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ABSTRACT 

 Within industrial-organizational psychology there exists a voluminous literature 

linking big five personality traits (i.e., emotional stability, extraversion, openness, 

agreeableness, and conscientiousness) with work criteria, demonstrating that personality 

is a consistent predictor of work outcomes of interest. However, the existing research 

literature has generally utilized a variable-oriented perspective, looking at relationships 

among variables, with much less research employing a person-oriented perspective, 

examining configurations of personality traits within an individual. As a complement to 

the existing variable-oriented research, the present study utilizes a new criterion-related 

profile pattern technique developed by Davison and Davenport (2002) to examine the 

relationship between big five personality configurations or profiles and job performance 

(i.e., task performance, organizational citizenship behaviors, counterproductive work 

behaviors) in Study 1 and leadership (i.e., evaluations of performance, promotion 

potential, and derailment potential) in Study 2. Overall the present results show that the 

relative contribution of personality level and personality profile mostly cross-validated 

within a given sample, but there also appeared to be variability in both the form and 

contribution of the personality profile across samples. Generally, personality level (i.e., 

mean elevation across big five traits) was consistently related to the work criteria 

examined across samples. Future research directions regarding the utility of configural 

methods, sources of variation regarding profile and level effects, substantive meaning of 
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personality level effects, and the usefulness of a configurally-based approach to employee 

selection are proposed and discussed.     
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INTRODUCTION 

One of the most important words in the vocabulary of clinicians is the word 

―pattern.‖ We speak of ourselves as thinking in terms of totalities, organizations, 

configurations; and we congratulate ourselves for being able to look upon case 

material in this patterned, non-atomistic way. The question as to how much we 

really do this, and the further question of how well it pays off in terms of 

predictive efficiency, is a very complicated one on which neither theoretical nor 

adequate empirical data yet exist. (Meehl, 1950, pg. 165)  

Meehl‘s (1950) seminal article on configural scoring launched a psychological 

tradition examining the utility and predictive value of configural representations of 

predictor scores in predicting outcomes of concern. Interestingly, over a half a century 

has passed since Meehl‘s initial call to arms for increased theoretical and empirical 

examinations of the efficacy of configural approaches and methods, and yet the data and 

theorizing in this area remains relatively sparse. The purpose of the present dissertation is 

to add to the literature in this area by examining the predictive efficacy of a configural 

method as applied to one of the most popular predictors of work outcomes in I-O 

psychology, personality, using a new criterion-related configural technique developed by 

Davison and Davenport (2002). This technique separates (or parses) the variance 

explained in the criterion between predictor level (i.e., elevation) and profile (i.e., a 

combination of scatter and shape; Cronbach & Gleser, 1953) effects. I assess the 

predictive value of personality configurations in predicting a range of work outcomes, 
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including performance-related (i.e., task performance, organizational citizenship 

behaviors, counterproductive work behaviors) and leadership-related criteria (i.e., 

leadership performance, potential, and derailment), examining moderators of the 

relationship, and triangulating results across samples to examine the stability and 

generalizability of findings.    

In the following sections, I first review the original impetus and brief history 

behind configural approaches in psychology, describe briefly the most commonly 

employed configural techniques, and introduce a new configural technique developed by 

Davison and Davenport (2002) that will be employed in the subsequent two studies. Then 

I describe the resurgence of personality testing and research in the context of work, 

discuss the personality framework within which I will be operating (i.e., the Five Factor 

or Big Five Model), and consider why personality is particularly well-suited to the 

technique at hand. Finally, I lay out the specific purpose and objectives of this 

dissertation. Note that the specific literatures linking personality to the work outcomes 

being examined in the present paper (task performance, organizational citizenship 

behaviors, and counterproductive work behaviors for Study 1 and leadership behaviors 

and effectiveness for Study 2) will be reviewed subsequently in their respective sections.  

The Configural Approach 

The Philosophy behind the Configural Approach: Variable vs. Person-Oriented Research 

 Historically, research in differential psychology (usually contrasted against the 

tradition of experimental psychology where the independent variable is manipulated) has 
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used the correlation coefficient as its building block to describe co-variation in a range of 

naturally varying human characteristics (Cronbach, 1975; Nesselroade, 2002). For 

example, research in this area might focus on the relationship between a particular 

personality trait, such as conscientiousness, with an outcome of interest, such as job 

performance. Many such relationships have been reported in the literature and have 

subsequently been cumulated meta-analytically for a more accurate estimation of 

population level relationships (e.g., Barrick & Mount, 1991; Hurtz & Donovan, 2000; 

Salgado, 1997). In addition to examinations of bivariate relationships, common 

multivariate statistical analyses that are extensions of correlational methods, such as 

multiple regression, allow researchers to examine the relationship between a criterion and 

a set of predictors while taking into account predictor intercorrelations. For example, 

multiple regression would allow a researcher to examine the relationship between 

conscientiousness and job performance, holding constant the effect of the other four of 

the Five Factor Model (FFM; McCrae & John, 1992) personality traits in the predictor set 

(i.e., extraversion, agreeableness, emotional stability, and openness). Note that while this 

approach takes into account predictor intercorrelations, it does not explore the potential 

existence or predictive value of specific configurations of predictor scores and its focus is 

on linear, additive relationships.  

In other words, the correlational method is consistent with an attribute- or 

variable-centered approach or philosophy, where the central level of analysis is at the 

level of the variable and the focus is on identifying the nomological net of the variable 
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(i.e., specifying the relationships between varTiables; Bergman & Trost, 2006; Block, 

1971). In fact, von Eye and Bogat (2006) argue that the variable-centered approach 

appears to view persons as ―replaceable, randomly selected data carriers‖ (pg. 391), and 

seeks to delude or avoid the idiosyncrasies and uniqueness attributable to particular 

individuals by aggregating across them. Implicitly, the variable-centered approach 

presupposes that individuals are homogeneous (i.e., that distinct subtypes do not exist) or 

that one model best describes the underlying relationships between variables in the data 

(Bergman & Anderson, 2010). While I acknowledge that a number of researchers and 

research traditions do look for moderators of correlational relationships, where the 

magnitude of relationships varies based on standings on a third variable, these 

investigations are still generally variable-, or inter-individual, rather than person-centered, 

or intra-individual, in their goals, theories, and methodology. Currently, the vast majority 

of psychological research falls within the variable-centered approach (Bergman & 

Anderson, 2010; Bogat, 2009; Carlson, 1971; Molenaar, 1994).  

In contrast, configural methods can be defined as those that are designed to 

investigate non-linear or non-additive relationships or higher-order interactions (Horst, 

1954, 1968; Lee, 1961). The common statistical techniques employed under the 

configural approach (discussed in more detail below), are described as focusing on 

―configurations,‖ ―profiles,‖ or ―patterns‖
1
 of predictor scores. These techniques go 

beyond a linear representation of the relationship between predictor scores and the 

                                                           
1
 This dissertation will use the terms profile, pattern, and configurations interchangeably, as they are 

generally used as synonyms across different areas of psychological research.  
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criterion to identify more complex, higher-order inter-relationships. Cronbach and Glaser 

(1953) explicated that that configurations of predictor scores (i.e., profiles), when 

described as a set of deviations around each individual‘s average score on the set of 

predictors, can be described along three dimensions—elevation, scatter, and shape. 

Elevation refers to the mean score for the individual across the set of variables. Scatter 

refers to the within-person average standard deviation, or dispersion, on the set of 

variables (i.e., how jagged or flat deviations are from an individual‘s average score on the 

set of variables; after removing differences in elevation between individuals). Shape 

refers to the actual pattern of deviations or the ―peaks and valleys‖ that constitute the set 

of variables (after removing differences in elevation and scatter between individuals). 

Thus, we can conceptually and mathematically think of profiles of scores as being 

characterized by three dimensions: (1) elevation or level, (2) scatter or dispersion, and (3) 

shape or the particular pattern of ―ups and downs‖ along the variables assessed.    

Configural techniques or methods are more in line with a person-centered or 

idiographic approach (though the two, methods and theory, are not isomorphic), where 

the central level of analysis is the person or individual (Bergman & Magnusson, 1997; 

Bergman & Trost, 2006; Bogat, 2009; von Eye, 2009; von Eye & Bogat, 2006; von Eye 

& Spiel, 2010). In other words, person-centered approaches view data from a ―row‖ 

perspective, examining the make-up of the individual or person, while variable-centered 

approaches view data from a ―column‖ perspective, focusing on relationships between 

variables. Analyses within the person-centered approach argue that it is often beneficial 
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to consider complex interactions, or dynamic systems, in which the person is considered 

an ―organized whole, functioning and developing in totality‖ (Bergman & Magnusson, 

1997, pg. 291). Thus, those who subscribe to the person-centered approach argue that a 

complementary view of the world can be achieved by viewing the individual holistically 

(i.e., Gestalt) and paying more attention to how these traits may act in concert to shape 

behaviors (Bergman & Trost, 2006). In other words, given that traits do not develop in 

isolation and the adaptive nature of human development to meet the needs of the 

environment, it makes sense to examine how configurations or patterns may better 

describe the organization of traits or characteristics (i.e., systems) within individuals. 

Thus, many researchers within the person-oriented tradition explicitly assume that 

individuals are heterogeneous in the organization of their systems and are interested in 

identifying and examining different subgroups of individuals—with the argument that 

these subgroups will offer unique information for the purposes of classification, 

understanding, and theory-building (Bergman & Magnusson, 1997; Doty & Glick, 1994; 

Magnusson & Torestad, 1993).  

One of the arguments for a person-centered approach to psychological research is 

the argument that findings or relationships and theories at one level of analysis (e.g., 

relationships between variables) may not transfer to other levels of analyses (e.g., 

relationships within individuals; Klein, Dansereau, & Hall, 1994). An incorrect 

generalization of findings from one level of analysis to another is known as the ecological 

fallacy (Clancy, Berger, & Magliozzi, 2003; Robinson, 1950). Estes (1956) and Schmitz 
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(2000, as cited in von Eye & Bogat, 2006) demonstrated that information from averaged 

data (i.e., aggregated curves and correlations) often do not reflect the underlying 

individual-level data (i.e., individual curves and correlations). While aggregate and 

individual curves are related in lawful ways, aggregate curves can differ from individual 

curves in form and/or parameter estimates. In fact, only when the two very restrictive 

assumptions of (1) homogeneity of the population and (2) invariance of statistics (i.e., 

means and variances) over time are met will these generalizations across levels of 

analyses hold (Molenaar, 1994; Molenaar & Campbell, 1999). A related phenomenon is 

known as Simpson‘s paradox (Simpson, 1951); whereby aggregated individual level 

information needs to be compared within meaningful subgroups (instead of levels of 

analysis for the ecological fallacy) in order to ensure that the relationship holds across 

different subgroups, as the aggregated pattern may resemble none of the encompassed 

subgroups (Cooper & Pattall, 2009).  

Note that while some researchers attribute the rise in popularity in the person-

centered approach to recent improvements in our methods to model non-linear effects and 

the increased prevalence of longitudinal designs (Bergman & Magnusson, 1997), given 

the focus of the present dissertation is on the predictive value of a configural method 

using cross-sectional personality data, I do not focus on the role of time or change in the 

subsequent sections. I acknowledge that one of the compelling arguments for a person-

centered approach is its potential to help researchers better understand how processes 

unfold, often uniquely within different subgroups over time, but regard that as a separate 
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question which will not be addressed in the present study. Instead, the present 

investigation focuses on configurations or patterns of personality traits in predicting work 

outcomes using cross-sectional data. I refer the interested reader in person-centered 

approaches as applied to longitudinal or process models to Bergman and Magnusson 

(1997) and Magnusson and Torestad (1993) for more detailed discussions, and Mutz and 

Seeling (2010), Schmidt, Perels, and Schmitz (2010), and Strohmeier, Wagner, Spiel, and 

von Eye (2010) for examples of empirical applications.     

Similar to other areas of psychology, including developmental psychology (e.g., 

Bergman & Magnusson, 1997), personality psychology (e.g., Magnusson & Torestad, 

1993), and community psychology (e.g., Bogat, 2009), where there have been calls to 

pursue a person-oriented research agenda, researchers in I-O psychology have also 

argued that the field would benefit from a person-centered approach (Weiss & Rupp, 

2011a). In a recent issue of Industrial and Organizational Psychology: Perspectives on 

Science and Practice, a journal that facilitates the open-exchange of commentaries on a 

focal article, Weiss and Rupp (2011a, 2011b) articulated a person-oriented paradigm for 

I/O psychology. While this person-oriented perspective shares some similarities to the 

one articulated by Bergman, Magnusson, von Eye and colleagues (e.g., Bergman & Trost, 

2006; Bergman & Magnusson, 1997; von Eye & Bogat, 2006), primarily on the need to 

see the individuals as whole, integrated persons experiencing the world of work, it also 

went beyond in some additional prescriptions—demonstrating the variance in definitions 

of ―person-oriented‖ approaches. In particular, Weiss and Rupp also argued for more 
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emphasis on momentary subjective experiences, individuals as active and sense-making 

agents, and the need to focus on questions not dictated by organizational goals and 

bottom lines.  

In their responses to the focal article, authors of commentaries generally agreed 

with the need for a person-oriented I/O psychology (Allen & Poteet, 2011; Amabile & 

Kramer, 2011; Bergman, 2011; George & Dane, 2011; Lefkowitz, 2011; Truxillo & 

Fraccaroli, 2011), with different authors emphasizing the importance of focusing on 

persons rather than variables similar to Bergman, Mangusson, von Eye, and colleagues 

(Adler, 2011), understanding the characteristics of the whole worker (Liu, Zhan, & Wang, 

2011), and articulating how pattern-oriented methods and analyses, similar to the one 

used in the present investigation, could serve as a way to examine and move forward 

these questions (Foti, Thompson, & Allgood, 2011). Overall, it appears that I/O 

psychology is ripe for a paradigm shift toward a more person-oriented approach, as many 

I/O psychologists see the value of a person-centered philosophy, though the specific form 

of how this philosophy is implemented in research and practice and is still open to 

interpretation and discussion (Weiss & Rupp, 2011b).  

 In summary, while most psychological researchers subscribe to a variable- or 

attribute-oriented perspective, proponents of the person-centered approach have argued 

eloquently that a focus on the ―person‖ level of analysis provides an important and 

complementary viewpoint that may offer unique insights into psychological phenomena. 

This may be particularly likely to be true as generalizations across levels of analyses will 
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hold only under very restrictive conditions, which are arguably unlikely to be met in 

psychological research (Molenaar, 1994; Molenaar & Campbell, 1999). In fact, Bergman 

and Andersson (2010) argue that a person-oriented approach to psychology (i.e., 

typology-philosophy) was the dominant paradigm prior to the ―objectification‖ and 

―quantification‖ shift that characterizes the current form of psychological research (i.e., 

dimension-mathematics-experiment). Thus, from their perspective, a person-oriented 

psychology would be returning psychology to its roots, albeit in a changed form by 

utilizing sophisticated methodological and statistical methods. Additionally, similarly to 

other areas of psychology, I/O psychologists have argued for a more person-centered 

approach to our understanding of workers and their experiences, suggesting that the 

consideration of research questions at the individual or person level and the application of 

configural methods are timely investigations. In the following sections, to complement 

the previous description on the philosophical and theoretical differences between the 

variable- and person-oriented approaches, I discuss a brief history of configural 

approaches and methods as they have been utilized in psychological research.  

A Brief History of Configural Approaches and Methods in Applied Psychology 

In what has become subsequently known as ―Meehl‘s paradox‖ (e.g., Horst, 1968; 

Jannarone & Roberts, 1984), Paul Meehl (1950) provided a quantitative illustration of 

how two hypothetical dichotomous items, each of which were unrelated linearly to the 

dichotomous outcome of interest or to each other, could jointly predict the outcome with 

perfect accuracy when scored configurally (i.e., non-linearly). Horst (1954, 1968) 
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elucidated the mathematics behind this phenomenon, demonstrating that this was due to 

non-linear, second-order relationships within the variable set (i.e., a polynomial 

regression model). Horn (1963) then articulated a mathematical and statistical rationale 

for why configural methods could meet and potentially improve over linear methods in 

prediction, citing that non-linear methods can increase the variance, reliability, and 

validity of a set of variables given that non-linear models can make use of additional 

information not utilized in linear models. Jannarone and Roberts (1984) demonstrated 

empirically using the California Psychological Inventory (CPI) that by taking into 

account interactions between items within the same CPI scale results in more reliable 

scales (though they did not take into account the increase in items in modeling increases 

in reliability), and it is unclear if these new scales taking into account item interactions 

would show increments in predictive, or criterion-related, validity. Horn also points out 

the difficulties of utilizing configurations of predictor scores, namely the sheer number of 

possible configurations from a set of variables (or items), even based on variable (or item) 

sets of a modest size.   

As one of the initial proponents of the configural approach, Meehl‘s interest in 

configural scoring was an outgrowth of his experiences as a clinician working with the 

Minnesota Multiphasic Personality Inventory (MMPI; Butcher, Dahlstrom, Graham, 

Tellegen, & Kaemmer, 1989). In this capacity, he became convinced that it was 

important for psychologists to empirically investigate the predictive value of 

configurations of predictor scores, which he argued were often identified and utilized on 
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an individual or anecdotal basis by practicing clinicians for the purposes of classification 

or diagnosis (Meehl, 1946, 1950, 1956). Meehl himself conducted studies examining the 

predictive value of a configural approach using the MMPI to assist with the differential 

diagnosis of psychopathology (i.e., a diagnosis of neurosis versus psychosis among 

clinical patients). Meehl (1959) compared the cross-validated predictive validity of five 

different statistical methods, four of them explicitly designed to detect and utilize 

predictor configurations, with the subjective clinical judgments of clinicians and found 

that the statistical methods generally outperformed (i.e., higher percentage of correct 

diagnosis) clinical judgments and the configural techniques outperformed the linear 

technique. In a follow-up study, Meehl and Dahlstrom (1960) found that by applying a 

series of structured decision rules focusing on MMPI profile differences, a mechanical 

procedure that was created in combination from clinical judgment and statistical 

searching, that this procedure yield higher hit-rates in correct diagnoses compared to both 

clinical judgments and the mechanical data combination procedures used in Meehl (1959). 

Thus there is some evidence that for domains in which configural representations of data 

are theorized, such as psychopathology, that techniques that focus and capitalize on 

configural relationships may provide potential opportunities for both insight and 

prediction. However, Meehl (1989) subsequently acknowledged that his 1959 paper 

under-estimated the efficacy of the linear technique due to computational errors and 

therefore the advantage of non-linear techniques may be more limited than initially 

indicated.  
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 In line with its origins, the majority of research utilizing configural techniques has 

been concentrated in applied areas of psychology that have historically had a strong 

clinical judgment component including clinical psychology, counseling psychology, and 

educational psychology (e.g., Matarazzo, 1990). Interestingly, the predictor set whose 

configurations have been examined and used for prediction has varied with the particular 

psychology subfield. The majority of configural examinations in clinical psychology 

continue Meehl‘s (1956) tradition by focusing configural interpretations (and prediction) 

of the MMPI—most commonly exemplified in the ―cookbooks‖ or ―codebooks‖ 

developed initially by Marks and Seeman (1963) and Gilberstadt and Duker (1965) and 

continued in modern computerized versions of the MMPI (Meehl, 1989). The MMPI 

cookbooks delineate the high point code system, which focus on the most elevated 

combination of clinical scales (usually either the two or three most elevated scales in a 

patient‘s profile of MMPI scores) and used these to generate clinical descriptions of 

symptomology for individuals within a given high point code cluster or for prediction 

purposes (see McGrath & Ingersoll, 1999 for a review of studies utilizing the high point 

code system).  

In contrast, counseling psychologists have examined configural representations of 

vocational interests (e.g., Randahl, 1991) and educational psychologists have primarily 

investigated the role of configurations of scores in cognitive assessments or intelligence 

(e.g., Pritchard, Livingston, Reynolds, & Moses, 2000; Naglieri, 2000; Stanton & 

Reynolds; 2000) to predict their respective outcomes of interest. In the educational arena, 
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cognitive subtest profiles enjoy widespread usage and endorsement by practicing 

clinicians (Pfieffer, Reddy, Kletzel, Schmeler, & Boyer, 2000), though there is little 

consensus in the academic literature on the utility and diagnostic value of profile analysis, 

with opinions ranging from optimistic (e.g., Keith, 2000), to withholding judgment until 

the arrival of additional methodologically rigorous information (e.g., Davison & Kuang, 

2000), to skeptical and pessimistic (e.g., Watkins, 2000).  

 While there has been longstanding interest in multiple domains of psychology in 

the utility of configural or profile approaches, the field appears to have been stymied in 

part by persistent pessimism and doubts, in addition to methodological and statistical 

difficulties. Prominent articles declaiming against the utility and predictive value of 

configural techniques and approaches at the relatively early stages of inquiry appear to 

have significantly dampened interest and research in this area, even when based on 

samples of modest size and without modern developments in statistical techniques (e.g., 

Goldberg, 1969; Jackson, 1971
2
). In fact, some researchers have gone so far as to argue 

that a profile interpretation of measures in their domain of expertise is simply a ―shared 

professional myth‖ not borne out by empirical data and demonstrating limited utility in 

diagnosis and treatment (e.g., Watkins, 2000).  

Given the pessimism and skepticism in which configural approaches and methods 

are held, I argue that these arguments should be evaluated empirically using newly 

developed statistical methods in a literature where psychologists have long-posited 

                                                           
2
 Note that Jackon‘s (1971) skepticism is more directed toward a configural approach when applied to 

personality items. He is more optimistic to the utility of configural approaches when applied to personality 

scales, which is what is examined in the present investigations.   
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patterns or configuration (i.e., personality) to be key to understanding relationships 

between the predictor and criterion space. Additionally, similarly to the other applied 

areas of psychology reviewed above, I/O psychologists often work as consultants with 

clients in the field for purposes of selection and development, and often report, 

anecdotally, that they utilize personality profiles in their decision-making and coaching 

(e.g., McCormick & Burch, 2008). It should be noted that while configural approaches 

may not have been shown to work as well as theorized in certain domains (i.e., prediction 

of psychopathology, diagnosis of learning difficulties), it is unclear to what extent these 

findings would translate to the performance criteria in the workplace being investigated 

in the present studies.    

Note that while Meehl‘s interest in configural scoring was a result of his clinical 

experiences, the present study is not an investigation of what is commonly known as the 

―clinical-statistical controversy‖ (cf. Dawes, Faust, & Meehl, 1989; Grove & Meehl, 

1996; Grove & Lloyd, 2006). First fully articulated by Meehl (1954) in his seminal book, 

Clinical versus Statistical Prediction: A Theoretical Analysis and Review of the Evidence, 

Meehl systematically examined the predictive value of clinical judgment versus statistical, 

actuarial, or mechanical (i.e., formal equation-based) methods in data combination for 

applied decision-making accuracy (e.g., clinical diagnosis, educational admissions 

decisions, parole violations). Meehl argued that existing data strongly supported the 

superiority of mechanical data combination in prediction, a statement that was 
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subsequently borne out in a large scale meta-analysis conducted by Grove, Zald, Lebow, 

Snitz, and Nelson (2000).  

While useful configural patterns in the data was one of the reasons that Meehl 

(1959; Meehl & Dahlstrom, 1960) posited clinical judgment may be superior to 

mechanical data combination in prediction (and in fact the one he saw as most doubtful), 

I regard the clinical-statistical data combination controversy as firmly resolved in favor of 

a mechanical approach (though I leave open the possibility that clinical judgment can be 

trained or aided to approximate a mechanical data combination system; e.g., Klieger, 

2010). In line with this stance, the present study uses both a mechanical measurement and 

a data combination approach (Sawyer, 1966).  

Ganzach (1997) found that clinical experts were more likely to use information 

configurally than novice clinicians, though the increased use of configural judgment 

strategies did not result in more accurate diagnosis of psychopathology (perhaps due the 

fact that both experts‘ and novices‘ judgments are primarily linear rather than configural). 

However, while it appears that the presence (or potential presence) of meaningful 

configural patterns have not helped clinicians or experts beat mechanical data 

combination models in prediction (see Ganzach, 1998 for an exception on the accuracy of 

non-linear judgments), this does not invalidate the potential of configurations of predictor 

traits when use as inputs to a mechanical data combination model in aiding our ability to 

understand or predict outcomes of interest, as previous research has generally not parsed 
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apart validity based on configural usage of data from clinical judgment. It is the former 

question that the present study focuses on.  

In the next section, I briefly review a taxonomy of the common configural or 

pattern-oriented techniques currently used in psychological research and introduce a new 

criterion-related technique developed by Davison and Davenport (2002). Note that since 

the purpose of the present dissertation is not to compare the results from various 

configural techniques, but instead to contrast the requirements of these methods against 

the focal method developed by Davison and Davenport (2002), I keep the discussion of 

these techniques relatively brief and refer the interested reader to more detailed sources 

on their treatment.  

Current Classifications of Configural Methods and Techniques 

 Despite the misgivings toward the utility, reliability, and replicability of 

configural, pattern, or subgroup approaches expressed by some researchers, a number of 

sophisticated techniques and methodologies have arisen to help researchers understand 

their data in a more person-oriented or intra-individual manner. In their review of person-

oriented research in developmental psychopathology, Bergman and Magnusson (1997) 

provided a working classification of pattern-oriented methods (see Figure 1). Given that 

the present investigation is focused on static or cross-sectional rather than longitudinal 

data, I focus my discussion on pattern-oriented methods based on cross-sectional data, 

though I acknowledge that there are usually longitudinal extensions of cross-sectional 

pattern-oriented methods (i.e., latent transition analysis is the dynamic extension of latent 
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class analysis). Bergman and Magnusson divide pattern-oriented methods into model-

based methods, providing tests of ―fit‖ of the data to some pre-specified model, and 

descriptive methods, which do not provide fit indices. Some model-based techniques 

allow researchers to focus on latent rather than observed variables (i.e., latent class 

analysis; Wang & Hanges, 2009). Given the interest of many person-oriented researchers 

in identifying subgroups or sub-types of individuals, many of these techniques, model-

based and descriptive, are classification-oriented (i.e., latent class analysis, LICUR, i-

state sequence analysis, and cluster analysis); these techniques seek to identify different 

subgroups of individuals based on their profile of scores (usually predictor scores without 

some reference to an outcome or criterion variable). Additionally, some techniques focus 

on the entire profile of scores, while other techniques focus on a subset of the profile (i.e., 

peaks and valleys), usually focusing on the most elevated scores, the least elevated score, 

or some combination thereof (similar to the high-point method used with the MMPI 

described in the previous section).  

 Bergman and Magnusson‘s (1997) classification scheme illustrates the variety of 

person-oriented pattern or configural methods available to researchers seeking to 

understand their data from a ―row‖ rather than ―column‖ perspective based on their 

research question of interest. However, given that much of the developmental research of 

central interest to Bergman and Magnusson focuses on classification and the 

identification of distinct subgroups, their discussion of the utility of these methods does 

not focus on the predictive efficiency of these patterns or profiles for predicting criteria of 
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interest. When the above-mentioned techniques are reviewed with prediction in mind, it 

becomes clear that the majority of techniques discussed above and person-oriented 

methods more generally are internal techniques, where profiles are identified without 

reference to a criterion variable (i.e., cluster analysis, modal profile analysis, 

multidimensional scaling; Davison & Davenport, 2002).  

Let us take cluster analysis as an example, as it is arguably the most frequently 

utilized pattern-based method in psychology used across a number of sub-disciplines. In a 

typical cluster analysis study, the researcher is interested in classifying individuals into a 

limited number of subgroups based on their scores on a number of variables. For example, 

a researcher might be interested in identifying the personality profile of different 

subgroups within their data—the personality profile subtypes within a group of students, 

clinical patients, or managers. However, generally speaking the researcher is often 

interested in moving beyond a simple descriptive account of the personality profiles of 

these different subgroups to using the subgroups identified for the purposes of prediction 

(Davison & Kuang, 2000). Once a number of subgroups are identified and participants 

are classified (usually uniquely) within subgroups, then subgroup membership is used to 

predict the criterion of interest—academic performance, clinical diagnosis, or job 

attitudes or performance. Note that the criterion of interest was not used in the derivation 

of the subgroups. Only predictor scores were used, and the resulting findings are typically 

reflective of this—that while the subgroups identified provide rich, descriptive 

information that make intuitive sense, the subgroups identified are often either un-related 



 
 

20 
 

to the outcomes of interest or do not increment over simply using the predictor scores 

linearly in a multiple regression. Note also the importance of identifying what predictor 

scores should be included in identifying the subgroups and also that while predictor 

scores are examined in a configural manner the relationship between subgroup 

membership and the criterion is generally posited and tested as linear (rather than non-

linear) in form. Thus many configural methods, while allowing us to examine the 

interplay between predictor traits in non-linear or more complex ways, often are not used 

by researchers to investigate non-linear or non-additive relationships between the 

predictor and criterion space.    

While many profile or pattern-based methods are internal analyses, some are 

criterion-referenced in their identification of profiles of predictor scores (Davison & 

Davenport, 2002). For example, configural frequency analysis identifies whether certain 

predictor responses are more likely for certain criterion groups (von Eye & Lautsch, 

2003). However, this method requires categorical or discrete predictors and outcomes or 

the dichotomization of both predictor and criterion variables, resulting in loss in 

information on both predictor and criterion ends. Additionally, given that many 

predictors and outcomes of interest are continuous, it becomes difficult and somewhat 

arbitrary to decide on where to dichotomize (or trichotomize) variables. For example, if 

the criterion of interest is job performance, a continuous variable, it is difficult to decide 

on the threshold that separates acceptable from unacceptable performance (or strong 

performance from average performance). Even if researchers had each organization set 
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this threshold based on their needs, this would still cause difficulties in the aggregate as 

the threshold of acceptability for job performance likely varies across organizations (and 

perhaps even within organizations across departments, organizational levels, and job 

titles).   

Davison and Davenport (2002) describe yet another technique used by researchers 

to identify predictor profiles. Researchers can compute the mean predictor scores for each 

category or subgroup of individuals. For example, researchers can calculate the mean 

personality scores of high, average, and low performers to identify the ―representative‖ or 

average personality profile at different job performance levels. However, Davison and 

Davenport caution that this approach may result in profiles that do not empirically 

distinguish between the groups or that there could exist substantial heterogeneity in 

profile within the subgroup (Wang & Hanges, 2009). Thus, given some of the limitations 

of existing configural approaches, particularly with regard to linking profiles to outcomes 

of interest, below we introduce a new configural approach developed by Davison and 

Davenport (2002) that is used in the subsequent studies.    

A New Criterion-Related Configural Methodology 

In order to address this gap in research methodology in the literature, Davison and 

Davenport (2002) recently developed a new method that differs from previously 

discussed configural or pattern methods. Instead of simply focusing on the naturally 

occurring configurations of continuous independent variables (i.e., identification of types 

and anti-types or subgroups based on internal analysis), this approach explicitly identifies 
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patterns or profiles associated with the criterion variable, which can be continuous or 

categorical in nature. Thus, the criterion-related profile identified by the Davison and 

Davenport method by definition maximizes the predictive value of the profile, unlike 

some of the previous techniques discussed.  

Once a criterion-related profile has been identified, this method allows the 

researcher to parse the variance explained in the criterion between the criterion-related 

predictor pattern and average level of the independent variables (i.e., predictor level). In 

our context where personality traits are the predictor space being examined, the criterion-

related predictor pattern is the personality trait profile and the average level of the 

independent variables is the personality trait level or elevation. Figure 2 illustrates the 

conceptual difference between level and profile. The panel on the left illustrates two 

individuals with the same mean personality level (i.e., same elevation), but very different 

personality profiles. In fact, the personality profiles of the two individuals are mirror 

images of each other and maximally different from each other (i.e., type and anti-type)—

the most elevated scores of person 1 is the least elevated scores of person 2 and vice 

versa. The panel on the right shows two individuals with the same personality profile, but 

different mean personality levels or elevation. Within the Cronbach and Glaser (1953) 

framework, predictor level is elevation (i.e., mean score for the individual across the set 

of variables), while criterion-related profile pattern is a combination of scatter (i.e., 

within-person average standard deviation on the set of variables) and shape (i.e., actual 

pattern of deviations or the ―peaks and valleys‖ that constitute the set of variables).  
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The criterion-related profile methodology. The criterion-related profile analysis 

developed by Davison and Davenport (2002) is a four step procedure: (1) calculate a 

level score for each individual in the dataset, (2) identify the criterion-related profile and 

calculate a profile fit score for each individual in the dataset, (3) use multiple regression 

to calculate variance accounted for by profile and level effects, and (4) cross-validate the 

variance accounted for by profile and level effects.   

In the first step, a level score, an average score across the predictor variables, is 

calculated for each individual in the dataset. Note that variables may need to be 

transformed (i.e., standardized) if predictor variables are on different scales. Additionally, 

predictors may need to be reversed-scored in order to derive a meaningful level effect. 

For example, in the personality domain, scoring the high end of the scale as emotional 

stability rather than neuroticism would facilitate a more interpretable level effect when 

combined with the other four personality traits constituting the Five Factor Model 

(Dilchert, 2007).   

In the second step, the criterion-related profile is identified and a profile fit score 

(i.e., match between the individual‘s predictor score profile and the criterion-related 

profile) is calculated for each individual in the dataset. The criterion-related profile is 

identified by first running a standard multiple regression predicting the criterion variable 

from the predictor variables, then calculating the average unstandardized regression 

coefficient across the predictors, and finally ipsatizing each predictor coefficient around 

the average unstandardized coefficient to derive the criterion-related profile (i.e., the 
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criterion-related profile is a set of deviations around the average unstandardized 

regression coefficient). The profile fit score is calculated as the average covariance 

between each individual‘s predictor profile and the criterion-related profile identified 

above. Note that since the profile fit score is an average covariance score, with higher 

covariance indicating a better match between the individual‘s predictor profile and the 

criterion-related profile, fit is a continuous variable and therefore this technique treats 

different types of misfit equivalently (i.e., it doesn‘t matter where the misfit occurs as 

long as the degree of misfit is the same, two individuals would receive the same profile 

fit score). This method departs somewhat from some researchers‘ viewpoint of the goals 

of person-oriented research as this technique does not identify different subgroups based 

on profile scores, instead viewing individuals‘ predictor profiles as a continuum from fit 

to misfit with the criterion-related profile and not exploring if there are meaningful 

subgroups among both those who fit and do not fit with the criterion-related profile. 

Alternatively, the researcher can also derive the criterion-related profile from 

standardized regression coefficients. Note, however, that the criterion-related profile 

derived from the unstandardized and standardized regression coefficients will not be 

identical if there are significant mean and variance differences amongst the predictor set.  

The third step of the procedure is to use multiple regression to calculate variance 

explained due to level and profile effects once each individual in the dataset has a level 

and profile fit score. This is evaluated through a series of hierarchical regression analyses, 

first evaluating the predictive value of profile and level effects alone, respectively, and 
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then examining if profile effects increment over level effects in prediction and if level 

effects increment over profile effects in prediction. The degrees of freedom need to be 

adjusted if researchers are interested in tests of statistical significance when comparing 

models. Note that while some researchers may want to infer additional theoretical or 

conceptual meaning behind level versus profile effects, for example, relating personality 

level to emerging research on a general factor of personality (cf. Musek, 2007; Rushton 

& Irwing, 2008; Rushton & Irwing, 2009a, 2009b, 2009c), profile and level effects may 

be descriptively meaningful (i.e., researchers and practitioners can describe variation in 

individuals along these two dimensions across a set of predictor scores) even if 

researchers choose not to attribute any additional conceptual meaning to these variables. 

Additionally, while profile fit scores are configural in nature, simultaneously examining 

fit between multiple predictors, ultimately using the Davison and Davenport (2002) 

method, profile fit scores are linked to the criterion profile linearly using multiple 

regression. Thus, in the truest sense this technique is not configural as it does not 

examine if the relationship between profile and levels effects and the criterion is non-

linear in form.  

The fourth and final step of the procedure is to cross-validate profile and level 

effects. Given that the criterion-related profile is identified from regression weights and 

regression weights tend to capitalize on the unique characteristics of the sample at hand 

(e.g., Dawes, 1979), it becomes important to examine if these profile and level effects 

will cross-validate (i.e., replicate in other samples). One way to cross-validate effects, or 
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estimate the drop in variance explained due to unique features of the sample (i.e., 

capitalization on chance), is to utilize a double cross-validation strategy by splitting the 

data in half and estimating the criterion-related profile in one sample and applying it to 

the other (and vice versa) to see if the same criterion-related profile is identified across 

both samples and if the same pattern and magnitude of level and profile effects are 

replicated across both samples.         

Understanding versus prediction. Note that while this method is explicitly 

criterion-focused, it does not explain additional variance in the criterion above a 

traditional multiple regression. Rather, this method re-parses or separates the variance 

explained between level and profile effects. Given interest in using profiles or patterns in 

applied prediction and decision-making (e.g., Davison & Kuang, 2000), the lack of 

incremental validity in predicting outcomes of interest from this method might be 

disappointing to some researchers and practitioners. However, I believe that this 

technique is still valuable as it provides insights and understanding as to where the 

predictive power lies among a set of predictors—are personality traits predictive due to 

level or profile effects? Previous researchers have argued that an ability to predict a 

phenomenon does not necessarily imply an understanding of the phenomenon and vice 

versa (Bergman & Andersson, 2010; Bergman & Magnusson, 1997; Magnusson & 

Torestad, 1993). Thus, my goal is that while this method does not increment our ability to 

predict criteria of interest, that it does provide a complementary person-oriented, 

configural perspective to our understanding of the links between personality traits and 



 
 

27 
 

work outcomes. For example, using the criterion-related profile method developed by 

Davison and Davenport (2002), Dilchert (2007) linked personality traits with interests in 

leadership and managerial roles. Previous variable-oriented research had demonstrated 

that personality traits and vocational interests are moderately related, with social and 

enterprising interests being most strongly related to the personality trait of extraversion 

(Barrick, Mount, & Gupta, 2003). However, using this configural approach, Dilchert 

showed that a personality profile consisting of within-person (i.e., relative to their 

personal mean) peaks on extraversion and valleys on agreeableness were related to 

interests in influencing and managing others, demonstrating how a person- and pattern-

oriented perspective can provide new insights into relationships between variables. Given 

the relative dearth of person-oriented, configural research in psychology compared to 

variable-oriented approaches and the call of psychological researchers for complementary 

person-oriented empirical research across psychological sub-disciplines (Bergman & 

Magnusson, 1997; Bergman & Trost, 2006; Bogat, 2009; Magnusson & Torestad, 1993; 

von Eye, 2009; von Eye & Bogat, 2006; von Eye & Spiel, 2010), I believe that the 

present investigations are timely and will help researchers develop a deeper and more 

coherent understanding of the relationships between personality traits and work outcomes 

from an intra-individual perspective.   

Unit vs. regression weighting of predictors. Another way to conceptualize level 

and profile effects is that level effects reflect unit-weighting of predictors (i.e., all 

predictors receive the same weight), while profile effects reflect differential, optimal, or 
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regression-weighting of predictors (Davison & Davenport, 2002). Thus, when researchers 

examine the incremental validity of profile effects over level effects, it provides them 

with an estimate of the percent of variance explained that can be attributed to optimally-

weighting predictors over unit-weighing predictors. Given the instability of regression 

weights (cf. Dawes, 1979), previous research has shown that unit-weighting of predictors 

often works just as well as, or better than, optimal-weighting predictors in cross-

validation, particularly if the regression weights were derived on a small sample (Wainer, 

1976). Thus, the present study also provides empirical data as to the extent optimal-

weighing of personality traits improves prediction over unit-weighting personality traits 

in predicting work outcomes. If personality profile effects do not substantially increment 

over personality level effects in predicting workplace outcomes, this suggests that unit-

weighting personality traits would not lead to large losses in prediction, and that 

researchers may be over-interpreting small differences in the predictive value of specific 

traits within the Five Factor Model. However, should personality profile effects 

significantly increment personality level effects in predicting workplace outcomes 

(particularly when cross-validated), it suggests that optimally or differentially weighting 

personality traits improve our ability to predict workplace outcomes and that researchers 

should continue to examine the utility, predictive value, and generalizability of different 

personality profiles.  

Contrasting ranking of individuals based on person- and variable-oriented 

methods. It is important to note that while the overall validity estimate (i.e., percentage of 
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variance explained) would be identical when using the criterion-related profile method 

developed by Davison and Davenport (2002) and a multiple regression procedures 

linking the predictor variables to the criterion variable, the ranking of individuals (i.e., 

predicted criterion score) would not necessarily be the same across the two prediction 

strategies. Thus, within the domain of I-O psychology, it is interesting to contemplate 

how selection based on a variable-oriented and person-oriented perspective may result in 

a different set of individuals receiving job offers and being hired for the job, though the 

validity of the selection system may be identical.  

While it is unclear to what extent level or profile effects will carry the majority of 

the predictive value across work criteria (or if this will vary depending on the criteria of 

interest), we can contemplate how selection of job applicants might change depending 

upon which variable predicted the majority of the variance. If personality level effects 

were more predictive of work outcomes generally, it suggests that what is important is 

that organizations select individuals who possess more or greater levels of socially 

desirable or valued traits, but it does not matter which trait in particular increases or 

improvements are drawn from. Selection within this framework would favor individuals 

who score high across the Five Factor Model traits (i.e., conscientiousness, emotional 

stability, agreeableness, extraversion, and openness), rather than those with particular 

strengths on a given personality trait. In contrast, if personality profile effects were 

predictive of work outcomes generally, this suggests that selection researchers need to 

pay more attention to the interplay of personality traits within an individual and that the 
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particular pattern or profile of personality traits matters for prediction. To the extent that 

different criterion-related personality profiles emerge for different criterion variables, 

selection would be further complicated in that a different employee personality profile 

would be desired depending upon the outcome or outcomes being maximized.  

Summary 

 Since Meehl‘s (1950) seminal article on configural scoring, there have been 

continual, if unsystematic, investigations regarding the predictive efficiency of configural, 

profile, or pattern approaches across psychological domains. Configural methods are 

consistent with a person-oriented or idiographic perspective, focusing on intra-individual 

organization or system of variables. Increasingly, researchers have called for person-

oriented theories and methods to complement the existing variable-oriented research that 

has dominated psychological inquiry. Configural investigations have generally been 

concentrated in applied psychological domains (i.e., clinical, counseling, and educational 

psychology) where researchers and practitioners have posited non-linear or configural 

relationships between predictors and criteria. However, existing configural methods 

suffer from a number of limitations, chief among them the fact that most configural 

methods are internal analyses that focus on predictor configurations without reference to 

any external criteria. The present investigation introduces and explicates a new criterion-

related profile method developed by Davison and Davenport (2002), which may provide 

new insights to the relationship between personality traits and work outcomes.  
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Personality and Work Outcomes 

A Unifying Framework of Personality  

 In recent years, the growth and proliferation of personality research has been 

aided by the ascendance of the Five Factor or Big Five Model (FFM) of personality as the 

unifying framework for personality researchers (McCrae & John, 1992). While there 

continues to be debates and critiques of the FFM, particularly regarding whether it is 

sufficiently comprehensive to represent the entire predictor space of personality (Block, 

2001, 2010; Eysenck, 1992; Pervin, 1994), it has clearly emerged as the dominant 

framework in the personality domain. The popularity of the FFM is further buoyed by its 

consistent emergence in cross-cultural investigations of personality (De Raad, Perugoni, 

Hrebickova, & Szarota, 1998; Heine & Buchtel, 2009; Rolland, 2003) and research 

demonstrating a heritable, genetic basis for the big five traits (Jang, Livesley, & Vernon, 

1996; Johnson & Krueger, 2004; Loehlin, McCrae, Costa, & John, 1998), suggesting that 

the FFM is a universally generalizable model by which researchers can describe major 

variations in personality.  

 The FFM describes variations in personality along five traits: conscientiousness, 

agreeableness, emotional stability, extraversion, and openness to experience. 

Conscientiousness generally reflects the degree to which individuals are responsible, 

hard-working, diligent, and dependable. Agreeableness generally reflects the degree to 

which individuals are interpersonally sensitive, warm, empathic, and get along with 

others. Emotional stability generally reflects the degree to which individuals do not 
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experience emotional distress or anxiety.  Extraversion generally reflects the degree to 

which individuals require external stimulation and interpersonal interactions and are 

sociable and dominant. Openness generally reflects the degree to which individuals are 

curious, thoughtful, non-traditional, and interested in art and aesthetics. While different 

operationalizations (i.e., measures or inventories) of personality traits may tap different 

areas of the construct space, there is generally still substantial overlap or agreement in the 

definitions of the Five Factor Model traits (cf. Hough & Ones, 2001), though emerging 

research suggests that correlations between different inventories of the same personality 

construct may only be modest in magnitude (Birkland, Ones, & Connelly, 2008; 

Connelly, Davies, Ones, & Birkland, 2008; Connelly & Ones, 2007; Roberts, 

Chernyshenko, Stark, & Goldberg, 2005) and the predictive validity of the same 

personality trait based on different measures or inventories may differ significantly 

(Salgado, 2003).  

 One of the major benefits of operating within the Five Factor framework is that 

researchers have begun to integrate the big five traits into a comprehensive, hierarchical 

model of personality, whereby variations in personality traits can be describe in greater 

specificity (i.e., personality facets) by moving down in the hierarchy as well as broader 

organizations (i.e., compounds, meta-traits, or multi-dimensional traits) by moving up in 

the hierarchy. While there is less agreement on structure of personality facets within each 

of the big five traits (e.g., Connelly et al., 2008; Davies, Connelly, Ones, & Birkland, 

2008; Costa & McCrae, 1995; DeYoung, Quilty, & Peterson, 2007; Roberts, Bogg, 
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Walton, Chernyshenko, & Stark, 2004) as well as the existence and structure of higher-

order personality factors or compound traits (e.g., DeYoung, 2006; Digman, 1997; Musek, 

2007; Rushton & Irwing, 2008; Rushton & Irwing, 2009a, 2009b, 2009c), emerging 

research provides researchers with an in progress hierarchical framework of personality 

from which to operate.  In the next section, the relationship between the big five traits and 

their lower-order facets with workplace behaviors and outcomes are reviewed.    

Five Factor Model Personality Traits and Work Outcomes 

 Within the field of I-O psychology, personality traits are one of the most popular 

and frequently studied predictors of workplace behaviors (Judge, Klinger, Simon, & 

Yang, 2008; Ones, Dilchert, Viswesvaran, & Judge, 2007; Tett & Christiansen, 2007). 

While some naysayers continue to question the predictive power of personality traits (cf. 

Morgeson, Campion, Dipboye, Hollenbeck, Murphy, & Schmitt, 2007a, 2007b), the vast 

majority of I-O psychologists appear to have embraced personality testing for the 

purposes of personnel selection.  

Personality traits have been consistently and non-trivially linked to a wide range 

of work-related outcomes, including but not limited to, job attitudes (Judge, Heller, & 

Mount, 2002; Thoreson, Kaplan, Barsky, Warren, & de Chermont, 2003), performance 

and training motivation (Judge & Ilies, 2002; Colquitt, LePine, & Noe, 2000), 

entrepreneurship (Rauch & Frese, 2007), workplace safety (Clarke & Robertson, 2008), 

and training performance (Barrick & Mount, 1991). Of particular interest to the present 

investigation, personality traits have been shown to be related to job performance 
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(Barrick & Mount, 1991; Hurtz &Donovan, 2000; Salgado, 1997), counterproductive 

work behaviors (Berry, Ones, & Sackett, 2007; Dalal, 2005; Hershcovis et al., 2007; 

Salgado, 2002), and organizational citizenship behaviors (Borman, Penner, Allen, & 

Motowidlo, 2001; Dalal, 2005; Organ & Ryan, 1995), and the leadership criteria of 

emergence and effectiveness (Judge, Bono, Ilies, & Gerhardt, 2002), leader perceptions 

(Lord, de Vader, & Alliger, 1986), and transformational leadership behaviors (Bono & 

Judge, 2004). (See the literature reviews of Study 1 and Study 2 for more detailed 

reviews linking personality traits with performance and leadership criteria, respectively). 

Overall, there is overwhelming evidence that personality traits predict workplace 

outcomes of interest to researchers.  

While most research linking personality and work-related outcomes have focused 

on the big five traits as the organizing framework, other researchers have examined if 

prediction can be improved by utilizing narrower measures of personality facets. Using 

the personality traits of conscientiousness, Dudley, Orvis, Lebiecki, and Cortina (2006) 

demonstrated that specific facets of conscientiousness were better predictors of more 

targeted performance outcomes than global conscientiousness (cf. Ones & Viswesvaran, 

1996). Specifically, the predictive value of the trait of conscientiousness in predicting job 

performance criteria appeared to be driven primarily by the facets of achievement and 

dependability, with relatively little contribution from facets of order and cautiousness; 

specifically, the achievement facet was the best predictor of task performance, while the 

dependability facet was the best (negative) predictor of counterproductive work behavior, 
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and both were similarly strong predictors of job dedication. This suggests, that whenever 

possible, researchers should examine the relationships between personality facets and 

work outcomes, as global big five measures may mask the contributions of specific facets. 

Given the modest to strong links between personality traits and work outcomes in the 

variable-oriented tradition, below I review the rationale for integrating personality traits 

and work outcomes in a configural, person-oriented perspective.  

Integrating Personality Traits and Work Outcomes with a Configural Approach  

Given the emergence of the Five Factor Framework as the dominant personality 

paradigm (McCrae & John, 1992), I argue that the big five personality traits would be a 

good level of specificity for researchers to begin their configural investigations for a 

number of reasons, which I explicate below. However, note that nothing within the 

Davison and Davenport (2002) method would prohibit the alternative use of either a 

different personality framework or set of personality measures. My decision to operate 

within FFM is the result of the desire to link the present findings to the broader research 

literature, as well as practical constraints in that the FFM was the measurement model 

and framework utilized by the majority of the measures employed in the subsequent 

samples.  

For our present investigations, big five personality traits have been shown to be 

related to performance (e.g., Barrick & Mount, 1991; Dalal, 2005) and leadership criteria 

(e.g., Bono & Judge, 2004; Judge & Bono, 2000; Judge et al., 2002) based on a variable-

oriented approach. Given that the predictor profiles derived will be determined in large 
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part upon the predictor set that is included, I believe that one way in which the variable-

oriented and the person-oriented tradition can be integrated is to use our variable-oriented 

knowledge in the selection of the predictor set, particularly at least in the initial stages of 

a person-oriented inquiry since the predominance of the variable-oriented approach 

makes it difficult to draw upon existing research in generating person-oriented 

hypotheses (Bergman & Andersson, 2010). Also, given that standings on big five traits 

are only modestly correlated with each other, this leads to possibilities of differentiation 

in personality profiles across individuals. This fact will be particularly important within 

the confines of the Davison and Davenport (2002) method as the criterion-related profile 

is derived from regression coefficients, which may become increasing unstable with 

increased multicollinearity within the predictor set.  

Since the Five Factor model has emerged as generalizable across cultures and 

possessing a substantial genetic basis, I argue that big five traits can be considered 

fundamental building blocks of personality, and therefore configural examinations are 

likely to find coherent ―systems‖ or organizations of big five personality traits. 

Furthermore, as big five traits have been integrated into a hierarchical taxonomy of 

personality, once researchers have begun investigations using the Five Factor Model as 

the organizing framework, they can then move from the big five traits downwards to 

increased levels of specificity (e.g., facets) as well as upwards to broader organizations 

(e.g., compounds, meta-traits, multi-dimensional traits, or higher-order factors) with a 
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better understanding of the inter-relationships between personality traits at multiple levels 

of specificity.   

Summary  

 Recent research in personality has made great strides in delineating the 

hierarchical structure of personality, triangulating on the FFM as representing a relatively 

comprehensive and generalizable model for personality researchers to describe 

personality variations amongst individuals. The big five traits of conscientiousness, 

agreeableness, emotional stability, extraversion, and openness are increasingly being 

integrated into a comprehensive hierarchical model of personality that includes both 

lower-level personality facets as well as higher-level higher-order factors. The research 

literature has definitively demonstrated links between personality traits and a wide range 

of work behaviors and outcomes, supporting the popularity and use of personality testing 

in I/O psychology. The personality domain is a good fit for the present investigations 

given previous theorizing positing configural relationships between personality traits and 

complex outcomes and well as with the Davison and Davenport (2002) criterion-related 

profile technique utilized.   

Purpose of Current Research  

Given that selection decisions within I/O psychology are made at the level of the 

person or individual, it seems intuitive that a person-oriented perspective may offer new 

insights and understanding with regards to work outcomes. The variable-oriented 

approach, when used in selection, appears to focus on the rank-ordering of individuals on 
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specific traits, without considering the organization or system of traits in the individuals 

receiving offers or being hired. It is suggested that a more holistic understanding of 

workers may help organizations to better maximize their human capital and provide 

additional insights into prediction and explanation of work outcomes.  

The purpose of the current research is to utilize a new person-oriented, configural 

methodology developed by Davison and Davenport (2002) to examine the predictive 

value of intra-individual personality profiles across a range of work outcomes (i.e., job 

performance and leadership effectiveness). The goal of the present dissertation is to 

provide a complementary person-oriented perspective on the relationship between big 

five personality traits and facets and work criteria to accompany the variable-oriented 

investigations that have dominated psychological research, including previous research 

linking personality to job performance and leadership. The over-arching research 

question driving the subsequent two studies is the following:  

Research Question: What is the form and contribution of big five personality 

profiles over personality level (or elevation) in predicting job performance and 

leadership criteria?  
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STUDY 1 

LITERATURE REVIEW 

 Within I-O psychology, job performance is arguably the most frequently utilized 

and studied criterion variable of interest. Not surprisingly, there is a correspondingly 

large and extensive research literature examining and cumulating predictors of 

performance. The consensus within the literature is that general cognitive ability (g) is the 

best and most generalizable predictor of job performance across occupations (Hunter & 

Hunter, 1984). However, the class of predictor found to most consistently increment over 

ability in predicting performance across occupations was personality traits (i.e., 

conscientiousness, integrity) and measurement methods that could be used to measure 

personality constructs (i.e., situational judgment tests, structured interviews; Cortina, 

Goldstein, Payne, Davison, & Gilliland, 2000; McDaniel Hartman, Whetzel, & Grubb, 

2007; Schmitt, Rogers, Chan, Sheppard, & Jennings , 1997); in large part due to the fact 

that personality traits are moderately strong predictors of performance outcomes 

themselves, but are only modestly correlated with ability.  

The present study focuses on the latter domain, linking personality traits with job 

performance, using a configural, person-oriented approach. First, I review the literature 

on the criterion space of job performance, then I review the large variable-oriented 

literature linking personality traits to performance behaviors, and finally I review the 

significantly smaller literature on configural approaches to linking personality to 

performance behaviors. Then, I lay out the argument for why a configural approach 
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would be beneficial to our understanding of the relationship between personality and job 

performance and utilize the criterion-related profile methodology developed by Davison 

and Davenport (2002) to examine this question empirically. Lastly, I propose and 

examine some potential moderators of the relationship between configurations or profiles 

of personality traits and performance behaviors.  

Explicating the criterion space of performance  

Recently in the research literature there has been an active interest in expanding 

and explicating the criterion domain of job performance (cf. Sackett, 2002). Previous 

research has focused on job performance behaviors at different levels of specificity. The 

most well-known job performance model within I-O psychology is Campbell‘s eight 

component model, which is an outgrowth of his seminal research on Project A with 

military personnel (Campbell, McCloy, Oppler, Sager, 1993). Campbell‘s model 

elucidates that the performance domain can be described by eight components (i.e., job 

specific task proficiency, non-job specific task proficiency, written and oral 

communication, demonstrating effort, maintaining personal discipline, facilitating peer 

and team performance, supervision/leadership, and management/administration), of 

which some subset are present in all jobs. In contrast, research on performance ratings 

have shown that there is a substantial general factor underlying supervisory and peer 

ratings of job performance, even after controlling for the effects of halo error 

(Viswesvaran, Schmidt, & Ones, 2005). While these two findings are not directly in 

conflict with one another (i.e., Campbell does not argue that his eight performance 
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components are orthogonal), this does highlight the difficulty and tensions that 

researchers face in measuring the criterion space of job performance at an appropriate 

level of specificity.  

Recent research appears to have converged on a triarchic representation of overall 

job performance as sufficiently comprehensive of the construct space without being too 

unwieldy (Rotundo & Sackett, 2002, Sackett, 2002). The triarchic conceptualization 

includes task performance, organizational citizenship behaviors, and counterproductive 

work behaviors. Task performance refers to behaviors that contribute to the ―technical 

core‖ of the organization and are formally recognized as part of the employee‘s job 

(Rotundo & Sackett, 2002). Organizational citizenship behaviors (OCBs), and the related 

constructs of prosocial behaviors (Brief & Motowidlo, 1986) and contextual performance 

(Borman & Motowidlo, 1993), can be generally defined as prosocial or helpful behaviors 

whereby employees go beyond their official duties or engage in non-core job task 

behaviors to benefit the organization (Organ, 1997). Counterproductive work behaviors 

(CWBs) are employee work behaviors intended to harm the legitimate interests of the 

organization (Gruys & Sackett, 2003). Research has shown that supervisors in the United 

States and China take into account and weight all three types of behaviors in determining 

employees‘ overall performance ratings (Rotundo & Sackett, 2002; Rotundo & Xie, 

2008). 

Existing research indicates that the three performance facets of job performance, 

task performance, OCBs, and CWBs, are moderately related work behaviors. In his 
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review of the literature, Sackett (2002) drew upon two large studies in estimating the 

magnitude of the relationship between task performance and CWBs. Based on Project A 

data, he estimated the relationship between task performance and CWB was r = -.19, 

while the estimate based on the Viswesvaran et al. (2005) meta-analysis was substantially 

larger at r = -.54. He attributed the difference between the two studies to different 

operationalizations of task performance, with performance in Project A being more 

reflective of maximal performance (i.e., work sample, job knowledge test) and the meta-

analytic results being more reflective of typical performance (i.e., supervisory ratings of 

on the job performance).  

   Researchers have also debated whether OCB and CWB are simply opposite ends 

of the same continuum (i.e., good versus bad work behaviors) or if they reflect two 

relatively distinct continua (Sackett, Berry, Wiemann, & Laczo, 2006; Spector & Fox, 

2010). Based on three large-scale datasets, Sackett (2002) estimated that the relationship 

between OCB and CWB was fairly substantial and large in magnitude (r = -.57-.67). 

Recent meta-analytic work also supports the contention that has OCB and CWB are 

moderately related, but non-redundant constructs ( = -.32; Dalal, 2005). Spector, Bauer, 

and Fox (2010) experimentally demonstrated that the magnitude of the relationship 

between OCB and CWB depended upon the operationalization of OCB and CWB scales 

(i.e., frequency versus agreement), the extent of content overlap between the two 

measures, and the nature of the rater (i.e., supervisor versus self). Thus, the difference 

between the estimates reported by Sackett (2002) and Dalal (2005) likely stem in part 
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from the significant heterogeneity in measurement of the two constructs in the research 

literature.  

Overall, research has convincingly shown that job performance is a multi-

dimensional construct that includes employee behaviors directed toward core job tasks 

(i.e., task performance), non-core job tasks (i.e., OCB), and undermining the legitimate 

interests of the organization (i.e., CWB). While these three facets of performance 

behaviors have been shown to be related, the correlations between the three domains are 

relatively modest (with estimates ranging from r = .30-.60), suggesting the potential for 

both common and unique antecedents and outcomes of these performance behaviors. In 

the next section, I review the existing research literature examining the relationship 

between personality and each facet of job performance.   

The Relationship between Personality and Performance: The Variable-Oriented 

Approach 

Within I-O psychology, there has been an extensive literature examining the 

relationship between personality traits and job performance over the last century (cf. 

Barrick, Mount, & Judge, 2001). Given the voluminous number of primary studies on 

this topic, the present review focuses on the results of a number of quantitative reviews 

(i.e., meta-analyses) that have been undertaken to synthesize the major findings from this 

domain. Below, we review the literature linking personality traits, particularly Big Five 

personality traits, and task performance, OCBs, and CWBs.  



 
 

44 
 

Task performance
3
. Overall, across the Big Five traits, conscientiousness has 

emerged as the largest and most consistent predictor of job performance across 

occupations, jobs, and cultures ( = .27, Barrick et al., 2001; Barrick & Mount, 1991; 

Salgado, 1997; Salgado, 1998). This is not surprising as we would expect effortful and 

diligent employees to possess better performance across job types and industries. In line 

with this expectation, recent research indicates that the relationship between 

conscientiousness and job performance is driven by the facets of achievement and 

dependability (Dudley et al., 2006). Emotional stability is a relatively weak ( = .13), but 

consistent predictor of performance, particularly of teamwork-related criteria ( = .22). 

The predictive validity of conscientiousness and emotional stability is strengthened when 

using measures based on the FFM model relative to measures subscribing to other 

personality models (Salgado, 2003). Extraversion ( = .15) and agreeableness ( = .11) 

were generally weak and inconsistent predictors of performance, but both were predictive 

of teamwork criteria ( = .16 and .34, respectively) and extraversion was also predictive 

of managerial performance ( = .21). Openness to experience was generally a poor 

predictor of job performance ( = .07), but was related positively related to training 

proficiency ( = .33).    

                                                           
3
 The studies summarized within this section represent the magnitude of the relationship between 

personality traits and job performance generally, rather than task performance specifically. However, given 

that the popularization of the other facets of performance (i.e., OCBs, CWBs) occur later within the I-O 

psychology literature, I argue that the vast majority of studies included in these meta-analyses likely focus 

on core job task behaviors. This is further borne out by the fact that the correlations reported between 

personality and job performance are very much in line with moderator analyses that focus on narrow job 

performance criteria, such as objective performance, which are arguably higher fidelity measures of task 

performance (e.g., Barrick et al., 2001).  
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OCB. Previous research has also investigated personality antecedents to engaging 

in OCB. Based on meta-analytic evidence, the personality traits that are most strongly 

related to OCB are conscientiousness ( = .30) and positive affect ( = .34, Dalal, 2005; 

Borman, Penner, Allen, & Motowidlo, 2001; LePine, Erez, & Johnson, 2002; Organ & 

Ryan, 1995). In addition, given the relatively strong correlations ( = .40-.87) among the 

dimensions of OCB (i.e., altruism, civic virtue, conscientiousness, courtesy, and 

sportsmanship), it was found that the relationship between trait conscientiousness and 

each of the five dimensions were similar in magnitude (LePine et al., 2002). 

Agreeableness had a modest, positive relationship with OCB ( = .14, Chiaburu, Oh, 

Berry, Li, & Gardner, in press; Organ & Ryan, 1995; Borman et al., 2001), and negative 

affect ( = -.10; Dalal, 2005) and extraversion ( = .09, Chiaburu et al., in press; Borman 

et al., 2001) were found to have small relationships with OCB. While conscientiousness 

and agreeableness are the most consistent FFM predictors of OCB, Chiaburu et al. (in 

press) recently demonstrated that emotional stability, openness, and extraversion also 

contributed independently and incrementally to the prediction of OCB. Looking at 

personality traits outside of the FFM, Borman et al. (2001) found that other-oriented 

empathy (r = .28), helpfulness (r = .22), locus of control (r = .16), and collectivism (r 

= .15) were all moderately related to OCB. Overall, it appears that the personality traits 

predictive of employee OCB revolve around dependability (i.e., conscientiousness) and a 

social orientation (i.e., agreeableness, helpfulness, empathy), in line with recent research 

suggesting that employees engage in both coworker and organization-directed OCB due 
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to prosocial motives (e.g., Finkelstein, 2006; Penner, Midili, & Kegelmeyer, 1997; Rioux 

& Penner, 2001).  

CWB. A similar literature has emerged linking personality traits to CWB. The 

most recent meta-analytic evidence suggests that the personality traits most strongly 

related to CWB are conscientiousness ( = -.38, Dalal, 2005; Berry et al., 2007; Salgado, 

2002), negative affect ( = .41, Dalal, 2005), and positive affect ( = -.34, Dalal, 2005), 

emotional stability ( = -.25 for turnover, Salgado, 2002; Berry et al., 2007), and 

agreeableness ( = -.13 and -.16, for deviant behavior and turnover, respectively, Salgado, 

2002; Berry et al., 2007). This is not surprising given the large integrity testing literature 

linking the compound personality trait of integrity (found to be related to the personality 

traits of conscientiousness, agreeableness, and emotional stability) as one of the strongest 

predictors of CWB ( = -.47; Ones, Viswesvaran, & Schmidt, 1993). Overall, the 

research literature demonstrates that the personality traits related to CWB (i.e., 

conscientiousness, agreeableness, and emotional stability) are those related to a proposed 

higher-order personality trait called Factor  (Digman, 1997) or Stability (DeYoung, 

2006), related to socialization processes (i.e., impulse restraint) and the ability to navigate 

emotional, social, and motivational interactions successfully. Cullen and Sackett (2003) 

posit that in addition to biological tendencies toward lack of impulse control resulting in 

socially inappropriate behaviors (i.e., CWB), personality traits may be related to CWB 

through their impact on employee‘s job attitudes, their perception of the work 

environment, and/or their cognitive or affective reactions to organizational events and 
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circumstances. However, these propositions have received limited tests empirically in the 

research literature (see Mount, Ilies, & Johnson, 2006, for an exception).   

Summary. There is a voluminous research literature relating personality traits, 

particularly those in the FFM, to job performance. Researchers have attempted to 

summarize this literature through a number of quantitative reviews designed to overcome 

some of the limitations of individual studies. Conscientiousness was found to be the 

strongest personality predictor of task performance, OCB, and CWB. Social and other-

oriented personality traits (i.e., empathy, agreeableness, helpfulness) were also found to 

be moderately related to OCB. Impulse control and integrity related personality traits (i.e., 

conscientiousness, agreeableness, emotional stability, integrity) were strongly related to 

CWB. Thus, despite the moderate to strong intercorrelations found between the three 

facets of job performance, it appears that there is both differentiation and commonalities 

in the personality antecedents of performance behaviors at work.  

While the research literature on the personality-performance relationship is so 

large that some researchers have called for a moratorium on quantitative syntheses of this 

domain (Barrick et al., 2001), almost all the existing research in this literature follows the 

variable-oriented tradition. Thus, while we know with some confidence the personality 

traits (or variables) related to job performance behaviors, it‘s is unclear to what extent 

this literature will successfully translate to a person-oriented approach. For example, the 

literature is unclear whether there is a personality profile predictive of employee 

performance and whether this personality profile varies depending on the particular facet 
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of performance being predicted. By exclusively pursuing a variable-oriented approach, 

researchers may be missing out on opportunities to understand and capitalize on the 

intricacies of personality systems or the interactions between personality traits within 

employees and their impact on employee behaviors (e.g., Hogan, Hogan, & Roberts, 

1996). Given that we hire an employee as a whole person and are generally concerned 

about their entire repertoire of workplace behaviors, in the following section I review the 

limited literature on person-oriented, configural approaches linking personality profiles to 

job performance.  

The Relationship between Personality and Performance: The Configural Approach 

 While the vast majority of personality-performance research examines bivariate, 

linear relationships between the two domains and the independent contributions of each 

personality trait in predicting the outcome of interest, a smaller literature has emerged 

looking at personality profiles, patterns, interactions, or configurations in predicting 

performance behaviors. The focus of these studies is on examining a more complex 

interplay between personality and performance, often taking into account how they 

operate or develop within a given individual or subgroup to enhance understanding or 

prediction.  

 Interactions among personality traits in predicting performance. There are a 

modest number of studies that examine interactions between personality traits in 

predicting performance. Rather the majority of studies looking at moderators of 

personality-performance relationships typically focus on either cognitive ability (e.g., 
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Wright, Kacmar, McMahan, & Deleeuw, 1995; Sackett, Gruys, & Ellingson, 1998) or 

situational characteristics (e.g., autonomy, Barrick & Mount, 1993; organizational 

politics, Hochwarter, Witt, & Kacmar, 2000), rather than other personality traits (Witt, 

Burke, Barrick, & Mount, 2002). Witt et al. (2002) posited that conscientiousness and 

agreeableness would interact to predict job performance, such that conscientiousness 

would be more strongly linked to performance in employees with high rather than low 

levels of agreeableness. They argue that employees who are highly conscientious, but 

also highly disagreeable may be more apt to be viewed negatively by others (i.e., micro-

managing, high maintenance) and rated as less effective performers overall (Burke & 

Witt, 2004). Across seven samples, the interaction between conscientiousness and 

agreeableness was found to be statistically significant in predicting job performance in 

five samples, failing to reach significance among a sample of truck drivers and public-

sector civilian managers. Witt et al. argue that the latter two samples represent jobs where 

working collaboratively was not required by the role (though regular interpersonal 

interactions was required of the civilian managers), and thus the interaction was not 

significant in predicting performance.  

Subsequently, Witt and Ferris (2003) found a similar relationship to Witt et al. 

(2002), whereby social skills moderated the relationship between conscientiousness and 

job performance in four samples, though at low levels of social skills the relationship 

between conscientiousness and job performance was actually negative. Analogously, 

Douglas, Frink, and Ferris (2006) found that a trait emotional intelligence measure (i.e., 
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EQ-i; Bar-On, 1997) moderated the relationship between conscientiousness and student 

performance in a team, with conscientiousness being a negative predictor of performance 

for students low in emotional intelligence. Examining the moderating effect of 

extraversion rather than agreeableness, Witt (2002) found that extraversion moderated the 

relationship between conscientiousness and interview and job performance, such that 

there was a stronger conscientiousness-performance relationship among those higher in 

extraversion. However, some subsequent research has failed to replicate the hypothesized 

interaction between conscientiousness and interpersonal acumen or skill in predicting job 

performance (Foster & Macan, 2006).   

 While most research examining interactions between personality traits in 

predicting job performance have focused on conscientiousness, Burke and Witt (2002) 

examined the moderating effect of extraversion, emotional stability, and agreeableness on 

the openness-performance relationship. The openness-job performance relationship has 

traditionally been estimated to be small (Barrick et al., 2001), and Burke and Witt were 

interested in examining if researchers could better explain variance in job performance 

ratings by looking at openness in conjunction with other personality traits. Agreeableness 

did not moderate the openness-performance relationship, but extraversion and emotional 

stability did. In particular, employees low in openness, but high in extraversion (i.e., 

advertising their close-mindedness) or low in openness and low in emotional stability 

were rated most negatively. However, other research has not replicated the moderating 

effect of extraversion on the openness-performance relationship (Foster & Macan, 2006).   
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Judge and Erez (2007) examined the interaction between emotional stability and 

extraversion in predicting job performance. They found a significant interaction effect 

such that for individuals high on emotional stability, the relationship between 

extraversion and job performance was strong and positive, but for individuals low on 

emotional stability, the relationship between extraversion and job performance was weak 

and negative. In addition to assessing the interaction between the two FFM traits, Judge 

and Erez found that by directly tapping into and measuring the construct space at the 

intersection of the two personality traits (i.e., a circumplex approach), they were able to 

better predict job performance. In particular, individuals high on the traits at the positive 

intersection of emotional stability and extraversion (i.e., happy, hearty, vigorous, buoyant) 

were rated as better performers than those high on those traits at the negative intersection 

of the two traits (i.e., sedate, placid, acquiescent, subdued) or high on those traits at 

where the positive pole of one trait intersect with the negative pole of the other trait (i.e., 

nervous, insecure, critical versus volatile, excitable, explosive).   

Using a personality trait that does not cleanly fit within the FFM framework, 

Barrick, Parks, and Mount (2005) found that self-monitoring (i.e., the extent to which an 

individual monitors others‘ perceptions of their behaviors) moderated the relationship 

between extraversion, emotional stability, and openness to experience and supervisor-

rated interpersonal performance, but not supervisor-rated task performance. Specifically, 

the relationship between extraversion, emotional stability, and openness to interpersonal 

performance were weakened for those high in self-monitoring relative to those who were 
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low in self-monitoring. Barrick et al. argued that the relations between the FFM 

personality traits and interpersonal performance would be expected to be attenuated as 

high self-monitors choose to constrain their behavioral repertoire to fit the social situation 

at hand and able are to resist their natural behavioral tendencies (i.e., personality) in order 

to facilitate social acceptance.  

 Examining helping behavior in the workplace (i.e., OCB) rather than overall job 

performance, King, George, and Hebl (2005) made a similar argument to Witt et al. 

(2002), that interpersonally-oriented personality traits (i.e., agreeableness, extraversion, 

and emotional stability) would moderate the relationship between conscientiousness and 

helping behaviors. Specifically, King et al. theorized that individuals who were 

conscientious were more likely to help others because they were diligent and dependable. 

However, they may choose not to act on their helpful impulses if they are shy (i.e., low 

extraversion), nervous (i.e., low emotional stability), low in concern for others (i.e., low 

agreeableness), or do not otherwise possess sufficient levels of interpersonal orientation. 

They found support for their hypotheses such that the relationship between 

conscientiousness and helping behavior was positive among individuals with high levels 

interpersonally-oriented traits, but negative among individuals with low levels of 

interpersonally-oriented traits.   

 In the CWB domain, Oh, Lee, Ashton, and de Vries (in press) examined the 

moderating effect of extraversion on the relationship between honesty-humility and 

workplace deviance in three cultures. Honesty-humility (i.e., sincere, fair, unassuming) is 
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a personality trait from the HEXACO model, which asserts that there are six rather than 

five fundamental personality traits, as put forth by the FFM (Ashton & Lee, 2007). Oh et 

al. argue that extraversion will moderate the relationship between honesty-humility and 

initiated (rather than reactive) CWB, such that individuals high on extraversion and low 

on honesty-humility would be the most likely to engage in deviant behaviors. They 

theorize that individuals who are high on extraversion would have a tendency toward 

deviant behaviors due to their sensation-seeking proclivities, but a high level of honesty-

humility would prevent them from acting out on these behavioral tendencies. However, 

those low on honesty-humility would not feel the compunction to inhibit their need to 

seek stimulation, resulting in an increase likelihood of engaging in CWB. In support of 

their hypothesis, they find a statistically significant moderating effect in two of their three 

samples.  

 Operating from a conservation of resources (COR) perspective (Hobfoll, 1989), 

Penney, Hunter, and Perry (2011) argue that emotional stability would moderate the 

relationship between conscientiousness and CWB, as deviant workplace behaviors could 

be seen as a form of behavioral strain resulting from employees‘ experience of stress. 

Thus employees who are goal-oriented (i.e., high conscientiousness) would be less likely 

to engage in CWB if they had sufficient personal resources (i.e., high emotional stability) 

to draw upon, but would be more likely to act out and engage in deviant work behaviors 

if they did not have the resources necessary to cope with the situation (i.e., low emotional 

stability). Penney et al. find support for their hypothesis such that for individuals high in 
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emotional stability, higher levels of conscientiousness were associated with lower levels 

of CWB, but for individuals low in emotional stability, higher levels of conscientiousness 

were associated with higher levels of CWB. 

 Overall, there appears to be a growing recognition by researchers that our 

understanding of the relationship between personality and performance could be 

augmented by moving beyond additive models focusing on the independent contribution 

of each personality trait. Rather, this growing literature has shown that the relationship 

between a personality trait and performance often depends on an individual‘s standing on 

other personality traits, both in terms of the magnitude and direction of the relationship, 

highlighting the need to examine more complex personality configurations in predicting 

work behaviors. In the literature, the majority of studies have examined personality 

moderators of the conscientiousness-job performance relationship and has found that 

personality traits related to interpersonal or social orientation (i.e., agreeableness, 

extraversion, self-monitoring) appear to moderate the relationship between 

conscientiousness and performance, with agreeableness being the most consistent 

moderator. Additionally, there is some evidence that the moderating effect of 

agreeableness on the conscientiousness-performance relationship may only hold for jobs 

(i.e., sales representatives) or behaviors with a strong interpersonal or collaborative 

component (i.e., OCB, teamwork).  

 While a literature is slowly accumulating on the existence and form of 

interactions between personality traits and job performance, there are a number of 
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concerns and questions that will need to be addressed by future research. First, most 

existing studies in this area use samples of a modest size. Given the difficulty in gaining 

the necessary statistical power to detect interaction effects (Aguinis, 1995; Aguinis & 

Stone-Romero, 1997), small sample sizes are problematic for the purposes of both 

detecting and replicating interaction effects. Some authors have already begun 

triangulating findings across samples (i.e., Oh et al., in press; Witt et al., 2002). Second, 

the different operationalizations (i.e., measures) of personality traits may make 

integration of this research literature more difficult. Given the modest correlations often 

found between different measures of the same personality trait (Connelly & Ones, 2007), 

moderating effects may be inconsistent given differential construct coverage of the trait 

by personality inventories. This may be particularly problematic if the moderating effects 

are derived from specific personality facets (e.g., dependability) rather than from the 

shared variance in the global or domain-level trait (e.g., conscientiousness). This is 

another question that deserves further research attention as the existing research literature 

has focused on interactions between FFM personality traits in predicting performance and 

have yet to explore interactions between personality facets. Third, most studies have 

utilized overall job performance as the criterion. In my review of the literature, I find 

only three studies looking at narrower facets of performance (i.e., OCB, CWB). Future 

research will need to examine if these moderating effects generalize to more specific 

facets of performance or if the personality configuration relevant to predicting 

performance differs by the performance criterion. Four, existing examinations of 



 
 

56 
 

interactions between personality traits appear to be somewhat haphazard and atheoretical. 

Future research should seek to more systematically investigate proposed personality 

interactions and articulate their theoretical and conceptual rationale.  

 A key limitation of the interaction approach to examining personality 

configurations in predicting performance is that researchers quickly reach a limit on the 

number of personality traits that can be examined simultaneously. Given the difficulty in 

detecting two-way interactions, the ability to detect and replicate interaction effects 

grows exponentially as additional predictors are added (i.e., three, four, or five-way 

interactions). In the literature, researchers have coped with this by examining the 

interaction between pairs of personality traits in predicting a given outcome. However, 

given that interactions have been posited and found between different pairs and 

combinations of personality traits, it appears reasonable to examine more complex 

personality configurations or ―systems,‖ a charge the present study and the studies 

reviewed in the following section aim to help fulfill.   

Personality typologies predicting performance. A different approach to 

examining personality configurations is to look at personality types rather than 

interactions between personality traits in predicting work behaviors. A typological 

approach implicitly assumes that these are discrete classes or subgroups of individuals, 

who share key similarities to each other regarding their pattern of traits or behaviors. 

Waters and Sackett (2006) created a personality typology derived from a cluster analysis 

of employee standings on FFM personality traits and linked cluster membership to self-
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report OCB and CWB. A seven-cluster solution emerged. The personality type, or cluster, 

associated with the highest levels of OCB and lowest levels of CWB was characterized 

by high scores across all of the FFM personality traits suggesting that employees within 

this cluster were ―ideal‖ workers possessing significant levels of socially desirable traits. 

In contrast, the personality type associated with the lowest levels of OCB and highest 

levels of CWB was characterized by low scores on agreeableness, emotional stability, 

conscientiousness, and openness to experiences and average scores on extraversion. Thus, 

it appears that employees who are most likely to act out against the organization and 

withhold helpful behaviors are those who are disagreeable, maladjusted, unmotivated, 

and guarded, but not particularly introverted. Perhaps, as argued by Oh et al. (in press), 

the high levels of extraversion (relative to their other personality traits) characteristic of 

this type of individual are more likely to propel them to seek external stimulation, 

resulting in more deviant behaviors given that they are less compelled by social ties or 

rules. Ultimately, while descriptively rich, Waters and Sackett found that their personality 

typology was not as predictive of performance as a simple linear, additive model 

assessing the independent contribution of each of the FFM traits together. Additionally, 

Waters and Sackett found that interactions (two- through five-way) among personality 

traits were not incrementally predictive of OCB or CWB above the main effects of the 

FFM traits.  

In my review of the literature, only the Waters and Sackett (2006) study within I-

O psychology has used a typological approach to examine the relationship between 
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personality and job performance. In the educational domain, Schmitt et al. (2007) utilized 

a cluster analytic strategy to create profiles of ability and background variables (i.e., 

biodata, situational judgment inventory) and linked the resulting five cluster solution to 

academic performance (i.e., college grade point average, self-rated performance, 

absenteeism). While the clusters were systematically related to academic outcomes, 

similar to Waters and Sackett, Schmitt et al. found that cluster membership did not 

increment over a linear, additive model of the ability and background variables in 

predicting these outcomes.  

The predominance of a dimensional (i.e., continuum) rather than typological 

approach that Meehl (1992) argues hold sway over the majority of psychological research 

appears to accurately characterize I-O psychology. However, personality typologies 

developed in other areas of psychology may hold promise for helping us to understand 

the relationships between personality configurations and work behaviors. Proposing a 

general personality typology, Block and Block (1980) theorized that there are three 

general personality types reflecting differences in ego control (i.e., impulse control) and 

ego resiliency (i.e., ability to self-regulate ego control based on situational demands). 

Resilients are those possessing high levels of both ego control and ego resiliency. 

Overcontrollers have high levels of ego control, but low levels of ego resiliency. 

Undercontrollers have low levels of both ego control and ego resiliency. Robins, John, 

Casper, Moffitt, and Stouthamer-Laber (1996) looked at the relationship between these 

three personality types and FFM personality traits in a sample of adolescent boys and 
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found that Resilients were characterized by high scores across the big five, 

Overcontrollers were characterized by high scores on agreeableness, moderate scores on 

conscientiousness and openness, and low scores on emotional stability and extraversion, 

and Undercontrollers were characterized by high scores on extraversion, moderate scores 

on emotional stability and openness, and low scores on agreeableness and 

conscientiousness. Research has shown that Resilients are typically the most well-

adjusted and interpersonally effective, while overcontrollers tend to exhibit higher levels 

of internalizing disorders and undercontrollers tends to exhibit higher levels of 

externalizing and aggressive problems (Akse, Hale, Engels, Raaijmaker, & Meeus, 2004; 

Denissen, Asendorpf, & van Aken, 2008; Klimstra, Hale, Raaijmakers, Branje, & Meeus, 

2010; Robins et al., 1996).  

Since research on Block and Block‘s (1980) personality types have been 

conducted primarily on adolescents by developmental researchers, it is unclear to what 

extent these three personality types would predict job performance in adult samples. 

However, research has shown that problem behaviors in childhood subsequently predict 

CWB in adults (Roberts, Harms, Caspi, & Moffitt, 2007), indicating that these negative 

behaviors are likely at least a partial reflection of enduring behavioral patterns and stable 

personality traits of individuals. Based on the literature, I would hypothesize that 

Resilients, who possess high levels of socially desirable characteristics, would make the 

best performing employees across job performance facets (i.e., high task performance and 

OCB and low CWB). Given that Undercontrollers are characterized by low scores on 
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agreeableness and conscientiousness and higher levels of delinquent behavior in their 

youth, I would hypothesize that Undercontrollers would be the personality type most 

likely to engage in CWB, least likely to engage in OCB, and demonstrating the lowest 

levels of task performance. Additionally, I would hypothesize that Overcontrollers, who 

are characterized by high levels of agreeableness, would be most likely to engage in OCB 

and have moderate levels of task performance and CWB.  In particular, I would posit that 

Overcontrollers would be more likely to engage in reactive rather than initiated CWB 

when compared to Undercontrollers (Cullen & Sackett, 2003). Recent research has 

shown that engaging in OCB is a mood regulation strategy utilized by employees to 

improve their mood on the job (Glomb, Bhave, Miner, & Wall, 2011). Given that 

Undercontrollers are more prone to internalizing disorders (i.e., depression), it may be 

that engaging in OCB would be an effective mood regulation strategy for this subgroup.  

In addition to a literature exploring interactions between personality traits, some 

research has investigated personality typologies as an alternative strategy to 

understanding personality configurations. While personality typologies have rarely been 

linked to job performance, existing research and theory suggests that the most effective 

employees likely possess high levels of socially desirable traits across the FFM. There is 

also some indication that employees most likely to engage in deviant behaviors possess a 

personality profile characterized by elevated levels of extraversion relative to their 

standing on the other four traits of the FFM. The limited available evidence is unclear 

whether personality typologies or a person-oriented approach more generally will help 
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increment over the tradition variable-oriented approach in predicting outcomes of interest. 

However, it does appear that personality typologies provide an alternative perspective of 

the personality construct space, one that is often ignored (cf. Miller, 1988).   

Purpose of Current Research 

My review of the research indicates that relative to the large variable-oriented 

research literature linking individual personality traits to job performance, the literature 

on person-oriented, configural approaches to the personality-performance relationship is 

still in its infancy. However, both the interaction and typology approach to examining 

personality configurations and relating them to work behaviors are suggestive that 

personality traits act in concert, rather than isolation, in shaping the various facets of 

performance behaviors. The purpose of the present research is to examine the form and 

contribution of personality profiles of FFM traits in predicting three facets of job 

performance: task performance, OCB, and CWB. Given the sparse literature on this topic, 

I do not make specific hypotheses, but instead examine the following research question.  

Research Question 1: What is the form and contribution of big five personality 

profiles over personality level (or elevation) in predicting (a) task performance, (b) 

organizational citizenship behavior, and (c) counterproductive work behavior?  

Moderators of the Relationship between Personality Configurations and Performance  

 In addition to exploring the relationship between big five personality profiles and 

the three facets of job performance, I also explore whether the nature and contribution of 
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the personality profile varies depending on the target of the behavior and for men and 

women.  

Target of the behavior. For both OCB and CWB, researchers have shown that the 

performance domain is multi-dimensional. Based on a review of the CWB literature, 

Gruys and Sackett (2003) found 11 categories of deviant behaviors: theft, destruction of 

property, misuse of information, misuse of time and safety information, unsafe behavior, 

poor attendance, poor quality of work, alcohol use, drug use, inappropriate verbal actions, 

and inappropriate physical actions. Similarly in the OCB literature, OCB can be broken 

down into five components: altruism, civic virtue, conscientiousness, courtesy, and 

sportsmanship (LePine et al., 2002). In both domains the behavioral categories are 

positively correlated demonstrating a positive manifold (particularly at aggregate levels; 

Sackett, 2002). Recent multidimensional scaling work on CWB show that one dimension 

underlying these behavioral categories reflect whether the behaviors are directed toward 

individuals or toward the organization (Gruys & Sackett, 2003; Robinson & Bennett, 

1995). This target of the behavior distinction has also been translated to the OCB domain 

(e.g., Chiaburu et al., in press).  

In the variable-oriented framework, the target of the behavior has been shown to 

moderate the relationship between personality traits and performance. In a recent meta-

analysis, Berry et al. (2007) show that agreeableness is a stronger predictor of 

interpersonal deviance than organizational deviance ( = -.46 and -.32, respectively), 

while the opposite pattern is found for conscientiousness ( = -.23 and -.43, respectively). 
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Emotional stability is similarly predictive of interpersonal and organizational deviance ( 

= -.24 and -.23, respectively). Thus, while the same three predictors emerge as the best 

personality predictors for both types of deviance, the target of the behavior changes the 

relative importance of the personality traits. In contrast, the same three predictors, 

conscientiousness, agreeableness, and openness, appeared to predict OCB directed 

toward individuals and organizations similarly ( = .20, .19, .20 for OCB-I 

and .25, .20, .20 for OCB-O, respectively, Chiaburu et al., in press). Overall, while it is 

difficult to generalize person-oriented hypotheses from variable-oriented research, the 

current research literature is suggestive that the relationship between personality and 

performance varies depending on the target of the behavior (i.e., individual-directed 

versus organization-directed). The present study examines whether the personality 

configuration or profile associated with OCB and CWB varies by the target of the 

behavior.  

Research Question 2: Does the target of behavior (i.e., directed toward the 

individual versus directed toward the organization) moderate the form and 

contribution of big five personality profiles over personality level (or elevation) in 

predicting (a) organizational citizenship behaviors and (b) counterproductive 

work behaviors?  

Gender. Since sex was made a protected class under the Civil Right Act of 1964 

with Title VII regulating employment decisions, a large and thriving psychological 

literature has developed examining both gender differences in job performance as well as 
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gender bias in performance ratings (e.g., Bowen, Swim, & Jacobs, 2000; Koch, D‘Mello, 

& Sackett, 2011; Pulakos, White, Oppler, & Borman, 1989; Roth, Purvis, & Bobko, 2010; 

Swim, Borgida, Maruyama, & Myers, 1989). Overall, the results of this domain are 

equivocal, with laboratory research demonstrating that gender bias can occur and with 

field studies generally finding small effects for gender differences or bias. However, 

rather than focusing on mean differences by sex or how individuals may differentially 

perceive the same behaviors when enacted by men and women, the present study focuses 

on whether the association between personality and performance is the same for men and 

women.   

Existing research evidence indicates that the predictors of job performance 

operate similarly for men and women (e.g., Pulakos, Schmitt, & Chan, 1996). However, 

Pulakos et al. (1996) focus primarily on ability determinants rather than personality 

determinants of performance. Within the educational domain, Nguyen, Allen, and 

Fraccastoro (2005) found some evidence for the moderating effect of gender on the 

relationship between emotional stability and college grade point average, with the 

relationship being positive for men and slightly negative for women, and on the 

relationship between openness and course grade on a management course, with the 

relationship being stronger for men than women. Generally there are few direct tests of 

this hypothesis as most research linking personality to performance has not examined 

gender as a moderator of this relationship, and none to my knowledge does so from a 
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person-oriented perspective. Thus, I examine on an exploratory basis if the personality 

profile predictive of performance varies for men and women.  

Research Question 3: Does gender moderate the form and contribution of big five 

personality profiles over personality level (or elevation) in predicting (a) task 

performance, (b) organizational citizenship behaviors, and (c) counterproductive 

work behaviors?  

Personality facets. Recent empirical work in personality has begun to articulate 

the lower-order structure of personality traits (e.g., Connelly et al., 2008; Davies et al., 

2008; Costa & McCrae, 1995; DeYoung et al., 2007; Roberts et al., 2004). While this 

work is ongoing and there is still no clear consensus in the research literature, emerging 

research indicates that particular personality facets, rather than the global or domain trait, 

may be carrying the majority of the predictive power for certain performance behaviors 

(e.g., Dudley et al., 2006). Given that in my review of the literature I find no studies 

looking at personality configurations at the facet level from a person-oriented approach, 

the current study examines on an exploratory basis if the criterion-related personality 

facet profile differs from that of the criterion-related FFM personality profile.  

Research Question 4: Do personality facets moderate the form and contribution of 

big five personality profiles over personality level (or elevation) in predicting (a) 

task performance and (b) organizational citizenship behaviors?  
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METHOD 

Participants 

Sample 1. Participants were 900 full-time, non-academic university employees 

from a large Midwestern university recruited from across eleven academic units. The 

most frequently represented job categories were clerical and office workers (31.9%), 

technical workers (17.3%), and noninstuctional professionals (14.8%). The mean age of 

the sample was 44 years old (SD = 10.85), and the majority were women (75.9%), White 

(88.8%), and had completed their baccalaureate degree (49.6%). Participants generally 

worked full-time (Mean = 41 hours per week, SD= 5.83) and had been at their job for 8 

years (SD = 8.02). For more details on this sample, see Sackett et al. (2006).   

Sample 2. Participants were 1,117 hourly retail employees from four 

organizations, a warehouse type retailer (n = 457; Sample 2a), grocery store retailer (n = 

200; Sample 2b), gas station with retail store chain (n = 269; Sample 2c), and an 

entertainment retailer (n = 191; Sample 2d). The majority of the sample was female 

(69.6%), fairly evenly split between those under 40 (56.4%) and those over 40 (43.6%), 

and ethnically diverse (45.4% White, 20.5% Black, 20.3% Hispanic, 9.8% Asian, and 4.0% 

other).  

Measures 

Personality. Sample 1 self-reported their FFM personality traits (i.e., 

conscientiousness, agreeableness, emotional stability, extraversion, and openness) using 

Goldberg‘s (1999) 50-item International Personality Item Pool (IPIP). Participants 
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indicated on a scale from 1 (very inaccurate) to 5 (very accurate) to what extent items 

were representative of their behavior.  

Sample 2 self-reported their personality traits on Kenexa® Work Styles for the 

purposes of selection. This personality inventory consists of 21 personality facets 

arranged hierarchically in seven domains: Achievement orientation (achievement/effort, 

persistence, initiative), conscientiousness (dependability, attention to detail, integrity, rule 

orientation), social influence (energy, leadership orientation, persuasion, positive 

orientation), interpersonal orientation (cooperation, concern for others/caring, social 

orientation), adjustment (self-control, stress tolerance, risk orientation, 

adaptability/flexibility), independence (independence), and practical intelligence 

(innovative, analytical). When aligning the personality facets measured in Kenexa® 

Work Styles to the FFM rationally, scale descriptions indicate that achievement 

orientation and conscientiousness tap the big five trait of conscientiousness, social 

influence taps the big five trait of extraversion, interpersonal orientation taps the big five 

trait of agreeableness, adjustment taps the big five trait of emotional stability, and 

independence and practical intelligence tap the big five trait of openness (see Table B1 in 

Appendix B for the classification of the present scales into the Five Factor Model). 

Due to time constraints, not all participants in Sample 2 across organizations were 

administered all 21 personality facets. In fact, only seven personality facets (i.e., initiative, 

dependability, attention to detail, energy, cooperation, self-control, and adaptability/ 

flexibility) were administered to all participants. Therefore to calculate FFM domain or 
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global scores (i.e., conscientiousness, agreeableness, emotional stability, extraversion, 

and openness) for each individual in our dataset, I averaged the available personality 

facet scale scores in that domain.
4
 Thus, participants in the current dataset varied with 

regard to how reliably their FFM personality traits were measured (i.e., scores for some 

participants are based on fewer scale indicators) and the extent to which their FFM score 

taps the global construct (i.e., the relative contribution of common variance from the 

FFM trait versus unique variance from a given personality facet), though individuals 

within the same organization were administered the same set of personality scales.   

Task performance. For participants in Sample 2, supervisors rated their task 

performance for research purposes on 10-12 items, on a scale from 1 (worse than most) to 

5 (better than most). Example item: ―Focuses his or her attention completely on the 

customer when they are present.‖   

Organizational Citizenship Behaviors (OCB). Participants in Sample 1 self-

reported the extent to which they engage in OCB on the 15-item measure developed by 

Laczo (2002). Participants indicated on a scale from 1 (never) to 4 (always) to what 

extent they engaged in various OCB. Example item: ―Show determination to stay with 

the organization despite hardships.‖ Using the present data, Sackett et al. (2002) found 

that a three-factor structure best fit the data, representing conscientious initiative, 

personal support, and organizational support.  

                                                           
4
 Given the proprietary nature of this instrument, I do not have access to item content or item-level data. 

Therefore, I was unable to calculate FFM personality scores based on shared variance from items within a 

domain as an alternative scoring strategy.  
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For participants in Sample 2, supervisors rated their OCB for research purposes 

on 10-20 items, on scale from 1 (worse than most) to 5 (better than most). In line with the 

distinction articulated by Sackett (2002), the behaviors assessed focus on those not core 

to the job tasks of the position (i.e., teamwork). Additionally, the behaviors measured 

focus primarily on helpful behaviors directed toward individuals within the organization 

(i.e., peers, team members) rather than the organization at large or external stakeholders 

(e.g., customers).  

Counterproductive Work Behaviors (CWB). Participants in Sample 1 self-reported 

the extent to which they engage in CWB on the 19-item measure developed by Bennett 

and Robinson (2000). (One item, ―Cursed at someone at work,‖ was omitted).  

Participants indicated on a scale from 1 (never) to 4 (always) to what extent they engaged 

in various CWB. Example item: ―Intentionally worked slower than you could have 

worked.‖ Using the present data, Sackett et al. (2002) found that a two-factor structure 

best fit the data, representing interpersonal and organizational deviance.  

Data Analysis Plan  

Structure of Performance. Sample 1 is a new analysis of data previously reported 

in Sackett et al. (2006). Sackett et al. had previously conducted confirmatory factor 

analyses of the OCB and CWB domains simultaneously, demonstrating that a five factor 

solution (i.e., OCB- conscientious initiative, OCB-personal support, OCB- organizational 

support, CWB- interpersonal deviance, and CWB-organizational deviance) best fit the 

data. The present study focuses on individual-directed (OCB-personal support and CWB- 
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interpersonal deviance) and organization-directed (OCB- organizational support and 

CWB- organizational deviance) performance behaviors, as the OCB-conscientious 

initiative dimension refers to extra effort expended toward the job (Coleman & Borman, 

2000).   

Unfortunately, confirmatory factor analyses could not be undertaken to examine 

the factor structure of supervisory-rated performance (i.e., task performance and OCB) in 

Sample 2 as only scale level data, rather than item-level data, were available. The 

observed correlation between supervisor-rated task performance and OCB in Sample 2, 

combining across the four subsamples, was high (r = .774), indicating substantial overlap 

between the two domains.  

Multiple regressions. As a counterpoint to the criterion-related profile 

methodology below, I ran a series of multiple regressions to illustrate the typical findings 

linking personality to performance from a variable-oriented perspective. First, I ran a 

series of regressions using the big five personality traits simultaneously to predict task 

performance, OCB, and CWB in Samples 1 and 2. Second, I ran a series of regressions 

using the big five personality traits simultaneously to predict interpersonal and 

organizational-directed OCB and CWB in Sample 1. Third, I ran regressions using the 

big five personality traits simultaneously to predict each performance facet separately for 

men and women in Samples 1 and 2. An alternative strategy would be to look at the 

gender X personality trait interaction in predicting performance. However, I chose the 

former strategy as I believe that it better approximated the person-oriented perspective 
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below. As gender is a naturally occurring subgroup, by running regressions within gender 

it better demonstrates how personality traits operate within that particular subgroup. Last, 

I ran regressions using personality facets to predict task performance and OCB in Sample 

2.  

Criterion-related profile methodology. Davison and Davenport (2002) articulated 

a four step procedure: (1) calculate a level score for each individual in the dataset, (2) 

identify the criterion-related profile and calculate a profile fit score for each individual in 

the dataset, (3) use multiple regression to calculate variance accounted for by profile and 

level effects, and (4) cross-validate the variance accounted for by profile and level effects 

(Culpepper, 2008).   

In the first step, a level score, an average score across the FFM personality 

variables, was calculated for each individual in the dataset. Since all personality traits 

within a given sample were measured on the same scale, I did not standardize predictor 

variables. Neuroticism was reversed scored such that higher scores reflect emotional 

stability in order to facilitate a more interpretable level effect (i.e., all traits scored in the 

socially desirable direction).   

In the second step, the criterion-related profile was identified and a profile fit 

score (i.e., average covariance between the individual‘s profile of scores and the 

criterion-related profile) was calculated for each individual in the dataset. I identified the 

criterion-related profile by running a standard multiple regression predicting each 

performance facet in turn from the FFM personality traits (i.e., task performance, OCB, 
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and CWB), then calculated the average unstandardized regression coefficient across the 

five personality traits, and finally ipsatized each personality coefficient around the 

average unstandardized coefficient to derive the criterion-related profile. Each personality 

trait was then tested to see if it was a significant marker of the criterion-related profile by 

testing to see if it was statistically significantly different from the average unstandardized 

regression coefficient across the big five (Davison & Davenport, 2002). Additionally, 95% 

two-tailed confidence intervals were calculated and graphed around each personality trait 

in the criterion-related profile, allowing inferences about whether the impact of a given 

personality trait differed from the other personality traits included in the profile. The 

profile fit score was then calculated as the covariance between each individual‘s 

personality profile and the criterion-related profile for each performance facet.  

In the third step, I ran a series of hierarchical multiple regressions to calculate 

variance explained due to level and profile effects for task performance, OCB, and CWB. 

First, I evaluated the predictive value of profile and level effects alone. Second, I 

examined if profile effects incremented over level effects in prediction and if level effects 

incremented over profile effects in prediction for each performance behavior. Last, I 

adjusted the degrees of freedom to conduct tests of statistical significance between 

models (i.e., estimating if the peaks and valleys of the criterion-related profile were 

statistically significantly different from the average unstandardized regression 

coefficient).  
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In the fourth step, I cross-validated the profile and level effects for task 

performance, OCB, and CWB using a double cross-validation strategy. First, I split my 

sample in half randomly and estimated the criterion-related profile in the derivation 

sample and calculated the profile fit score for each individual in the holdout sample. 

Second, I reversed the procedure to make the original derivation sample the new holdout 

sample and estimated the criterion-related profile in the original holdout sample. Third, I 

estimated the variance explained due to level and profile effects for each half of my 

samples.   

Moderators. First, the criterion-related profile methodology (steps 1-4 listed 

above) is repeated for individual and organization-directed OCB and CWB in Sample 1. 

Second, the criterion-related profile methodology was undertaken separately for men and 

women in both samples to examine if the resulting criterion-related profiles differed. 

Given that both Sample 1 and Sample 2 have larger proportions of women (~70%), cross-

validation of the results for men becomes important as the criterion-related profile for 

men is based on samples of a modest size.  

Last, using Sample 2, I investigated if the criterion-related personality profile 

derived from the FFM personality traits differed from the criterion-related personality 

profile derived from narrower personality facets. This allows me to begin to identify if 

certain personality facets were driving the results. Given that only 7 personality facets 

were measured across all participants, I concentrated on these facets. However, it should 

be acknowledged that a personality profile with 21 personality facets would likely be 
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untenable as multicollinearity between personality facets (particularly those tapping the 

same big five trait) would make replication and cross-validation of results unlikely. 

Fortunately, the seven facets investigated represent four of the FFM traits, with initiative, 

dependability, and attention to detail mapping onto conscientiousness, energy mapping 

onto extraversion, cooperation mapping onto agreeableness, and self-control mapping 

onto emotional stability. Only openness to experience was not represented. Note that 

conscientiousness was more strongly represented than the other personality traits. 

However, examination of the correlations between initiative, dependability, and attention 

to detail indicated that multicollinearity should not be a major concern as correlations 

between these three facets were moderate (r = .37- .59).  

Proposed new methods. In addition to utilizing the Davison and Davenport (2002) 

criterion-related profile methodology to bring a person-oriented, configural perspective to 

the relationship between personality and performance, a secondary goal of the present 

study was to build upon this methodology in some way. In service of this goal, I 

employed two new analytic techniques in my attempt to better understand the relationship 

between personality level effects, profile effects, and performance.   

 One of the major advantages of the Davison and Davenport (2002) approach was 

that the methodology is explicitly criterion-focused
5
. It identified a single profile that is 

most strongly related to the outcome of interest. However, from a person-oriented 

                                                           
5
 It is worth noting that if the linear model of the present analysis holds (which is not necessarily the case), 

there may be multiple patterns associated with the criterion, but each one is related to the criterion only to 

the extent that it is related to the criterion pattern. 



 
 

75 
 

perspective, a single profile was somewhat unsatisfying as one of the tenets of this 

approach is that often there are meaningful subgroups and this approach essentially 

treated all ―misfit‖ as equal, when in reality the nature of the misfit may be informative 

for description or prediction purposes.  Given this concept, I explored the utility of a 

hierarchical criterion-related profile approach whereby I examined whether a different (or 

second) criterion-related profile emerged for individuals for whom the initial criterion-

related profile resulted in relatively inaccurate prediction of performance. 

 Once a criterion-related profile has been identified and cross-validated, I 

calculated the predicted criterion score for each individual based on a regression equation 

of level and profile effects. The residual (i.e., difference between the predicted and actual 

criterion score) varied in the sample. For some individuals, the predicted score closely 

approximated the actual score. For others, their predicted score appeared to be quite 

different from their actual score, suggesting that these individuals might belong to a 

different subgroup for which the regression equation may not be optimized. Once these 

individuals (or subgroup) were been identified, I re-estimated the criterion-related profile 

for this group of individuals and assessed the relative predictive power of profile and 

level effects. If a different criterion-related profile emerged, this suggested that there may 

be multiple pathways to predicting the same behavior, supporting the concept of 

equifinality. One potential problem with this approach was that there was no natural 

yardstick by which to measure ―fit,‖ as fit (or residuals) will be along a continuum, and I 

needed to establish an arbitrary cutoff to identify this group of ―misfits.‖ Another 
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potential problem with this approach was that there may be more than two subgroups, or 

criterion-related profiles, and it may be difficult to define the point at which a sufficient 

number of people have been adequately described and there are likely diminishing returns 

to continuing to identify new subgroups.   

Another observation of the literature is that cluster analytic methods, arguably the 

most common way in which predictor configurations are examined, combine level and 

profile effects in creating subgroups. Both Waters and Sackett (2006) and Block and 

Block (1980) find that the most adaptive and functional personality type consists of one 

that is high across the board on desirable personality traits. However, existing research 

has also shown that cluster analytic methods do not appear to increment over our existing 

linear, additive models in predicting outcomes of interest (e.g., Waters & Sackett, 2006; 

Schmitt et al., 2007). I explored whether this finding is due in part to the fact that level 

and profile effects are conflated in existing cluster analytic solutions and whether profile-

based clusters that remove level effects may be more effective for both description and 

prediction purposes.  

The first step to examining this question was to calculate a level score for each 

person to capture the fact that people vary on this component. Then, each individual‘s 

scores were turned into a set of deviations around their own mean (i.e., person-centered). 

Rather than using their raw scores, these scores that remove the effect of level served as 

the inputs to the cluster analysis. The resulting cluster analytic solution represented 
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differences purely in profiles across individuals. Subsequently, I quantified to what extent 

profile clusters incremented over the main effects of predictors.      

RESULTS 

Sample 1  

Table 1 shows the multiple regression results of using the Big Five personality 

traits to predict organizational citizenship behaviors and counterproductive work 

behaviors in Sample 1 (see Table A1 in the Appendix for Sample 1 correlations). In line 

with the previous research literature, personality traits were moderately strong predictors 

of performance with each of the big five personality traits contributing independently to 

the prediction of OCB (R
2 

= .27), and conscientiousness, agreeableness, and emotional 

stability statistically significantly predicting CWB (R
2 

= .25). The regression results from 

Table 1 were then used to identify the criterion-related personality profile for OCB and 

CWB, respectively (see Figure 3). The criterion-related personality profile for OCB is 

characterized by within-person elevations (i.e., compared against that individual‘s mean 

personality elevation) on openness and agreeableness and within-person dips on 

emotional stability and extraversion (see Figure 3). Note that conscientiousness was not a 

statistically significant marker of the OCB criterion-related profile. In contrast, the 

criterion-related personality profile for CWB is characterized by within-person elevations 

on extraversion and openness and within-person dips on agreeableness and 

conscientiousness, in particular. Note that emotional stability was not a statistically 

significant marker of the CWB criterion-related profile.  
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Once the criterion-related profile is identified, we can parse the predictive power 

of personality traits into level and profile effects. Table 2 reports the percentage of 

variance explained in the outcome due to level and profile pattern effects for OCB 

(Research Question 1a) and CWB (Research Question 1b) in Sample 1. For OCB, in the 

total sample we see that profile pattern alone explains 0% of the variance, while level 

alone explains 23.8% of the variance. However, there appear to be suppressor effects as 

profile pattern does increment over level in predicting OCB (R
2 

= 2.9%, p < .05). 

However, our double-cross validation procedure indicates that the predictive power of 

personality traits in predicting OCB lies in personality level rather than personality 

profile pattern, as personality profile pattern did not consistently or statistically 

significantly increment over personality level in predicting OCB in both cross-validation 

samples. Thus, rather than any particular personality trait being predictive of whether an 

individual is likely to engage in OCB, it appears that individuals who tend to be high, on 

average, across all five personality traits of extraversion, agreeableness, emotional 

stability, conscientiousness, and openness are more likely to engage in OCB.  

In contrast, for CWB, we see that profile pattern (R
2 

= 5.4%, p < .05) and level 

(R
2 

= 15.5%, p < .05) were both significant predictors of CWB and both incremented 

over the other in prediction (R
2 

= 9.0% and 19.2%, p < .05, respectively), though 

personality level explained a greater percentage of the variance. Thus, individuals who 

tend to be high across all Big Five personality traits are less likely to engage in CWB. 

However, those who exhibited a personality profile pattern similar to the criterion-related 
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profile identified were more likely to engage in CWB. Both level and profile pattern 

contributed independently and incrementally to the prediction of self-reported CWB. 

Overall, the present findings show that the relative predictive power of personality level 

and profile pattern differs for OCB and CWB, with OCB being predicted by personality 

level and CWB being predicted by both personality level and profile pattern.  

Target of behavior. Table 1 also shows the multiple regression results of using 

Big Five personality traits to predict organizational citizenship behaviors and 

counterproductive work behaviors directed toward individuals (OCB-I and CWB-I) and 

the organization (OCB-O and CWB-O; Research Question 2). Overall, OCB-I and OCB-

O were similarly predicted by Big Five personality traits. Generally the big five 

contributed independently to the prediction of OCB-I and OCB-O, except extraversion ( 

= .05, p >.05) was a non-significant predictor of OCB-I and conscientiousness ( = .06, 

p > .05) was a non-significant predictor of OCB-O. The criterion-related profile identified 

for OCB-I is characterized by within-person elevation on agreeableness and within-

person dips on emotional stability, extraversion, and conscientiousness (see Figure 3; 

openness was not a statistically significant marker of the criterion-related profile). 

Similarly, the criterion-related profile for OCB-O is also characterized by within-person 

elevation on agreeableness and within-person dip on emotional stability, as the other 

three personality traits were not statistically significant markers of the criterion related 

profile (see Figure 3). Table 2 also shows the relative contribution of personality profile 

pattern and level to the prediction of OCB-I and OCB-O. Similar to overall OCB, both 
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OCB-I and OCB-O were primarily predicted by personality level rather than personality 

profile (R
2
 for personality level over personality profile pattern = 20.8% and 13.2%, p 

< .05, respectively). However, personality profile pattern did consistently and statistically 

significantly increment over personality level in predicting OCB-I, though the percentage 

of variance attributable to profile pattern was relatively modest (R
2 

= 4.1%, p < .05 in 

the total sample).    

For CWB, Table 1 shows that consistent with overall CWB, the significant 

personality predictors of CWB-I and CWB-O are emotional stability ( = -.24 and .15, p 

<.05, respectively) and conscientiousness ( = -.09 and -.37, p <.05, respectively), though 

agreeableness was only a significant predictor of CWB-I ( = -.30, p < .05) and 

extraversion emerged as being predictive of both CWB-I and CWB-O ( = .14 and -.08, p 

<.05, respectively). The criterion-related profile identified for CWB-I was characterized 

by within-person elevation on extraversion and agreeableness and to a lesser extent 

openness and within-person dip on emotional stability (see Figure 3; note that 

conscientiousness was not a statistically significant marker of this criterion-related 

profile). The criterion-related profile identified for CWB-O was characterized by within-

person elevation on openness, less pronounced elevation on agreeableness and 

extraversion, and an extreme within-person dip on conscientiousness (see Figure 3; note 

that emotional stability was not a statistically significant marker of this criterion-related 

profile). Similar to overall CWB, both personality level and personality profile pattern 

independently and incrementally predicted CWB-I and CWB-O, in both the total sample 
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and cross-validation samples (see Table 2). Thus, individuals who report being high 

across all Big Five personality traits also report engaging in fewer CWBs, and those 

whose personality profile pattern is a close match to the criterion-related profile (holding 

constant personality level) are more likely to report engaging in CWBs.  

Overall, the target of the behavior, directed toward individuals or directed toward 

the organization, does not appear to change the relative contribution of personality level 

versus personality profile pattern in predicting OCB and CWBs. For OCB, personality 

level rather than personality profile pattern carries predictive weight, regardless of the 

target of the helpful behaviors, while for CWB, both personality level and profile pattern 

contribute to predicting these behaviors that harm the legitimate interest of the 

organization. While the pattern of results is consistent for OCB and CWB across targets, 

the criterion-related profile identified does vary by the particular criterion. Specifically, 

while both CWB-I and CWB-O are characterized by within-person elevation on 

extraversion, openness, and agreeableness, CWB-I is also characterized by a within-

person dip on emotional stability and CWB-O is also characterized by an within-person 

dip on conscientiousness.  

Gender. Table 3 reports the multiple regression results of Big Five personality 

traits predicting OCB and CWB separately for men and women (Research Question 3). 

Overall, the pattern of results is largely consistent across gender, with each of the Big 

Five independently contributing to the prediction of OCBs for both men and women 

(except for emotional stability for women). For both men and women, the integrity-
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related traits of emotional stability, agreeableness, and conscientiousness emerged as 

predictive of CWBs. Based on these regression results, I identify the criterion-related 

personality profile for OCB and CWB separately for men and women (see Figure 4). The 

criterion-related profile for OCB for men is characterized by within-person elevation on 

agreeableness and within-person dip on emotional stability, as the other three personality 

traits were not statistically significant markers of the profile. For women, the criterion-

related OCB is characterized by within-person elevation on openness and within-person 

dips on extraversion and emotional stability. Table 4 reports the relative contribution of 

personality profile and profile pattern in predicting OCB separately for men and women. 

The pattern is consistent across gender, with personality level rather than personality 

profile pattern carrying the predictive weight for both men and women. 

The findings of the relative predictive power of personality level and personality 

profile by gender were also consistent for CWB. Table 4 shows that while personality 

level was a stronger predictor of CWB than personality profile pattern, both level and 

profile contributed independently and incrementally over the other in predicting CWBs in 

the full sample and cross-validation samples. Additionally, the CWB criterion-related 

personality profiles identified for men and women are similar, with within-person 

elevations on extraversion and openness and within-person dips on conscientiousness 

(and emotional stability for men; see Figure 4).  Overall, both the pattern and form of the 

relationship between personality configurations and performance appears to operate 

similarly for men and women.  
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New methods. To examine whether clusters that remove the influence of level 

effects lead to cleaner and more interpretable cluster solutions, first I ran a series of 

cluster solutions ranging from 2 through 10 clusters using k-means cluster analysis on 

one half of my sample (i.e., development sample) using person-centered personality 

deviations as inputs into the analysis. To identify the most appropriate cluster solution for 

the present data, I utilized a statistical approach whereby cluster membership was dummy 

coded and I examined the percentage of variance explained in the outcome for each 

cluster solution in the development sample. Table 5 shows that across the two criteria for 

Sample 1, OCB and CWB, a 9 cluster solution appears to maximize variance explained in 

the development sample. Then the same 9 cluster solution was used to classify 

participants in the holdout sample. Participants were classified into one of the nine 

clusters by calculating their distance from the centroid of each cluster using squared 

Euclidean distance and then were assigned to the cluster whose centroid they were closest 

to (i.e., minimized their squared Euclidean distance).  

Table 6 reports the descriptive statistics for each cluster when applied to the 

holdout sample. The groups with the highest average OCB scores were clusters 4 and 5 

(Mean = 3.44). While the two groups had the same average OCB scores, descriptively 

their personality configurations was different. Both clusters were characterized by 

slightly lower scores on emotional stability, slightly elevated scores on openness, and 

near mean scores on conscientiousness (relative to each individual‘s mean personality 

elevation). However, cluster 4 was also characterized by lower scores on extraversion and 
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elevated scores on agreeableness (relative to each individual‘s mean personality 

elevation), while cluster 5 was characterized by close to the mean scores on extraversion 

and slightly depressed scores on agreeableness (relative to each individual‘s mean 

personality elevation). Thus, it appears that there might be multiple pathways to engaging 

in the same frequency of OCB behaviors, as two groups with different personality 

configurations both reported an equivalent level of helpful workplace behaviors.  

Cluster 1 was the group that engaged in the highest self-reported frequency of 

CWBs. Individuals in Cluster 1 had the personality configuration of being within-person 

dampened on emotional stability and extraversion, at their personal mean on 

conscientiousness, and within-person elevated on openness and agreeableness. Thus, 

these individuals appear to be interpersonally and environmentally-oriented, but also less 

emotionally stable and extraverted. In contrast, Cluster 6 was the group who reported the 

least frequent CWB. Cluster 6 was characterized by within-person dips on openness and 

extraversion and within-person peaks on agreeableness and conscientiousness with a 

more modest peak for emotional stability. Interestingly, cluster 6 members engaged in 

both OCB and CWB least frequently compared to the other groups, indicating that 

perhaps this group is less affectively engaged with work (i.e., introverted and more closed 

off) and appears to possess a ―keep your head down and keep pushing through‖ mentality 

that makes them less likely to engage in both desirable and undesirable extra-role 

behaviors.  
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In the holdout sample, the 9 cluster solution (i.e., dummy-codes for cluster 

membership) explained 1.4% of the variance in OCBs and 7.5% of the variance in CWBs. 

Thus, cluster membership appears to be a stronger predictor of CWB than OCB in the 

present study. However, cluster membership did not increment over the big personality 

traits as a set in predicting OCBs (R
2
 = 0.9%, p > .05) or CWBs (R

2
 = 1.1%, p > .05). 

Thus it appears that a configural approach focusing on personality profiles that remove 

the effect of personality level does not increment over our traditional, linear, and additive 

models linking personality to performance. Similar to the results on the criterion-related 

profile analyses where profile fit was related to variance explained in CWBs, cluster 

membership did increment over personality level in predicting CWBs (R
2
 = 7.1%, p 

< .05), but not OCBs (R
2
 = 2.2%, p > .05).  

As an alternative method, I also examined the extent to which multiple criterion-

related profiles can be identified, particularly using individuals for whom the original 

profile showed relatively poor prediction. First, I calculated a predicted OCB and CWB 

score for each individual in the dataset based on the regression equation with both 

personality level and profile fit based on the total sample (that was previously cross-

validated above). Then, I calculated a residual score for each individual, subtracting the 

predicted score from the actual score. Since I‘m interested in identifying individuals for 

whom the regression equation provides a poor prediction (or fit), it does not matter if the 

regression equation over-predicts or under-predicts the score of the individual and so I 

take the absolute value of the residuals. Across the sample, the mean absolute value 
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residual for OCB is 0.23 (SD = 0.19) and the mean absolute value residual for CWB is 

0.18 (SD = 0.15). While fit is a continuous variable, to identify individuals for whom the 

existing equation is less efficient, I identify individuals whose residual is one standard 

deviation or more above the mean, resulting in the identification of 136 individuals for 

OCB (absolute residual ≥ .421; Mean = .57, SD = .19) and 116 individuals for CWB 

(absolute residual ≥ .334; Mean = .47, SD = .18).  

Using these individuals for whom the equation provides poor prediction, I then 

identify a new criterion-related profile for OCB and CWB (see Figure 5). Due to the 

relatively small sample size for both criteria, note that none of the big five are statistically 

significant markers of either of the criterion-related profiles (i.e., none of the deviations 

are statistically significantly different from zero). Table 7 reports the relative contribution 

of personality level and profile for this set of individuals. While both personality level 

and personality profile predict OCB and CWB, the percentage of variance explained is 

small for both variables, separately and jointly. Overall, it appears that individuals for 

whom the original regression equation consisting of personality level and fit for criterion-

related profile were poorly predicted were individuals for whom personality traits appear 

to be a poor predictor of their workplace behaviors (3.3% and 4.0% of the variance for 

OCB and CWB, respectively), rather than individuals for whom an alternate personality 

profile would better predict their job performance. 

The previous strategy combined individuals whose predicted performance was 

either consistently over- or under-predicted by the regression equation with both the 
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personality level or criterion-related profile fit score to derive one criterion-related profile. 

However, it could be the case that individuals who are systematically over-predicted 

differ from those who are systematically under-predicted in terms of the predictive 

personality profile (or pattern of results), so I also estimated separate criterion-related 

profiles for these two subgroups, though the number of individuals in each group is small. 

I identified individuals whose residuals were over-predicted by one standard deviation or 

greater (OCB n= 78; CWB n= 50) or under-predicted by one standard deviation or 

greater (OCB n= 58; CWB n= 66). Table 8 presents the results for over- and under-

predicted groups for both the OCB and CWB criteria. The same overall pattern of results 

as based on the whole sample was found for these groups for which the overall regression 

equation provides less accurate prediction. For OCB, personality level rather than profile 

is still more predictive, and the criterion-related personality profile identified is very 

similar to the one identified from the overall sample (see Figure 6). For CWB, personality 

level and profile both contribute independently to the prediction of the criterion, and the 

criterion-related profile identified in the over-predicted and under-predicted groups are 

similar to each other as well as to the criterion-related profile identified from the overall 

sample (i.e., the CWB criterion-related profile across these different subgroups appear to 

be characterized by within-person elevation on extraversion and within-person dip on 

conscientiousness). These analyses indicate that it does not appear that among individuals 

for whom the existing regression equation predicts poorly, that prediction can be 

improved by identifying an alternate criterion-related profile as the same criterion-related 
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profile appears to be identified even among these extreme groups. Also, a clearer picture 

is obtained by examining those who were systematically over-predicted and under-

predicted separately rather than together.   

Overall, it appears that neither of the new methods employed in the present study 

proved to be promising in augmenting our understanding of the relationship between 

personality traits and performance behaviors. For the cluster analytic approach, removing 

level effects did not result in cleaner, more interpretable clusters or subgroups, and the 

resulting subgroups identified did not increment above the big five in the prediction of 

OCB or CWB. For the residual approach, while I was able to identify a subset of 

individuals for whom our existing equation predicts less efficiently, these individuals 

were not characterized by a different criterion-related profile (either together or when 

separately examining those who were over-predicted and under-predicted). Thus, these 

new methods were not applied to Sample 2 of Study 1, as Sample 2 had smaller samples 

that were less amenable to both methods, but were employed in Sample 1 in Study 2 to 

examine if this pattern of findings were attributable to the particular criteria examined in 

Study 1.   

Ranking. A practical question is whether the same set of individuals would be 

selected based on different selection systems. Table 9 compares individuals in Sample 1‘s 

ranked on six different selection systems: (1) conscientiousness, (2) personality level, (3) 

fit with CWB-related personality profile, (4) fit with OCB-related personality profile, (5) 

regression-weighted composite of the big five for OCB, and (6) regression-weighted 
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composite of the big five for CWB. (Note that the ranking system employed allows ties in 

rank). I selected conscientiousness as a comparison as it is the personality trait most 

consistently shown to be related to performance criteria across settings in the research 

literature. The ranking of individuals based on these six different possible selection 

systems ranged from uncorrelated (r = .03 for profile fit OCB and regression-weighted 

composite of the big five for OCB) to highly correlated (r = .94 between level and 

regression-weighted composite for OCB). In the present sample, ranking based on the 

regression-weighted big five composite for OCB was the most strongly related to OCB (r 

= -.50), followed by personality level (r = -.47), though the two systems would largely 

select the same individuals. The strongest predictor of CWB was the regression-weighted 

big five composite for CWB (r = -.48) followed by conscientiousness ( = .40) and 

personality level (r = .38) and there is slightly less overlap between the individuals 

selected by these three systems (r = .47-.78).  

Sample 2 

As a complement to Sample 1, which utilizes self-report performance behaviors, 

Sample 2 utilizes supervisor-reported performance measures. Table 10 shows the 

multiple regression results of using the Big Five personality traits to predict task 

performance and organizational citizenship behaviors in Sample 2 (see Table A2 and A3 

in the Appendix for Sample 2 correlations). In contrast to Sample 1, only one subsample 

in Sample 2 (Sample 2a) had scores for all five of the big five traits, the other three 

subsamples (Sample 2b, 2c, and 2d) were not assessed on the personality trait of 
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openness. As a set, personality traits explained between 3-15% of the variance in task 

performance and 3-14% of the variance in OCB across samples, with personality traits 

being more predictive for Sample 2d compared to the other three subsamples. The most 

consistent predictor of task performance and OCB across subsamples appears to be 

conscientiousness.  

The regression results from Table 10 were then used to identify the criterion-

related personality profile for task performance (see Figure 7) and OCB (see Figure 8). 

Across subsamples, there appears to be heterogeneity in the criterion-related profile 

identified for both criteria. For the criterion of task performance, the profile pattern 

identified appears to be characterized by within-person elevation on conscientiousness, 

and possibly a within-person dip on emotional stability. For the criterion of OCB, a 

similar criterion-related pattern was also identified, which is not surprising given the high 

correlation between supervisor ratings of task performance and organizational citizenship 

behaviors (see Tables A2 and A3 in the Appendix for correlations).     

 Table 11 reports the percentage of variance explained for task performance and 

organizational citizenship behavior due to level and profile pattern effects for each of the 

four subsamples in Sample 2 as well as aggregated across the four hourly retail worker 

samples (Research Question 1). There appears to be quite a bit of variation across 

samples as to whether personality level or personality profile carries more weight in 
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prediction
6
. For two samples (Sample 2a and Sample 2c), it appears that personality level 

carries more weight than personality profile pattern, and for the other two (Samples 2b 

and 2d), personality pattern appears to carry more predictive value. When combining the 

four subsamples, it appears that personality profile pattern carries more weight than 

personality level in predicting task performance, while both personality profile pattern 

and personality level contribute similarly in predicting OCBs.  

 Given the variation in both the amount of variance explained by personality traits 

as well as the criterion-related personality profile identified across the subsamples in 

Sample 2, I conducted a meta-analysis of the relationship between personality level and 

profile pattern effects for both criteria (see Table 12). Note that Sample 2d, the subsample 

with the smallest sample size, appears to be the outlier of the four subsamples in terms of 

both the magnitude of effects and the direction of the correlations. Contrary to combining 

the four subsamples in one analysis (see above), the sample size weighted, meta-analytic 

average across the four subsamples indicates that for both task performance and OCB, 

profile fit (r = .17 and .16, respectively) is a slightly stronger predictor of the criteria than 

personality level (r = .11 and .09, respectively), though the absolute magnitude of both 

predictors is relatively modest in predicting the present performance criteria.  

 Another way to capture and examine variation across the subsamples instead of 

meta-analysis is to utilize hierarchical linear modeling (HLM) looking at individuals 

                                                           
6
 To facilitate aggregation with the other three subsamples, note that in all analyses using Sample 2a were 

based on a criterion-related personality profile excluding the trait of openness as the criterion-related 

profile identified from all five personality traits and the criterion-related profile excluding openness appears 

to be similar (see Figure 7 and 8) for both the task performance and OCB criteria.  
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nested within the four organizations. Intraclass correlations indicate that 13.83% of the 

variance in task performance and 4.71% of the variance in OCBs is attributable to 

organization, making HLM an appropriate analytic framework allowing us to model 

dependencies in the data.  Both level (γ  = .20, p <.05) and profile fit (γ  = 2.36, p <.05) 

were statistically significant predictors of task performance. However, a deviance test 

comparing two models indicates that a model that estimated variation in slopes in level 

and profile fit did not fit the data better than the model that did not model these as 

random effects (X
2
(5) = 9.52, p > .05). Similarly, both level (γ = .21, p < .05) and profile 

fit (γ  = 3.54, p < .05) were also statistically significant predictors of OCBs, but the 

deviance test indicated modeling variation in slopes did not statistically significantly 

improve the fit of the model to the data (X
2
(5) = 6.31, p > .05). However, the lack of an 

improvement in fit from modeling variation in slopes in the present data may be 

attributable to the small number of level 2 units (i.e., four organizations) in the present 

study.   

 Gender. Given the relatively modest sample size of the present subsamples, which 

would be further exacerbated when examining criterion-related profiles separately by 

gender, I examined the moderating effect of gender on the relative contribution of 

personality level and personality profile pattern only on the combined sample. While this 

is not ideal given the variation demonstrated across the subsamples, the prior hierarchical 

linear modeling analyses indicate that modeling these variations may not improve model 

fit and the meta-analysis indicates that the variation found among the samples can all be 
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attributed to sampling error. However, these results should be viewed cautiously as only a 

smaller number of organizations and sample contributed to these analyses, which may be 

affected by second-order sampling error.   

Table 13 reports the multiple regression results for men and women separately in 

predicting task performance and OCBs in Sample 2. The same pattern of results were 

generally obtained for men and women, with emotional stability ( = -.24 and -.19, p 

<.05), extraversion ( = .21 and .20, p <.05), and conscientiousness ( = .24 and .15, p 

< .05) being statistically significant predictors of task performance and conscientiousness 

( = .32 and .21, p < .05) being a statistically significant predictor of OCB (and 

emotional stability being a negative predictor of OCB only for women,  = -.12, p < .05).  

Figure 9 exhibits the criterion-related profiles for men and women for task performance 

and OCB. The criterion-related profile for task performance for both men and women is 

characterized by within-person elevation on extraversion and within-person dip on 

emotional stability. For men, the task performance-related profile is also characterized by 

within-person elevation on conscientiousness (the same pattern is found for women, but 

conscientiousness is a non-significant marker of the profile).  The OCB-related profile for 

both men and women is characterized by within-person elevation on conscientiousness, 

and for women is also characterized by within-person dip on emotional stability. Overall, 

there appears to be congruence between the criterion-related profile identified for men 

and women for both performance criteria.  
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    Table 14 reports the relative contribution of personality level and profile for 

men and women (Research Question 3). For task performance, men‘s task performance 

appears to be primarily predicted by personality profile pattern rather than personality 

level. In contrast, for women, personality profile and level appears to predict task 

performance comparably, though the absolute predictive power of both is modest. For 

both men and women, OCBs appear to be predicted more strongly by personality level 

than personality profile, though the cross-validation results are somewhat inconsistent for 

women. Overall, both the criterion-related profile identified and the pattern of results 

appears to be similar for men and women.    

 Facets. Table 15 reports the multiple regression results for the seven personality 

facets (i.e., self-control, adaptability, energy, cooperation, initiative, dependability, and 

detail orientation) administered to all 1,117 individuals in Sample 2. While there appears 

to be variation across subsamples (as the personality facets as a set are only modestly 

related to the two criteria being examined, R
2 

= .04 - .18), the most consistent personality 

facet predictor appears to be the conscientiousness facet of initiative for both task 

performance and OCB. Figure 10 shows the personality facet based criterion-related 

profile for task performance and OCB.  The criterion-related profiles for task 

performance and OCB are very similar, with within-person dips on the emotional 

stability facets of self-control and adaptability and within-person elevation on the 

conscientiousness facet of initiative. The task performance-related personality profile is 

also characterized by within-person elevation on the extraversion facet of energy. Thus, 
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there appears to be great consistency between the criterion-related profiles identified 

based on the big five personality traits as well as narrower personality facets. It is 

interesting to note that both self-control and adaptability within the emotional stability 

domain show the same pattern (i.e., both are significant markers of the personality profile) 

while the within-person elevation in the conscientiousness domain appears to be driven 

by the personality facet of initiative rather than dependability or detail orientation for 

both task performance and OCB.  

  Table 16 shows the relative contribution of personality facet level and personality 

facet profile in predicting task performance and OCB (Research Question 4). Fit with the 

task performance-related profile (R
2 =

 .07), specifically within-person elevation on energy 

and initiative and within-person dips on self-control and adaptability, is more predictive 

of task performance relative to personality level (R
2 =

 .02). In contrast, OCB is similarly 

predicted by personality level (R
2 =

 .02) and personality profile (R
2 =

 .03).  

 Rankings. Table 17 compares the rank of individuals on seven different selection 

systems: (1) the personality facet of initiative, (2) the personality trait of 

conscientiousness, (3) personality level, (4) fit with task performance-related personality 

profile, (5) fit with OCB-related personality profile, (6) regression-weighted big five 

composite for task performance, and (7) regression-weighted big five composite for OCB. 

(Note that the ranking system employed allows ties in rank). In contrast to sample 1, the 

ranking of individuals based on the first three selection systems (i.e., conscientiousness, 

initiative, personality level) are very similar (r = .74 - .90), suggesting that 
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conscientiousness may be helping to drive the level effect. Not surprisingly, given the 

similarity in the criterion-related profile identified for task performance and OCB, the 

ranking of individuals based on these two systems are also similar (r = .84). The ranking 

systems most strongly related to task performance was the regression-weighted big five 

composite for task performance (r = -.25), followed closely by initiative, task 

performance profile fit, and regression-weighted big five composite for OCB (r = -.23 for 

all three systems). It‘s interesting to note that the correlations between these three 

systems were generally modest (r = .25, .62, and .83), suggesting that there might be 

different pathways to the same level of validity.  The ranking system most strongly 

related to OCB was regression-weighted big five composite for OCB (r = -.19) and 

initiative. Similar to above, while the two systems were similarly predictive, the overlap 

in ranking was not isomorphic (r = .74), indicating that different individuals (at least in 

part) may be selected when using these two systems.  

Meta-analysis of study 1 results 

 Table 18 reports the meta-analytic results of the predictive power of personality 

level and profile in predicting OCB and task performance. Table 18 differs from Table 12 

(Meta-analysis of sample 2 of study 1) in that it includes both sample 1 and sample 2 of 

study 1 in examining the correlation between personality level and OCB and personality 

profile and OCB. Table 18 reaffirms that personality level ( = .27) rather than 

personality profile ( = .09) is more predictive of OCB. However, the variation across the 

samples cannot be attributable solely to sampling error, as sampling error only explains 5% 
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and 22% of the variance in level-OCB and profile-OCB relationships, respectively, 

leaving residual (or non-artifactual) variance that needs to be explained. Thus, future 

research will need to examine and uncover moderators of the level-OCB and profile-OCB 

relationships.  

DISCUSSION 

The present study demonstrates that our current understanding of the relationship 

between personality and job performance can be expanded by isolating and 

understanding the unique effects attributable to personality level versus profile pattern. 

Interestingly, the pattern of effects differs by the three performance facets examined—

task performance, organizational citizenship behaviors, and counterproductive work 

behaviors. Task performance was primarily predicted by fit with a personality profile 

characterized by within-person peaks on extraversion and conscientiousness and within-

person valleys on emotional stability. The relative contribution of personality level and 

profile in predicting organizational citizenship behavior varied by sample, with self-

report OCBs being predicted by personality level while supervisor-rated OCBs were 

predicted by both personality level and a personality profile characterized by a within-

person peak on conscientiousness and a within-person valley on emotional stability. 

Counterproductive work behaviors were predicted by both personality level and fit with a 

personality profile characterized by within-person peaks on extraversion and openness 

and a within-person valley on conscientiousness—a mirror image to the profile identified 

for task performance. In general, these effects were cross-validated and demonstrated 
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consistency across gender. There was some indication that the target of the behavior 

moderated the criterion-related personality profile associated with counterproductive 

work behaviors and that the personality facet of initiative, rather than the facets of 

dependability and detail orientation, was driving the criterion-related profile results in the 

conscientiousness domain.   

In some ways, the present study may help to raise more questions than it answers 

and points to several avenues of future research given the scarcity of research in this 

domain. A major question that remains is whether the present results, while cross-

validated in the current samples, will generalize to other populations and settings as 

substantial variation was observed even within the present study across subsamples. 

However, it appears that this variation cannot be attributable simply to sampling error (or 

random variation), as the present meta-analytic research demonstrates that there is  still 

variation left to be accounted for once sampling error is removed. Given that I find a 

different pattern of results for self-report and supervisor-report OCBs, future research 

should examine if the remaining variance is attributable to the rating source for 

performance criteria (i.e., self-report versus other-report). The present results also suggest 

that the criterion-related profiles in certain personality domains may be driven by 

particular personality facets. Future research should continue to explore this idea with a 

larger, more comprehensive set of personality facets and examine if the remaining 

variance is attributable to differences in predictor and/or criterion measurement 

(particularly differences in construct coverage). Generally, future research should seek to 
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replicate the current findings and to see if the same criterion-related profiles emerge in 

other samples as well as the pattern of effects for the relative contribution of personality 

level and profile fit. 

 Given the ubiquity of variable-oriented studies linking personality traits to job 

performance in the research literature, the present study represents one of the few studies 

using a configural approach to understand the relationship between these two domains. 

The present study indicates that the relationship between personality configurations and 

performance is complex, likely varying by the performance criteria and set of personality 

traits being examined, and is deserving of further research.  
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STUDY 2 

LITERATURE REVIEW 

 While I-O psychologists have made great strides toward explicating the domain of 

job performance in general (cf. Campbell et al., 1993), a particular category of 

individuals have been the intense focus of psychological inquiry regarding their traits, 

behaviors, and evaluations given their important location within organizations of all 

types—leaders. Van Vugt, Hogan, and Kaiser (2008) have argued that leadership is a 

defining and fundamental feature of human societies, and that leadership evolved out of 

our ancestral need to deal with problems of social coordination and integration within 

complex social groups. Given that leaders can be found, both formally and informally, in 

many spheres of our daily lives, not surprisingly a correspondingly large psychological 

research literature has developed examining the personal and contextual antecedents to 

leadership as well as the outcomes of leadership. The present study focuses on one 

personal antecedent of leadership, personality, and examines the relationship between 

personality traits and ratings of leadership behavior and effectiveness from a configural 

perspective.     

Within the psychological literature, leadership is generally defined as the process 

of influencing or directing group behavior toward the accomplishment of group goals 

(Van Vugt et al., 2008). In the organizational context, this is usually translated into a 

leader (or manager) persuading and inspiring team members to attain proximal team 

goals that are aligned with more distal organizational goals. Note that while some 
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scholars have articulated conceptual differences between leadership and management 

(Kotter, 1990; Kotterman, 2006; Zaleznik, 2004), with leadership being concerned with 

the visionary and motivational aspects of group performance and management being 

concerned with the day-to-day administrative aspects of group coordination and action 

(i.e., planning, budgeting), practically most measures of leadership tap into both types of 

behaviors (and show that all leadership behaviors are highly intercorrelated; e.g., Scullen, 

Mount, & Goff, 2000) and the study of organizational leaders has essentially been 

operationalized, almost exclusively, as the study of managers. Thus, in the present study I 

treat leadership and managerial performance as interchangeable.  

Explicating the Domain of Leadership 

 Leader emergence versus effectiveness. In the research literature, scholars often 

distinguish between two related leadership concepts, leader emergence and leader 

effectiveness (Hogan & Kaiser, 2005). Leader emergence refers to the finding that certain 

individuals are more likely to seek out and attain power or social status within a group, 

often because they are perceived by others as fitting a ―prototype‖ of what successful 

leaders are like (e.g., Lord et al., 1986; Lord, Foti, & de Vader, 1984). Leader 

effectiveness, in contrast, refers to what extent leaders are able to successfully direct 

group actions to meet or attain group goals. In other words, some leaders may ―emerge‖ 

or be seen by others as leader-like, but these individuals do not necessarily lead groups 

that are more effective in their performance. The present study focuses on the leadership 

effectiveness of individuals who have emerged as leaders, managers within business 



 
 

102 
 

organizations, as they have been recognized by formal organizational structures and 

endowed with more authority and power.   

 The measurement of leadership effectiveness within the research literature is quite 

heterogeneous (Kaiser, Hogan, & Craig, 2008). Typically, leadership effectiveness has 

been operationalized in three ways: (a) direct assessment of leader behaviors or 

competencies, (b) evaluations or ratings of leader effectiveness, and (c) group 

performance. Hogan and colleagues (Hogan, Curphy, & Hogan, 1994; Hogan & Kaiser, 

2005; Kaiser et al., 2008) have argued that leadership effectiveness is best 

operationalized as group performance, by judging whether the group that the leader is 

responsible for actually achieves superior outcomes. However, they also point out that the 

leadership literature rarely operationalizes leadership effectiveness as such, but instead 

tend to utilize ―approval‖ ratings or evaluations by organizational members (i.e., 

superiors, peers, subordinates).   

There has been a longstanding research literature examining the behaviors of 

leaders or managers, differing in terms of the level of specificity. Implicit in this 

approach to leader effectiveness is that these leader behaviors are then subsequently 

associated with positive group performance outcomes. The Ohio State studies in the 

1940s best represents the original work in this area (cf. Stogdill, 1950), with researchers 

finding that leadership behaviors fall into two rough categories, those dealing with 

initiating structure (i.e., task-related) and those dealing with consideration (i.e., 

interpersonal-related; Judge, Piccolo, & Ilies, 2004). Subsequently, several other 
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leadership models and taxonomies specifying the nature of leader behaviors have 

emerged (e.g., Borman & Brush, 1993: Davis, Skube, Hellervik, Gebelein, & Sheard, 

1992; Yukl, Wall, & Lepsinger, 1990), though there has typically been a lack of 

integration between these different models. Currently, some of the more popular models 

of leader behavior in the research literature include Bass‘ (1990) full range leadership 

model (i.e., transformational, transactional, management by exception, and laissez-faire 

leadership) and leader-member exchange (LMX; Graen & Uhl-Bien, 1995). The former 

focuses on transformational leadership behaviors whereby leaders‘ visionary and 

relational skills positively influence the motivation and subsequent performance of 

followers and the latter focuses on the unique, dyadic relationship a leader forms with 

each follower. Hogan and Warrenfeltz (2003) have argued that these various taxonomies 

of leadership behaviors or competencies
7
 can be integrated into a comprehensive, four 

component framework consisting of intrapersonal (e.g., emotional control, acting with 

integrity), interpersonal (e.g., social skills), business (e.g., technical skills, planning), and 

leadership (e.g., team-building, persuading) competencies.  

  In addition to direct measures of leader behaviors, researchers have often 

employed ratings or evaluations of leadership effectiveness as a criterion (Kaiser et al., 

2008). Given the popularization of 360-degree feedback systems, these evaluations are 

often collected from multiple perspectives within the organization (i.e., boss, peer, direct 

reports), though Kaiser et al. (2008) have argued that direct reports may be the most 

                                                           
7
 While there is generally significant overlap between taxonomies of leadership behaviors and leadership 

competencies, typically taxonomies of leadership competencies are more likely to include traits (e.g., 

intelligence, personality) and skills (e.g., financial planning) in addition to behaviors, in their descriptions.   
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appropriate group of raters given the nature of leadership. These evaluations can be either 

evaluations of overall effectiveness or aggregate ratings of effectiveness based on 

multiple behavioral or performance dimensions. In general, these ratings of managerial 

performance or leadership have been shown to be significantly correlated with positive 

affective reactions to leaders (i.e., liking; Antonioni & Park, 2001).  

Effective versus ineffective leadership. The research in the previous section paints 

a rosy picture of leadership, of its importance to human societies and the behaviors that 

leaders should undertake to benefit group functioning and achievement. However, there 

may be a dark-side to leadership. Increasingly, scholars have called for a better 

understanding of the nature of ineffective or destructive leadership to complement our 

understanding of effective leadership (Hackman & Wageman, 2007; Hunter, Bedell-

Avers, & Mumford, 2007; Hogan & Kaiser, 2005).  To respond to this need in the 

research literature, a number of conceptually similar constructs have emerged; they 

include managerial derailment (Leslie & VanVelsor, 1996), petty tyranny (Ashforth, 

1994), abusive supervision (Tepper, 2000), ineffective leadership behaviors (Shen, Rasch, 

Davies, & Bono, 2007), toxic leadership (Lipman-Blumen, 2004; Whicker, 1996), 

aversive leadership (Pearce & Sims, 2002), ―dark side‖ leadership (Conger, 1990), and 

leader bullying (Ferris, Zinko, Brouer, Buckley, & Harvey, 2007). Recently, Einarsen, 

Aasland, and Skogstad (2007) argue that these variables can all be grouped under the 

broader term of destructive leadership, defined as ―the systematic and repeated behavior 

by a leader, supervisor, or manager that violates the legitimate interest of the organization 
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by undermining and/or sabotaging the organization‘s goals, tasks, resources, and 

effectiveness and/or the motivation, well-being or job satisfaction of subordinates‖ 

(p.208). Hogan, Hogan, and Kaiser (2010) argue that the rate of managerial failure is high 

in organizations, with estimates that more than 50% of working managers are 

incompetent. While these variables differ in the specifics of their theoretical and 

conceptual underpinnings, together as a group they highlight the growing trend toward 

the empirical study of destructive leadership.    

In addition to leadership effectiveness, the present study focuses on managerial 

derailment, which is defined as a manager ―who, having reached at least the general 

manager level, either leaves the organization nonvoluntarily (through resignation, being 

fired, or retiring early) or is plateaued as a result of a perceived lack of fit between 

personal characteristics or skills and the demands of the job‖ (Leslie & Van Velsor, 1996, 

pg. 1). Thus, a derailed manager is one whose career has stalled and has failed to live up 

to their full potential from the perspective of the organization. Researchers at the Center 

for Creative Leadership (CCL) have conducted the majority of research on the topic of 

managerial derailment. Early research concluded that derailed and successful managers 

(i.e., those who continue to be seen as promotable at and above the general manager level) 

shared many characteristics in common, but derailed managers were more likely to have: 

(1) problems with interpersonal relationships, (2) difficulty in molding a staff, (3) 

difficult in making strategic transitions, (4) lack of follow through, (5) overdependence, 

and (6) strategic differences with management (Lombardo & McCauley, 1988). 



 
 

106 
 

Subsequent research found ten derailment factors, including (1) poor working relations, 

(2) inability to develop or adapt, (3) inability to lead and build a team, (4) not prepared 

for promotion, (5) too ambitious, (6) poor performance, (7) authoritarian, (8) too narrow 

a functional orientation, (9) conflict with upper management, and (10) organizational 

isolation (Leslie & Van Velsor, 1996). Similar derailment factors were reported by both 

U.S. and European managers, with both groups citing poor working relations and 

inability to develop or adapt as the most common reasons for managerial derailment. 

Overall, while the specific derailment factors identified varied somewhat by sample, 

methodology, and researcher, Hogan et al.‘s (2010) review of the literature concludes that 

poor interpersonal relationships and to a lesser extent poor business performance, 

leadership, and self-control were at the heart of managerial derailment across derailment 

taxonomies.  

 Summary. Given the ubiquity of leadership in our daily lives, there has developed 

a large psychological research literature devoted to the topic. Within the leadership 

domain, researchers have distinguished between leader emergence (i.e., being perceived 

as leader-like) and leader effectiveness (i.e., successfully directing the group to goal 

accomplishment). Additionally, leader effectiveness has been operationalized through 

three methods, with most research operationalizing effectiveness as frequency of certain 

leader behaviors or ratings of managerial performance rather than by the performance of 

the group they are leading. In addition, recent research has highlighted the need to study 

ineffective, in addition to effective, leadership within the leadership domain, as it is 
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unclear to what extent ineffective leadership is simply the absence of effective leadership 

behaviors or a set of qualitatively different behaviors and if the same antecedents predict 

both types of leadership outcomes.   

Personality and Leadership: The Variable-Oriented Approach 

A trait-based approach to leadership, primarily centering on personality traits but 

also examining the predictive power of abilities, skills, and competencies, has a long 

history in leadership research (cf. Zaccaro, 2007). After initial optimism, trait-based 

approaches to leadership were largely abandoned by researchers for several decades due 

to the perceived inability of traits to explain sufficient variance in leadership behaviors 

and outcomes (e.g., Stogdill, 1948; Mann, 1959). However, in the last three decades, 

there has been resurgence in trait-based leadership research, due in large part to several 

prominent reviews demonstrating that traits, particularly personality traits, are substantial 

predictors of leadership criteria.  

Using meta-analysis, Judge et al. (2002) linked the FFM personality traits to the 

leadership criteria of emergence and effectiveness. The big five traits together predicted 

28% of the variance in leadership emergence (Multiple R = .53) and 15% of the variance 

in leadership effectiveness (Multiple R = .39). The strongest personality predictors of 

leadership emergence were conscientiousness ( = .33), extraversion ( = .33), and 

openness ( = .24). Neuroticism ( = -.24) had a smaller negative relationship to 

leadership emergence and agreeableness had a trivial relationship to leadership 

emergence ( =.05). However, in the multiple regression with the other big five traits, 
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neuroticism was a non-significant predictor and agreeableness was a slight negative 

predictor of leader emergence. In contrast, the only significant personality predictors in 

the multiple regression for leadership effectiveness were openness ( = .24) and 

extraversion ( = .24). Operating outside the FFM framework, Lord et al. (1986) found 

that masculinity ( = .34), conservatism ( = .22), adjustment ( = .24), dominance ( 

= .13), and extraversion ( = .26) were all predictive of leadership emergence, or 

perceptions of leadership, though their estimates were all based on a relatively small 

samples of studies.  

Bono and Judge (2004) found that FFM personality traits, as a set, were 

significant, but relatively weak, predictors of transformational (R
2 

= .05-.12; .09 for 

transformational leadership composite) and transactional (R
2 

= .01-.03) leadership 

behaviors. The strongest and most consistent predictor of transformational leadership 

behaviors across sub-dimensions was extraversion ( = .24). Additionally, it appears that 

the relatively low predictive power of FFM personality traits were not due to aggregating 

across lower-level facets, as the common variance among the traits within the same 

domain appear to drive the predictive efficacy of personality traits rather than the unique 

variance of narrower personality facets (Judge & Bono, 2000).  

Given the relative youth of destructive leadership and related-constructs (e.g., 

managerial derailment, abusive supervision, petty tyranny, etc.), there is a very limited 

empirical literature looking at the personality antecedents of these ineffective leadership 

behaviors. Typically, rather than utilizing the FFM personality traits, research within this 
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area has focused on dark-side personality traits, subclinical (i.e., non-pathological) but 

dysfunctional interpersonal and behavioral tendencies (cf. Hogan & Hogan, 2001). 

Hogan et al. (2010) argue that while there are several different taxonomies of dark-side 

personality traits, they can all be subsumed within Horney‘s (1950) three categories of 

neurotic needs: (1) moving toward people (i.e., ingratiation), (2) moving away from 

people (i.e., intimidation), and (3) moving against people (i.e., manipulation). Individuals 

who move toward people are characterized as diligent and dutiful; in general, they are 

interested in pleasing others and building relationships, but at the extreme can become 

micro-managing and unwilling to offend others and move projects forward. Individuals 

who move away from people are characterized as excitable, skeptical, cautious, reserved, 

and leisurely; in general, they have difficulties making genuine connections with others 

and may expect to be treated poorly or unfairly by others. Individuals who move against 

people are characterized as arrogant, mischievous, colorful, and imaginative; in general, 

they come across to others as self-confident and bold, but at the extremes may also be 

impulsive and self-centered. Thus, individuals will utilized different interpersonal 

strategies (i.e., working with others, distancing from others, manipulating others) 

depending on their dispositional personality characteristics, leading to differences in 

leadership outcomes (e.g., derailment).  

While dark-side traits have conceptually been linked to ineffective behaviors, 

recently some research has begun to link dark-side traits to effective organizational 

behaviors such as leadership behaviors (Benson & Campbell, 2007; Khoo & Burch, 2008) 
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and job performance (Moscoso & Salgado, 2004). Benson and Campbell (2007) found 

some evidence that a composite of derailing or dark-side personality traits was 

curvilinearly associated with leadership ratings, indicating that extreme levels, both high 

and low, of dark-side personality traits was related to lower ratings of effectiveness but 

moderate levels were associated with higher ratings. This is in line with researchers who 

have theorized that there may be a ―bright side‖ to dark-side personality traits, as well as 

a ―dark side‖ to bright-side personality traits (i.e., FFM traits, core self-evaluations) for 

leaders that has been underexplored in the research literature (Judge, Piccolo, & Kosalka, 

2009).    

 Summary. Overall, the existing research literature has shown that personality traits 

are systematically related to leadership. In particular, extraversion appears to be 

consistently and fairly strongly related to a number of leadership criteria, including 

leadership emergence, effectiveness, and behaviors (i.e., transformational leadership). 

Openness is also related to both leadership emergence and effectiveness, while 

conscientiousness appears to be a predictor of only leadership emergence. However, 

existing research has not yet methodically explored the role of narrower personality 

facets and their relations to leadership criteria. Recently, some authors have argued that 

dark-side personality traits may aid researchers in linking personality to leadership 

criteria, particularly negative leadership criteria (e.g., derailment), but these dark-side 

traits have received limited empirical attention as of now in the field. In summary, 

personality traits have been shown to consistently predict leadership criteria, though the 
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magnitude of this relationship varies considerably depending on if leader perceptions, 

ratings, or behaviors are being predicted. In the next section, I move from a variable-

oriented approach to reviewing the existing literature on person-oriented, configural 

approach to linking personality and leadership criteria.  

Personality and Leadership: The Configural Approach   

Recently in the research literature, Zaccaro and colleagues (Zaccaro, 2007; 

Zaccaro, Gulick, & Khare, 2008) have argued that research examining the relationship 

between personality traits and leadership has long followed the traditional route looking 

at additive and univariate relationships rather than exploring alternative, more complex 

interrelationships. In particular, Zaccaro (2007) posits that the leadership field could be 

advanced by focusing on trait-complexes or integrated sets of leader attributes (e.g., 

social capacities), rather than the independent contributions of specific traits (e.g., social 

intelligence, emotional intelligence, negotiation skills). Below, I review the existing 

empirical evidence for configural relationships between personality traits and leadership 

criteria.  

Within the leadership literature, Foti and colleagues (Foti & Hauenstein, 2007; 

O‘Shea, Foti, Hauenstein, & Bycio, 2009; Smith & Foti, 1998) have been the main 

proponents of the configural or pattern-oriented approach. Rather than a more narrow 

focus on personality traits in particular, Foti and colleagues looked at configurations or 

patterns of different individual differences variables in predicting leadership criteria. 

Using a sample of student cadets, Foti and Haunstein (2007) found that individuals in the 
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high pattern subgroup, characterized by high scores on cognitive ability, dominance, self-

efficacy, and self-monitoring, outperformed individuals in the mixed pattern and low 

pattern subgroups in both leadership emergence and effectiveness. Additionally, 

subgroup membership based on their pattern of responses on the individual differences 

variables (i.e., high, mixed, or low pattern) statistically significantly incremented 

prediction over the combined linear effects of each of the five individual difference 

variables for a portion of the leadership criteria (i.e., promotion and peer ratings of 

leadership emergence). Similarly, Smith and Foti (1998) found with small experimental 

student teams on a manufacturing task that the high pattern subgroup, characterized by 

high scores on intelligence, dominance, and general self-efficacy, were more likely to 

emerge as leaders compared to mixed pattern and low pattern subgroups (i.e., the three 

traits displayed a statistically significant three way interaction in the prediction of 

leadership emergence).   

Using a sample of Army officers, Mumford et al. (2000) found that there were 

seven types of officers based on their scores on personality and cognitive ability 

measures: (1) concrete achievers, (2) motivated communicators, (3) limited defensives, (4) 

disengaged introverts, (5) social adaptors, (6) struggling misfits, and (7) thoughtful 

innovators. These seven types were similarly represented amongst the junior officers (i.e., 

each type was 10-20% of the total sample), but the relative frequency of these different 

types differed when examined amongst senior officers—with motivated communicators 

(40%) and thoughtful innovators (26%) becoming more strongly represented at higher 
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organizational levels. Additionally, motivated communicators (i.e., high scores on 

extraversion, achievement motivation, and verbal abilities and low scores on intuition, 

feeling, and perception) and thoughtful innovators (i.e., high scores on intuition, thinking, 

achievement, openness, dominance, and verbal reasoning and low scores on extraversion, 

sensing, and feeling) self-reported higher numbers of career achievements, received 

higher ratings for their critical incidents of their best performance behaviors, and received 

higher expert ratings for their solutions to open-ended, complex military problems. It is 

interesting to note that both motivated communicators and thoughtful innovators were the 

two groups characterized by the greatest number of elevated traits (i.e., high on predictor 

level). Thus there is evidence that certain types or subgroups of leaders, as identified 

through their individual difference trait configurations, exhibit higher levels of leadership 

effectiveness and promotion potential. However, note that Mumford et al. did not 

compare their person-oriented analytical strategy against a more traditional variable-

oriented method (i.e., multiple regression), and it is unclear whether the configural 

treatment of these individual difference variables explained additional variance above and 

beyond an additive model.  

Using cluster analytic methods, Poling (2009) identified four types of leaders 

based on their cognitive ability (i.e., Watson-Glaser) and personality (i.e., California 

Psychological Inventory; CPI) score profiles among a group of executive MBA students 

and managers. These four leader types (i.e., action-oriented drivers, steadfast introverts, 

interpersonal introverts, and apathetic stoics) were then linked to assessment center 
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performance ratings and multisource leadership performance ratings. When comparing 

the additive, variable-oriented model including each of the 17 individual differences 

variables with the configural, person-oriented model, the additive model beat the 

configural model in predicting each criteria examined (though some of the overall models 

were not statistically significant due to the increased degrees of freedom for the additive 

model relative to the modest sample size employed). However, Poling did not examine if 

the configurally-identified leadership subgroups incremented over the additive model in 

predicting leadership outcomes. 

Utilizing the criterion-related profile methodology employed in the present study, 

Dilchert (2007) linked FFM personality profiles to leadership interests. Dilchert found 

that a personality profile consisting of self-referenced peaks on extraversion and valleys 

on agreeableness, carried most of the predictive weight in predicting interests in 

influencing and managing others when compared to the level effect. In addition, this 

personality profile appeared to be stable, as a similar criterion-related profile emerged for 

overall influencing orientation, the basic interest scales of leadership and supervision, and 

narrower interests in specific jobs and occupations (i.e., advertising executive, hotel 

manager, CEO/President, military officer).    

 Summary. In my review of the literature, very few studies have taken a person-

oriented, configural perspective to understanding the relationship between personality 

and leadership. Interestingly, compared to the research literature configurally linking 

personality traits to job performance, I know of no study that utilized an interaction 



 
 

115 
 

approach within the leadership domain (i.e., examining two-way interactions between 

personality traits in predicting leadership criteria). Rather, all the studies I found utilized 

the typology approach, looking at multiple personality traits in concert, primarily via 

cluster analysis, to predict (ratings of) leadership effectiveness. However, another 

difference between the leadership and job performance literatures is that while most of 

the examinations within the job performance domain focused exclusively on 

configurations of personality traits (usually FFM traits), the studies within the leadership 

domain often included other individual differences variables, particularly intelligence and 

other skills and abilities, in broader trait complexes. The studies in the leadership domain 

were also more eclectic in their choice of personality traits for inclusion, not focusing 

exclusively on FFM personality traits. Additionally, the sparse research literature is 

equivocal regarding the predictive power of configural approaches to linking personality 

and leadership criteria, both directly as well as incrementally over the additive model.  

Purpose of Current Research 

My review of the research indicates that relative to the sizeable variable-oriented 

research literature linking personality traits to leadership criteria, the research literature 

on person-oriented, configural approaches to the personality-leadership relationship is 

sparse and understudied. However, both theoretical (e.g., Zaccaro, 2007) and empirical 

research (e.g., Foti & Hauenstein, 2007) suggest that trait complexes or configurations 

may be more effective predictors of leadership than additive models looking at the 

independent contribution of each predictor in turn or in combination. Additionally, 



 
 

116 
 

research in the leadership domain lacks specificity, as it is unclear to what extent the 

same personality configuration would predict different leadership criteria (i.e., emergence, 

behaviors, and ratings of effectiveness) or if a unique personality configuration is 

required to most effectively predict each criterion. The purpose of the present research is 

to examine the form and contribution of personality profiles of FFM traits in predicting 

three aspects of leadership: evaluations of effectiveness, potential, and derailment. Given 

the sparse literature on this topic, I do not make specific hypotheses, but instead examine 

the following research question.  

Research Question 1: What is the form and contribution of big five personality 

profiles over personality level (or elevation) in predicting leadership (a) 

effectiveness or performance, (b) potential, and (c) derailment?  

 In addition to linking FFM traits to effective leadership, recent research has 

increasingly been interested in linking dark-side personality traits to both effective and 

ineffective leadership (Judge et al., 2009). The emerging research literature suggests that 

the links between dark-side leadership traits and leadership may be complex (e.g., 

Benson & Campbell, 2007). However, to my knowledge, no study has presently taken a 

person-oriented, configural approach to relating dark-side personality traits to leadership. 

Thus, the present study contributes to the research literature by examining the form and 

contribution of dark-side personality profiles in predicting leadership performance, 

potential, and derailment.  
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Research Question 2: What is the form and contribution of dark-side personality 

profiles over personality level (or elevation) in predicting leadership (a) 

effectiveness or performance, (b) potential, and (c) derailment?  

Moderators of the Relationship between Personality Configurations and Leadership   

In addition to exploring the relationship between personality profiles and 

leadership criteria generally, I also explore whether the nature and contribution of the 

personality profile varies depending on the organizational level of the manager and for 

men and women leaders.  

Organizational level. In the organizational literature, scholars recognize that 

leaders at different levels of the organization face different issues. In his articulation of 

his Stratified Social Systems Theory, Jaques (1978) asserts that the organizational 

hierarchy can be meaningfully separated into five levels: (1) front-line supervisors, (2) 

departmental managers, (3) general manager, (4) leader of a small organization, and (5) 

leader or senior officer of a large organization. At the lowest level, front-line supervisors 

are primarily responsible for ensuring that job tasks are carried out, while at the highest 

level, senior leaders of a large corporation are responsible for strategic choices in 

managing the business environment and building alliances and external relationships. In 

addition to differences in scope of responsibilities, Kaiser, Craig, Overfield, and 

Yarborough (2009) argue that the time horizon at which leaders operate within varies by 

organizational level, as supervisors deal with relatively short time spans (i.e., 3 months to 

two years) while executives deal with much longer time spans (i.e., 10-20 years) in their 
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decision-making. Overall, the complexities that a leader has to manage increases 

dramatically as a leader or manager moves up in the organizational hierarchy. 

Looking at the requirements of different leadership or organizational levels, Ones 

and Dilchert (2009) examined the average personality and ability profile of leaders at 

different levels of the organizational hierarchy (i.e., supervisors and front line managers, 

mid-level managers, and executives). What they found is that while the ability (i.e., 

general mental ability, verbal reasoning, deductive reasoning, and critical reasoning) and 

personality (i.e., FFM personality traits) profiles were similar across leadership levels, 

leaders higher up in the organizational hierarchy showed greater elevation across traits 

relative to leaders at lower levels of the organizational hierarchy. Overall, it appeared that 

individuals who attain leadership roles within business organizations appeared to possess 

higher levels of all desirable traits than the general working population. Additionally, the 

personality profile characteristic of leaders appeared to be highly elevated on emotional 

stability, extraversion, and agreeableness and slightly elevated on openness and 

conscientious, relative to the general working population. Note, however, that Ones and 

Dilchert‘s methodology is descriptive in nature and that these differences in average 

profile across organizational levels may mask the significant heterogeneity in personality 

profile within each organizational level and the possibility remains that the average (or 

aggregate) profile may actually resemble none of the profiles of the encompassed persons 

(Davison & Davenport, 2002).    
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Barlow, Jordan, and Hendrix (2003) examined the role of a particular personality 

trait, character, across leadership levels in the military. Character within the military 

context is centered around the idea of morality, including possessing moral values (i.e., 

moral knowing), being affectively responsive to these moral values (i.e., moral feeling), 

and being compelled by these moral values to action (i.e., moral action). Barlow et al. 

found that military officers higher up in the organization self-reported greater levels of 

character, including greater selflessness, integrity, competency, and spiritual appreciation. 

However, they also utilize a descriptive methodology and it is unclear to what extent 

personality traits may be differentially predictive of leadership criteria (e.g., leader 

effectiveness) at different levels of the organizational hierarchy. However, research 

looking at the different leadership skills (e.g., cognitive, interpersonal, business, and 

strategic skills) required for success at different organizational levels indicates that 

leadership skills may be differentially predictive of leadership performance at different 

levels of the organizational hierarchy (Kaiser et al., 2009; Mumford, Campion, & 

Morgeson, 2007). To the extent that the acquisition of leadership skills is based in part on 

stable dispositional characteristics, the literature linking leadership skills to leader 

performance across organizational levels suggests that the predictive power of personality 

traits may vary by leadership level. In particular, the existing literature is suggestive that 

predictor level effects may be more predictive of leadership criteria for leaders higher up 

in the organizational hierarchy.  
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In addition to differences in the nature of what constitutes performance, or 

effective performance, across organizational levels, another reason why the personality-

leadership relationship may vary across organizational levels is due to differences in 

situational constraints across the organizational hierarchy. The concept of situational 

strength argues that some situations (i.e., strong situations) constrain the behavioral 

repertoire available to individuals, resulting in weaker relationships between personality 

traits and behaviors or outcomes (Meyer, Dalal, & Hermida, 2010). For example, we 

might expect that leaders at the lower levels of the organizational hierarchy to operate 

primarily in strong situations, their actions are relatively circumscribed by their role in 

the organization and they may not have a lot of flexibility in terms of their behaviors and 

choices. In contrast, leaders at the top of the organizational hierarchy (i.e., CEOs, 

executives) arguably have more freedom to engage in a wide variety of behaviors, 

allowing their personality traits to have a stronger impact on outcomes of interest. Thus, 

we might expect that the personality-leadership relationship to be stronger as one moves 

upward in the organizational hierarchy. 

The present study examines if the form and contribution of personality profiles in 

predicting four aspects of leadership varies by the organizational level of the leader.  

Research Question 3: Does organizational level moderate the form and 

contribution of big five personality profiles over personality level (or elevation) in 

predicting leadership (a) effectiveness or performance, (b) potential, and (c) 

derailment? 
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 Gender. While there has been longstanding interest in studying gender differences 

in leadership, the vast majority of research has focused on mean (or average) differences 

between men and women in leadership emergence (Eagly & Karau, 1991), evaluations 

(Eagly, Makhijani, & Klonsky, 1992), effectiveness (Eagly, Karau, & Makhijani, 1995), 

and style (Eagly & Johnson, 1990). However, relatively little research has examined 

whether gender moderates the relationship between predictors and leadership criteria. 

Duehr (2007) examined whether gender of the leader moderated the personality-

leadership relationship and found systematic predictive bias against women managers 

using measures of extraversion, neuroticism, and agreeableness in predicting various 

leadership criteria. In each case of differential prediction, women‘s positive leadership 

behaviors (i.e., transformational leadership) was underpredicted by the personality trait, 

and women‘s negative leadership behaviors (i.e., management by exception, laissez-faire) 

was overpredicted using personality. Thus, there is some evidence that the relationship 

between personality and leadership behaviors differs for men and women.   

 Operating from a person-oriented perspective, Shen, Yoon, and Bono (2011) re-

analyzed Duehr‘s (2007) data using Davison and Davenport‘s (2002) criterion-related 

profile methodology. Based on this configural approach, Shen et al. found that that the 

relative contribution of personality level and personality profile differed for men and 

women managers. Specifically, for men, transformational leadership behaviors were 

exclusively predicted by personality level, but for women, both personality level and 

personality profile uniquely and incrementally predicted transformational leadership 
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behaviors. Thus for men, the source of more desirable dispositional characteristics does 

not matter, simply more was better. However, for women, while more desirable traits 

were positively associated with ratings of transformational leadership, a personality 

profile characterized by a high within-person peak on extraversion and valley on 

conscientiousness was also associated with ratings of transformational leadership. Overall, 

this study indicates that women leaders may face additional behavioral requirements in 

order to appear transformational not required of men in the same position. While this 

study has taken the first step in investigating whether the personality configurations 

predictive of leadership criteria varies by gender, it is unclear to what extent these 

findings generalize to other leadership criteria.  

In addition to these empirical findings, several psychological theories also suggest 

that gender plays a salient role in our understanding of leadership perceptions, behaviors, 

and ratings. In particular, role congruity theory has emerged to comprehensively describe 

and predict differential reactions to male and female leaders (cf. Eagly & Karau, 2002). 

Role congruity theory argues that our expectations regarding female leaders are the result 

of their dual roles, as a woman and as a leader, which are often seen to require 

incompatible behaviors (i.e., communion versus agency). Our stereotypes regarding 

gender and leadership are not only descriptive (i.e., this is how people would behave), but 

they are also often prescriptive (i.e., this is how people should behave) resulting in 

punishments against those who violate prescriptive norms both in terms of (1) perceiving 

them as less worthy of leadership positions and (2) evaluating the same leadership 



 
 

123 
 

behaviors less favorably when practiced by women. Given this theoretical argument, we 

would predict that the same personality traits (i.e., typical patterns of behaviors) may lead 

to different leadership outcomes for men and women leaders both in terms of leadership 

ascendancy and perceptions of leadership effectiveness.  

Shifting standards theory predicts that the form and magnitude of the leadership 

differences between men and women depends heavily on the outcome, or dependent 

variable, being assessed as well as the comparison group being utilized (i.e., within-

gender versus between-gender comparison; Biernat, 2003). In particular, we would not 

necessarily expect gender differences in non-zero sum outcomes (i.e., ratings of leader 

effectiveness) where women may actually receive praise for their performance (e.g., 

doing great for a woman) given low expectations of competence, while we would expect 

these differences to emerge more strongly for zero-sum outcomes (i.e., hires or 

promotions). However, the converse is also true, with research suggesting that women 

need to demonstrate higher levels of competence in order to confirm that they possess the 

requisite traits required for a given role, suggesting that perhaps women leaders would 

need to possess higher levels of the same desirable leadership traits in order to derive 

equivalent outcomes as their male counterparts.  

Similarly, in the industrial-organizational psychology literature, Lord and 

colleagues (e.g., Lord et al., 1984) have argued that fundamental to understanding the 

relationship between leader traits and behaviors is a nuanced understanding of the person 

(or leader) perception process. They argue that individuals possess implicit leadership 
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theories (ILTs), assumptions about the traits necessary to be successful in a leadership 

role, and these are the cognitive schemas through which individuals then interpret leader 

actions and behaviors (Offerman, Kennedy, & Wirtz, 1994). Subsequent research has 

shown that the content of ILTs are relatively stable across individuals (Epitropaki & 

Martin, 2004), though the endorsement of these leadership prototypes varied by leader 

gender with women leaders, but not men, needing to conform to both sensitivity and 

masculinity prototypes in order to be seen as effective (Johnson, Murphy, Zewdie, & 

Reichard, 2008). Existing research has also demonstrated that gender and leadership are 

incompatible in people‘s minds, as individuals have more difficulty encoding the agentic 

behaviors of women leaders (Scott & Brown, 2006). Overall, this literature suggests that 

the same set or level of leader traits may lead to different perceptions (and ratings) of 

leadership behaviors of men and women, as people interpret these behaviors through the 

lens of their own ILTs.   

The present study contributes to the literature by examining if the form and 

contribution of personality profiles in predicting leadership varies by leader gender. 

Research Question 4: Does gender moderate the form and contribution of big five 

personality profiles over personality level (or elevation) in predicting leadership 

(a) effectiveness or performance, (b) potential, and (c) derailment? 
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METHOD 

Participants 

 Sample 1. Participants were 1,549 leaders who participated in a developmental 

leadership training program through a non-profit leadership organization. The mean age 

of the sample was 44 year old (SD = 7.42), and the majority were men (64.7%, n = 998), 

White (55.4%), and had completed either their baccalaureate (36.7%) or master‘s degree 

(38.7%). Participants were from a variety of industries with 69.7% from the business 

sector, 12.3% from the private nonprofit sector, and 16.8% from the public sector and 

generally working in organizations of a moderate to large size (100-999 employees, 

28.5%; 1000-4999 employees, 23.5%; 10,000 or more, 25.9%). The majority of leaders 

were from the U. S. (61.1%) or other English-speaking nations (87.9%). Participants 

represented a range of organizational levels, with 2.0% being first-line supervisors, 59.1% 

in middle management, and 28.8% in executive roles.  

 Sample 2. Participants were a subset of 4,145 managers who participated in a 360-

degree feedback system through an external consulting organization (N = 360-510). To 

be included in the present analyses, participants needed to have personality inventory 

scores available as well as either self or boss ratings of leadership effectiveness. The 

mean age of the sample was 40.48 years olds (SD = 7.08), and the majority were men 

(74.4%), White (80.4%), and had completed either their baccalaureate (32.9%) or 

master‘s degree (22.5%). Participants were from a variety of organizational functions, 

including administration (11.3%), engineering (8.6%), and sales (7.9%). Participants 
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represented a range of organizational levels, with 18.8% first-line supervisors, 53.3% 

middle managers, and 23.9% executive or top management. The majority of the 

participants (67.4%) had been in management for over five years.   

Measures 

 Personality. Sample 1 self-reported their personality traits using the Workplace 

Big Five Profile (WPB5; Howard & Howard, 2001). Participants indicated on a five-

point Likert scale from -2 (the opposite is clearly true) to 2 (definitely true) to what extent 

each item represented their behavior. The measure taps the five FFM domain-level traits, 

Need for Stability (i.e., Emotional Stability), Extraversion, Originality (i.e., Openness), 

Accommodation (i.e., Agreeableness), and Consolidation (i.e., Conscientiousness).   

 Sample 2 self-reported their personality traits using the Global Personality 

Inventory (GPI, Schmit, Kihm, & Robie, 2000)
8
. The GPI measures personality along 39 

scales, 32 of which map onto the FFM, 5 of which represent dark-side or derailing 

personality tendencies, and 2 compound trait composites. Given that item-level data are 

not presently available for participants in sample 2, the FFM personality traits will be 

recaptured from the GPI by classifying the 32 FFM facet GPI scales into FFM domains 

based on previous empirical work (Schmit et al., 2000; see Table B2 in Appendix B for 

GPI scale classification). Scales will then be combined as to maximize the common 

variance for traits within the same domain. Note that the FFM was the personality model 

                                                           
8
 Note that due to the propriety nature of both instruments, item level data are not available for the current 

data. A subset of Sample 2 were administered the California Psychological Inventory (CPI) instead of the 

Global Personality Inventory (GPI), but those participants were not included in the present analyses due to 

inability to recover the big five from CPI scales (see Appendix B for more details).   
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employed in the development of the GPI. In addition to the FFM traits, the GPI measures 

five dark-side or derailing personality traits: ego-centered, manipulation, micro-managing, 

intimidating, and passive-aggressive. These five traits will be separately examined to 

investigate the criterion-related profile of dark-side personality traits in predicting 

leadership criteria.  

Evaluations of leader effectiveness. In Sample 1, all raters (i.e., self, peers, and 

supervisors) were asked to rate, on a scale of 1 to 5, the focal manager on their (a) overall 

performance (3 items; How would you rate this person‘s overall effectiveness in the 

organization?  = .92), (b) promotability (1 item; How effectively would this person 

handle being promoted one or more levels?), and (c) likelihood of derailment (1 item; 

What is the likelihood the person will derail (i.e., plateau, be demoted, or fired) in the 

near future as a result of his/her poor performance as a manager?).  

Similarly, in Sample 2, the leader and their supervisor are asked to confidentially 

and for research purposes, rate the performance (1 item; How would you rate this 

person‘s competence in their role, on a scale from 1 to 7, ranging from very weak to 

outstanding), potential (1 item; What is this person‘s long-range advancement potential, 

on a scale from 1 to 7, ranging from not suited for management to CEO/president), peril 

or derailment (1 item; In your view, what is this person‘s risk of experiencing career 

difficulty due to factors under his/her personal control, on a scale from 1 to 5, ranging 

from little to no risk to very high risk).  

Data Analysis Plan 
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 The same data analytic strategy utilized in Study 1 was employed in the present 

study. First, a series of multiple regressions were conducted to examine the relationship 

between personality and leadership criteria from an additive, variable-oriented 

perspective and used to derive the criterion-related profiles. Second, the criterion-related 

profile methodology developed by Davison and Davenport (2002) was used and cross-

validated. Third, proposed moderators (i.e., gender, organizational level, personality 

facets) of the personality configuration and leadership criteria relationship were examined. 

Lastly, the two new proposed procedures, identifying a second criterion-related profile 

amongst individuals for whom the initial criterion-related profile provides a poor fit and 

create subgroups (or clusters) after removing predictor level effects, were investigated.      

RESULTS 

Sample 1  

 Given that the present leadership outcomes were collected as part of a 360-degree 

feedback system, Table 19 reports intraclass correlations by leadership criteria (i.e., 

performance, promotion potential, and derailment) and rater source (i.e., boss, peer, and 

direct report). For each criteria and rater source, a substantial percent of the variance 

(ICC = .18- .51) is attributable to the focal individual (i.e., leader being rated), indicating 

that it would be appropriate to aggregate across raters within each rater source.  

 Table 20 reports the multiple regression results linking the big five personality 

traits to ratings of performance, promotion, and derailment for each rater source. The big 

five as a set are moderately strongly related to the three leadership criteria when self-
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reported (R
2
 = .07- .20). Each personality trait of the big five are statistically significant 

predictors of self-rated performance, agreeableness ( = -.03, p > .05) is the only trait not 

related to self-rated promotion potential, and agreeableness ( = .00, p > .05) and 

openness ( = -.03, p > .05) are not related to self-rated derailment. However, the big five 

traits are only weakly related to the three leadership criteria when other-reported (R
2 

= .01- .02), regardless of the rater source. (See Table A4 in Appendix A for correlations 

based on Sample 1 of Study 2).  

The criterion-related profile for performance (see Figure 11), promotion (see 

Figure 12), and derailment (see Figure 13) was identified based on these multiple 

regression results. Given the relatively weak relationship between the big five personality 

traits and other-reported leadership criteria, it is not surprising that the personality 

profiles identified were both inconsistent across rater sources and criteria. Additionally, 

for several of the personality profiles identified based on other-reported leadership 

criteria, no significant personality markers emerged to define the profile (i.e., none of the 

profile deviations were statistically significantly different from zero). Given the weak 

relationship between personality traits and other-rated leadership criteria (R
2
 = .01 - .02), 

I do not attempt to parse the variance explained into personality level and profile effects 

and the subsequent analyses focus on self-reported leadership criteria.  

In contrast, there was more consistency across the three leadership criteria based 

on self-reports. For performance and promotion, the criterion-related profile identified 

was characterized by within-person peaks on openness and conscientiousness and a 



 
 

130 
 

within-person valley on agreeableness (see Figures 11 and 12). For derailment, the 

criterion-related profile identified was characterized by a within-person peak on 

agreeableness and a within-person valley on conscientiousness (see Figure 13). Note that 

since higher scores on the derailment scale indicates a greater likelihood of derailment, a 

lower derailment score is more desirable. Thus, there appears to be congruence across the 

three criterion-related profiles for leadership outcomes that within-person elevation on 

agreeableness (and openness) and within-person lower scores on conscientiousness is the 

personality profile associated with positive leadership outcomes.  

Table 21 reports the relative contribution of personality level and personality 

profile in predicting each of the three self-reported leadership criteria (Research Question 

1). For performance, both personality level and profile predict independently and 

incrementally above each other, but fit with the criterion-related profile pattern was 

consistently a stronger predictor of performance than personality level in both the full and 

cross-validation samples (R
2
 = .15 versus .11). For promotion, both personality level and 

profile predict independently and comparably in both the full and cross-validation 

samples (R
2
 = .12 and .10). For derailment, both personality level and profile predict 

independently (R
2
 = .05 and .04), though personality level was consistently a slight 

stronger predictor in both the full and cross-validation samples. Overall, a similar 

criterion-related profile appears to predict self-ratings of leadership performance, 

promotion, and lower likelihood of derailment, though fit with profile appears to be a 
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stronger predictor of performance while fit with profile and personality level predict 

similarly for promotion and derailment.  

 Gender. I also examine whether gender moderates the same relationship between 

personality configurations and leadership criteria (Research Question 4). Table 22 reports 

the multiple regression results of the big five personality traits on leadership performance, 

promotion, and derailment for men and women. Overall the results show that the same 

personality predictors predict the same leadership outcomes for men and women. Given 

that the same personality predictors emerged for men and women leaders, Figure 14 

shows that the same criterion-related profile are identified for men and women, being 

generally congruent with the overall results, with similar profiles being found for 

performance, promotion,  and lower likelihood of derailment. (i.e., within-person 

elevation on conscientiousness and within-person dip on agreeableness). Table 23 reports 

the relative contribution of personality level and profile on leadership performance, 

promotion, and derailment for men and women. Overall, personality level and profile fit 

appears to contribute independently, incrementally, and in similar magnitude to the 

prediction of all three leadership criteria for both men and women. Gender does not 

appear to moderate the relationship between personality level and profile fit in predicting 

these three leadership criteria.  

 Organizational level. Another potential moderator of the relationship between 

personality configurations and leadership criteria that I examined was organizational 

level (Research Question 3). Table 24 reports the multiple regression results linking the 
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big five personality traits to leadership performance, promotion, and derailment by 

organizational level. Note that results for first-level managers were not reported due to 

the small sample size (N = 31) for that organizational level. Personality traits as a set 

were more predictive of the self-rated performance, promotion, and derailment of middle 

managers (R
2
 = .13-.27) relative to upper middle managers (R

2
 = .06 - .14) and 

top/executive managers (R
2
 = .08- .19). Across organizational levels, emotional stability, 

openness, and conscientiousness were statistically significantly related to performance 

positively, while agreeableness was statistically significantly related to performance 

negatively. Similarly, openness and conscientiousness were positively related to 

promotion across organizational levels, while emotional stability was related to 

promotion for middle and upper middle managers and extraversion was related to 

promotion for top/executive managers. Personality predictors of derailment were also 

largely consistent across organizational levels. Conscientiousness was negatively related 

to derailment across all three organizational levels, emotional stability was negatively 

related to derailment for middle and upper middle managers, openness was negatively 

related to derailment for middle managers, and extraversion was negatively related to 

derailment for top/executive managers.  

 Figure 15 reports the criterion-related profile for leadership performance, 

promotion, and derailment separately by organizational level. The profiles for 

performance show consistency across organizational levels, characterized by within 

person elevation on conscientiousness and a within-person dip on agreeableness. The 
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criterion-related profile for promotion also demonstrates consistency across 

organizational levels, for all three organizational levels the criterion-related profile is 

characterized by a dip in agreeableness, and for top/executive managers also elevation 

(relative to their personal mean) on conscientiousness. There is more variation for the 

criterion-related profile for derailment. For both middle and upper middle managers, the 

criterion-related profile is defined by elevation on conscientiousness (and extraversion for 

middle managers) and a dip on agreeableness. In contrast, for top/executive managers, 

the personality profile associated with derailment is characterized by a person-referenced 

dip on extraversion.  

Table 25 then parses the variance attributable to personality traits between 

personality level and profile for each organizational level and leadership criteria. Across 

organizational levels, self-rated performance is predicted by both personality level and 

profile. However, fit with the criterion-related profile consistently predicted performance 

better than personality level for middle managers (R
2
 = .22 versus .15) and upper middle 

managers (R
2
 = .12 versus .06), though the relative contribution appears to be similar for 

top/executive managers (R
2
 = .10 versus .12). Similarly, both personality level and profile 

fit predicts self-rated promotion potential at a similar magnitude for middle and upper 

middle managers. However, for executives, it appears that level rather than profile fit is 

associated with self-perceived promotion potential. For derailment, personality level was 

a consistent predictor across organizational levels; however, the predictive value of 

personality profile was not consistently cross-validated. Thus, individuals high across the 
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big five personality traits, tend to rate their likelihood of derailment as lower than those 

low across the big five personality traits.  

 New methods. Despite the general ineffectiveness of both new methods, cluster 

analysis of pure profile effects (i.e., removing level effects) and hierarchical identification 

of criterion-related profiles, in improving prediction or generating different results in the 

previous study, I apply these methods again to the present study examining if the 

previous set of results were due to the specific sample or criterion domain (i.e., job 

performance) under consideration. On the development sample, I ran a series of cluster 

analyses (2-10 clusters) using k-mean on person-centered personality deviations. Table 

26 reports the proportion of variance explained across the three self-rated leadership 

criteria by the different cluster solutions. Across the three criteria, the eight cluster 

solution maximized the percentage of variance explained.  

When applied to the holdout sample, cluster membership explains 13.4% of the 

variance in performance, 7.3% of the variance in promotion, and 3.8% of the variance in 

derailment. Table 27 reports the descriptive statistics for each cluster. Cluster 8 represents 

the most promising leaders, individuals with the highest self-rated performance and 

promotion potential and lowest derailment likelihood. Cluster 8 is characterized by the 

highest average level score across clusters (M = .88, SD = .85), and the within-person 

deviations that are high across four of the big five traits, but lowered scores on 

extraversion. The second highest rated group was Cluster 2, which had the second highest 

average level scores (M = .51, SD = .78), and had a similar personality profile to Cluster 
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8, except they were also characterized by within-person lowered scores on emotional 

stability. In contrast, Cluster 6 is the least desirable group, with the highest likelihood of 

derailment and the lowest performance, this group was characterized by the lowest 

average level scores (M = -.93, SD = .87) and a personality profile of lower scores across 

four of the big five traits, with the exception of highest within-person reference elevation 

on extraversion. It is interesting to note that while level effects were removed (i.e., 

deviations were the input into the cluster analysis), the average leadership potential of the 

clusters appears to be linked to average personality level. However, cluster membership 

did not statistically significantly increment over the big five as a set in predicting 

performance (R
2
 = .01, p > .05), promotion (R

2
 = .01, p > .05), and derailment (R

2
 

= .01, p > .05). It should be noted that cluster membership predicted similarly to the big 

five as a set in the holdout sample (R
2
 = .13, .07, and .04 versus .21, .15, and .07 for 

performance, promotion, and derailment, respectively), though the big five as a set still 

performed better. Cluster membership did increment significantly over personality level 

in predicting performance (R
2
 = .05, p < .05) and promotion (R

2
 = .02, p < .05), but 

not for derailment (R
2
 = .01, p > .05). Thus, similar to study 1, a configural approach 

based on cluster membership removing the effects of personality level did not increment 

over existing the linear, additive model in predicting leadership criteria.  

I also examine if an alternative criterion-related profile can be identified among 

those for whom the existing regression equation (using personality level and profit fit 

together) provides a relatively poor fit. Table 28 reports the multiple regression results 
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separately for those whose residual (i.e., predicted – actual score) was a standard 

deviation above or below the mean. Overall, the same pattern of personality predictors 

emerged for those individuals whose scores were over-predicted and under-predicted, as 

well as for the overall sample analyses. Thus, the same criterion-related profile (see 

Figure 16), characterized by a peak on conscientiousness and a valley on agreeableness 

(and sometimes also a statistically significant peak on openness) was found for 

performance, promotion, and a lower likelihood of derailment. A different criterion-

related profile did not emerge for these individuals for whom the existing equation 

provided less accurate prediction of their criterion score. Both personality level and 

profile effects were statistically significant predictors of all three leadership criteria.     

Rankings. Table 29 compares individuals‘ rankings on nine different selection 

systems: (1) conscientiousness, (2) extraversion, (3) personality level, (4) fit with 

performance-related personality profile, (5) fit with promotion-related personality profile, 

(6) fit with derailment-related personality profile, (7) regression-weighted big five 

composite for performance, (8) regression-weighted big five composite for promotion, 

and (9) regression-weighted big five composite for derailment. Given that extraversion 

tends to emerge as a consistent and relatively strong predictor of leadership-related 

criteria (i.e., transformational leadership, leadership emergence and effectiveness; Bono 

& Judge, 2004; Judge et al., 2002), I use ranking on extraversion as a comparison in 

addition to ranking on conscientiousness, the most consistent and generalizable 

personality predictor across settings. Rank on profile fit across the three different 
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leadership criteria ends up being isomorphic for this sample, indicating that the same 

criterion-related profile emerges for these correlated outcomes. Across the three 

leadership criteria, the regression-weighted big five composites for performance, 

promotion, and derailment were the strongest predictors, and would largely select the 

same individuals (r = .90 - .98).  

Sample 2 

 To replicate the findings of sample 1, sample 2 utilizes a separate sample of 

leaders using a different personality inventory and on a similar set of leader evaluations. 

Table 30 reports the big five personality predictors of performance, potential, and 

derailment for sample 2 of study 2. For performance, the only statistically significant 

predictor is emotional stability ( = .17, p < .05). For promotion, extraversion ( = .30, p 

< .05) and openness ( = .14, p < .05) were both significant predictors. For derailment, 

openness ( = .17, p <.05) is a positive predictor of derailment, while extraversion ( = -

.15, p < .05) and conscientiousness ( = -.20, p < .05) were negative predictors. Similar to 

sample 1, personality traits as a set were more strongly related to self-rated leadership 

criteria (R
2
 = .08 - .18) and were weakly related to boss-rated leadership criteria (R

2
 = .01 

- .02). Thus, the subsequent analyses do not attempt to identify the criterion-related 

profile associated based on boss-rated leadership criteria nor does it seek to parse the 

variance attributable to personality traits between level and profile effects given the weak 

relationship between personality traits and other-rated leadership evaluations.  
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 Figure 17 identified the criterion-related profile for self-rated leadership 

performance, promotion, and derailment. Consistent with sample 1, performance-related 

profile is characterized by a within-person valley on agreeableness and a within-person 

peak on conscientiousness. However, there was less consistency for the other two 

leadership criteria. For promotion, while it was also characterized by lowered (self-

referenced) scores on agreeableness, elevation on extraversion and lowered scores on 

conscientiousness were also significant markers for that profile. Additionally, the 

criterion-related profile for derailment was characterized by elevation on openness and 

lowered scores on conscientiousness.   

Table 31 reports the relative contribution of personality level and personality 

profile in predicting the three leadership criteria (Research Question 1). Across the three 

leadership criteria, personality level was a consistent predictor. However, fit with the 

criterion-related profile was an inconsistent predictor (i.e., did not cross-validate) of self-

rated leadership performance. Fit with their respective criterion-related profile was 

consistently predictive for promotion and derailment, and profile fit was similarly 

predictive in magnitude to personality level.  

In addition to examining the big five personality profile associated with 

leadership evaluations, I also examined the relationship between dark side (or derailing) 

personality traits and performance, promotion, and derailment for managers. Table 32 

reports the multiple regression results linking the personality traits of ego-centered, 

manipulation, micro-managing, intimidating, and passive-aggressive with leadership. 
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Similar to the big five, the dark side traits were stronger predictors of self-rated 

leadership (R
2 

= .02 - .08) than to boss-rated leadership (R
2 

= .02 - .03), though not as 

predictive as the big five as a set. Given the relatively weak relationship between dark 

side personality traits and leadership evaluations by others, I do not examine the 

predictive value of personality configurations for other-rated leadership criteria.  

Ego-centered was a positive predictor of self-rated leadership performance ( 

= .28, p <.05) and promotion ( = .16, p < .05), while passive aggressiveness was a 

negative predictor of self-rated leadership performance ( = -.15, p < .05) and ( = -.17, p 

< .05). None of the five dark side traits examined here were statistically significantly 

related to self-ratings of derailment likelihood (see Table 32). Figure 18 reports the 

criterion-related profile identified based on these dark side personality traits. None of the 

dark side traits were significant markers of the criterion-related profile for derailment. 

However, within-person elevation on ego-centered and within-person lowered score on 

passive aggressiveness defined the criterion-related profile for both performance and 

promotion. Elevation (relative to your own mean) on the trait of manipulation was also a 

significant marker of the criterion-related profile for promotion.  

Table 33 reports the relative contribution of personality level and profile effects in 

predicting performance, potential, and peril (Research Question 2). Interestingly, and in 

contrast to the findings for the big five, personality profile rather than personality level 

carries the weight in prediction across the full and cross-validation samples (R
2
 = .08 

versus .00 for performance and .06 versus .01 for promotion). However, neither 
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personality level nor profile were consistent predictors of derailment. Thus, rather than 

possessing high levels of dark side personality traits  in general being predictive of 

leadership outcomes, it was possessing a specific personality profile characterized by 

being relatively high on ego-centered and relatively low on passive aggressiveness 

(compared to your own mean) that was predictive of self-rated leadership performance 

and promotion potential. Note that this personality profile could be characteristic of 

individuals high in self-confidence or assurance rather than representing an accurate 

perception of the requisite personality configuration necessary to succeed in leadership 

roles, as these personality profiles were based on self-rated leadership criteria. 

Unfortunately, given the modest sample size of sample 2 along with the uneven 

distribution of gender and organizational level, I was unable to examine the moderating 

effect of gender or organizational level on the relationship between big five or dark side 

personality trait configurations and leadership performance, promotion, and derailment.    

Rankings. Table 34 compares individuals‘ rankings on eleven different selection 

systems: (1) conscientiousness, (2) extraversion, (3) big five personality level, (4) dark 

side personality level, (5) fit with big five performance-related personality profile, (6) fit 

with big five promotion-related personality profile, (7) fit with dark-side performance-

related personality profile, (8) fit with dark-side promotion-related personality profile, (9) 

regression-weighted big five composite for performance, (10) regression-weighted big 

five composite for promotion, and (11) regression-weighted big five composite for 

derailment. Generally, across the leadership criteria, the regression-weighted big five 
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composites for performance (r = -.35), promotion (r = -.41), and derailment (r = -.30) 

were the strongest predictors of their respective criteria. However, extraversion and 

personality level were also strong and consistent predictors of all three leadership criteria, 

and were only moderately related to the regression-weighted composites (r = .47 - .86), 

indicating that a comparable level of validity may be achieved by selecting a somewhat 

distinct set of individuals.   

Meta-analysis of results of study 2 

 Table 35 reports the meta-analytic results of the predictive power of personality 

level and profile in predicting leadership performance, promotion, and derailment 

combining sample 1 and 2 of study 2. The meta-analytic results indicate that level and 

profile effects are similarly predictive for leadership performance ( = .32 and .36, 

respectively), promotion ( = .29 and .30, respectively), and derailment ( = -.17 and .19, 

respectively). When compared to study 1, the leadership criteria of study 2 appear to 

exhibit more consistency, with generally smaller observed and residual standard 

deviations. For example, all the observed variation in the personality level-leadership 

performance relationship is attributable to sampling error. However, for other 

relationships (i.e., profile-performance, level-promotion, profile-promotion, level-derail, 

and profile-derail) there remains residual variance not attributable to sampling error, 

which future research should seek to explain.  However, these results should be viewed 

tentatively as only two samples contribute to this meta-analysis and these results could be 

influenced by second-order sampling error.  
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DISCUSSION 

 The present study investigated the relationship between personality 

configurations and evaluations of leader performance, potential, and peril. The data show 

that personality traits are a moderate predictor of self-rated leadership performance, but a 

relatively weak predictor of supervisor-rated leadership performance. This configural 

approach demonstrated that personality level as well as a particular personality profile 

was generally independently and incrementally related to leadership outcomes. In 

particular, the personality profile associated with effective leadership outcomes appears 

to be on characterized by high conscientiousness, and sometimes openness, relative to 

that person‘s standing on personality traits and low on agreeableness. However, it should 

be noted that while a similar profile was identified for leadership performance in both 

samples, subsequent analyses for sample 2 indicates that personality level rather than 

profile was carrying the predictive power for that group.  

Overall the data suggest that holding constant personality level (which was 

consistently predictive), there is some evidence that individuals with personal strengths 

on conscientiousness and openness and whose strengths are not in agreeableness may rate 

their own leadership performance as more effective. However, it is currently unclear to 

what extent these findings reflect individuals‘ implicit leadership theories of what it takes 

to be a successful leader (i.e., achievement-oriented and hard-hitting rather than too 

interpersonally sensitive) or if these personality profiles accurately represent what is 

objectively required by the leadership role. Given the weak relationship between 
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personality traits and other source evaluations of leaders (i.e., boss, peer, direct report), I 

was unable to examine this question in the present data.  

 Neither gender nor organizational level appeared to moderate the relationship 

between personality trait configurations and leadership criteria. However, given my focus 

on self-report criteria, it could be that gender moderates the relationship between 

personality traits and the evaluations of others, given that others may be more apt to view 

leadership behaviors as gendered than the focal individual undertaking these leadership 

behaviors. Additionally, contrary to what I expected, organizational level moderated the 

relationship between personality traits and leadership criteria such that lower level 

managers‘ leadership evaluations were more strongly predicted by their personality 

(though both the relative contribution and the criterion-related profile identified were 

similar across organizational levels). However, I had argued that the personality of senior 

leaders should have a stronger influence on leadership outcomes as they have more 

freedom and flexibility to engage in a wider range of leadership behaviors without 

censure from others. This moderator effect could potentially be attributed to the self-

reported nature of the criteria, with middle managers seeing a more direct and strong 

route between their personal abilities and characteristics and their potential for career 

advancement and development and senior leaders being more aware of the contextual and 

situational factors that may help or hinder their success. 

 The current study also adds to the growing literature looking at the role of dark 

side personality traits in leaders. My findings show that dark side personality traits are 
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linked to leadership criteria and that self-perceptions of leadership performance and 

promotion potential are driven by personality profile rather than personality level. Thus, 

individuals high on ego-centered and low on passive aggressiveness (relative to their own 

standing) are more apt to rate themselves as successful leaders. However, future research 

should disentangle whether this personality profile is characteristic of boastful (and 

inaccurate) leaders or if these self-confident and assertive leaders are more effective in 

practice. Future research could also link this research to the emerging research indicating 

that the relationship between dark side traits and leadership outcomes may be nonlinear 

in form (Benson & Campbell, 2007).   

 Generally, there was modest consistency in findings between the two managerial 

samples. The present meta-analysis suggests that there may be moderate amounts of non-

random variation left over, after accounting for sampling error, that remains to be 

explained, and future research should seek to identify these other sources of variance.  

Across criteria and for both samples, it appears that personality level is predictive of 

leadership outcomes. However, the relative contribution and form of the criterion-related 

profile associated with positive leadership outcomes is less clear and bears further 

scrutiny and research. 
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GENERAL DISCUSSION 

 The purpose of the present dissertation was to investigate the utility of a new, 

criterion-referenced configural approach to the relationship between personality traits and 

work criteria, specifically job performance (Study 1) and leadership effectiveness (Study 

2). Table 36 summarizes the overall results from both studies, comparing the relative 

contribution of personality level and profile effects in predicting each work criteria. From 

Table 34 it becomes apparent the variation in the relative contribution effects both across 

different work criteria and across samples. However, given that many of these effects 

cross-validated within the same sample (i.e., when the sample was split in half and the 

criterion-related profile developed in one half applied to the other), this suggest that the 

present variation is likely not random in nature (i.e., due solely to sampling error) and 

uncovering the sources or predictors of this meaningful variance should be pursued in 

future research.  

Variation in Findings across Samples 

 The significant variation across samples (and within samples) in the pattern of 

results may be caused by a number of different reasons. First, it could be that while the 

big five personality traits were the predictor space being investigated across studies, 

differences in the operationalization of this construct space, particularly differences in the 

extent that different measures tapped common variance due to the domain level trait (i.e., 

big five) versus unique variance due to specific personality facets,  led to differences in 

the personality traits that were significant predictors of work criteria (and the 



 
 

146 
 

identification of different criterion-related profiles). Second, the present variation could 

be due to differences in how the criteria variables are operationalized across samples, 

though the items utilized appeared to be similar, particularly for study 2. Third, the 

variation observed in the present study could be attributable to sampling error. Thus, 

while there may be consistency in profile versus level effects in actuality, they are 

masked by differences in sampling error as there were only two samples represented for 

each study. However, this concern should be somewhat mitigated by the relatively large 

sample sizes employed in the present study. Additionally, the present meta-analytic 

evidence suggests that moderate variation remains to be explained, even after accounting 

for sampling error. Fourth, while I investigated some moderators of the relationship 

between personality configurations and work criteria, it could be that unexamined 

moderators (i.e., prevalence of individuals from different functions leading to different 

traits required for success), were unequally distributed across samples, leading to the 

observed differences. Fifth, perhaps the criterion-related profiles (and the subsequent 

relative contribution of level and profile effects), varies by organization, and thus 

aggregating across individuals from different organizations as was done in Study 2 leads 

to inconsistent results. However, my attempt to examine variation in the Sample 2 of 

Study 1 was largely unsuccessful, though this could be attributed in large part to the small 

number of organizations available.  

 Future research should continue to strive to understand the predictive value of 

personality configurations and the relative contribution of profile versus level effects in 
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predicting work criteria. As research accumulates, meta-analytic techniques can continue 

to be used to investigate if differences across samples are simply due to sampling error, 

or if they reflect true moderator effects. If consistent moderator effects are found, other 

methods such as hierarchical linear modeling can be used to predict and explain the 

variation found across samples or organizations. Thus, while the present results are 

inconsistent, future research can help to explain why these differences were found.  

Personality Level Effects 

 The most consistent finding in the present dissertation is that personality level is 

generally predictive of work criteria across samples. However, it should be 

acknowledged that this finding may be attributable to the fact that self-report personality 

and criteria measures were utilized in the present study. Thus, it could be that individuals 

who self-report as possessing higher levels of desirable traits also report that they engage 

in more desirable (and less undesirable) workplace behaviors. Future research should 

examine if the predictive strength of personality level effects hold when using other-

reports of personality and/or other-reports of performance criteria.  

Given that personality level effects appear to be fairly consistent and sizeable, this 

suggests that unit-weighting of personality variables may help researchers to achieve a 

large proportion of the maximum variance possible, particularly given the variation found 

in the shape of profile effects for the same outcome (i.e., suggesting unstable regression 

weights). While a construct-level meaning does not necessarily have to be attributed to 

this variable (i.e., it‘s usage can be simply descriptive), the prevalence of level effects is 
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striking, particularly considering the emerging research on the existence of a general 

factor of personality (Musek, 2007; Rushton & Irwing, 2008; Rushton & Irwing, 2009a, 

2009b, 2009c) and existing typological work showing that the subgroup of individuals 

demonstrating high levels of desirable traits generally achieve more desirable life 

outcomes (i.e., Block & Block, 1980; Robins et al., 1996). While the debate rages on 

regarding if the general factor of personality is substantive or if it is simply a statistical or 

methodological artifact (cf. Ashton, Lee, Goldberg, & de Vries, 2009), concerns 

regarding over-interpreting the level effect within the context of the current analytical 

technique are well taken. Particularly, concerns may arise regarding that level effects are 

driven simply by one strong predictor of a given criteria. Future research could 

investigate the predictive value of level effects, removing the effects of the strongest 

predictor, in predicting work criteria to examine of the predictive value of level effects 

are largely driven by a particular personality trait. Alternatively, researchers could also 

examine the incremental validity of profile effects over the strongest personality predictor 

of a given outcome, rather than level effects, to see if the same pattern of results is 

observed.   

 In the present data, suppression effects are observed in study 1 in predicting 

performance criteria, whereby the inclusion of one variable (i.e., level or profile effect) 

appears to increase the variance attributable to the focal variable (i.e., the other variable) 

within the regression equation by partialling out invalid variance (Schmitt & Klimsoki, 

1991). Generally, suppressor effects are not widely found in the research literature 
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(McNemar, 1945), though it has been observed in the personality domain (e.g., Collins & 

Schmidt, 1997). The presence of suppressor effects in the present studies is in line with 

previous research arguing that social desirability, acquiescence, or self-enhancement 

responding serve as suppressor variables, as they are response sets that are generally 

unrelated to outcomes of interest, but related to other personality variables (Ones, 

Viswesvaran, & Reiss, 1998).  

Some might argue that level effects as operationalized in the current study are 

similar to these constructs, as they reflect higher scores across personality variables that 

may not be an accurate reflection of an individual‘s actual trait standings. However, 

research examining social desirability and related constructs as suppressors has generally 

met with little success (e.g., Dicken, 1968; Borkenau & Ostendorf, 1992), with Ones et al. 

(1998) showing meta-analytically that social desirability measures did not moderate big 

five personality-job performance relationships. However, Ones et al. and the majority of 

the research literature have typically utilized social desirability measures rather than 

acquiescent (or high) responding on the focal personality scales of interest to investigate 

suppression, and thus the finding of suppression in the current sample may reflect this 

difference in operationalization. While both studies in the present dissertation utilized 

self-report personality measurement, it is interesting to note that suppressor effects were 

found only in study 1 investigating personality-performance relationships and not in 

study 2 investigating personality-leadership relationships. It could be that the pattern of 

relationships between big five personality traits, level effects, and the criteria differ 
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across these two domains, such that level effects serve as a suppressor for one set of 

outcomes but not the other. Future research should continue to examine whether level 

effects consistently serve as suppressor variables between personality-work outcome 

relationships and the magnitude of these effects.    

The Utility of Configural Methods 

 The present study utilized a new criterion-related profile technique developed by 

Davison and Davenport (2002), in large part because it was criterion-focused in its 

methods. However, the present technique does not explain additional variance above the 

the additive, linear combination of the predictors in the original multiple regression, but 

rather parses the variance explained between level and profile effects. Additionally, the 

two new proposed methods, cluster analysis of profile deviations and a hierarchical 

approach to criterion-related profile analysis, which attempted to build upon insights of 

the Davison and Davenport technique failed to increment variance explained above the 

additive, linear combination of the personality predictors. However, the present findings 

should not be taken as an indictment of configural methods or the philosophy more 

generally, particularly given the relatively early stage of inquiry of the research literature. 

Future research should continue to examine the relationship between personality 

configurations and work criteria using alternative configural methods to complement the 

existing variable-oriented research literature. In particular, I would encourage future 

research to explore the utility of personality configurations with latent variables, as the 

instability of the present results may be due in part to its focus on observed variables.   



 
 

151 
 

The Rank Ordering of Individuals from Variable-Oriented versus Person-Oriented 

Methods 

The present research also suggests new avenues for selection whereby selection 

systems could be designed to select individuals exhibiting particular personality profiles 

or average personality level in a more holistic manner, in contrast with our existing 

framework of focusing on traits in a more isolated fashion. While much more research 

will need to be conducted in order to ascertain the generalizability of criterion-related 

profiles and the predictive value of level versus profile effects before this type of system 

can be implemented, the present research serves to highlight  the rank ordering of 

individuals across variable versus person-oriented approach are not necessarily 

isomorphic. While the regression-weighted composites of the big five personality traits 

(i.e., likely the most common selection system utilized in practice currently) were 

generally the most predictive selection systems across samples and the criteria examined, 

it should be noted that for several samples other selection systems, particularly 

personality level, approximated the same level of validity and were generally only 

moderately correlated with the regression-based ranking system. Thus, there may be 

opportunities for I-O psychologists to find multiple pathways to staffing a comparably 

effective organization with different applicants.  Future research should continue to 

examine this possibility.   

It is interesting to speculate whether a person-oriented approach may help I-O 

psychologists meet the legal requirements of a similarly predictive selection system, but 
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not resulting in adverse impact. However, the viability of this procedure will depend, in 

part, on (1) the magnitude of subgroup differences on the predictor variables included in 

the system, and (2) how great a loss in predictive validity would an organization lose by 

moving from a person-oriented to a configural-oriented selection system. For example, a 

selection system based solely on personality may be unlikely to realize diversity benefits 

from moving from a variable to a configural approach given that subgroups differences 

on gender and race are typically modest in the personality domain (Feingold, 1994; 

Foldes, Duehr, & Ones, 2008). However, future research could explore configurations of 

broader trait complexes, including both personality and ability variables, which may be 

able to realize the advantages of a configurally-based selection system. More generally, 

future research should continue to investigate the tradeoffs and pros and cons of selection 

systems based on variable versus configural methods.    

Conclusion 

 In summary, the present study employs a new criterion-related profile 

methodology to the relationship between personality traits and performance and 

leadership criteria and adds to the sparse research literature linking personality to work 

outcomes from a configural or person-oriented perspective. Overall, the present results 

indicate variance across samples in both the relative contribution of personality profile 

and personality level as well as the form of the criterion-related related identified in both 

the performance (i.e., job performance, organizational citizenship behaviors, and 

counterproductive work behaviors) and leadership (i.e., performance, promotion potential, 



 
 

153 
 

and derailment potential) domains. The present research also demonstrates that this 

variation is likely non-random in nature, and future research should seek to identify the 

sources of variance. Given the relatively early stage of inquiry of configural linkages 

between personality traits and work criteria, the present study also points to a number of 

promising future research directions that can serve to advance the field and our 

understanding of the relationships between personality and the world of work.    
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Table 1. Multiple regressions of big five personality predictors of organizational citizenship behaviors and counterproductive work behaviors in sample 1 of 

study 1 

 OCB OCB-I OCB-O CWB CWB-I CWB-O 

 B  B  B  B  B  B  

Constant 1.34**  1.70**  1.15**  2.58**  17.35**  29.99**  

Emotional Stability .04* .08 .06** .12 .07** .09 -.08** -.21 -.70** -.24 -.69** -.15 

Extraversion .07** .15 .03 .05 .13** .16   .00 .01 .39** .14 -.38* -.08 

Openness .14** .22 .13** .19 .10** .09 .00 -.01  -.10 -.03 .05 .01 

Agreeableness .16** .23 .22** .30 .23** .20 -.10** -.18 -1.24** -.30 -.39 -.06 

Conscientiousness .13** .19 .05* .06 .07 .06 -.16** -.31 -.37** -.09 -2.42** -.37 

             

R
2
 .27 .22 .14 .25 .19 .22 

Note. N = 900. OCB= organizational citizenship behavior, OCB-I= organizational citizenship behaviors- targeted toward individuals, OCB-O= organizational 

citizenship behaviors- targeted toward the organization, CWB= counterproductive work behaviors, CWB-I= counterproductive work behaviors- targeted toward 

individuals, CWB-O= counterproductive work behaviors- targeted toward the organization. *p <.05, ** p<.01. 
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Table 2. Relative contribution of personality level and profile pattern in predicting organizational citizenship behaviors and counterproductive work behaviors in 

sample 1 of study 1 

 

 Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

 OCB CWB 

Profile pattern alone  0.0% 0.7% 8.9%** 5.4%** 4.2%** 6.2%** 

Level alone  23.8%** 8.5%** 10.8%** 15.5%** 11.6%** 19.2%** 

Profile pattern increment  2.9%** 0.0% 2.1%** 9.0%** 7.9%** 8.7% 

Level increment  26.7%** 8.1%** 4.0%** 19.2%** 15.2%** 21.6%** 

Level and profile pattern  26.7%** 8.5%** 13.0%* 24.6%** 19.4%** 27.8%** 

 OCB-I CWB-I 

Profile pattern alone  1.1%** 1.4%* 0.6% 7.3%** 5.3%** 5.7%** 

Level alone  17.9%** 12.5%** 23.3%** 8.9%** 7.0%** 10.7%** 

Profile pattern increment  4.1%** 4.2%** 3.4%** 9.7%** 6.4%** 7.7%** 

Level increment  20.8%** 15.3%** 26.0%** 11.3%** 8.1%** 12.6%** 

Level and profile pattern  22.0%** 16.7%** 26.6%** 18.6%** 13.4%** 18.4%** 

 OCB-O CWB-O 

Profile pattern alone  1.1%** 0.2% 0.1% 5.8%** 3.7%** 8.2%** 

Level alone  13.1%** 12.8%** 13.3%** 13.1%** 9.8%** 16.0%** 

Profile pattern increment  1.2%** 0.6% 0.2% 8.6%** 6.7%** 10.0%** 

Level increment  13.2%** 13.2%** 13.4%** 15.9%** 12.8%** 17.8%** 

Level and profile pattern  14.3%** 13.4%** 13.5%** 21.7%** 16.5%** 26.0%** 

Note. Full sample N=900; Cross validation sample 1 N = 450 and cross validation sample 2 N = 450. *p <.05, ** p<.01  
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Table 3. Multiple regressions of big five personality predictors of organizational citizenship behaviors and counterproductive work behaviors in sample 1 of 

study 1 by gender 

 Men Women 

 OCB CWB OCB CWB 

 B  B  B  B  

Constant 1.23**  2.98**  1.42**  2.76**  

Emotional Stability .04 .07 -.12** -.28 .04* .09 -.07** -.19 

Extraversion .07* .13 .04 .09 .07** .16 -.01 -.03 

Openness .10* .13 .01 .01 .16** .26 -.01 -.03 

Agreeableness .18** .28 -.13** -.24 .13** .19 -.07** -.13 

Conscientiousness .16** .24 -.16** -.29 .11** .16 -.16** -.31 

         

R
2
 .29 .30 .26 .22 

 Note. Men N = 213. Women N= 669. *p <.05, ** p<.01 
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Table 4. Relative contribution of personality level and profile pattern in predicting organizational citizenship behaviors and counterproductive work behaviors for 

men and women in sample 1 of study 1 

 Men Women 

 

 Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

  

OCB 

Profile pattern alone  1.0%** 0.5% 0.0% 0.0% 0.6% 0.3% 

Level alone  25.0%** 23.7%** 26.8%** 23.4%** 20.7%** 26.4%** 

Profile pattern increment  3.9%** 2.5%** 3.4%** 2.6%** 1.3%** 1.9%** 

Level increment  27.9%** 25.8%** 30.1%** 26.1%** 21.5%** 27.9%** 

Level and profile pattern  28.9%** 26.3%** 30.2%** 26.1%** 22.0%** 28.3%** 

  

CWB 

Profile pattern alone  11.5%** 11.0%** 3.2%** 2.9%** 3.4%** 2.2%** 

Level alone  17.0%** 14.8%** 19.3%** 14.6%** 16.8%** 13.0%** 

Profile pattern increment  12.7%** 13.8%** 5.7%** 7.1%** 7.9%** 5.9%** 

Level increment  18.2%** 17.5%** 21.9%** 18.8%** 21.3%** 16.6%** 

Level and profile pattern  29.7%** 28.6%** 25.1%** 21.7%** 24.6%** 18.9%** 

Note. Men full sample N= 213, cross validation sample 1 N = 106, and cross validation sample 2 N =107. Women full sample N= 669, cross validation sample 1 

N= 335, and cross validation sample 2 N = 334. *p <.05, ** p<.01 
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Table 5. Variance explained due to cluster membership in the development sample across cluster-solutions for sample 1 of study 1 

 Cluster Solution 

 2 3 4 5 6 7 8 9 10 

  

OCB 

R .02 .03 .06 .12 .08 .14 .16 .24 .18 

R
2
 .00 .00 .00 .01 .01 .02 .03 .06 .03 

  

CWB 

R .13 .16 .12 .14 .23 .22 .24 .24 .30 

R
2
 .02 .03 .01 .02 .05 .05 .06 .06 .09 

Note. N = 450.  
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Table 6. Descriptive statistics for 9-cluster solution as applied to the holdout sample of sample 1in study 1 

Note. N= 450. ES= Emotional stability, E= Extraversion, O= Openness, A= Agreeableness, C= Conscientiousness, LVL= Level, *= person-centered deviation, 

OCB= Organizational Citizenship Behaviors, CWB= Counterproductive Work Behaviors.  

 

 

 

 Cluster Number 

 1 2 3 4 5 6 7 8 9 

 M SD M SD M SD M SD M SD M SD M SD M SD M SD 

ES 2.56 .51 4.30 .42 2.82 .58 3.61 .46 3.68 .59 3.92 .50 3.97 .52 3.59 .41 2.72 .43 

E 3.01 .74 3.55 .53 3.94 .55 3.14 .47 3.80 .56 2.43 .51 2.41 .58 3.32 .53 2.49 .54 

O 4.48 .41 3.63 .40 3.91 .54 4.06 .45 4.07 .52 3.45 .48 4.14 .42 3.39 .51 3.98 .47 

A 4.18 .52 4.36 .45 4.36 .44 4.34 .42 3.71 .59 4.33 .47 3.74 .57 4.23 .37 4.18 .44 

C 3.59 .57 3.78 .51 3.71 .69 3.89 .42 3.97 .54 4.39 .35 4.02 .46 4.28 .36 4.39 .36 

LVL 3.56 .42 3.92 .34 3.75 .39 3.81 .36 3.85 .44 3.70 .33 3.66 .35 3.76 .33 3.55 .28 

                   

ES* -1.01 .34 0.38 .29 -.92 .35 -.20 .26 -.17 .36 .22 .33 0.31 .33 -.17 .30 -0.83 .34 

E* -.56 .45 -0.38 .34 .19 .39 -.66 .27 -.04 .29 -1.28 .34 -1.24 .34 -.45 .33 -1.06 .39 

O* .92 .32 -0.30 .27 .16 .36 .25 .24 .23 .36 -.26 .34 0.49 .46 -.37 .33 0.43 .37 

A* .62 .37 0.44 .27 .61 .34 .53 .23 -.14 .33 .63 .28 0.08 .39 .47 .26 0.62 .38 

C* .03 .36 -0.14 .39 -.04 .55 .08 .30 .12 .38 .69 .34 0.36 .35 .52 .21 0.84 .27 

                   

OCB 3.40 .39 3.38 .47 3.43 .34 3.44 .30 3.44 .39 3.32 .32 3.37 .38 3.39 .36 3.35 .30 

CWB 1.68 .29 1.47 .37 1.55 .31 1.49 .25 1.55 .35 1.38 .18 1.58 .21 1.45 .24 1.50 .20 

N 38 51 37 60 58 62 28 58 58 
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Table 7. Multiple regressions and variance explained by personality profile for the new criterion-related profile for individuals with absolute value of residuals 

one standard deviation or greater above the mean for sample 1of study 1 

 B   % variance explained in 

full sample  

OCB 

Constant -.01**  Profile pattern alone  1.2% 

Emotional Stability -.02 -.01 Level alone  1.0% 

Extraversion .08 -.02 Profile pattern increment  2.3% 

Openness .16 .08 Level increment  2.0% 

Agreeableness .03 .16 Level and profile pattern  3.3% 

Conscientiousness -.01 .03   

R
2
 .03   

 

CWB 

Constant 2.47**  Profile pattern alone  2.0% 

Emotional Stability -.03 -.05 Level alone  1.4% 

Extraversion .04 .06 Profile pattern increment  2.6% 

Openness -.01 -.01 Level increment  2.0% 

Agreeableness -.11 -.12 Level and profile pattern  4.0% 

Conscientiousness -.09 -.10   

R
2
 .04   

Note. OCB sample N= 136. CWB sample N= 116. *p <.05, ** p<.01 
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Table 8. Multiple regressions and variance explained for the new criterion-related profile for individuals with residuals one standard deviation or greater above 

and below the mean separately for sample 1 of study 1 

 B  B   % variance explained  

in full sample 

 OCB-  

overpredicted 

OCB-  

underpredicted 

 OCB- 

overpredicted 

OCB- 

underpredicted 

Constant .02  2.27**  Profile pattern alone  0.2% 4.0% 

Emotional Stability .05 .04 .02 .14 Level alone  48.1%** 45.2%** 

Extraversion .03 .04 .04* .20 Profile pattern increment  9.5%** 28.4%** 

Openness .18** .05 .12** .58 Level increment  57.4%** 69.6%** 

Agreeableness .22** .05 .14** .58 Level and profile pattern  57.6%** 73.6%** 

Conscientiousness .21** .05 .09** .33    

R
2
 .58 .74    

  

CWB- 

overpredicted 

 

CWB- 

underpredicted 

  

CWB- 

overpredicted 

 

CWB- 

underpredicted 

Constant 2.31**  4.27**  Profile pattern alone  27.4%** 11.1%** 

Emotional Stability -.06** -.30 -.12** -.27 Level alone  48.0%** 30.7%** 

Extraversion .01 .05 .01 .04 Profile pattern increment  37.5%** 21.3%** 

Openness -.02 -.06 -.05 -.05 Level increment  58.1%** 40.8%** 

Agreeableness -.10** -.38 -.14** -.28 Level and profile pattern  85.5%** 52.0%** 

Conscientiousness -.14** -.64 -.28** -.46    

R
2
 .86 .52    

Note. OCB overpredicted N= 78; OCB underpredicted N= 58; CWB overpredicted N= 50; CWB underpredicted N = 66.  *p <.05, ** p<.01 
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Table 9. Correlations of rankings based on different selection systems for sample 1 of study 1 

 1 2 3 4 5 6 7 

1. Rank Conscientiousness       
 
     

 
 

2. Rank Level .47   
 
 

 
 

 
 

 
 

 
 

3. Rank Profile Fit OCB .11 -.27   
 
   

 
   

4. Rank Profile Fit CWB -.52 .21 -.19   
 
 

 
   

5. Rank Big Five Regression Composite OCB .53 .94 .03 .16   
 
 

 
 

6. Rank Big Five Regression Composite CWB -.79 -.79 .15 .38 -.77   
 
 

7. OCB -.27 -.47 -.02 -.07 -.50 .38   

8. CWB .40   -.38 -.05 -.20 .37 -.48 -.31 

Note. N= 900. Rank of 1 indicates highest score on that selection system. Ranking system allows ties. 

 

 

 

 

 

 

 

Table 10. Multiple regressions of Big Five personality predictors of task performance and organizational citizenship behaviors in sample 2 of study 1 
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 Task Performance 

 Sample 2a Sample 2b Sample 2c Sample 2d 

 B  B  B  B  

Constant 2.28**  3.11**  3.35**  3.26**  
Emotional Stability -.04 -.03 -.22 -.17 .02 .02 -.61** -.56 

Extraversion .02 .01 .33* .24 -.05 -.05 .17 .14 

Openness .10 .06       

Agreeableness -.06 -.04 -.05 -.04 -.06 -.06 -.01 -.01 

Conscientiousness .38** .18 .10 .07 .33* .27 .54** .38 

         
R

2
 .04 .03 .04 .15 

  

Organizational Citizenship Behaviors 

  

Constant 2.59**  2.55**  3.35**  3.70**  

Emotional Stability .01 .01 -.12 -.10 .01 .01 -.45** -.41 

Extraversion .00 .00 .31 .22 -.02 -.02 -.20 -.16 

Openness -.09 -.05   -.09 -.07   

Agreeableness -.10 -.05 .03 .02   -.14 -.10 

Conscientiousness .50** .21 .09 .06 .29* .21 .77** .53 

         

R
2
 .03 .05 .03 .14 

Note. Sample 2a N= 457, Sample 2b N = 200, Sample 2c N = 269, Sample 2d N = 191.  *p <.05, ** p<.01 
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Table 11. Relative contribution of personality level and profile pattern in predicting task performance and organizational citizenship behaviors in sample 2 of 

study 1 

 Task Performance Organizational Citizenship Behaviors 

 

 Full Sample Cross Validation 

Sample 1 

Cross 

Validation 

Sample 2 

Full Sample Cross 

Validation 

Sample 1 

Cross Validation 

Sample 2 

 Sample 2a 

Profile pattern alone  1.4%* 0.1% 0.1% 1.4%* 0.1% 0.3% 

Level alone  2.0%** 2.6%* 1.5% 1.3%* 2.5%* 0.6% 

Profile pattern increment  2.0%** 0.3% 0.3% 1.7%** 0.2% 0.3% 

Level increment  2.5%** 2.8%* 1.8% 1.6%** 2.6%* 0.6% 

Level and profile pattern  4.0%** 2.9%* 1.8% 3.0%** 2.7%* 0.9% 

 Sample 2b 

Profile pattern alone  2.2%* 0.1% 0.2% 1.0% 0.4% 1.5% 

Level alone  0.8% 0.0% 2.9% 3.3%* 0.7% 6.6%* 

Profile pattern increment  2.5%* 0.1% 0.3% 1.4% 0.4% 1.1% 

Level increment  1.1% 0.0% 3.1% 3.7%** 0.7% 6.1%* 

Level and profile pattern  3.2%* 0.1% 3.2% 4.7%** 1.1% 7.7%* 

 Sample 2c 

Profile pattern alone  1.4% 2.2% 0.2% 1.2% 4.2%* 0.3% 

Level alone  3.1%** 9.4%** 0.2% 1.6%* 5.3%** 0.1% 

Profile pattern increment  1.8%* 2.1% 0.2% 1.3 4.4%* 0.2% 

Level increment  3.5%** 9.3%** 0.2% 1.7%* 5.5%** 0.1% 

Level and profile pattern  4.9%** 11.5%** 0.4% 2.9%* 9.7%** 0.3% 

Note. Sample 2a N= 457, cross-validation 1 N = 228, cross-validation 2 N = 229; Sample 2b N = 200, cross-validation 1 N = 100, cross-validation 

2 N = 100; Sample 2c N = 269, cross-validation 1 N = 135, cross-validation 2 N= 134.  *p <.05, ** p<.01 
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Table 11 (continued). Relative contribution of personality level and profile pattern in predicting task performance and organizational citizenship 

behaviors in sample 2 of study 1 

 Task Performance Organizational Citizenship Behaviors 

 

 Full Sample Cross Validation 

Sample 1 

Cross 

Validation 

Sample 2 

Full Sample Cross 

Validation 

Sample 1 

Cross Validation 

Sample 2 

 Sample 2d 

Profile pattern alone  15.0%** 21.3%** 5.0%* 14.1%** 13.2%** 10.2%** 

Level alone  0.2% 0.8% 0.0% 1.3% 1.3% 1.4% 

Profile pattern increment  15.2%** 20.6%** 5.1%* 12.9%** 11.9%** 8.9%** 

Level increment  0.4% 0.1% 0.2% 0.0% 0.1% 0.1% 

Level and profile pattern  15.4%** 21.4%** 5.2% 14.1%** 13.3%** 10.3%** 

 Sample 2 combined 

Profile pattern alone  4.8%** 2.7%** 4.9%** 1.8%** 1.2%* 1.7%** 

Level alone  1.8%** 2.5%** 1.4%** 1.7%** 1.9%** 1.5%** 

Profile pattern increment  4.8%** 2.6%** 4.8%** 1.9%** 1.3%** 1.8%** 

Level increment  1.8%** 2.4%** 1.3%** 1.8%** 2.0%** 1.5%** 

Level and profile pattern  6.6%** 5.1%** 6.2%** 3.6%** 3.2%** 3.3%** 

Note. Sample 2d N = 191, cross-validation 1 N = 96, cross-validation 2 N = 95; Sample 2 combined N = 1117, cross validation N = 559, cross 

validation N = 558. 

 

 



 
 

201 
 

Table 12. Meta-analysis of sample 2 of study 1 personality level and profile pattern effects in predicting task performance and organizational citizenship 

behaviors 

 N r level-profile fit r level-task 

performance 

r profile fit- task 

performance 

r level-profile fit r level- OCB r profile fit-OCB 

Sample 2a 457 -.15 .14 .12 -.10 .11 .12 

Sample 2b 200 -.11 .09 .15 -.10 .18 .10 

Sample 2c 269 -.09 .18 .12 -.04 .13 .11 

Sample 2d 191 -.26 -.04 .39 -.27 -.11 .38 

        

Mwt  -.15 .11 .17 -.11 .09 .16 

SDwt  .06 .07 .10 .07 .09 .10 

SDres  .00 .04 .08 .05 .07 .08 

% var s.e.  107% 64% 34% 63% 40% 34% 

Note. Mwt = Sample-size weighted meta-analytic average. SDwt = Observed standard deviation. SDres = Residual standard deviation after accounting for sampling 

error. % var s.e. = Percent of variance due to sampling error. OCB= Organizational citizenship behaviors.  
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Table 13. Multiple regressions of personality predictors of task performance and organizational citizenship behaviors for men and women in sample 2 of study 1 

 Total Sample Men Women 

 Task Performance OCB Task 

Performance 

OCB Task 

Performance 

OCB 

 B  B  B  B  B  B  

Constant 3.09**  3.01**  2.92**  2.57**  2.84**  2.90**  

Emotional Stability -.31** -.24 -.17** -.13 -.28** -.24 -.07 -.06 -.25** -.19 -.17* -.12 

Extraversion .26** .21 .08 .06 .26* .21 .02 .01 .25** .20 .10 .07 

Agreeableness .04 .03 -.02 -.01 -.10 -.08 -.09 -.07 .05 .03 -.01 -.01 

Conscientiousness .21** .15 .32** .08 .31* .24 .42** .32 .23* .15 .33** .21 

             

R
2
 .07 .04 .06 .06 .07 .04 

Note. Total Sample N = 1117, Men N = 297, Women N = 681. *p <.05, ** p<.01 
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Table 14. Relative contribution of personality level and profile pattern in predicting task performance and organizational citizenship behaviors for men and 

women in sample 2 of study 1 

 Men Women 

 

 Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

  

Task Performance 

Profile pattern alone  4.2%** 1.8% 5.8%** 4.1%** 3.6%** 3.2%** 

Level alone  1.4%* 2.1% 1.0% 3.2%** 1.3%* 5.9%** 

Profile pattern increment  4.5%** 2.5% 6.0%** 4.0%** 3.6%** 2.8%** 

Level increment  1.8%** 2.8%* 1.1% 3.0%** 1.4%* 5.5%** 

Level and profile pattern  6.0%** 4.6%* 6.9%** 7.1%** 5.0%** 8.7%** 

  

OCB 

Profile pattern alone  2.2%* 0.5% 0.4% 1.9%** 2.3%** 1.2%* 

Level alone  3.4%** 3.9%* 3.0%* 2.2%** 0.4% 5.4%** 

Profile pattern increment  2.4%** 0.9% 0.5% 2.0%** 2.4%** 1.2%* 

Level increment  3.6%** 4.3%* 3.1%* 2.3%** 0.5% 5.4%** 

Level and profile pattern  5.8%** 4.9%* 3.6% 4.2%** 2.7%** 6.6%** 

Note. Men full sample N= 297, cross validation sample 1 N = 149, and cross validation sample 2 N =148. Women full sample N= 681, cross validation sample 1 

N= 341, and cross validation sample 2 N = 340. *p <.05, ** p<.01 
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Table 15. Multiple regressions of personality facet predictors of task performance and organizational citizenship behaviors in sample 2 of study 1 

 Task Performance 

 Sample 2a Sample 2b Sample 2c Sample 2d Sample 2 combined 

 B  B  B  B  B  

Constant 2.31**  3.03**  3.37**  3.55**  3.11**  

Self-Control -.08 -.06 -.16 -.15 .12 .14 -.38** -.39 -.18** -.17 

Adaptability .03 .02 -.01 .00 -.06 -.06 -.14 -.14 -.13** -.11 

Energy .06 .05 .10 .08 -.01 -.01 .05 .05 .17** .16 

Cooperation -.03 -.02 .14 .12 -.02 -.02 .07 .05 .03 .03 

Initiative .24** .15 -.05 -.04 .07 .07 .34** .33 .20** .17 

Dependability .09 .05 .13 .10 .01 .01 .00 .00 .05 .04 

Detail Orientation .09 .06 .03 .02 .13 .14 .10 .09 .06 .06 

R
2
 .05 .04 .06 .18 .09 

 Organizational Citizenship Behaviors 

Constant 2.35**  2.45**  3.31**  3.66**  3.02**  

Self-Control .00 .00 -.10 -.10 .13 .14 -.17 -.17 -.07 -.06 

Adaptability .02 .01 .02 .02 -.14 -.13 -.23* -.23 -.11* -.09 

Energy .05 .04 .11 .10 .07 .06 -.13 -.13 .10* .09 

Cooperation -.07 -.04 .11 .10 -.04 -.03 .06 .04 .00 .00 

Initiative .18* .11 .07 .06 .14 .14 .25* .24 .15* .13 

Dependability .13 .07 -.01 -.01 -.02 -.02 .29* .24 .06 .05 

Detail Orientation .09 .06 .12 .11 .07 .06 -.07 -.06 .08 .07 

R
2
 .03 .06 .05 .14 .05 

Note. Sample 2a N= 457, Sample 2b N = 200, Sample 2c N = 269, Sample 2d N = 191.  *p <.05, ** p<.01 
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Table 16. Relative contribution of personality facet level and personality facet profile in predicting task performance and organizational citizenship behaviors in 

sample 2 of study 1 

 Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

Full Sample Cross Validation 

Sample 1 

Cross Validation 

Sample 2 

 Task Performance OCB 

Profile pattern alone  6.8%** 5.9%** 4.2%** 3.0%** 2.9%** 2.0%** 

Level alone  2.1%** 1.5%** 3.0%** 2.3%** 2.1%** 2.6%** 

Profile pattern increment  6.4%** 5.5%** 3.7%** 2.6%** 2.4%** 1.7%** 

Level increment  1.7%** 1.0%* 2.5%** 2.0%** 1.7%** 2.3%** 

Level and profile pattern  8.5%** 7.0%** 6.7%** 5.0%** 4.5%** 4.3%** 

Note. Full Sample N= 1117, Cross Validation Sample 1 N= 559, Cross Validation Sample 2 N= 558. *p <.05, ** p<.01 
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Table 17. Correlation of rankings based on different selection systems for sample 2 of study 1 

  1 2 3 4 5 6 7 8 

1. Rank Initiative   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

2. Rank Conscientiousness .79   
 
 

 
 

 
 

 
 

 
 

 
 

3. Rank Level .74 .90       
 
 

 
 

 
 

4. Rank Task Performance Profile Fit .25 .16 .03   
 
 

 
 

 
 

 
 

5. Rank OCB Profile Fit .29 .32 .01 .84   
 
 

 
 

 
 

6. Rank Big Five Regression Composite Task Performance .62 .62 .54 .83 .70   
 
 

 
 

7. Rank Big Five Composite OCB .74 .87 .69 .60 .69 .89   
 
 

8. Task Performance -.23 -.17 -.14 -.23 -.20 -.25 -.23   

9. OCB -.19 -.17 -.13 -.12 -.15 -.16 -.19 .77 

Note. N= 1117. Rank of 1 indicates highest score on that selection system. Ranking system allows ties. 
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Table 18. Meta-analysis of study 1 level and profile effects 

  N R Big Five 

task 

r level-profile 

fit 

r level-task 

performance 

r profile fit- 

task 

performance 

R Big Five 

OCB 

r level-profile 

fit 

r level- OCB r profile fit-

OCB 

S 1 900     .52 -.32 .49 .01 

S 2a 457 .20 -.15 .14 .12 .17 -.10 .11 .12 

S 2b 200 .17 -.11 .09 .15 .22 -.10 .18 .10 

S 2c 269 .20 -.09 .18 .12 .17 -.04 .13 .11 

S 2d 191 .39 -.26 -.04 .39 .37 -.27 -.11 .38 

            

Mwt   .23 -.15 .11 .17 .35 -.21 .27 .09 

SDwt   .07 .06 .07 .10 .16 .12 .21 .11 

SDres  .05 .00 .04 .08 .16 .11 .21 .09 

% var s.e.  58% 100% 64% 34% 7% 17% 5% 22% 

Note. S= sample. Mwt = Sample-size weighted meta-analytic average. SDwt = Observed standard deviation. SDres = Residual standard deviation after accounting 

for sampling error. % var s.e. = Percent of variance due to sampling error. OCB= Organizational citizenship behaviors.  
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Table 19. Intraclass correlation by rater perspective for sample 1 of study 2  

    Performance Promotion Derailment 

 Leader N Mean  N 

rater 

SD Total Rater 

N 

ICC Total Rater  

N 

ICC Total Rater  

N 

ICC 

Boss 1,453 1.04 .23 1,505 .51 1,510 .46 1,513 .25 

Peer 1,498 4.05 1.64 6,005 .31 6,058 .26 6,046 .20 

Direct Report 1,422 4.12 1.60 5,796 .30 5,841 .25 5,834 .18 

Note. ICC= intraclass correlation.  
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Table 20. Multiple regressions of personality predictors of ratings of performance, promotion, and derailment by rater source for sample 1 of study 2 

 Performance 

 Self Boss Peer Direct Report 

 B  B  B  B  

Constant 2.20**  2.89**  3.03**  3.25**  

Emotional Stability .01** .09 .01* .08 .01* .07 .00 .03 

Extraversion .01** .08 .01* .07 .01* .08 .01* .09 

Openness .01** .16 .00 -.02 .00 -.02 .00 .01 

Agreeableness -.01** -.11 .01* .07 .01* .08 .00 .05 

Conscientiousness .02** .23 .00 .02 .00 .01 .00 -.01 

R
2
 .20 .01 01 .01 

 Promotion 

Constant 1.21**  2.61**  2.64**  2.62**  

Emotional Stability .01** .11 .01* .07 .01* .07 .01* .06 

Extraversion .01** .09 .01 .05 .01* .07 .01* .08 

Openness .02** .18 .00 -.02 .00 -.02 .01 .06 

Agreeableness .00 -.03 .00 .03 .01* .07 .00 .06 

Conscientiousness .02** .20 .00 .01 .00 .01 .00 .02 

R
2
 .17 .01 .01 .02 

 Derailment 

Constant 2.99**  2.25**  2.23**  2.12**  

Emotional Stability -.01** -.11 -.01* -.07 -.01** -.09 .00 -.06 

Extraversion -.01* -.07 -.01* -.08 -.01** -.10 -.01* -.10 

Openness .00 -.03 .01** .09 .00 .06 .00 .00 

Agreeableness .00 .00 .00 -.05 -.01** -.11 .00* -.08 

Conscientiousness -.01** -.16 .00 -.01 .00 .04 .00 .03 

R
2
 .07 .02 .02 .01 

Note. Self N = 1489-1503; Boss N = 1444-1451; Peer N = 1496-1497; Direct Report N = 1421. *p <.05, ** p<.01 

Table 21. Relative contribution of personality level and profile in predicting self-reported performance, promotion, and derailment in sample 1 of study 2 
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 Performance Promotion Derailment 

 Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Full 

Sample 

C-V 

Sample 1 

C-V Sample 

2 

Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Profile pattern alone  15.1%** 15.9%** 11.8%** 10.0%** 13.0%** 6.7%** 4.4%** 3.8%** 4.0%** 

Level alone  11.0%** 13.7%** 8.5%** 11.8%** 11.3%** 12.3%** 5.4%** 6.4%** 4.5%** 

Profile pattern increment  8.8%** 7.1%** 8.4%** 4.7%** 6.6%** 2.8%** 1.7%** 1.4%** 1.5%** 

Level increment  4.7%** 4.9%** 5.2%** 6.5%** 4.9%** 8.3%** 2.7%** 4.0%** 2.0%** 

Level and profile pattern  19.8%** 20.8%** 16.9%** 16.5%** 17.8%** 15.1%** 7.1%** 7.8%** 6.0%** 

 Note. C-V= Cross-Validation. Performance Full Sample N = 1490, C-V Sample 1 N = 745, C-V Sample 2 N = 745; Promotion Full Sample N = 1504, C-V 

Sample 1 N = 752, C-V Sample 2 N = 752; Derailment Full Sample N = 1503, C-V Sample 1 N = 752, C-V Sample 2 N = 751.  *p <.05, ** p<.01 
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Table 22. Multiple regressions of personality predictors of leadership performance, promotion, and derailment for men and women in sample 1 of study 2 

 Men Women 

 Performance Promotion Derailment Performance Promotion Derailment 

 B  B  B  B  B  B  

Constant 1.98**  1.44**  3.25**  2.71**  .90*  2.53**  

Emotional Stability .01 .07 .01** .12 -.01** -.13 .01** .14 .01* .10 -.01 -.08 

Extraversion .01** .10 .01* .08 -.01 -.06 .00 .02 .01* .11 -.01 -.10 

Openness .01** .18 .02** .16 -.00 -.05 .01* .12 .02** .20 .00 .01 

Agreeableness -.01* -.09 .00 -.06 -.00 -.02 -.01** -.17 .00 .01 .00 .04 

Conscientiousness .02** .23 .02** .20 -.01** -.16 .02** .23 .02** .20 -.01** -.15 

             

R
2
 .21 .18 .08 .18 .15 .06 

Note. Men N = 971, Women N = 528. *p <.05, ** p<.01 
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Table 23. Relative contribution of personality level and profile in predicting self-reported performance, promotion, and derailment in for men and women in 

sample 1 of study 2 

 Performance Promotion Derailment 

 Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Full 

Sample 

C-V 

Sample 1 

C-V Sample 

2 

Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

  

Men 

Profile pattern alone  15.4%** 14.7%** 15.9%** 12.4%** 11.6%** 11.5%** 4.9%** 4.0%** 4.7%** 

Level alone  12.6%** 14.0%** 11.2%** 12.2%** 11.3%** 13.1%** 6.6%** 9.0%** 4.3%** 

Profile pattern increment  8.5%** 8.4%** 8.5%** 5.5%** 7.1%** 3.5%** 1.2%** 0.4% 2.0%** 

Level increment  5.7%** 7.7%** 3.8%** 5.3%** 6.8%** 5.2%** 2.9%** 5.4%** 1.7%** 

Level and profile pattern  21.1%** 22.4%** 19.7%** 17.7%** 18.4%** 16.7%** 7.8%** 9.4%** 6.3%** 

  

Women 

Profile pattern alone  15.1%** 6.3%** 17.8%** 6.5%** 1.1% 4.7%** 4.2%** 2.2%* 1.4% 

Level alone  7.8%** 8.9%** 7.0%** 11.3%** 15.2%** 8.2%** 3.4%** 4.0%** 3.3%** 

Profile pattern increment  9.8%** 3.3%** 12.1%** 3.8%** 1.6%* 1.9%* 2.8%** 1.6%* 0.6% 

Level increment  2.6%** 5.9%** 1.3%* 8.6%** 15.6%** 5.3%** 2.0%** 3.4%** 2.4%* 

Level and profile pattern  17.6%** 12.2%** 19.1%** 15.0%** 16.8%** 10.1%** 6.2%** 5.6%** 3.8%** 

Note. C-V= Cross-Validation. Men Performance Full Sample N = 964, C-V Sample 1 N = 482, C-V Sample 2 N = 482; Men Promotion Full Sample N = 971, C-

V Sample 1 N = 486, C-V Sample 2 N = 485; Men Derailment Full Sample N = 970, C-V Sample 1 N = 485, C-V Sample 2 N = 485. Women Performance Full 

Sample N = 521, C-V Sample 1 N = 261, C-V Sample 2 N = 260; Women Promotion Full Sample N = 528, C-V Sample 1 N = 264, C-V Sample 2 N = 264; 

Women Derailment Full Sample N 528 X, C-V Sample 1 N = 264, C-V Sample 2 N = 264.  *p <.05, ** p<.01 
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Table 24. Multiple regressions of personality predictors of leadership performance, promotion, and derailment by organizational level for sample 1 of study 2 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 Performance Promotion Derailment 

 B  B  B  

 Middle Management (N = 271) 

Constant 2.20**  1.19  2.97**  

Emotional Stability .01* .17 .01* .16 -.01* -.16 

Extraversion .01 .06 .01 .09 .01 .09 

Openness .01** .19 .02* .17 -.01* -.17 

Agreeableness -.01* -.16 -.00 -.05 .00 .03 

Conscientiousness .01** .20 .02** .20 -.02** -.20 

R
2
 .27 .21 .13 

 Upper Middle Management (N = 609) 

Constant 2.72**  1.66**  2.57**  

Emotional Stability .01* .10 .01** .16 -.01* -.11 

Extraversion .00 .03 .01 .07 -.01 -.07 

Openness .01** .11 .01** .13 .00 .01 

Agreeableness -.01* -.14 -.01 -.07 .00 .05 

Conscientiousness .01** .22 .01** .16 -.01** -.13 

R
2
 .14 .14 .06 

 Executive/Top Management (N = 431) 

Constant 1.72**  .66  3.77**  

Emotional Stability .00 .04 .00 .03 -.01 -.07 

Extraversion .01* .14 .02* .12 -.02** -.17 

Openness .01** .18 .02** .19 -.00 -.02 

Agreeableness -.00 -.04 .00 .04 -.01 -.08 

Conscientiousness .02** .25 .02** .25 -.01** -.15 

R
2
 .19 .15 .08 
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Table 25. Relative contribution of personality level and profile in predicting self-reported performance, promotion, and derailment by organizational level in 

sample 1 of study 2 

 Performance Promotion Derailment 

 Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Full 

Sample 

C-V 

Sample 1 

C-V Sample 

2 

Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

 Middle Management 

Profile pattern alone  22.0%** 19.9%** 18.8%** 14.2%** 13.6%** 10.1%** 10.3%** 5.0%** 0.1% 

Level alone  14.8%** 14.8%** 15.7%** 15.2%** 8.4%** 20.5%** 9.5%** 15.7%** 4.3%* 

Profile pattern increment  11.9%** 11.0%** 7.8%** 5.9%** 8.2%** 2.2% 3.3%** 0.0% 0.1% 

Level increment  4.6%** 5.9%** 4.8%** 6.8%** 2.9%* 12.6%** 2.5%** 10.8%** 4.2%* 

Level and profile pattern  26.6%** 25.7%** 23.5%** 21.1%** 16.5%** 22.7%** 12.8%** 15.8%** 4.4% 

 Upper Middle Management 

Profile pattern alone  11.5%** 11.5%** 7.2%** 9.8%** 7.3%** 8.6%** 4.2%** 0.3% 2.3%** 

Level alone  5.8%** 6.8%** 4.9%** 8.8%** 11.0%** 6.9%** 3.2%** 2.1%* 5.2%** 

Profile pattern increment  8.0%** 7.3%** 4.7%** 5.5%** 3.5%** 4.7%** 2.4%** 0.2% 0.5% 

Level increment  2.3%** 2.6%** 2.4%** 4.4%** 7.2%** 2.9%** 1.5%** 2.0%* 3.5%** 

Level and profile pattern  13.8%** 14.1%** 9.6%** 14.3%** 14.5%** 11.6%** 5.7%** 2.3%* 5.7%** 

 Top/Executive Management 

Profile pattern alone  10.3%** 5.9%** 13.3%** 4.7%** 2.8%* 0.9% 1.2%* 0.0% 1.5% 

Level alone  11.7%** 10.4%** 13.0%** 11.4%** 12.1%** 10.6%** 6.1%** 6.8%** 6.0%** 

Profile pattern increment  6.8%** 4.9%** 7.6%** 3.4%** 1.3% 0.9% 1.6%** 0.2% 0.7% 

Level increment  8.2%** 9.5%** 7.2%** 10.1%** 10.6%** 10.6%** 6.5%** 7.0%** 5.2%** 

Level and profile pattern  18.5%** 15.3%** 20.6%** 14.8%** 13.4%** 11.5%** 7.7%** 7.0%** 6.7%** 

Note. C-V = cross-validation. Middle Management Full Sample N = 273-271, C-V Sample 1 N = 137-136, C-V Sample 2 N = 136-135; Upper Middle 

Management N = 612-609, C-V Sample 1 N = 306-303, C-V Sample 2 N = 306-304; Top/Executive Management Full Sample N = 438-431, C-V Sample 1 N = 

219-216, C-V Sample 2 N = 219-215. *p <.05, ** p<.01 
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Table 26. Variance explained due to cluster membership in the development sample across cluster-solutions for sample 1 in study 2  

 Cluster Solution 

 2 3 4 5 6 7 8 9 10 

  

Performance 

R .33 .28 .33 .33 .35 .35 .37 .37 .36 

R
2
 .11 .08 .11 .11 .12 .12 .14 .14 .13 

  

Promotion 

R .30 .23 .30 .31 .31 .33 .35 .34 .33 

R
2
 .09 .05 .09 .10 .10 .11 .12 .12 .11 

  

Derailment 

R .13 .15 .21 .23 .24 .21 .24 .24 .21 

R
2
 .02 .02 .04 .05 .06 .04 .06 .06 .04 

Note. N = 745 - 752.  
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Table 27. Descriptive statistics for 9-cluster solution as applied to the holdout sample of sample 1 in study 2 

Note. All variable have been standardized. N= 450. ES= Emotional stability, E= Extraversion, O= Openness, A= Agreeableness, C= Conscientiousness, LVL= 

Level, *= person-centered deviation.  

 

 Cluster Number 

 1 2 3 4 5 6 7 8 

 M SD M SD M SD M SD M SD M SD M SD M SD 

ES .78 .77 -.11 .87 -.27 0.85 -.27 1.04 -.22 .95 -.69 .87 -.20 .89 .88 .87 

E -.36 .59 .49 .71 -.48 0.77 -.32 .87 -.19 .67 -1.56 .73 .63 .64 1.20 .65 

O .36 .57 1.00 .69 -.56 0.62 .35 .82 -.94 .58 -1.27 .80 -.14 .62 1.00 .70 

A -.12 .50 -.52 .60 .70 0.55 .46 .62 .43 .55 1.71 .58 -.59 .57 -1.44 .67 

C .59 .68 -.67 .70 -.39 0.63 -.50 .55 .83 .65 -.50 .93 .52 .73 .54 .91 

LVL .51 .78 .08 .87 -.40 0.94 -.52 .90 -.04 .86 -.93 .87 .09 .92 .88 .85 

                 

ES* -.76 .54 .56 .76 -.35 0.78 -.08 .96 -.22 .72 -1.38 .74 .73 .63 .96 .63 

E* -.32 .43 -.48 .42 .78 0.39 .62 .45 .39 .46 1.88 .53 -.55 .44 -1.62 .49 

O* .13 .61 1.15 .73 -.43 0.58 .72 .85 -1.11 .56 -.97 .87 -.22 .58 .68 .81 

A* .79 .79 -.22 .92 -.10 0.86 -.02 1.11 -.30 1.02 -.35 .96 -.37 .87 .66 .87 

C* .42 .61 -.87 .67 -.23 0.51 -1.54 .66 1.05 .57 -.04 .91 .59 .71 .12 1.04 

                 

Performance .21 .77 .17 .86 -.43 1.04 -.46 .96 .15 .96 -.60 1.02 .13 .94 .63 .92 

Promotion .24 .91 .13 .99 -.41 1.10 -.27 .82 -.03 .88 -.28 1.07 .11 .93 .43 .93 

Derailment -.17 .90 .05 .92 .16 1.00 .26 1.13 -.19 .83 .39 1.29 -.11 .93 -.23 1.00 

                 

N 101 112 129 56 82 61 127 77 
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Table 28. Multiple regressions and variance explained for the new criterion-related profile identified for individuals with residuals one standard deviation or 

greater above and below the mean separately for sample 1 of study 2 

 B  B  % variance explained in full sample 

 Performance-  

overpredicted 

Performance-  

underpredicted 

 Performance- 

overpredicted 

Performance- 

underpredicted 

Constant 1.24**  3.51**  Profile pattern alone  26.9%** 30.1%** 

Emotional Stability .01** .15 .00** .15 Level alone  25.5%** 25.6%** 

Extraversion .01** .18 .01* .15 Profile pattern increment  18.1%** 19.1%** 

Openness .01** .24 .01** .28 Level increment  16.7%** 14.5%** 

Agreeableness -.00 -.10 -.00** -.15 Level and profile pattern  43.6%** 44.7%** 

Conscientiousness .01** .37 .01** .35 N 239 244 

R
2
 .44 .45    

 Promotion- 

overpredicted 

Promotion- 

underpredicted 

 Promotion- 

overpredicted 

Promotion- 

underpredicted 

Constant .85*  2.95**  Profile pattern alone  25.4%** 24.2%** 

Emotional Stability .01** .19 .01** .18 Level alone  21.1%** 37.7%** 

Extraversion .01 .07 .00 .09 Profile pattern increment  12.7%** 9.9%** 

Openness .01** .26 .01** .39 Level increment  8.5%** 23.4%** 

Agreeableness -.01 -.13 .01 .04 Level and profile pattern  33.9%** 47.6%** 

Conscientiousness .01** .27 .01** .35 N 246 241 

R
2
 .34 .48    

 Derailment- 

overpredicted 

Derailment- 

underpredicted 

 Derailment- 

overpredicted 

Derailment- 

underpredicted 

Constant   5.33**  Profile pattern alone   26.9%** 

Emotional Stability Not computed due to 

zero variation in the 

criterion 

-.03* -.26 Level alone   20.5%** 

Extraversion .00 .01 Profile pattern increment   10.4%** 

Openness .00 .02 Level increment   4.0%** 

Agreeableness   .01 .08 Level and profile pattern   30.9%** 

Conscientiousness   -.04** -.34 N 102 131 

R
2
  .31    
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Table 29. Correlations of rankings based on different selection systems for sample 1 of study 2 

  1 2 3 4 5 6 7 8 9 10 11 

1. Rank Extraversion   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

2. Rank Conscientiousness .27   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

3. Rank Level .50 .59   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

4. Rank Performance Profile Fit .57 .54 .33   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

5. Rank Promotion Profile Fit .58 .48 .32 1.00   
 
 

 
 

 
 

 
 

 
 

 
 

6. Rank Derailment Profile Fit .58 .48 .32 1.00 1.00   
 
 

 
 

 
 

 
 

 
 

7. Rank Big Five Regression Composite Performance .67 .68 .72 .87 .87 .87   
 
 

 
 

 
 

 
 

8. Rank Big Five Regression Composite Promotion .67 .66 .83 .77 .77 .77 .98   
 
 

 
 

 
 

9. Rank Big Five Regression Composite Derailment -.61 -.80 -.86 -.65 -.62 -.62 -.90 -.93   
 
 

 
 

10. Performance -.30 -.30 -.32 -.38 -.37 -.37 -.43 -.42 .39   
 
 

11. Promotion -.27 -.27 -.34 -.31 -.31 -.31 -.39 -.40 .37 .65   

12. Derailment .16 .21 .22 .18 .17 .17 .24 .24 -.26 -.35 -.30 

Note. N= 1490. Rank of 1 indicates highest score on that selection system. Ranking system allows ties. 
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Table 30. Multiple regressions of big five personality predictors of leadership performance, promotion, and derailment for sample 2 of study 2 

 

Note. Self-report performance N = 360; self-report promotion N = 357; self-report derailment N = 360; boss-report performance N = 509; boss-report promotion 

N = 510; boss-report derailment N = 501.  *p <.05, ** p<.01 

 

 

 Performance Promotion Derailment 

 B  B  B  

 Self 

Constant 3.02**  2.52**  3.74**  

Emotional Stability .21** .17 .13 .10 -.07 -.05 

Extraversion .14 .13 .38** .30 -.18* -.15 

Openness .16 .12 .20* .14 .24** .17 

Agreeableness -.17 -.12 -.13 -.08 -.04 -.03 

Conscientiousness .10 .09 -.07 -.06 -.23** -.20 

R
2
 .12 .18 .08 

  

Boss 

Constant 5.32**  4.37**  2.88**  

Emotional Stability -.16* -.12 .03 .02 .04 .03 

Extraversion .11 .09 .11 .08 -.09 -.07 

Openness .15 .10 .06 .04 .10 .06 

Agreeableness -.07 -.04 -.03 -.02 -.07 -.05 

Conscientiousness .06 .05 -.08 -.06 -.09 -.07 

R
2
 .02 .01 .01 
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Table 31. Relative contribution of personality level and profile in predicting self-reported performance, promotion, and derailment in sample 2 of study 2 

 Performance Promotion Derailment 

 Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Full 

Sample 

C-V 

Sample 1 

C-V Sample 

2 

Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Profile pattern alone  4.8%** 1.3% 0.0% 9.8%** 7.8%** 10.0%** 5.7%** 3.1%* 7.3%** 

Level alone  9.1%** 6.1%** 12.2%** 10.0%** 11.1%** 8.6%** 3.8%** 2.7%* 5.2%** 

Profile pattern increment  3.0%** 0.1% 0.1% 7.6%** 5.4%** 8.1%** 4.3%** 2.2%* 5.2%** 

Level increment  7.3%** 4.9%** 12.3%** 7.7%** 8.7%** 6.6%** 2.3%** 1.8% 3.2%* 

Level and profile pattern  12.1%** 6.3%** 12.4%** 17.5%** 16.5%** 16.6%** 8.1%** 4.9%* 10.5%** 

 Note. C-V= Cross-Validation. Performance Full Sample N = 360, C-V Sample 1 N = 180, C-V Sample 2 N = 180; Promotion Full Sample N = 357, C-V Sample 

1 N = 179, C-V Sample 2 N = 178; Derailment Full Sample N = 360, C-V Sample 1 N = 180, C-V Sample 2 N = 180.  *p <.05, ** p<.01 
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Table 32. Multiple regressions of dark side personality predictors of leadership performance, promotion, and derailment for sample 2 of study 2 

 

Note. Self-report performance N = 360; self-report promotion N = 357; self-report derailment N = 360; boss-report performance N = 509; boss-report promotion 

N = 510; boss-report derailment N = 501.  *p <.05, ** p<.01 

 

 

 Performance Promotion Derailment 

 B  B  B  

 Self 

Constant 5.30**  5.01**  1.73**  

Ego-centered .28** .28 .18** .16 -.06 -.06 

Manipulation .04 .05 .11 .13 -.00 -.00 

Micro-managing -.11 -.10 -.08 -.06 .13 .11 

Intimidating -.07 -.07 .03 .03 .02 .01 

Passive-Aggressive -.15* -.15 -.19** -.17 .08 .07 

R
2
 .08 .06 .02 

  

Boss 

Constant 5.35**  4.93**  1.96**  

Ego-centered .02 .02 -.07 -.05 .10 .09 

Manipulation .08 .09 .01 .01 -.12* -.14 

Micro-managing .15* .12 .06 .04 .02 .01 

Intimidating .04 .03 .12 .10 -.01 -.01 

Passive-Aggressive -.13* -.12 -.11 -.09 .14* .12 

R
2
 .03 .02 .02 
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Table 33. Relative contribution of dark side personality level and profile in predicting self-reported performance, promotion, and derailment in sample 2 of study 

2 

 Performance Promotion Derailment 

 Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Full 

Sample 

C-V 

Sample 1 

C-V Sample 

2 

Full 

Sample 

C-V 

Sample 1 

C-V 

Sample 2 

Profile pattern alone  8.3%** 5.7%** 8.9%** 5.5%** 2.5%* 6.0%** 0.9% 0.1% 0.0% 

Level alone  0.0% 0.1% 0.0% 0.7% 0.0% 2.2%* 0.7% 0.8% 0.9% 

Profile pattern increment  8.3%** 5.7%** 9.0%** 5.0%** 2.6%* 5.3%** 1.3%* 0.2% 0.1% 

Level increment  0.0% 0.0% 0.1% 0.1% 0.1% 1.5% 1.1%* 0.9% 1.0% 

Level and profile pattern  8.3%** 5.7%** 9.0%** 5.6%** 2.7% 7.5%** 2.0%* 1.0% 1.0% 

 Note. C-V= Cross-Validation. Performance Full Sample N = 360, C-V Sample 1 N = 180, C-V Sample 2 N = 180; Promotion Full Sample N = 357, C-V Sample 

1 N = 179, C-V Sample 2 N = 178; Derailment Full Sample N = 360, C-V Sample 1 N = 180, C-V Sample 2 N = 180.  *p <.05, ** p<.01 
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Table 34. Correlation of rankings based on different selection systems for sample 2 of study 2 

  1 2 3 4 5 6 7 8 9 10 11 12 13 

1. Rank Extraversion   
 
 

 
   

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

2. Rank Conscientiousness .25   
 
 

 
   

 
 

 
   

 
 

 
 

 
 

 
   

3. Rank Level Big Five .78 .64   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

 
 

4. Rank Level Dark Side .01 -.21 -.18   
 
 

 
 

 
 

 
     

 
     

5. Rank Big Five-Performance Profile Fit .34 -.06 .17 .23   
 
 

 
 

 
 

 
 

 
   

 
 

 
 

6. Rank Big Five-Promotion Profile Fit .61 -.43 .15 .29 .70   
 
 

 
 

 
 

 
 

 
 

 
 

 
 

7. Rank Dark Side-Performance Profile Fit .44 .13 .37 .11 .23 .30   
 
 

 
 

 
 

 
 

 
 

 
 

8. Rank Dark Side-Promotion Profile Fit .45 .08 .32 .20 .26 .37 .87   
 
 

 
 

 
 

 
 

 
 

9. Rank Big Five Regression Composite 

Performance 

.79 .48 .86 -.06 .60 .44 .39 .37   
 
 

 
 

 
 

 
 

10. Rank Big Five Regression Composite 

Promotion 

.93 .13 .74 .05 .55 .74 .45 .45 .87   
 
 

 
 

 
 

11. Rank Big Five Regression Composite 

Derailment 

-.47 -.81 -.66 .29 .07 .25 -.20 -.15 -.50 -.26   
 
 

 
 

12. Performance -.29 -.16 -.32 -.02 -.19 -.16 -.29 -.23 -.35 -.30 .18   
 
 

13. Promotion -.39 -.07 -.33 -.05 -.25 -.33 -.20 -.22 -.37 -.41 .16 .28   

14. Derailment .12 .23 .19 -.09 -.02 -.08 .07 .06 .14 .06 -.30 -.14 -.08 

Note. N= 357. Rank of 1 indicates highest score on that selection system. Ranking system allows ties. 
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Table 35. Meta-analysis of level and profile effects of study 2 

 N R big 

five 

perform   

r level-

profile 

fit 

r level-

perform 

r profile 

fit- 

perform 

R big five 

promote 

r level-

profile 

fit 

r level-

promote 

r profile 

fit- 

promote 

R big 

five 

derail 

r level-

profile 

fit 

r level-

derail 

r profile 

fit- 

derail 

S1 1490 .45 .33 .33 .39 .41 .33 .34 .32 .27 -.39 -.23 .21 

S2 360 .35 .16 .30 .22 .24 .20 .08 .23 .28 -.20 .08 .10 

              

Mwt  .43 .30 .32 .36 .38 .30 .29 .30 .27 -.35 -.17 .19 

SDwt  .04 .07 .01 .07 .07 .05 .10 .04 .00 .08 .12 .04 

SDres  .03 .06 .00 .06 .06 .04 .10 .02 .00 .07 .12 .03 

% var 

s.e. 

 46% 20% 100% 18% 18% 34% 9% 70% 100% 15% 7% 53% 

Note. S= sample. Mwt = Sample-size weighted meta-analytic average. SDwt = Observed standard deviation. SDres = Residual standard deviation after accounting 

for sampling error. % var s.e. = Percent of variance due to sampling error.  

 

 

 

 

 

 



 
 

225 
 

Table 36. Summary of overall results for study 1 and 2 

 Study 1 Study 2 

 Task Performance OCB CWB Performance Promotion Derailment 

Sample 1  Level Dominates Level Dominates, 

Both Significant 

Profile Dominates, 

Both Significant 

Level Dominates, 

Both Significant 

Level Dominates, 

Both Significant 

 

Sample 2  Profile Dominates, 

Both Significant 

Mixed, 

Both Significant 

 Level Dominates Mixed, 

Both Significant 

Profile Dominates, 

Both Significant 

 

     Sample 2a Level Dominates Level Dominates 

 

 

    

     Sample 2b Mixed Level Dominates 

 

 

    

     Sample 2c Mixed Mixed 

 

 

    

     Sample 2d Profile Dominates Profile Dominates 
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Figure 1. Classification of configural or pattern-based methods from Bergman and Magnusson (1997)  
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Figure 2. Illustration of personality level and profile effects 
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Figure 3. Criterion-related profile for organizational citizenship and counterproductive work behaviors in sample 1 of study 1 

       

       

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 4. Criterion-related profiles for organizational citizenship behaviors and counterproductive work behaviors for men and women 

in sample 1 of study 1 

       

      

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 5. Criterion-related profiles for organizational citizenship behaviors and counterproductive work behaviors for individuals 

whose absolute value of residual is one standard deviation above the mean or greater in sample 1 of study 1 

        

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 6. Criterion-related profiles for organizational citizenship behaviors and counterproductive work behaviors for individuals 

whose residuals are one standard deviation or greater above or below the mean for sample 1 of study 1 

        

        

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 7. Criterion-related profiles for task performance in sample 2 of study 1 

          

          

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 8. Criterion-related profiles for organizational citizenship behavior in sample 2 of study 1 

           

           

  Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 9. Criterion-related profiles for task performance and organizational citizenship behaviors for men and women in sample 2 of 

study 1 

     

     

   Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile.  
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Figure 10. Criterion-related profiles based on personality facets for task performance and organizational citizenship behavior in 

sample 2 of study 1 

    

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. SC= self-

control, A= adaptability, E= energy, C= cooperation, I= initiative, D= dependability, DO= detail orientation.  
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Figure 11. Criterion-related profile for leadership performance in sample 1 of study 2 

    

     

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. 
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Figure 12. Criterion-related profile for promotion in sample 1 of study 2 

     

     

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. 
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Figure 13. Criterion-related profile for leadership derailment in sample 1 of study 2 

    

     

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. 
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Figure 14. Criterion-related profiles for performance, promotion, and derailment for men and women for sample 1 of study 2 

        

        

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. 
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Figure 15. Criterion-related profiles for performance, promotion, and derailment by organizational level for sample 1 of study 2 
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Figure 16. Criterion-related profiles for performance, potential, and peril for individuals whose residual is one standard deviation or 

greater above or below the mean in sample 1 of study 2 

                                     

                                     

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. 
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Figure 17. Criterion-related profiles for self-rated performance, promotion, and derailment for sample 2 of study 2 

     

                                                 

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. 
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Figure 18. Dark side personality criterion-related profiles for self-rated performance, promotion, and derailment for sample 2 of study 

2 

      

                                                       

Note.  = personality traits were not statistically significant markers of that particular criterion-related personality profile. EC= ego 

centered, M= manipulation, MM= micro-managing, I= intimidating, and PA= passive aggressive. 
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Appendix A 

Correlation Matrices 

Table A1. Sample 1 of Study 1 correlations  

  1 2 3 4 5 6 7 8 9 10 

1. Emotional Stability           

2. Extraversion .22          

3. Openness .02 .25         

4. Agreeableness .19 .30 .19        

5. Conscientiousness .24 .04 .04 .27       

6. OCB .20 .29 .31 .38 .29      

7. OCB-I .21 .22 .27 .40 .19 .77     

8. OCB-O .18 .27 .17 .30 .15 .71 .36    

9. CWB -.32 -.11 -.06 -.30 -.41 -.31 -.22 -.27   

10. CWB-I -.29 -.02 -.06 -.33 -.22 -.13 -.16 -.13 .75  

11. CWB-O -.26 -.15 -.04 -.21 -.42 -.34 -.19 -.30 .91 .41 

Note. N= 900.  
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Table A2. Sample 2a and 2b of Study 1 correlations 

  1 2 3 4 5 6 7 8 9 10 11 12 13 14 

1. Emotional Stability  .73  .56 .73 .83 .86 .57 .61 .62 .66 .55 .03 .12 

2. Extraversion .38   .61 .73 .50 .69 .82 .61 .65 .64 .55 .14 .21 

3. Openness .30 .61   
        

  

4. Agreeableness .45 .22 .19  .70 .44 .52 .31 .85 .67 .59 .46 .06 .14 

5. Conscientiousness .51 .53 .52 .44  .58 .64 .52 .70 .84 .86 .82 .09 .17 

6. Self-control .80 .21 .15 .33 .38  .51 .30 .46 .44 .54 .44 -.03 .05 

7. Adaptability .70 .27 .28 .40 .36 .31  .59 .56 .58 .56 .45 .08 .15 

8. Energy .47 .67 .29 .22 .48 .35 .30  .32 .48 .44 .44 .11 .18 

9. Cooperation .45 .15 .10 .77 .36 .35 .36 .23  .61 .61 .48 .12 .17 

10. Initiative .27 .42 .45 .29 .61 .16 .20 .33 .15  .67 .59 .08 .19 

11. Dependability .32 .25 .26 .32 .62 .22 .31 .23 .24 .20  .67 .11 .16 

12. Detail Orientation .36 .49 .42 .18 .66 .25 .24 .45 .19 .25 .29  .09 .19 

13. Task Performance .07 .13 .15 .05 .19 .01 .07 .12 .03 .19 .10 .12  .74 

14. OCB .08 .07 .05 .04 .17 .05 .06 .11 .01 .14 .11 .11 .81  

Note. Sample 2a correlations are below the diagonal (N = 457), Sample 2b correlations are above the diagonal (N = 200)  
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Table A3. Sample 2c and 2d of study 1 correlations 

  1 2 3 4 5 6 7 8 9 10 11 12 13 

1. Emotional Stability  .61 .63 .71 .90 .90 .66 .59 .49 .62 .59 -.21 -.19 

2. Extraversion .69  .71 .69 .54 .57 .75 .51 .63 .54 .61 .05 -.11 

3. Agreeableness .46 .43  .66 .53 .62 .58 .80 .53 .53 .55 -.01 -.12 

4. Conscientiousness .70 .73 .59  .68 .61 .63 .66 .81 .87 .86 .07 .07 

5. Self-Control .80 .41 .38 .55  .64 .53 .51 .45 .59 .55 -.24 -.14 

6. Adaptability .81 .63 .43 .54 .41  .66 .55 .43 .53 .51 -.15 -.20 

7. Energy .66 .81 .45 .66 .44 .62  .49 .49 .54 .57 -.02 -.14 

8. Cooperation .64 .56 .86 .71 .49 .57 .56  .45 .56 .58 .00 -.02 

9. Initiative .64 .73 .52 .84 .43 .54 .60 .63  .61 .62 .19 .13 

10. Dependability .57 .59 .46 .84 .48 .41 .58 .56 .61  .73 .01 .08 

11. Detail orientation .50 .63 .47 .82 .36 .39 .55 .54 .67 .60  .06 .00 

12. Task Performance .15 .14 .09 .22 .19 .08 .13 .14
*
 .18 .17 .21  .71 

13. OCB .11 .11 .05 .16 .17 .03 .13 .10 .17 .13 .16 .74  

Note. Sample 2c correlations are below the diagonal (N =269), Sample 2d correlations are above the diagonal (N = 191).  
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Table A4. Sample 1 of study 2 correlations 

  1 2 3 4 5 6 7 8 9 10 

1. Emotional stability           

2. Extraversion .37          

3. Openness .37 .45         

4. Agreeableness .13 .52 .45        

5. Conscientiousness .36 .28 .03 .17       

6. Performance .27 .31 .29 .28 .31      

7. Promotion .28 .28 .28 .21 .27 .66     

8. Derailment -.20 -.17 -.11 -.10 -.22 -.34 -.30    

9. Performance (Boss) .09 .06 -.01 .02 .05 .21 .15 -.14   

10. Promotion (Boss) .08 .06 .02 .01 .05 .15 .15 -.11 .78  

11. Derailment (Boss) -.07 -.05 .04 .04 -.05 -.09 -.09 .13 -.62 -.54 

Note. N= 1420.  
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Table A5. Sample 2 of study 2 correlations 

  1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 

1. Emotional Stability                

2. Extraversion .55               

3. Openness .38 .61              

4. Agreeableness .44 .41 .31             

5. Conscientiousness .40 .28 .24 .46            

6. Ego-centered .02 .30 .30 -.16 -.03           

7. Manipulation -.22 .04 .03 -.24 -.22 .41          

8. Micro-managing -.36 -.12 .04 -.28 -.05 .30 .35         

9. Intimidating -.25 .11 .16 -.34 -.18 .34 .38 .29        

10. Passive Aggressive -.30 -.27 -.11 -.34 -.31 .24 .49 .33 .16       

11. Performance .29 .29 .27 .10 .18 .20 .02 -.05 -.02 -.11      

12. Promotion .27 .40 .34 .12 .07 .16 .08 -.02 .09 -.08 .28     

13. Derailment -.17 -.15 .00 -.16 -.25 .01 .06 .11 .04 .11 -.13 -.09    

14. Performance 

(Boss) 

.02 .07 .10 -.01 .06 .05 .06 .06 .01 -.06 .19 .10 .05   

15. Promotion (Boss) .08 .07 .05 .03 .01 -.06 -.02 .01 .02 -.06 -.02 .31 .10 .38  

16. Derailment (Boss) -.08 -.05 .02 -.06 -.12 .02 .00 .07 .02 .11 -.06 .04 .08 -.49 -.26 

Note. N = 343.  

  



 
 

249 
 

Appendix B  

Personality 

In addition to the participants in Sample 2 of Study 2 who took the Global 

Personality Inventory (GPI), another subset of the sample was administered the 

California Psychological Inventory (CPI, Gough, 1947; n = 2,826). The CPI measures 

personality along 20 folk scales in addition to three structural scales. Previous research 

has shown that CPI items can be used to measure the FFM personality traits (e.g., Loehlin 

et al., 1998). However, for the current sample, I only have access to scale level data and 

not to the item level data. Due to the large number of scales and concerns for multi-

collinearity when utilizing all 20 scales in the criterion-related profile methodology 

simultaneously, I utilized two separate strategies to attempt to recover the FFM 

personality traits from the CPI. The first strategy I utilized was a rational or conceptual 

approach, using previous research and personality inventory taxonomies as a guide (cf. 

Hough & Ones, 2001; Birkland et al., 2008; Connelly et al., 2008; Davies et al., 2008). 

Based on these empirical and theoretical works, I first tried to identify global FFM scales 

that can be used as markers for the criterion-related profile. Work Orientation (CPI-WO) 

has been identified as a global measure of conscientiousness, Internality/Externality 

(CPI-V1) has been identified as a global measure of extraversion, and Amicability (CPI-

AMI) has been identified as a global measure of agreeableness. However, based on 

previous research, none of the scales of the CPI were global measures of emotional 

stability or openness, which is not surprising given that the CPI was not developed within 



 
 

250 
 

the FFM framework, but rather intended to measure broad, universal personality traits. 

As another alternative, I then attempted to identify narrower facet measures for openness 

and neuroticism, thinking that several narrower facets could be combined to maximize 

shared common (or domain) variance and to minimize the unique variance due to the 

specific facet. Unfortunately, there were no clean emotional stability facets within the 

scales of the CPI, instead the majority of scales represented compound traits that did not 

cleanly fit into a big five domain. Thus, the rational strategy was unable to recover 

markers of the big five to utilize in the present criterion-related profile methodology.    

The second approach employed was an empirical approach. I subjected the 20 

scales of the CPI to a factor analysis to examine if the FFM factor structure emerges. If 

the FFM structure emerges, the idea was to combine scales, based on empirical factor 

loadings, to approximate scale scores along the FFM personality traits. Both a varimax 

and oblimin rotated exploratory factor analysis revealed a six factor solution. The first 

factor appeared to be related to extraversion with the CPI scales of Sociability (CPI-SY), 

Leadership Potential (CPI-LP), Self-acceptance (CPI-SA), and DO (CPI-Dominance) 

loading highly on this factor. The second factor appeared to be related to emotional or 

interpersonal regulation, with the scales of Good Impression (CPI-Gi), Self-Control (CPI-

SC), and Well-being (CPI-WB) loading highly on this factor. However, this factor did not 

appear to map cleanly onto the big five as it contained elements of socialization more 

generally, tapping aspects of emotional stability, agreeableness, and conscientiousness. 

The third factor appeared to be related to openness, with the scales of Tolerance (CPI-
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TO), AI (Achievement via independence), and Psychological Mindedness loading 

strongly onto this factor (CPI-Py). The fourth factor appeared to tap some aspects of 

conscientiousness (i.e., Responsibility, CPI-RE and Socialization, SO). The fifth factor 

tapped some aspects of agreeableness with Communality (CPI-CM) being the strongest 

loading scale. The highest loading scale on the sixth factor was femininity/masculinity 

(CPI-F/M). Overall, while some aspects of the big five were recovered, the recovered 

factors appear to not map clearly onto the big five. In particular, factor 3, 4, and 5 

appeared to overlap, demonstrating aspects of conscientiousness, agreeableness, and 

emotional stability (which is not surprising given that the majority of CPI scales were 

classified as measuring compound traits). Overall, neither the empirical nor the rational 

approach appeared to adequately recover the FFM personality traits from the CPI and 

thus this subset of individuals was unfortunately not included in the present analyses.    
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Table B1. Classification of Kenexa® Work Styles Scales into the Five Factor Model  

Emotional Stability Agreeableness  

Adjustment Interpersonal orientation  

     Self-control      Cooperation  

     Stress tolerance      Concern for others/caring 

     Adaptability/flexibility      Social orientation  

     Risk orientation  

 Conscientiousness 

Extraversion  Achievement orientation  

Social influence      Achievement/Effort 

     Energy      Persistence 

     Leadership orientation       Initiative 

     Persuasion Conscientiousness 

     Positive orientation       Dependability 

      Attention to detail 

Openness      Integrity 

Practical intelligence      Rule orientation  

     Innovative  

     Analytical   

Independence   

     Independence   

Note. Bold italics = Administered across all subsamples of Sample 2 of Study 1.  
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Table B2. Classification of the Global Personality Inventory (GPI) Scales into the Five 

Factor Model  

Emotional Stability Agreeableness  

Emotional control Consideration 

Negative affectivity Empathy 

Optimism Interdependence  

Self-confidence Openness 

Stress tolerance Thought agility 

 Trust 

Extraversion   

Adaptability  Conscientiousness 

Competitiveness Attention to detail 

Desire for advancement Dutifulness 

Desire for achievement Responsibility 

Energy level  Work focus 

Influence  

Risk tasking  

Sociability   

Taking charge  

  

Openness  

Independence  

Innovativeness  

Vision  

Thought focus  

Note. Scale classification based on Schmit, Kihm, & Robie (2000).  

 

 

 

 

 

 

 

 


