potential for a modest welfare 

program like GA to not only offset crime but also decrease public spending on 

incarceration. As Rosenfeld and Messner suggest, shifting public funds from high-cost 

crime control tactics like imprisonment to welfare programs could achieve desired crime 

reductions at a lower cost (Rosenfeld and Messner 2010). In a recent review, Donohue 

(2009) finds that elasticities from studies estimating the effect of incarceration on Index I 

crimes range from -.09 to -.4.
14

 These indicate that a 10 percent increase in incarceration 

leads to a 1 to 4 percent reduction in Index I crimes. My county-level estimates in Table 

5.4 show that a 10 percent increase in GA leads to about a 1 percent reduction in serious 

crimes such as violent crime and robbery, as well as 3.4 percent and .7 percent reductions 

in the less serious Part II crimes of fraud and stolen property, respectively. While on the 

lower end of the spectrum when compared to incarceration, my estimates for the effect of 

GA on lowering crime are not insignificant. 

In addition, in 2011, the average monthly benefit for GA programs in 30 states 

was $262 (Schott and Cho 2011). This translates to $3,141 per case per year. 

Incarceration, on the other hand, costs states an average of $31,286 per inmate per year, 

according to a recent survey of 40 state departments of corrections (Henrichson and 

Delaney 2012). According to these numbers, the cost to states for GA is only 10 percent 

of the cost of incarceration. As Rosenfeld and Messner (2010, 2012) argue, incarceration 

                                                 
14

 These studies vary in terms of technique and time period used resulting in the wide range of elsasticities. 
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is a high cost way to decrease criminal opportunities by incapacitating people for long 

stretches of time but it does little to address the underlying motivations for committing 

crime, such as economic deprivation. These scholars contend that shoring up the welfare 

state would go a long way toward meeting the material needs of those who might 

otherwise be tempted to commit crime for economic gain. But beyond that, such a move 

would also protect against the “moral failings” of the market economy by promoting 

societal values of equality, fairness, justice, and solidarity (Rosenfeld and Messner 2012).  

Such as shift would have hefty political opposition to overcome, given the 

bipartisan push to shift the welfare state away from cash transfers to those in deep 

poverty toward the working poor in recent decades. In addition, the welfare state has 

become increasingly invasive in the lives of poor people under the current neoliberal 

paternalist framework, utilizing punitive tactics to discipline recipients (Soss et al. 

2011a). Rather than simply issuing checks, welfare offices and other social service 

agencies have been transformed into sites for “cultivating labor pools for employers as 

they strive to construct more competent and compliant worker-citizens” (Soss et al. 

2011a, p. 297). In this sense, the welfare state now does more to subject clients to market 

forces than it does in freeing citizens from the pressures of the market economy as 

Rosenfeld and Messner (2012) suggest.  

Nevertheless, the findings in this chapter suggest that providing even a very 

minimal welfare program like General Assistance has the potential to reduce both 

economic and violent crime at the county level.  Funneling public funds toward such a 
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program could produce greater declines in crime at a lower cost to taxpayers and 

recipients who might otherwise be incarcerated. 
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CHAPTER 6: DISCUSSION AND LESSONS FOR SCIENCE AND POLICY 
 

Summary of Results 

 The analyses in this dissertation center on three interrelated questions.  What 

factors have contributed to states ending GA programs between 1958 and 2010? How has 

the availability of GA programs influenced incarceration rates over space and time?  

Does greater GA coverage of the population in poverty lead to lower crime rates, 

especially at the county level? The goal of these analyses has been to improve 

understanding of how changes in the “right” and “left” hands of the state have affected 

the landscape of welfare provision, crime, and punishment over time and space in the 

United States since the 1960s. In particular, I have sought to examine how one welfare 

program that has historically provided income supports outside the labor market to low-

income men has fared in relation to rising incarceration rates and the potential of this 

same program to reduce crime. 

 With regard to the first research question, my event history analysis reveals that 

incarceration rates are a strong predictor of states ending GA programs between 1958 and 

2010. The effect incarceration on increasing the hazard of ending GA is robust despite a 

full slate of variables controlling for factors identified in previous research as potential 

confounders, including race, politics, and state fiscal capacity. The non-parametric 

survival curve presented in Figure 4.4 shows that states above the median poverty rate are 

significantly more likely to end GA programs, with nearly two-thirds (63%) of these 

states eliminating GA by 2010. The effect of incarceration on the increasing the hazard of 

ending GA also withstands models containing theoretically relevant covariates and 
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lagging incarceration up to three years.  Every 10 unit increase in a state’s incarceration 

rate is associated with a 10.5% increase in the hazard of ending GA. The size of the 

state’s African American population also significantly predicts ending GA, at least in the 

bivariate. Republican Party control of the governorship is largely non-significant but 

negative, likely reflecting the complicated history of politics in the South.  

 I speculate that these results demonstrate the confluence of welfare state 

devolution and rising incarceration during the decades during which both “hands” of the 

state underwent significant change. As the federal government passed responsibility for 

welfare back down to the states and as states increasingly enacted more punitive welfare 

and punishment policies as part of the broader neoliberal trend during this era, states with 

a greater proportion of their populations in poverty were more likely to end GA in 

response to rising incarceration rates. This may be due to the heavy burden on state 

budgets since both GA and prisons are funded at the state level. Given the broader move 

toward more punitive policies on both “hands,” states were more likely to sacrifice GA in 

exchange for less benevolent means of addressing poverty. The correlation coefficients 

between GA caseloads and incarceration rates in Figure 4.5 illustrate this transformation, 

particularly in the period of the mid-1990s as states reshuffled their relative position on 

both measures in response to major policy changes in each arena. The maps and spatial 

statistics also presented in Chapter 4 demonstrate that these dynamics vary significantly 

by geographic location, with states clustered in the South more likely to be surrounded by 

other states with lower rates of GA and vice versa in the Northeast and Midwest. 
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In response to the second question, how GA rates have affected state incarceration 

rates over the same period, my results show that although the number of GA cases per 

100,000 in poverty has not had a significant effect overall, the factors predicting higher 

rates of imprisonment are region-specific. GA rates have a significant negative effect on 

state incarceration rates in the South in bivariate fixed effects models but this does not 

hold once other covariates are included in full models. Instead, my models reveal that the 

predictors identified in previous studies are most significant in states outside of the South, 

including race and politics. A “trade-off” relationship with welfare also emerges, but it is 

AFDC/TANF rather than GA that is a more powerful predictor of lower incarceration 

rates in non-southern states. It may be the case that GA is simply too small a program to 

have much impact on incarceration rates overall. 

Finally, the question of whether GA can lower crime rates is addressed in Chapter 

5. My analyses show that providing GA to a greater proportion of county residents in 

poverty results in significant and robust reductions in several types of violent and 

property crime. In the case of violent crime, robbery, and stolen property, each 10 percent 

increase in GA recipients per 100,000 results in an approximately 1 percent reduction in 

arrests. The impact for fraud is much larger, with every 10 percent increase in GA 

associated with a nearly 4 percent reduction in fraud arrests. While these results are not 

replicated at the state level, theory and prior research on the local nature of crime and 

welfare provision support the conclusion that the county level is the more appropriate 

point at which to expect GA to affect crime rates.  
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The methods and data I used in these analyses represent a significant 

improvement on previous analyses, including statistical models that incorporate time-

varying covariates and control for time-invariant, unmeasurable state characteristics that 

can confound causal inference. These models increase the confidence with which I can 

draw conclusions about the relationships between GA welfare, incarceration, and crime. 

In addition, using data from one decommodifying welfare program that has historically 

provided aid to low-income men, my analyses provide a clearer picture of how welfare 

provision affects crime and incarceration given that men make up the population most at-

risk for involvement in the criminal justice system. 

The results from my dissertation highlight two important points: 1) the outlook for 

low-income men (and others not eligible for federal welfare programs) has become more 

dire over the last several decades as states have ended income supports for this population 

in conjunction with higher rates of incarceration, especially in states with high rates of 

poverty; and 2) the loss of such income supports impacts public safety since greater 

provision of GA is associated with reductions in several types of crime. Conversely, 

reinvesting in income supports like GA has the potential to reduce crime at a lower cost 

to taxpayers than current policies supporting higher cost interventions such as 

incarceration. 

 

Future Research 

 While this dissertation examines aggregate-level relationships between GA 

welfare, incarceration, and crime more research needs to be done to understand the 
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mechanisms that underlie these relationships at both the macro and micro level. I think 

that further study of GA programs in particular can provide a useful case for increased 

understanding of how the “right” and “left” hands of the state intersect. At the macro-

level, further study is needed to uncover the state-level processes operating in decisions 

to end or curtail decommodifying welfare programs like GA. Case studies of select states 

that have ended and not ended GA programs since 1980 could prove useful in this regard. 

This type of historical research project would entail collection of archival, administrative, 

and qualitative interview data from multiple sources in each state, including state 

legislatures and state departments of human services. This line of research might help to 

identify policy choices and debates that shaped decisions to end, curtail, or retain GA 

programs in conjunction with changes in punishment and crime control policies. 

Hypotheses can thus be evaluated regarding the role of rising incarceration rates in state 

policymakers’ decisions about welfare provision, whether and how these decisions are 

linked to deficits in state budgets and/or broader neoliberal shifts in both arenas.  

 In addition, an expanded panel data study including data on all males covered by 

any kind of welfare benefits would further establish and specify the relationships between 

welfare, incarceration and crime by gender. As noted at the outset, GA is not the only 

welfare program for which men receive benefits, though it does have the highest 

percentage of men compared to other programs. This type of study would identify the 

combined effect of all of these welfare transfers for men on rates of crime and 

incarceration. 
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 At the micro-level, individual-level data would help address questions regarding 

the mechanisms that drive individuals to commit or not commit crime in light of welfare 

receipt. Criminological theories such as choice, strain, and opportunity propose different 

mechanisms that an individual-level study could illuminate. But less research on the 

impact of welfare provision on crime has been done using individual-level data. As 

reviewed in Chapter 2, many of the studies on this topic have been performed at the city 

or county level. This may be due to relatively few large datasets that include questions on 

both crime and welfare receipt, particularly for men, although a couple of datasets may 

prove fruitful in this regard: the National Longitudinal Survey of Youth (NLSY) and the 

Fragile Families and Child Wellbeing Study. Neither of these datasets contain questions 

specific to General Assistance receipt, however. To obtain individual-level data on GA it 

will likely be necessary to attempt to obtain administrative records from one (or a few) 

select states. A smaller-scale qualitative study of GA recipients in one state or locality 

would be another potential data source. A combination of longitudinal survey data and 

qualitative interview data could provide a useful triangulation to understand broader 

patterns as well as potential causal factors. 

 

Conclusion and Policy Implications 

 As noted at the outset of this dissertation, policy debates and programs to address 

crime control, especially prisoner reentry, have largely neglected the potential role 

welfare payments could play in preventing or reducing crime. My analyses demonstrate 

that ignoring income supports outside the labor market as a tool for crime control is 
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unfounded. The county-level results in Chapter 5 show that even a meager welfare 

program like GA is capable of producing meaningful reductions in several types of crime 

that cause harm and economic loss, such as robbery and stolen property.  

 Marshaling welfare programs as a means of reducing or preventing crime is not 

unprecedented in U.S. welfare state history. Policy makers during the New Deal and 

Great Society eras explicitly designed and funded programs to provide income supports 

during times of economic crisis and in order to ease the transition of released prisoners 

with the hopes of controlling crime. Spending on work relief and direct relief (cash 

payments) did reduce crime during the Great Depression (Johnson et al. 2007). While 

reductions in recidivism were modest at best, the TARP experiment in the 1970s also 

demonstrated that income supports can help control crime (Rossi et al. 1980).  

 Programs such as GA have been under fire in recent decades, as my analysis in 

Chapter 4 so clearly demonstrates. Taken together, the results of this dissertation suggest 

that eliminating or severely curtailing GA comes at the expense of public safety in 

exchange for more costly policies like mass incarceration. While rising imprisonment has 

likely played some role in reducing crime since the early 1990s (Levitt 2004; Western 

2006; Zimring 2007) it has come at a great cost to state budgets (around $50 billion 

annually from 2002 to 2010) and the lives of former prisoners, their communities and 

families (Clear 2007; Comfort 2008; Kyckelhahn 2012; Manza and Uggen 2006; 

Wakefield and Uggen 2010; Western 2006). These detrimental consequences have led 

some scholars to argue that reinvesting in public welfare programs may represent a more 

effective and less costly means of reducing crime (Rosenfeld and Messner 2010; 2013). 
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The results of this dissertation lend support to these arguments by providing evidence that 

GA indeed reduces crime. 

 But writing welfare checks as a policy to prevent crime is likely to meet with 

significant opposition in light of the current neoliberal paternalistic regime. Short of a 

wholesale realignment in cultural values and institutional structure, Rosenfeld and 

Messner (2010) suggest that prisoner reentry may be a good starting point given that 

policy initiatives in this arena in recent decades have garnered bipartisan support. They 

note that, “The essential challenge to prisoner reentry programs is finding the right mix of 

incentives, supports, and controls…” to prevent recidivism (Rosenfeld and Messner 

2010, p. 62). GA-type payments to returning prisoners could represent one such support 

in the tradition of previous efforts such as TARP, where the intention is to get money in 

the hands of returning prisoners as soon as possible (Rossi et al. 1980). Alternatively, 

GA-type payments could be combined with programs designed to increase work 

participation and job skills among returning prisoners, such as transitional jobs programs 

like the Center for Employment Opportunities in New York City (Zweig, Yahner, and 

Redcross 2010). Former prisoners tend to have severe deficits in education and work 

experience and face significant barriers in finding employment post-release (Holzer and 

Stoll 2001; Pager 2003, 2009; Western 2006). Providing GA-like income supports by 

themselves or as part of a more comprehensive effort to address such deficits may 

provide a means to support this population while lowering recidivism and reducing costs 

of crime and punishment to the public. 
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Table 3.1 Descriptive Statistics for Cox Models of GA Program Elimination 

 

Variable Description Coding 

Overall Mean 

(SD) N 

General Assistance Program Elimination of General Assistance Program 0=no, 1=yes 

 

350 

     State Punitiveness     

Incarceration  Persons incarcerated per 100,000 people Rate 239.18  343 

   

(165.73) 

      

State Demographics 

    Poverty Percent of the population in poverty Percent 13.56  300 

   (4.34)  

African American Percent of the population African American Percent 9.61  348 

   (9.54)  

Urban Percent of the population urban Percent 60.19  348 

   (19.34)  

Low Wage Labor Market 

    Retail Wage Average monthly wage in constant 2010 dollars Dollars $1,809 336 

     

State Political Partisanship     

Republican Governor Dichotomous indicator of Republican governor 0=no, 1=yes 0.49 348 

     

State Fiscal Capacity     

Gross State Product Measure of state's economic output Logged Rate 10.91  300 

   (1.43)  

Region     

South Dichotomous southern state indicator 0=no, 1=yes 0.32 350 
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Table 3.2 Descriptive Statistics for State-Year Fixed Effects Models, 1960-2010

Variable Description Coding Overall Mean 

(SD) 

State- 

Years 

Incarceration Persons incarcerated per 100,000 people Logged Rate 5.12 (.77) 2530 

     

General Assistance GA Cases per 100,000 people in poverty Logged Rate 6.95 (1.47) 2530 

     

Crime 

    Burglary Burglaries known to law enforcement per 100,000 people Rate  928 (434.19) 2545 

Larceny Larcenies known to law enforcement per 100,000 people Rate  2384 (903.70) 2545 

Property Crime Property crimes known to law enforcement per 100,000 people Rate  3664 (1389.93) 2545 

Robbery Robberies known to law enforcement per 100,000 people Logged Rate 4.35 (.98) 2545 

Violent Crime Violent crimes known to law enforcement per 100,000 people Logged Rate 5.68 (.78) 2545 

     State Demographics 

    Unemployment Percent of the population unemployed Percent 5.76 (2.19) 2550 

African American  Percent of the population African American Percent 9.47 (9.39) 2550 

Urban  Percent of the population urban Percent 58.87 (19.17) 2550 

Males Aged 15-24  Percent of the population male, aged 15-24 Percent 8.15 (1.21) 2550 

     State Political Partisanship     

Republican Governor Dichotomous measure of Republican Governor 0=no, 1=yes .47 2550 

     

State Fiscal Capacity     

Gross State Product Measure of state's economic output Logged 10.68 (1.45) 2400 

     Other Welfare Programs 

    AFDC/TANF AFDC/TANF Cases per 100,000 in poverty Logged Rate 6.73 (.65) 2550 

SSI SSI recipients per 100,000 people Logged Rate 7.26 (.61) 2550 
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Table 3.3 Descriptive Statistics for County-Year Fixed Effects Models, 1980-2010  

 

Variable Description Coding Overall Mean 

(SD) 

County- 

Years 

Crime 

    Burglary Burglary arrests per 100,000 people Logged Rate 4.44 (.80) 1157 

Fraud Fraud arrests per 100,000 people Logged Rate 3.72 (1.14) 1059 

Larceny Larceny arrests per 100,000 people Logged Rate 5.42 (.91 1162 

Robbery Robbery arrests per 100,000 people Logged Rate 2.69 (.97) 818 

Stolen Property Stolen property arrests per 100,000 people Logged Rate 3.16 (.97) 979 

Violent Crime Violent crime arrests per 100,000 people Logged Rate 4.28 (.91) 1169 

     Incarceration State incarceration rate per 100,000 people Logged Rate 5.20 (.68) 1206 

     

General Assistance GA recipients per 100,000 in poverty Logged Rate 7.34 (2.16) 1073 

     State Demographics 

    Unemployment Percent of the population unemployed Percent 8.43 (3.54) 1206 

African American  Percent of the population African American Percent 3.40 (6.24) 1183 

Urban  Percent of the population urban Percent 31.88 (34.09) 1206 

Males Aged 15-24  Percent of the population male, aged 15-24 Percent 7.95 (2.16) 1206 

     Other Welfare Programs 

    SSI SSI recipients per 100,000 people Rate 1725.51 (1059.63) 1206 
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Table 4.1 Bivariate Cox Models Predicting Elimination of GA Program, 1958-2010 

Variable Model Hazard Ratio 

(SE) 

Events Cases 

State Punitiveness 

    Incarceration Rate 1 1.01*** 20 310 

  

(.002) 

  

     State Demographics 

    Percent Poverty 2 1.22*** 20 265 

  

(.06) 

  Percent African American 4 1.06*** 20 313 

  (.02)   

Percent Urban 5 .97** 20 313 

  (.01)   

     

Low Wage Labor Market     

Retail Wage 3 .995*** 20 301 

  (.001)   

     

Political Partisanship     

Republican Governor 6 .52 20 315 

  

(.21) 

  

     State Fiscal Capacity 

    Gross State Product 7 .99 20 265 

  

(.18) 

  

     Region 

    South 8 7.05*** 20 315 

  

(3.08) 

  
*** p<0.01, ** p<0.05, * p<0.1 
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Table 4.2 Cox Models Predicting Elimination of GA Program, 1958-2010 

 

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 
         

State Punitiveness         

Incarceration (lagged) 1.01*** 1.01*** 1.01*** 1.01*** 1.01*** 1.01*** 1.003 1.01** 

 (.002) (.002) (.002) (.002) (.002) (.002) (.002) (.003) 

State Demographics         

Percent Poverty  1.13**      1.11* 

  (.06)      (.06) 

Percent Urban  .95***      .97 

  (.01)      (.03) 

Percent Black   1.03      

   (.02)      

State Partisanship         

Republican Governor    .47**    .57 

    (.18)    (.24) 

State Fiscal Capacity         

GSP     .65*    

     (.15)    

Low-wage Labor Market         

Retail Wages      .99***  .996 

         

Region      (.002)  (.002) 

South       4.62*** 2.23* 

       (2.33) (1.08) 

         

Observations 312 253 253 253 253 253 253 253 

Robust SEs in parentheses 
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Table 4.3 Bivariate Discrete Time Models Predicting Elimination of GA Program, 1958-2010 

 
Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9 

                    

State Punitiveness          

Incarceration Rate (lagged) 1.01*** 

        

 

(.002) 

        State Demographics          

Percent Poverty 

 

1.28*** 

       

  

(.09) 

       Percent Urban 

  

.97** 

      

   

(.01) 

      Percent Black 

   

1.07*** 

     

    

(.03) 

     State Partisanship          

Republican Governor 

    

.71** 

    

     

(.11) 

    State Fiscal Capacity          

GSP 

     

1.01 

   

      

(.21) 

   Low-wage Labor Market          

Retail Wages 

      

.995*** 

  

       

(.002) 

  Region          

South 

       

11.82*** 

 

        

(6.91) 

 Time          

1992 5.51 37.36** 19.56*** 26.45*** 33.11*** 16.29** 7.97** 31.72*** 24.83*** 

 

(6.82) (53.94) (21.44) (29.44) (43.38) (18.94) (8.19) (34.66) (27.02) 

1996 1.39 24.76** 10.42** 13.10** 15.96** 7.50 6.97* 17.48** 11.46** 

 

(2.20) (40.07) (12.25) (15.64) (21.61) (9.55) (8.16) (20.66) (13.46) 

1998 1.75 53.34** 17.27** 20.26** 23.30** 11.13** 60.30*** 28.59*** 17.03** 

 

(2.38) (88.49) (19.77) (23.78) (31.81) (12.98) (85.93) (33.01) (19.40) 



 

 156 

2010 3.01 71.53*** 55.05*** 38.44*** 38.17*** 19.41** 133.8*** 74.36*** 29.80*** 

 

(3.89) (110.2) (60.46) (43.87) (50.16) (23.50) (203.2) (86.36) (32.88) 

Constant .003*** .0001*** .05** .003*** .006*** .009** 31.04 .002*** .007*** 

 

(.003) (.0002) (.06) (.003) (.007) (.02) (69.94) (.002) (.007) 

          Observations 313 266 314 314 316 266 302 316 316 

Robust SEs in parentheses 
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Table 4.4 Discrete Time Logit Models Predicting Elimination of GA Program, 1958-2010 

 
Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 

                  

State Punitiveness         

Incarceration Rate (lagged) 1.01*** 1.01*** 1.01*** 1.01*** 1.01*** 1.01*** 1.004 1.01*** 

 

(.002) (.003) (.002) (.003) (.003) (.003) (.003) (.004) 

State Demographics         

Percent Poverty 

 

1.20*** 

     

1.15** 

  

(.08) 

     

(.08) 

Percent Urban 

 

.92*** 

     

.95 

  

(.02) 

     

(.04) 

Percent Black 

  

1.03 

     

   

(.03) 

     State Partisanship         

Republican Governor 

   

.37** 

   

.41 

    

(.18) 

   

(.27) 

State Fiscal Capacity         

GSP 

    

.61* 

   

     

(.17) 

   Low-wage Labor Market         

Retail Wages 

     

.99*** 

 

.99* 

      

(.003) 

 

(.004) 

Region         

South 

      

6.98*** 3.04* 

       

(4.47) (1.96) 

Time         

1992 5.51 2.86 4.47 4.24 6.78 .05* 8.79* .67 

 

(6.82) (4.20) (5.50) (5.28) (8.73) (.08) (11.12) (1.16) 

1996 1.39 1.24 1.24 1.19 1.89 .04* 3.13 .76 

 

(2.20) (2.22) (1.94) (1.89) (3.05) (.07) (5.17) (1.48) 

1998 1.75 2.97 1.69 1.48 2.60 2.11 4.92 14.54 

 

(2.38) (4.84) (2.26) (2.01) (3.60) (2.77) (7.07) (29.90) 
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2010 3.01 11.42 3.06 1.91 4.91 3.70 12.27* 43.85** 

 

(3.89) (17.83) (3.85) (2.54) (6.73) (5.12) (16.28) (75.87) 

Constant .003*** .006** .004*** .006*** .48 587,356*** .002*** 95.40 

 

(.003) (.01) (.004) (.006) (1.26) (2.720e+06) (.002) (533) 

         Observations 313 254 254 254 254 254 254 254 

Robust SEs in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 4.5 Bivariate Predictors of State Incarceration Rates, 1960-2010 

Variable All States South Not South 

General Assistance -.06** -.09*** -.04 

 

(.02) (.02) (.03) 

  

  

Crime 

 

  

Violent Crime Rate .15*** .03 -.02*** 

 

(.04) (.09) (.04) 

  

  

State Demographics 

 

  

Unemployment Rate -.02*** -.0005 -.03*** 

 

(.005) (.003) (.007) 

African American .02 .01 .03 

 

(.02) (.03) (.02) 

Urban .001 -.007 .002 

 

(.002) (.005) (.002) 

Males Aged 15-24 -.15*** -.10 -.17*** 

 

(.01) (.04) (.01) 

  

  

State Political Partisanship 

 

  

Republican Governor .08*** .06* .08*** 

 

(.02) (.03) (.03) 

State Fiscal Capacity 

 

  

Gross State Product .12 .05 .15 

 

(.08) (.09) (.11) 

Other Welfare Programs 

 

  

AFDC/TANF -.11 -.02 -.17*** 

 

(.03) (.04) (.03) 

SSI .00004 -.12* -.48*** 

 

(.00003) (.06) (.04) 

   

 

Time 

  

 

Year .04*** .04*** .04*** 

 (.001) (.002) (.002) 

Year
2 

.0000003 .0000002 .0000006* 

 (.0000002) (.0000004) (.0000003) 
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Table 4.6 State-Year Fixed Effects Models Predicting Incarceration Rates, 1960-2010 

  All States South Not South 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9 

                    

General Assistance -.06** -.01 -.01 -.09*** -.02 -.04 -.04 .01 .02 

 

(.02) (.02) (.02) (.02) (.02) (.03) (.03) (.03) (.03) 

Crime          

Violent Crime 

 

.04 .02 

 

.29** .04 

 

-.02 .08 

  

(.06) (.08) 

 

(.12) (.10) 

 

(.08) (.10) 

State Demographics          

Unemployment 

 

-.0007 .003 

 

.01 .01 

 

-.01* -.007 

  

(.004) (.005) 

 

(.007) (.008) 

 

(.006) (.007) 

African American 

 

.02 .024 

 

.003 .02 

 

.10*** .10*** 

  

(.03) (.03) 

 

(.03) (.03) 

 

(.02) (.02) 

Urban 

 

-.005* -.004 

 

-.005 -.0006 

 

-.005** -.006* 

  

(.002) (.003) 

 

(.01) (.009) 

 

(.002) (.003) 

Males Aged 15-24 

 

-.15*** -.13*** 

 

-.16*** -.13*** 

 

-.16*** -.13*** 

  

(.02) (.03) 

 

(.03) (.04) 

 

(.02) (.03) 

State Fiscal Capacity          

Gross State Product 

  

.17 

  

.69** 

  

.10 

   

(.12) 

  

(.24) 

  

(.15) 

Political Partisanship          

Republican Governor 

  

.07*** 

  

.10 

  

.05** 

   

(.03) 

  

(.07) 

  

(.02) 

Other Welfare          

AFDC/TANF 

  

-.04 

  

.04 

  

-.12*** 

   

(.04) 

  

(.06) 

  

(.04) 

SSI 

  

.007 

  

-.03 

  

-.07 

   

(.06) 

  

(.07) 

  

(.06) 

Time          

Year .04*** .03*** .02** .04*** .03*** -.02 .04*** .03*** .022* 

 

(.002) (.002) (.009) (.005) (.006) (.02) (.002) (.002) (.01) 

Year
2 

-.0000003 .0000001 .0000004 

-

.000002*** -.000002*** -.0000009 .0000003 -.0000002 .0000009 

 

(.0000003) (.0000006) (.0000006) (.0000004) (.0000007) (.0000006) (.0000004) (.0000008) (.0000008) 

Constant -72.58*** -60.96** -37.97** -71.33*** -48.76*** 47.90 -72.03*** -55.66*** -40.90* 
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(2.999) (4.52) (18.35) (10.56) (12.87) (39.30) (2.936) (5.762) (20.67) 

          Observations 1,723 1,537 1,537 451 390 390 1,272 1,147 1,147 

R-squared .37 .83 .92 .42 .82 .89 .35 .87 .94 

F-value 233.86*** 147.66*** 123.68*** 33.98*** 79.79*** 163.96*** 249.12*** 143.18*** 139.88*** 

Number of States 49 48 48 16 16 16 33 33 32 

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1 
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Table 5.1 Bivariate State-Year Fixed Effects Coefficients for Crime Rates, 1960-

2010 

 

 

 

 

 

 

 

 

 

Variable Property Burglary Larceny Violent Robbery 

            

General Assistance -41.42 -30.57* -32.67 .03 .04 

 

(52.15) (17.79) (32.30) (.02) (.04) 

      

State Punitiveness      

Incarceration  69.16 31.28 32.20 -.09** .18* 

 

(192.3) (70.49) (119.1) (.04) (.10) 

      

State Demographics      

Percent Unemployed 34.74 16.20* 15.95 .001 -.007 

 

(22.56) (8.42) (12.45) (.004) (.006) 

Percent African American -98.80*** -40.91*** -50.93** .0008 -.02 

 

(36.29) (13.61) (19.34) (.02) (.02) 

Percent Urban 10.05 2.30 3.41 .008** .009* 

 

(7.63) (2.77) (4.63) (.003) (.005) 

Percent Males Aged 15-24 23.94 29 -12.14 .08*** -.06* 

 

(63.54) (23.78) (43.35) (.02) (.03) 

      

Other Welfare      

AFDC/TANF Cases per 100,000 216.94 39.62 149.08 .47*** .22*** 

 

(102.22) (37.24) (63.75) (.003) (.04) 

SSI Recipients per 100,000 -199.50 -28.63 -130.80 .50 .003 

 

(174.06) (55.30) (113.98) (.09) (.07) 

Robust standard errors in parentheses. Output for time specifications not shown. 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 5.2 State-Year Fixed Effects Models Predicting Crime, 1960-2010 

Variable Violent Property Burglary Larceny Robbery 

            

General Assistance -.009 -71.04 -34.65* -52.19 .02 

 

(.03) (56.63) (19.54) (35.46) (.03) 

      

State Punitiveness      

Incarceration .04 -106.7 -62.78 -41.2 .15* 

 

(.07) (157.7) (51.92) (109.7) (.09) 

      

State Demographics      

Unemployment -.01** 42.45 21.49* 18.97 -.007 

 

(.004) (25.69) (11.15) (13.67) (.007) 

African American .007 -1.94 -9.25 10.81 .007 

 

(.02) (40.02) (15.17) (23.43) (.02) 

Urban -.01*** 7.60 2.13 1.57 0.00838 

 

(.003) (7.56) (2.81) (4.94) (.006) 

Males Aged 15-24 .12*** 52.66 12.34 23.27 -.06 

 

(.02) (72.05) (25.57) (58.26) (.04) 

      

Other Welfare      

AFDC/TANF .41*** 186.6 28.21 91.53 .18** 

 

(.05) (127.2) (52.72) (84.05) (.08) 

SSI .02 -134.8 4.42 -91.99 .03 

 

(.06) (154.8) 28.21 91.53 .18** 

      

Time      

1961 

 

14.87 -17.46 14.71 -.003 

  

(99.29) (30.03) (68.05) (.05) 

1962 

 

136.3 5.96 91.65 -.02 

  

(130.8) (39.93) (90.63) (.08) 

1963 

 

272.9* 45.07 173.2 .07 

  

(162.7) (50.66) (113.6) (.10) 

1964 

 

450.1** 99.04* 283.5** .14 

  

(181.4) (57.54) (126.7) (.10) 

1965 

 

492.7** 115.2 310.9** .15 

  

(203.5) (68.97) (138.8) (.12) 

1966 

 

701.6*** 176.4** 429*** .31** 

  

(232) (79.55) (158.4) (.14) 

1967 

 

916.1*** 254.9*** 540.8*** .47*** 

  

(263) (90.45) (179.6) (.15) 

 1968 

 

1,173*** 341.4*** 685.4*** .68*** 

  

(297.2) (104.5) (198.2) (.17) 

1969 

 

1,365*** 386.1*** 807.4*** .79*** 

  

(322.4) (110.1) (220.1) (.17) 

1970 

 

1,562*** 439.1*** 957.9*** .92*** 

  

(357) (122.3) (247.4) (.18) 

1971 

 

1,691*** 496.3*** 1,031*** 1.03*** 

  

(371.2) (129) (258.8) (.20) 
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1972 

 

1,576*** 502.7*** 929.7*** 1.06*** 

  

(380.2) (133.1) (262.3) (.19) 

1973 

 

1,807*** 607.2*** 1,029*** 1.14*** 

  

(401) (141) (271.2) (.20) 

1975 

 

2,693*** 828.1*** 1,652*** 1.42*** 

  

(438.1) (157.3) (292.8) (.23) 

1976 

 

2,771*** 779.9*** 1,795*** 1.29*** 

  

(449.8) (161.7) (295.3) (.24) 

1977 

 

2,624*** 791.3*** 1,644*** 1.26*** 

  

(468.4) (168) (310) (.25) 

1978 

 

2,710*** 822.1*** 1,685*** 1.31*** 

  

(435.1) (156.8) (287.4) (.24) 

1979 

 

3,093*** 882.3*** 1,967*** 1.38*** 

  

(437) (156.4) (286.2) (.24) 

1980 

 

3,359*** 1,003*** 2,118*** 1.47*** 

  

(438.1) (158.7) (283.7) (.24) 

1981 

 

3,236*** 967.9*** 2,069*** 1.45*** 

  

(427.8) (156) (277.2) (.23) 

1982 

 

2,921*** 794.8*** 1,942*** 1.37*** 

  

(419.1) (148) (272.1) (.22) 

1983 

 

2,587*** 677.0*** 1,747*** 1.22*** 

  

(411.4) (144) (267.9) (.22) 

1984 

 

2,542*** 661.2*** 1,707*** 1.11*** 

  

(414.8) (142.5) (270) (.22) 

1985 

 

2,688*** 691.9*** 1,800*** 1.09*** 

  

(431.9) (145.8) (284.5) (.22) 

1986 

 

2,853*** 728.0*** 1,896*** 1.12*** 

  

(447.2) (148.9) (294.5) (.22) 

1987 

 

2,899*** 709*** 1,951*** 1.01*** 

  

(449.8) (142.3) (301.1) (.22) 

1988 

 

2,979*** 709.4*** 1,990*** 1.00*** 

  

(464.3) (140.8) (314) (.21) 

1989 

 

3,040*** 683*** 2,037*** 1.01*** 

  

(476) (139.6) (324.8) (.21) 

1990 

 

3,106*** 659.7*** 2,105*** 1.08*** 

  

(458.4) (133) (312.7) (.21) 

1991 

 

3,092*** 655.4*** 2,105*** 1.12*** 

  

(458.7) (133.5) (314.6) (.21) 

1992 

 

2,890*** 569.4*** 2,008*** 1.08*** 

  

(476.4) (133.4) (331.4) (.21) 

1993 

 

2,800*** 536.3*** 1,960*** 1.08*** 

  

(487) (137.6) (338.2) (.21) 

1994 

 

2,710*** 492.2*** 1,915*** 1.03*** 

  

(486.8) (133.4) (341) (.21) 

1995 

 

2,821*** 473*** 2,040*** .98*** 

  

(494.1) (137.7) (350.9) (.22) 

1996 

 

2,673*** 429.1*** 1,942*** .94*** 

  

(481.5) (131.5) (345.4) (.21) 

1997 

 

2,525*** 381.6*** 1,854*** .82*** 

  

(467.6) (137.6) (325.3) (.22) 
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1998 

 

2,297*** 345.6** 1,700*** .74*** 

  

(463.1) (133.4) (320.9) (.22) 

1999 

 

1,990*** 255.9* 1,509*** .70*** 

  

(447.8) (128.3) (312.6) (.21) 

2000 

 

1,904*** 229.7* 1,440*** .71*** 

  

(441) (126.5) (308.4) (.21) 

2001 

 

1,888*** 213.9* 1,411*** .75*** 

  

(434) (121.9) (303.3) (.21) 

2002 

 

1,859*** 211.8* 1,378*** .72*** 

  

(434.4) (121.4) (304.3) (.20) 

2003 

 

1,750*** 187.8 1,302*** .70*** 

  

(430.8) (121.4) (304.3) (.21) 

2004 

 

1,635*** 167.9 1,231*** .65*** 

  

(428.5) (121.2) (303.3) (.21) 

2005 

 

1,611*** 183.7 1,190*** .68*** 

  

(427.3) (119.8) (302.3) (.21) 

2006 

 

1,503*** 193.8 1,098*** .76*** 

  

(408.9) (118.9) (288.9) (.21) 

2007 

 

1,389*** 174.7 1,048*** .72*** 

  

(398.8) (119.3) (283.1) (.21) 

2008 

 

1,252*** 144.1 996.6*** .72*** 

  

(386.2) (118.4) (281.3) (.21) 

2009 

 

931.3** 51.12 842.9*** .64*** 

  

(396.9) (122.5) (289.4) (.22) 

2010 

 

879.1** 49.38 803.4*** .55** 

  

(392) (120.2) (283.6) (.22) 

Year .02*** 

    

 

(0.004) 

    Year
2
 .000001*** 

    

 

(.0000003) 

    Constant -42.17*** 1,241 518 1,123 1.14 

 

(6.31) (1,426) (485.5) (1,048) (.74) 

      Observations 1,677 1,677 1,677 1,677 1,677 

R-squared .93 .92 .88 .92 .93 

Number of States 49 49 49 49 49 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Table 5.3 Bivariate First-difference Predictors of Crime in 10 States
1
, 1980-2010 

  Violent Robbery Burglary Fraud 

Stolen 

Property 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 

            

General Assistance -.06* -.08** .02 -.37*** -.05 

 

(.03) (.04) (.03) (.04) (.03) 

State Punitiveness      

Incarceration Rate .15 -.22 .02 1.22*** .23 

 

(.12) (.14) (.09) (.21) (.16) 

State Demographics      

Unemployment -.02 .002 -.03* .007 .03 

 

(.02) (.02) (.02) (.02) (.02) 

African American .01 .03 -.02** -.03 -.07*** 

 

(.01) (.02) (.008) (.02) (.02) 

Urban .00004 -.003 -.0001 -.003 .005** 

 

(.002) (.002) (.002) (.003) (.002) 

Males Aged 14-25 -.02 .03 .02 0.05 .05 

 

(.04) (.06) (.04) (.07) (.05) 

Other Welfare      

SSI -.00009** -.00006 .00006 .0001 .00002 

 

(.00005) (.00006) (.00005) (.00009) (.00006) 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
1 Kansas, Maryland, Michigan, Minnesota, New Jersey, New Mexico, New York, Ohio, 

Pennsylvania, Washington 
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Table 5.4 First Difference Models Predicting County-Level Arrest Rates in 10 States
1
, 1980-2010 

  Violent Robbery Burglary Fraud Stolen Property 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9 Model 10 

                      

General Assistance -.06* -.07** -.08** -.11*** .02 .02 -.37*** -.34*** -.05 -.07** 

 

(.03) (.04) (.04) (.04) (.03) (.03) (.04) (.04) (.03) (.04) 

State Punitiveness           

Incarceration Rate 

 

.10 

 

-.30** 

 

.01 

 

1.09*** 

 

.15 

  

(.12) 

 

(.14) 

 

(.10) 

 

(.21) 

 

(.16) 

State Demographics           

Unemployment 

 

-.02 

 

.001 

 

-.03 

 

.02 

 

.04* 

  

(.02) 

 

(.02) 

 

(.02) 

 

(.02) 

 

(.02) 

African American 

 

.01 

 

.02 

 

-.02** 

 

-.06*** 

 

-.07*** 

  

(.01) 

 

(.02) 

 

(.009) 

 

(.02) 

 

(.02) 

Urban 

 

-.0003 

 

-.002 

 

-.0002 

 

-.004 

 

.003 

  

(.002) 

 

(.002) 

 

(.002) 

 

(.002) 

 

(.002) 

Males Aged 14-25 

 

-.01 

 

.03 

 

.03 

 

.11* 

 

.06 

  

(.04) 

 

(.06) 

 

(.04) 

 

(.06) 

 

(.06) 

Other Welfare           

SSI 

 

-.0001*** 

 

-.0001* 

 

.00006 

 

-.00005 

 

.00005 

  

(.00005) 

 

(.000006) 

 

(.00005) 

 

(.00009) 

 

(.00007) 

           

Constant 0.20*** .19 -.20*** .38 -.69*** -.63*** -.20*** -.98*** -.44*** -.60** 

 

(.04) (.20) (.05) (.26) (.04) (.18) (.06) (.32) (.05) (.27) 

           Observations 554 542 354 353 545 537 472 465 432 429 

R-squared .007 .03 .01 0.04 0.001 .01 .12 .18 .004 .06 

F-value 3.24* 1.86* 4.90** 2.13** .53 1.64 71.96*** 16.42*** 1.84 3.56*** 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
1 Kansas, Maryland, Michigan, Minnesota, New Jersey, New Mexico, New York, Ohio, Pennsylvania, Washington
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Figure 1.1 Race as Percentage of General Population, Prisoners, and TANF 

Recipients, 2006 

 

 

Source: U.S. Census Bureau, American Community Survey; Bureau of Justice Statistics; and the U.S. 

Department of Health and Human Services. 
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Figure 2.1 U.S. General Assistance Programs by Type, 2010 
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Figure 2.2 Percent Living Below Poverty by U.S. Counties, 2005-2009 

 

Source: U.S. Census Bureau, American Community Survey 5-year Estimates, 2005-2009 
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Figure 2.3 U.S. State Incarceration Rate, 1960-2010 
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Figure 2.4 World Incarceration Rates, 2011 
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Figure 2.5 U.S. State Prison Incarceration Rates by State, 2010 
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Figure 4.1 Total U.S. General Assistance Cases, 1960-2010 
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Figure 4.2A General Assistance Cases per 100,000 in Poverty by State, 1960 & 1970 
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Figure 4.2B General Assistance Cases per 100,000 in Poverty by State, 1980 & 1990 
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Figure 4.2C General Assistance Cases per 100,000 in Poverty by State, 2000 & 2010 
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Figure 4.3 Empirical Bayes Adjusted LISA Significance Maps for GA Cases per 

100,000 in Poverty 

1960 

 

1970 
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Figure 4.4 Non-parametric Survival Curve for Eliminating GA Program, by Median 

Poverty 

 

N=350     Log-rank Chi-Square=11.85, p=.0006     Wilcoxon Chi-Square=10.76, p=.0010 
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Figure 4.5 Correlation Coefficients For GA Cases and Incarceration Rates, 1960-

2010 
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Figure 5.1 GA Recipients per 100,000 in Poverty by County, 1980 and 2010 
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Appendix Table 3.1 General Assistance Missing Data  

States with complete GA data series 1960-2010 (30): 

Statewide Programs County Programs 

Arizona Alabama 

Delaware Arkansas 

Hawaii California 

Kansas Illinois  

Maryland Louisiana 

Massachusetts Mississippi 

Michigan Oklahoma 

Minnesota South Carolina 

Missouri Tennessee 

New Jersey Texas 

New Mexico Virginia 

New York West Virginia 

Ohio Wyoming 

Pennsylvania  

Rhode Island  

Washington  

 

States with missing GA data (20): 

Statewide Programs County Programs 

Alaska – missing 1977-1980 Florida – missing 1974 and on 

Colorado – missing 1985-2000 Georgia – missing post-1996 

Connecticut – missing 1981-1999 Idaho – no data 

Oregon – missing post-1996 Indiana – missing 1960-1979 and post-1996 

Utah – missing 1997 to 2000, 2004, 2009 Iowa – missing post-1977 

Vermont – missing 1970-1989 & 1997-2001 Kentucky – missing 1967-1989 

 Maine – missing 1997 to 2010 

 Montana – missing post-1993 

 Nevada – missing post-1967 

 Nebraska – missing post-1963 

 New Hampshire – missing 1984-2010 

 North Carolina – none post-1979 

 North Dakota – none post-1996 

 South Dakota – none post-1991 

 Wisconsin – none post-1996 
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Appendix Table 4.1 State-Year Fixed Effects Models Predicting Incarceration Rates, 1960-2010 

  
 

All States 

  

South  Not South 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9 

                    

General Assistance 

(Lagged) -.02 -.01 -.01 -.06*** -.02 -.04 .0003 .01 .02 

 

(.02) (.02) (.02) (.02) (.02) (.03) (.02) (.03) (.03) 

Crime          

Violent Crime 

 

.04 .02 

 

.28** .04 

 

-.02 .08 

  

(.06) (.08) 

 

(.12) (.10) 

 

(.08) (.10) 

State Demographics          

Unemployment 

 

-.0005 .003 

 

.008 .01 

 

-.01* -.008 

  

(.004) (.005) 

 

(.007) (.007) 

 

(.006) (.007) 

African American 

 

.02 .02 

 

.003 .02 

 

.09*** .10*** 

  

(.03) (.03) 

 

(.03) (.03) 

 

(.02) (.02) 

Urban 

 

-.005** -.005 

 

-.005 -.002 

 

-.005** -.006* 

  

(.002) (.003) 

 

(.009) (.008) 

 

(.002) (.003) 

Males Aged 15-24 

 

-.14*** -.13*** 

 

-.16*** -.14*** 

 

-.15*** -.13*** 

  

(.02) (.02) 

 

(.03) (.04) 

 

(.03) (.03) 

State Fiscal Capacity          

Gross State Product 

  

.17 

  

.62** 

  

.09 

   

(.12) 

  

(.22) 

  

(.15) 

Political Partisanship          

Republican Governor 

  

.08*** 

  

.11 

  

.05** 

   

(.02) 

  

(.06) 

  

(.02) 

Other Welfare          

AFDC/TANF 

  

-.04 

  

.05 

  

-.13*** 

   

(.04) 

  

(.06) 

  

(.04) 

SSI 

  

.006 

  

-.02 

  

-.08 

   

(.06) 

  

(.08) 

  

(.06) 

Time          

Year .03*** .03*** .02** 0.0390*** .03*** -.02 .03*** .03*** .02* 

 

(.002) (.002) (.01) (0.00543) (.006) (.02) (.002) (.002) (.01) 
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Year
2 

.000003*** .0000002 .0000005 .0000003 -.000002** -.000001* .000004*** .0000003 .0000009 

 

(.0000005) (.0000006) (.0000006) (.0000008) (.0000008) (.0000006) (.0000005) (.0000008) (.0000008) 

Constant -73.18*** -61.10*** -38.60** -72.81*** -49.55*** 36.91 -72.47*** -55.69*** -41.98** 

 

(2.976) (4.462) (17.82) (9.058) (12.27) (34.30) (3.022) (5.782) (20.49) 

          Observations 1,561 1,561 1,561 401 401 401 1,160 1,160 1,160 

R-squared .86 .91 .92 .82 .86 .89 .87 .93 .94 

Number of States 49 49 49 16 16 16 33 33 33 

Robust standard errors in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix Table 4.2 Bivariate Cox Models Predicting Elimination of GA Program, 

1958-2010 (excluding 1996) 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Variables Hazard Ratio (SEs) Cases 

      

State Punitiveness   

Incarceration (lagged) 1.01*** 273 

 (.002) 

 State Demographics   

Percent Poverty 1.26*** 226 

 (.06) 

 Percent Urban .97** 274 

 (.01)  

Percent Black 1.06*** 274 

 (.02)  

State Partisanship   

Republican Governor .51 276 

 (.21)  

State Fiscal Capacity   

GSP .998 226 

 (.18)  

Low-wage Labor Market   

Retail Wages .995*** 264 

 (.001) 

 Region   

South 6.97*** 276 

 

(2.98) 

 
   Observations 

  Robust SEs in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix Table 4.3 Cox Models Predicting States Ending GA Programs, 1958-2010 (excluding 1996) 

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 

                  

State Punitiveness         

Incarceration (lagged) 1.01*** 1.01*** 1.01*** 1.01*** 1.01*** 1.01*** 1.003* 1.01*** 

 (.002) (.002) (.002) (.002) (.002) (.002) (.002) (.002) 

State Demographics         

Percent Poverty 

 

1.15** 

     

1.13** 

 

 

(.06) 

     

(.07) 

Percent Urban 

 

.95*** 

     

.96 

 

 

(.01) 

     

(.02) 

Percent Black 

  

1.02 

      

  

(.02) 

     State Partisanship         

Republican Governor 

   

.45** 

   

.45* 

 

   

(.17) 

   

(.19) 

State Fiscal Capacity         

GSP 

    

.66* 

    

    

(.14) 

   Low-wage Labor 

Market         

Retail Wages 

     

.99*** 

 

.998 

 

     

(.001) 

 

(.002) 

Region         

South 

      

4.47*** 1.96 

       

(2.24) (.91) 

         Observations 273 216 216 216 216 216 216 216 

Robust SEs in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix Table 4.4 Bivariate Discrete Time Models Predicting States Ending GA, 1958-2010 (excluding 1996) 

 

Variables Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9 

                    

State Punitiveness          

Incarceration Rate 

(lagged) 1.01*** 

        

 

(.003) 

        State Demographics          

Percent Poverty 

 

1.36*** 

       

  

(.11) 

       Percent Urban 

  

.97** 

      

   

(.016) 

      Percent Black 

   

1.07*** 

     

    

(.03) 

     State Partisanship          

Republican Governor 

    

.67** 

    

     

(.11) 

    State Fiscal Capacity          

GSP 

     

1.10 

   

      

(.24) 

   Low-wage Labor Market          

Retail Wages 

      

.996*** 

  

       

(.002) 

  Region           

South 

       

18.50*** 

 

        

(12.71) 

 Time          

1992 3.02 66.36** 19.98*** 26.82*** 39.16** 14.30** 8.95** 33.74*** 24.83*** 

 

(4.18) (120.2) (21.96) (30.02) (59.03) (16.70) (8.98) (37.09) (27.02) 

1998 .71 118.6** 17.25** 20.69** 27.70** 9.41* 47.71*** 31.86*** 17.03** 
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(1.09) (247.1) (19.70) (24.49) (43.31) (10.86) (65.71) (37.47) (19.40) 

2010 1.25 150.8** 51.38*** 39.51*** 44.80** 15.85** 101.1*** 95.68*** 29.80*** 

 

(1.86) (296) (55.85) (45.36) (67.75) (19.16) (147.9) (116.5) (32.88) 

Constant .002*** .00002*** .04** .003*** .005*** .004** 9.615 .001*** .007*** 

 

(.002) (.00005) (.06) (.003) (.007) (.01) (22.23) (.001) (.007) 

          Observations 271 224 272 272 274 224 262 274 274 

Robust SEs in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Discrete Time Logit Models Predicting States Ending GA Programs, 1958 to 2010 (excluding 1996) 

Variable Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 

                  

State Punitiveness         

Incarceration Rate (lagged) 1.01*** 1.02*** 1.01*** 1.01*** 1.01*** 1.01*** 1.01* 1.02*** 

 

(.003) (.005) (.003) (.003) (.003) (.004) (.004) (.005) 

State Demographics         

Percent Poverty 

 

1.26*** 

     

1.19** 

  

(.10) 

     

(.10) 

Percent Urban 

 

.92*** 

     

.93* 

  

(.03) 

     

(.04) 

Percent Black 

  

1.02 

     

   

(.03) 

     State Partisanship         

Republican Governor 

   

.18*** 

   

.13** 

    

(.12) 

   

(.12) 

State Fiscal Capacity         

GSP 

    

.66 

   

     

(.19) 

   Low-wage Labor Market         

Retail Wages 

     

.99*** 

 

.997 

      

(.003) 

 

(.004) 

Region         

South 

      

9.72*** 3.37* 

       

(7.35) (2.43) 

Time         

1992 3.02 2.44 2.46 2.41 3.61 .04* 5.03 1.60 

 

(4.18) (4.57) (3.36) (3.33) (5.13) (.08) (7.42) (3.19) 

1998 .71 2.37 .68 .61 1.04 .87 2.14 5.95 

 

(1.09) (5.13) (1.02) (.92) (1.59) (1.28) (3.62) (14.53) 

2010 1.25 7.80 1.26 .68 1.94 1.38 6.22 20.81 
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(1.86) (16.36) (1.82) (1.00) (2.96) (2.25) (10.26) (40.46) 

Constant .002*** .002** .003*** .005*** .18 72,986** .001*** .21 

 

(.002) (.004) (.003) (.005) (.50) (342,217) (.001) (1.39) 

         Observations 271 214 214 214 214 214 214 214 

Robust SEs in parentheses 

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix Table 5.2 State-Year Fixed Effects Models Predicting Crime, by Period

  Property Burglary Violent Robbery 

Variables 

1960-

1981 

1982-

1995 

1996-

2010 

1960-

1981 

1982-

1995 

1996-

2010 1960-1981 

1982-

1995 

1996-

2010 

1960-

1981 

1982-

1995 

1996-

2010 

                          

General Assistance -34.39 -36.52 2.08 -24.61 -38.97** 1.09 .01 -.01 -.04 .12*** .005 -.05* 

 

(68.76) (64.85) (141) (27.85) (17.94) (21.20) (.04) (.02) (.03) (.04) (.03) (.03) 

State Punitiveness             

Incarceration Rate 143 -451.9 -216 34.04 -250*** -53.08 -.08 -.04 .04 .20** -.13 -.07 

 

(150) (284) (369) (61.66) (89.81) (87.62) (.08) (.10) (.06) (.10) (.160) (.16) 

State Demographics             

Unemployment 22.98 51.46* 41.99 11.37 20.65** 22.21*** -.003 .007 -.006 -.005 -.01 .02 

 

(25.27) (27.51) (36.30) (10.24) (9.97) (7.64) (.004) (.007) (.005) (.006) (.01) (.01) 

African American 92.28*** 34.89 15.95 14.35 6.57 18.29 -.0005 .03 .03* -.02 .02 .06 

 

(31.20) (147) (65.62) (12.56) (53.47) (20.50) (.03) (.05) (.02) (.03) (.05) (.04) 

Urban 15.07 -4.92 -7.39 7.43* 11.01 .48 -.002 .01 .01** -.0003 .01 -.002 

 

(9.86) (37.17) (11.47) (4.33) (10.49) (2.43) (.005) (.01) (.004) (.005) (.02) (.005) 

Males Aged 15-24 9.05 302*** 265** -5.74 55.66 2.963 .05 .05 .03 -.10 .03 .02 

 

(88.51) (85.47) (108) (47.55) (33.16) (23.99) (.03) (.03) (.02) (.07) (.06) (.05) 

Other Welfare             

AFDC 244 36.50 134** 69.48 -85.32 32.03* .26*** -.09 .07* .24*** -.35* .04 

 

(187) (311) (65.31) (75.78) (78.26) (15.88) (.05) (.10) (.04) (.07) (.18) (.04) 

SSI -196 -11.91 1,194 6.46 1.02 293* -.05 -.02 .42*** .006 -.04 .34* 

 

(162) (65.11) (793) (62.21) (11.07) (159.2) (.06) (.02) (.13) (.10) (.05) (.19) 

             

Constant -1,155 4,459 -7,763 -635.7 1,949* -1,971 -109.7*** -39.22* 59.78*** 0.948 7.277*** 1.749 

 

(1,338) (3,612) (6,077) (508.7) (1,016) (1,216) (17.84) (22.79) (10.45) (0.807) (2.324) (1.749) 

             Observations 892 455 330 892 455 330 892 455 330 892 455 330 

R-squared .96 .93 .95 .94 .92 .95 .95 .98 .97 .95 .98 .96 

N 49 38 30 49 38 30 49 38 30 49 38 30 

Robust standard errors in parentheses. Output for time specifications is suppressed. 

*** p<0.01, ** p<0.05, * p<0.1 
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Appendix Table 5.2 Fixed Effects Coefficients Predicting Crime Rates in 10 States
1
, 

1980-2010
  

  Violent Robbery Burglary 

 

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 

              

General Assistance .03 -.007 .02 -.02 -52 -85.69 

 

(.03) (.03)  (.08)  (55.40) 

       

State Punitiveness       

Incarceration   .25  .24  77.69 

 

 (.20)  (.24)  (180.3) 

       

State Demographics       

Unemployed  .005  .007  35.54* 

 

 (.01)  (.02)  (18.89) 

African American  .02**  .04*  .14 

 

 (.008)  (.02)  (20.10) 

Urban  .02***  .02  11.18* 

 

 (.006)  (.01)  (5.41) 

Males Aged 15-24  -.02  .14  -49.20 

 

 (.07)  (.09)  (37.39) 

       

Other Welfare       

SSI   -.0001 

 

-.0004 

 

-.16 

  

(.0002) 

 

(.0004) 

 

(.28) 

Year 4.52*** 5.05 

    

 

(.47) (2.96) 

    Year
2 

-.001 -.001 

    

 

(.0001) (.0007) 

    Constant -4,491 -5,001 4.77 1.51 1,140 347 

 

(469) (2,960) (.59) (1.40) (512) (171) 

       Observations 310 310 310 310 310 310 

R-squared .84 .88 .89 .91 .88 .90 

N 10 10 10 10 10 10 
1
Kansas, Maryland, Michigan, Minnesota, New Jersey, New Mexico, New York, Ohio, 

Pennsylvania, Washington. 

Output for year dummies suppressed in Models 3-6. 
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Appendix Figure 4.1 Empirical Bayes Adjusted Moran’s-I Values for Rate of GA 

Cases per 100,000 in Poverty, 1960-2010 

 
 

 

 

 

 

 

 

 

 

 

 


